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Preface

Since April 2008 KSRI fosters interdisciplinary research to support and advance progress
in the service domain. As an industry-on-campus partnership between KIT, IBM and
Bosch, KSRI brings together academia and industry thus serving as a European research
hub on service science. In the past years, we have established a vivid speaker series and
an enriching exchange with guest professors from leading global universities and
practitioners with responsibilities for the services business of their respective companies.
Our regular Service Summits and Summer Schools are a well-known place for
collaboration and source of inspiration for our partners from the service science and
service business communities.
With the Second Karlsruhe Service Summit Research Workshop KSRI provides a service
innovation hub for researchers and practitioners in the fields of business engineering,
economics, computer science, information systems, operations research, logistics and
social sciences. With the help of reviewers, we selected valuable submissions and
grouped them in the following four tracks.
1) Energy and Mobility Services: The energy sector continues to undergo substantial
structural changes. Currently, the expanding usage of renewable energy sources (RES),
the decentralization of energy supply and the market penetration of electric vehicles
have a significant impact on the future development of services in energy and mobility.
In the energy sector, for instance, the share of self-generated electricity in the overall
electricity demand steadily increases. Consequently, utilities are transforming their
business models from pure delivery of energy to tangible (energy) service providers.
While services for the energy sector were traditionally considered technical affordances
(e.g., ancillary services), the recent
set of tangible, non-technical services in the energy retail market, taking consumer
engagement into consideration, is no longer an issue of future services, but current
reality. Moreover, the increasing volatility and uncertainty of power supply lead to a
rising demand for flexibility, which cannot be provided by the conventional supply side
alone.
2) Healthcare Services: Demographic changes cause higher patient demands alongside
severe cost pressure and increasing quality requirements. Therefore, more efficient
healthcare services and logistics are desirable. Even though underlying planning
problems in the area of Operations Research resemble the ones from other service or
manufacturing industries (e.g., scheduling of different tasks, processes or appointments)
healthcare services are especially challenging, because patients need different care than,
for example, parts of cars. In addition, particularly interdisciplinary approaches are
necessary for research on and improvement of healthcare services. Since Information
Systems have high potentials for improving efficiency, they also play an important role.
3) Participation & Crowd Services: Today, crowd-based and participatory approaches are
playing an increasingly important role in tackling innovative endeavors. Thus, platforms
in the areas of open innovation, crowdfunding, participatory budgeting, crowdsourcing

and idea markets are used by a broad set of organizations to facilitate innovation
processes and enhance engagement. Governmental organizations involve citizens,
companies their wider staff, others engage parties from outside of their organization in
strategic, direction setting activities. The employed approaches contribute to the
generation, conceptualization, evaluation, funding, implementation, and increased
acceptance of related projects. However, there is a lack of interdisciplinary research for
understanding cognitive and collaborative processes that underpin these platforms,
design options for approaches and their appropriateness for different settings and goals.
4) Smart Services and Internet of Things: Market competitiveness as well as new
technology developments raise the need for constantly reshaping and improving the
organizational, controlling and manufacturing aspects of the lifecycle of products and
services. Production industries are increasingly characterized by individualized customer
needs shaping not only the final result but also the actual design, development,
manufacturing and delivery process steps, as well as the associated business models.
Furthermore, flexibility, customization and the need to be able to support real-time
scenarios are crucial in order to be able to keep up to date with current developments.
These requirements aim to be addressed by Industry 4.0
a vision of tomorrow's
manufacturing, where in intelligent factories, machines and products communicate with
each other, cooperatively driving production. Key technological pillars for realizing
Industry 4.0 are cyber-physical systems, the Internet of Things (IoT) and the Internet of
Services, which together facilitate the vision of the Smart Factories.
In cooperation with the International Society of Service Innovation Professionals (ISSIP),
we honoured outstanding research papers with the ISSIP Most Innovative Paper Award.
Winner of the ISSIP Most Innovative Paper Award 2016 are Daniel Gartner and Rema
Padman
Length of Stay Outlier Detection through Cluster Analysis:
A Case Study in Pediatrics
74).
Congratulations to the award winners as well as to the runner-ups Lars-Peter Lauven
and Johannes Schmidt (Comparing flexibility options on the supply and demand side of
the German electricity market page 2), Stefan Zandera and Yingbing Huab (Utilizing
Ontological Classification Systems and Reasoning for Cyber-Physical Systems
page
176) and Simon Kloker, Tobias Kranz, Tim Straub, and Christof Weinhardt (Shouldn't
Collaboration be social? - Proposal of a social Real Time Delphi page 140).

The organizational committee of the KSS Research Workshop 2016
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&RPSDULQJIOH[LELOLW\RSWLRQVRQWKHVXSSO\DQG
GHPDQGVLGHRIWKH*HUPDQHOHFWULFLW\PDUNHW
/DUV3HWHU/DXYHQOODXYHQ#JZGJGH&KDLURI3URGXFWLRQDQG/RJLVWLFV*HRUJ
$XJXVW8QLYHUVLWlW*|WWLQJHQ
 ǡ ̻ǦǤǡRI,QIRUPDWLRQ
0DQDJHPHQW ǦǦ¡ Ú
$EVWUDFW
,Q RUGHU WR H[SORLW IOH[LELOLWLHV RQ HQHUJ\ PDUNHWV LQ WKH PRVW SURILWDEOH ZD\
SURYLGHUVRUDJJUHJDWRUVQHHGVXLWDEOHWHFKQRHFRQRPLFPRGHOV,QWKLVSDSHUZH
LOOXVWUDWH WKH SRWHQWLDO UROH RI RSHUDWLRQ UHVHDUFK RQ WKLV ILHOG E\ LQYHVWLJDWLQJ
ZKHWKHU RSWLPL]DWLRQ PRGHOV FDQ KHOS WR XQGHUVWDQG SUHGLFW DQG LPSURYH WKH
SDUWLFLSDWLRQRIDFWRUVRIIHULQJIOH[LELOLW\ RSWLRQVLQWKHHOHFWULFLW\PDUNHWV)LUVW
LQYHVWLJDWLRQV VKRZ WKDW PXOWLSOH ZD\V WR PDNH XVH RI IOH[LELOLW\ SRWHQWLDOV
H[LVWLVW ZKLFK GLIIHU VLJQILFLFDQWO\ LQ WHUPV RI UHYHQXH RU VDYLQJ SRWHQWLDO DQG
UHTXLUHGHIIRUW7KHLPSOHPHQWDWLRQDQGRSHUDWLRQRIYLUWXDOSRZHUSODQWV 933V 
FRXOGWKHUHIRUHEHQHILWIURPSODQQLQJWRROVWKDWKHOSWRVSHHGLO\DVVHVVWKHPRVW
HIILFLHQWFKRLFHVIURPDSRUWRIROLRRIIOH[LELOLW\RSWLRQV



&RPSDULQJIOH[LELOLW\RSWLRQVRQWKHVXSSO\DQG
GHPDQGVLGHRIWKH*HUPDQHOHFWULFLW\PDUNHW



,QWURGXFWLRQ

7KH LQFUHDVLQJ VKDUH RI YRODWLOH HOHFWULFLW\ SURGXFWLRQ LQ ZLQG WXUELQHV DQG
SKRWRYROWDLF PRGXOHV UHTXLUHV LQFUHDVLQJ IOH[LELOLW\ ERWK RQ WKH VXSSO\ DQG
GHPDQG VLGH RI WKH *HUPDQ HOHFWULFLW\ VHFWRU 3HFDV /RSH] HW DO   ,Q
SULQFLSOHWKHUHDUHIRXUGLIIHUHQWIOH[LELOLW\RSWLRQVRQERWKWKHVXSSO\VLGH  
DQGWKHGHPDQGVLGH   %0:L&RQQHFW6LDQR 
 )OH[LEOHFRQYHQWLRQDODQGUHQHZDEOHSURGXFWLRQ
 (IILFLHQWDQGHIIHFWLYHHQHUJ\JULGV
 VWRUDJHV\VWHPV HJSXPSHGVWRUDJH 
 )OH[LEOH GHPDQG IURP LQGXVWU\ HJ VKLIWDEOH LQGXVWULDO SURFHVVHV 
FRPPHUFHKRXVHKROGVDQGHOHFWULFYHKLFOHV (9V 
2QERWKVLGHVKRZHYHUWKHXQHDUWKLQJRIGHFHQWUDOL]HGSRWHQWLDOVLVVWDOOLQJPRVW
QRWDEO\ EHFDXVH RI WKH VXEVWDQWLDO LQYHVWPHQW UHTXLUHG IRU FRQVWUXFWLQJ
LQIUDVWUXFWXUH HJVPDUWPHWHUVRQWKHGHPDQGVLGHRUDGGLWLRQDOHQHUJ\VWRUDJHV
RQ WKH VXSSO\ VLGH  XVHU DFFHSWDQFH SUREOHPV ODFN RI LQFHQWLYHV DQG H[WHQVLYH
UHJXODWRU\UHTXLUHPHQWVRQHQHUJ\PDUNHWV *HHOHQHWDO.LP 
,QSDUWLFXODUPDQ\EXVLQHVVFDVHVIRUGHPDQGVLGHLQWHJUDWLRQ '6, ±GHILQHGDV
WKHFRQVXPHU¶VDELOLW\WRDOWHUKLVRUKHUHQHUJ\FRQVXPSWLRQSDWWHUQLQUHVSRQVH
WR WLPHGHSHQGHQW HOHFWULFLW\ SULFHV RU LQFHQWLYH SD\PHQWV 6WUEDF   ± DUH
KLQGHUHG E\ H[WHQVLYH UHTXLUHPHQWV FRQFHUQLQJ PLQLPXP RUGHU VL]HV RQ HQHUJ\
PDUNHWVVHFXULW\OHYHOVFRQWUDFWRUUHDFWLRQWLPHRUPDUNHWWLPHIUDPH %0:L
 'XHWRWKLVUHDVRQPRVWHQHUJ\HQGXVHUVDUHDJJUHJDWHGE\LQWHUPHGLDULHV
RUXWLOLWLHVWRSDUWLFLSDWHLQ'6, &KLXHWDO 2QWKHVXSSO\VLGHWKHODWHVW
UHQHZDORIWKH5HQHZDEOH(QHUJ\/DZ ((* VHHNVWRLQFUHDVHWKHQXPEHU
RIELRJDVSODQWVWKDWUHDFWIOH[LEO\RQFKDQJHVLQPDUNHWSULFHV6RIDUKRZHYHU
WKH QXPEHU RI ELRJDV SODQW RSHUDWRUV WKDW KDYH WDNHQ DGYDQWDJH RI WKH VXEVLGLHV
IRU VXFK DGDSWDWLRQV WR WKHLU SODQWV LV UHODWLYHO\ ORZ  RI WKH PD[LPXP
HOLJLEOHSODQWFDSDFLW\RI*:KDYHEHHQUHDOL]HGXQWLO1RYHPEHU 
7R RYHUFRPH WKH UHJXODWRU\ KLQGUDQFHV EXQGOLQJ DQG FRPELQHG FRQWURO RI
GHFHQWUDOL]HG XQLWV LQ SRUWIROLRV PD\ KHOS WR RYHUFRPH WKH DERYHPHQWLRQHG
GLIILFXOWLHVDQGWKXVXQHDUWKWKHSRWHQWLDORIIOH[LELOLW\RSWLRQV6XFKSRUWIROLRVDUH



/DUV3HWHU/DXYHQDQG-RKDQQHV6FKPLGW

RIIHUHG E\ VHUYLFH SURYLGHUV ± NQRZQ DV FXUWDLOPHQW VHUYLFH SURYLGHUV &63V 
GHPDQGUHVSRQVHSURYLGHUV '53V RUDJJUHJDWRUV ±ZKRVHEXVLQHVVPRGHOLVWR
PDQDJHDQGFRPELQHYDULRXVGHPDQGVLGHDQGVXSSO\VLGHUHVRXUFHVLQWKHPRVW
SURILWDEOHZD\7RLOOXVWUDWHWKHSRWHQWLDOUROHRIRSHUDWLRQVUHVHDUFKLQWKLVILHOG
ZHWKXVLQYHVWLJDWHZKHWKHURSWLPL]DWLRQPRGHOVFDQKHOSWRXQGHUVWDQGSUHGLFW
DQG LPSURYH WKH SDUWLFLSDWLRQ RI DFWRUV RIIHULQJ IOH[LELOLW\ RSWLRQV LQ WKH
HOHFWULFLW\PDUNHWVLQWKLVSDSHU



)OH[LELOLW\RSWLRQV

1XPHURXVIOH[LELOLW\RSWLRQVDUHDYDLODEOHWR JXDUDQWHHWKHVHFXUHFRVWHIIHFWLYH
DQG HQYLURQPHQWDOO\ IULHQGO\ V\QFKURQL]DWLRQ RI HOHFWULFLW\ SURGXFWLRQ DQG
HOHFWULFLW\FRQVXPSWLRQ7KHUHIRUHSUHFHGHQFHFDQEHJLYHQWRVHOHFWLQJWKHPRVW
LQH[SHQVLYHRSWLRQ,QWKHIROORZLQJWZRSURPLVLQJILHOGVRIDSSOLFDWLRQVRQWKH
HQHUJ\ VXSSO\ DQG HQHUJ\ GHPDQG VLGH DUH SUHVHQWHG FRPPHUFLDO KHDY\ GXW\
HOHFWULF WUDQVSRUW YHKLFOHV RSHUDWLQJ LQ FORVHG WUDQVSRUW V\VWHPV (79V  DQG
ELRJDV SODQWV 5HJDUGLQJ WKH HQHUJ\ GHPDQG VLGH (9V VHHP WR EH JRRG
FDQGLGDWHV IRU LQLWLDO '6, DSSOLFDWLRQV VXFK DV WKH YHKLFOHWRJULG FRQFHSW
.HPSWRQ DQG 7RPLü   RU VPDUW FKDUJLQJ *RHEHO   PDLQO\ EHFDXVH
WKH\UHPDLQLGOHIRUWKHJUHDWHUSDUWRIWKHGD\DQGLWLVWKXVSRVVLEOHWRXWLOL]HWKH
FRUUHVSRQGLQJ ORDGVKLIWLQJ SRWHQWLDO IRU '6, VHH DOVR *X HW DO  'XH WR
WKHKLJKUHTXLUHPHQWVRQPRVW'6,HQHUJ\PDUNHWV VHH6HFWLRQ FRPPHUFLDO
(79V VHHP WR EH SDUWLFXODUO\ VXLWDEOH IRU D EURDG LPSOHPHQWDWLRQ RI '6, LW LV
SRVVLEOHWRSRROWKH(79V±HDFKZLWKDFRQVLGHUDEOHEDWWHU\VWRUDJHFDSDFLW\±RQ
FRPSDQ\ JURXQGV DQG DFW DV D VLQJOH HQWLW\ RQ HQHUJ\ PDUNHWV 6FKPLGW HW DO
  7KH HQHUJHWLF SRWHQWLDO RI XVLQJ (79V DV IOH[LELOLW\ RSWLRQ LV GLIILFXOW WR
DVVHVV DV VR IDU RQO\ IHZ (79 IOHHWV DUH LQ XVH HJ LQ WKH SRUW RI
+DPEXUJ 5HJDUGLQJWKHHQHUJ\ VXSSO\ VLGHELRJDVSODQWV DUHERWK DUHQHZDEOH
HQHUJ\ VRXUFH DEXQGDQWO\ DYDLODEOH LQ *HUPDQ\ DQG FDSDEOH RI DGDSWLQJ
HOHFWULFLW\ SURGXFWLRQ IOH[LEO\ 7KH IOH[LELOLW\ SRWHQWLDO RI ELRJDV SODQWV LQ
*HUPDQ\LVHVWLPDWHGWREHYHU\KLJKXSWR*:SRVLWLYHDQGQHJDWLYHSRZHU
.U]LNDOODHWDO 



&RPSDULQJIOH[LELOLW\RSWLRQVRQWKHVXSSO\DQG
GHPDQGVLGHRIWKH*HUPDQHOHFWULFLW\PDUNHW



)OH[LEOHGHPDQG

,Q RUGHU WR DVVHVV WKH SRWHQWLDO RI '6, IRU WKLV DSSOLFDWLRQ FRQWH[W D UHVHDUFK
SURMHFW FDOOHG %(6,&  ZLWK D FRQWDLQHU WHUPLQDO RSHUDWRU ZDV LQLWLDWHG LQ 
:LWKLQ WKH IUDPH RI WKH SURMHFW  RI WKH WHUPLQDO¶V  FRQYHQWLRQDO GLHVHO
SRZHUHG DXWRPDWHG JXLGHG YHKLFOHV $*9V  KDYH EHHQ VXEVWLWXWHG E\ EDWWHU\
SRZHUHG $*9V %$*9V  7KH PDLQ JRDO RI WKH SURMHFW LV WR DVVHVV KRZ WKH
FKDUJLQJ IOH[LELOLW\ RI WKH %$*9 IOHHW FDQ EH RSWLPDOO\ XWLOL]HG IRU '6, VHH
DOVR 6FKPLGW HW DO D  7R DSSO\ '6, SURJUDPV LQ SUDFWLFH D VLPXODWLRQ
PRGHO ZDV HVWDEOLVKHG ZKLFK HQDEOHV WKH IOHHW RSHUDWRU WR IRUHFDVW WKH VWDWH RI
FKDUJHRIWKHEDWWHULHVIRUDSSUR[KRXUV7KLVLVQHFHVVDU\EHFDXVHLWPXVWEH
HQVXUHG WKDW WKH ORJLVWLF SURFHVVHV RI WKH WHUPLQDO RSHUDWRU DUH QRW QHJDWLYHO\
DIIHFWHGE\LQIOXHQFLQJWKHFKDUJLQJSURFHVVHV6RIDULWZDVIRXQGWKDWFRQWUROOHG
FKDUJLQJEDVHGRQ YDULDEOHSULFHV IRUHOHFWULFLW\ VHHPV WREHWKHPRVW SURPLVLQJ
RSWLRQIRUWKHIOHHWRSHUDWRUPRVWO\EHFDXVHRIVLJQLILFDQWFRVWVDYLQJSRWHQWLDOV
LGHQWLILHGDQGUHODWLYHO\VLPSOHIHDVLELOLW\ 6FKPLGWHWDOE 



)OH[LEOHUHQHZDEOHSURGXFWLRQ

,Q RUGHU WR ILQG D PRUH PDUNHWEDVHG ZD\ WKDW XWLOL]HV ELRJDV SODQWV  DELOLW\ WR
UHDFW WR IOXFWXDWLQJ HOHFWULFLW\ SURGXFWLRQ IURP RWKHU UHQHZDEOH HQHUJ\ VRXUFHV
WKH PRVW UHFHQW YHUVLRQV RI WKH ((* LQ  DQG  HQFRXUDJH ELRJDV SODQW
RSHUDWRUV WR SURGXFH HOHFWULFLW\ ZKHQ WKH VSRW PDUNHW SULFHV LV KLJKHVW ,Q
*HUPDQ\WKHODUJHVWVSRWPDUNHWYROXPHLVWUDGHGRQWKH(3(;
7KHWZRPRVWYLVLEOHLQVWUXPHQWVWRDFKLHYHWKHVHDLPVDUHFRPPRQO\UHIHUUHGWR
DVPDUNHWSUHPLXPDQGIOH[LELOLW\SUHPLXP:KLOHWKHPDUNHWSUHPLXPLVSDLGRQ
WRS RI (3(; UHYHQXHV WR HQFRXUDJH GLUHFW PDUNHWLQJ RI SURGXFHG UHQHZDEOH
HOHFWULFLW\ DW WKH HQHUJ\ VWRFN H[FKDQJH WKH IOH[LELOLW\ SUHPLXP LV GHVLJQHG WR
JLYH DQ LQFHQWLYH WR ELRJDV SODQW RSHUDWRUV WR FRPSHQVDWH WKH IOXFWXDWLQJ
SURGXFWLRQ IURP ZLQG WXUELQHV DQG SKRWRYROWDLF FHOOV LQVWHDG RI FRQWULEXWLQJ WR
EDVLFORDG



/DUV3HWHU/DXYHQDQG-RKDQQHV6FKPLGW



0DWHULDOVDQG0HWKRGV

,QWKHFRQWH[WRI933VDQG'6,WZRGLIIHUHQWNLQGVRIRSWLPL]DWLRQPRGHOVFDQ
EHDSSOLHG2QWKHGHPDQGVLGHWKHFRVWRIHOHFWULFLW\SXUFKDVHVDWWKH((;FDQ
EH PLQLPL]HG 2Q WKH VXSSO\ VLGH QRWDEO\ IRU ELRJDV SODQWV D PD[LPL]DWLRQ
DSSURDFK FDQ EH XVHG WR GHFLGH ZKHQ WR SURGXFH DQG VHOO HOHFWULFLW\ IRU WKH
PDUNHW,QWKLVVHFWLRQZHLOOXVWUDWHERWKRSWLPL]DWLRQDSSURDFKHV:KLOHVHYHUDO
PRGHOV IRU HLWKHU HOHFWULFLW\ GHPDQG RU VXSSO\ KDYH EHHQ SUHVHQWHG HJ 3DQåLü
 2VNRXHL   RQO\ IHZ SDSHUV SUHVHQW FRPELQHG DSSURDFKHV HJ
1RVUDWDEDGL ,WPXVWEHQRWHGWKDWWKHDSSOLHGRSWLPL]DWLRQDSSURDFKHVDUH
VLPSOLILHGDVIRUH[DPSOHZHGRQRWFRQVLGHUJULGFRVWVSDUWLDOORDGRUWKHWKH
SRWHQWLDOSUREOHPVRIVLPXOWDQHRXV(79FKDUJLQJ



&RVWPLQLPL]DWLRQRQWKHHOHFWULFLW\GHPDQGVLGH

8QGHU FXUUHQW HQHUJ\ PDUNHW FRQGLWLRQV WKH '6, SURJUDPV FRQWUROOHG FKDUJLQJ
EDVHG RQ YDULDEOH HOHFWULFLW\ SULFHV FDQ EH UHDOL]HG E\ SURFXULQJ WKH UHTXLUHG
SRZHURQWKHHOHFWULFLW\VSRWPDUNHWDQGVKLIWWKHHQHUJ\GHPDQGWRWKHKRXUVZLWK
WKHORZHVW SULFHV $SUHFRQGLWLRQ IRUWKHLPSOHPHQWDWLRQRIWKLV'6,SURJUDP LV
WKH DYDLODELOLW\ RI LQIRUPDWLRQ UHJDUGLQJ WKH HQHUJ\ GHPDQG DQG FKDUJLQJ
IOH[LELOLW\RIWKH%$*9IRUDFHUWDLQSHULRG7KHPDLQJRDORIWKLV'6,SURJUDP
LVWRRSWLPL]HFKDUJLQJFRVWV&7)E\VKLIWLQJWKHFKDUJLQJWLPHVWRIXOO\FKDUJHD
EDWWHU\V\VWHPWRWKHܯWLPHVORWVLQZKLFKWKHHOHFWULFLW\VSRWPDUNHWSULFHVSHU
WLPHVORW ݅ DUHWKHORZHVW)RUWKDWOHW,EHWKHQXPEHURIPLQXWHWLPHVORWVL
LQZKLFKDYHKLFOHLVFRQQHFWHGWRWKHJULGDQGWKXVDVXEVHWRIWKHVHW7RI
PLQXWH LQWHUYDOV W LQ WKH \HDU DV D ZKROH ,Q WKH LQWHUHVW RI FRQVWUDLQLQJ WKH
FKDUJLQJSURFHVVHVWRWKHKRXUVZLWKORZHVWSULFHVIRUHOHFWULFLW\SURFXUHPHQWZH
XVHWKHIROORZLQJIXQFWLRQDVDGHFLVLRQYDULDEOH
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([LVWLQJ HQWHUSULVHV OLNH 1H[W .UDIWZHUNH RIIHU VHUYLFHV VLPLODU WR WKRVH
GHVFULEHGLQ6HFWLRQ&RPELQHGIOH[LEOHVXSSO\DQG'6,KDVWKHUHIRUHSURYHQWR
EH SRVVLEOH DOUHDG\ 7KH DFWXDO UHDOL]DWLRQ RI VXFK PHDVXUHV RQ D JUHDWHU VFDOH
VHHPV WR EHKLQGHUHGE\GLIIHUHQW IDFWRUVRQWKH VXSSO\YHUVXVWKHGHPDQGVLGH
2QWKHVXSSO\VLGHODFNRIPRQHWDU\LQFHQWLYHVLVIUHTXHQWO\FLWHGDVDUHDVRQIRU
VWDJQDWLRQ LQ WKH IOH[LEOH SRZHU VXSSO\ E\ ELRJDV SODQWV 2Q WKH GHPDQG VLGH
UHJXODWRU\KXUGOHVPDNHLWGLIILFXOWWRPRWLYDWHLQGXVWULDOHOHFWULFLW\FRQVXPHUVWR
SDUWLFLSDWHLQGHPDQGVLGHLQWHJUDWLRQVFKHPHV7KLVLVSDUWO\GXHWRWKHIDFWWKDW
HOHFWULFLW\ FRQVXPHUV DUH XVXDOO\ SULPDULO\ HQJDJHG LQ LQGXVWULHV RWKHU WKDQ
HQHUJ\ DQG WKHUHIRUH IDFH QXPHURXV FRQVWUDLQWV LQ WKHLU DELOLW\ WR UHGXFH RU
H[SDQG WKHLUGHPDQG
$V VKRZQ LQ 6HFWLRQ  WKH NQRZOHGJH RI GD\DKHDG SULFHV PDNHV LW SRVVLEOH WR
DGDSWIOH[LEOHHOHFWULFLW\FRQVXPSWLRQDQGHOHFWULFLW\VXSSO\WRPDUNHWVLJQDOV$V
DJJUHJDWRUV FRQWLQXRXVO\ FRQWURO LQFUHDVLQJO\ ODUJH QXPEHUV RI VXSSO\ DQG
GHPDQG DFWRUV FRQVWUDLQHG RSWLPL]DWLRQ PD\ EHFRPH D KHOSIXO PHDQV LQ WKH
DXWRPDWL]DWLRQRIWKHRSHUDWLRQRIIOH[LELOLW\RSWLRQV)XUWKHUPRUHDVDFWRUVLQWKH
HOHFWULFLW\ PDUNHW DOUHDG\ DWWHPSW WR RSWLPL]H WKHLU UHDFWLRQ WR SULFH VLJQDOV
SURSHUO\ GHVLJQHG PRGHOV FDQ KHOS WR XQGHUVWDQG PDUNHW SDUWLFLSDQWV¶ EHKDYLRU
,GHQWLI\LQJUHDVRQVIRUPRUHRUOHVVHQWKXVLDVWLFEHKDYLRUPD\KHOSSROLF\PDNHUV
WRLPSURYHUHJXODWLRQVDQGVXEVHTXHQWO\PDUNHWGHVLJQV
7KH RYHUDUFKLQJ JRDO RI GHYHORSLQJ D V\VWHP RI VSHFLILF RSWLPL]DWLRQ PRGHOV
ZRXOG WKHUHIRUH EH WR UDQN IOH[LELOLW\ RSWLRQV DQG FKRRVH WKH EHVW RQHV ILUVW LQ
RUGHU WR PD[LPL]H WKH HIILFLHQF\ RI UHVSRQGLQJ WR SULFH VLJQDOV $JJUHJDWRUV RU
DQ\ ³YLUWXDO SRZHU SODQW´ FRQVLVWLQJ RI YDULRXV VXSSO\VLGH DQG GHPDQGVLGH
IOH[LELOLW\ RSWLRQV DUH WKXV HQDEOHG WR GHWHUPLQH DQ RSWLPDO UHDFWLRQ WR SULFH
VLJQDOV,WFRXOGWKHUHIRUHEHDWWHPSWHGLQWKHIXWXUHWRGHYHORSDFRPSUHKHQVLYH
GHFLVLRQ VXSSRUW V\VWHP EDVHG RQ FRQVWUDLQHG RSWLPL]DWLRQ PRGHOV WKDW KHOSV WR
FKRRVHWKHEHVWIOH[LELOLW\RSWLRQWRUHDFWWRPDUNHWVLJQDOV
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Abstract

Empirical insights about business models in the ﬁeld of e-mobility services are
of high importance to academia, industry and politics. As basic clustering
algorithms do not deliver semantically valuable ﬁndings on business model
structures based on obtained empiric data, this paper proposes a similarity
measure-based network approach of clustering the latter. On the basis of
graph, social network and similarity measure theory, an approach is designed
which compares every business model instances of a data set with each other.
The paper comes up with a matching score in order to determine whether two
business models are connected contentwise within a cluster or not. The plotting of the resulting matching scores leads to a visually based determination
of a meaningful matching score which bonds two business models together
or not. The elaborations result in four e-mobility service clusters: Dataand-software-driven-, brokering-, transportation- and energy supply-based
business models. Additionally, further ﬁndings on current opportunities in
clustering business models and future solution proposals are described.
Keywords: Energy and Mobility Services, E-mobility, Business Models,
Clustering
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1. Introduction
In the last decade, the importance of an exit from nuclear and fossil-fuel
energy concepts as well as sustainable mobility has become obvious among
science, industry and politics. One important aspect of this shift is e-mobility,
holistically deﬁned as ”a highly connective industry which focuses on serving
mobility needs under the aspect of sustainability with a vehicle using a portable
energy source and an electric drive that can vary in the degree of electriﬁcation.”(Scheurenbrand et al., 2015, p. 25) Besides traditional research areas
of e-mobility–like battery technology, ICT, manufacturing, etc.–innovative
business models and complementary mobility services are important for the
success and acceptance of electric vehicles (Stryja et al., 2015a; Hinz et al.,
2015). A framework for capturing and describing business models for emobility services was presented in Stryja et al. (2015b) and continued in
Kuehl et al. (2015). This framework (cf. ﬁgure 1) delivers a scientiﬁcally
created and practically validated tool for registering the essences of business models. As a next step, we would like to identify clusters of empiric
data from existing projects, who could submit their business model via the
web platform e-mobility-atlas.de. These clusters may support interested
parties to ﬁnd ”types” of typical e-mobility service business models and identify gaps as well. This may be of help to researchers, who struggle with emobility services because of their high heterogeneity. It also delivers results
for practitioners to see in which combination existing concepts occur–and
what might be missing. A ﬁrst attempt to cluster business models on the
basis of a k-Means clustering algorithm was presented in Kuehl et al. (2015).
One outcome was that when applying commonly used clustering algorithms
the outcomes are not semantically meaningful. This may have the following
reasons: As (Beyer et al., 1999, p.217) concludes: ”[A]s dimensionality increases, the distance to the nearest data point approaches the distance to the
farthest data point”–so typically-used distance measures are not meaningful
anymore. Additionally, most clustering algorithms will assign all observations to a cluster–even outliers. One way to eliminate these outliers is outlier
detection (cf. Aggarwal and Yu (2001)), but it would remove actual observations from the (already small) data set which are no errors. Also, the high
number of features (characteristics of business models) makes the clustering
more complex. In order to face this challenge a feature reduction is possible, but it only improved the meaningfulness of the clusters fractionally (as
shown in Kuehl et al. (2015)). To continue with our research, the paper at
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Figure 1: E-mobility speciﬁc service business model framework

hand aims at answering the following three research questions:
1. Which clusters are identiﬁed by applying a similarity network approach?
2. How do these results compare to a baseline of clusters from previous
research?
3. What are relevant insights of e-mobility service business models for
politics, academia and industry?
Its contribution is threefold: At ﬁrst, we acquired a larger data set (n=40) of
business model instances than in Kuehl et al. (2015). Secondly, we explain,
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apply and interpret a diﬀerent approach of clustering and thirdly we are able
to deliver new empiric insights of e-mobility service business models.
2. Methodology
As mentioned before, most commonly used algorithms for clustering have
several restrictions in providing meaningful clusters for our problem. As
meaningful and interpretable results are the key factor for our research, we
need approaches which are customized to our speciﬁc needs. As a prerequisite
we set the following deﬁnitions: The observations are called Business Model
Instances (BMIs), the attributes are called characteristics. Both dimensions
are indexed as shown in ﬁgure 2. The indexing is based on the concept of
C = {c1 ; c2 ; . . . cj . . . ; cp },
j ∈ J = {1, . . . , p}
B = {b1 ; b2 ; . . . bi . . . ; bn }
i ∈ I = {1, . . . , n}
xij ∈ X : I × J → {0; 1}

 Business Model characteristics
 Business Model Instances
 Occurrence (0 or 1)

Figure 2: Prerequisites

Boolean matrix entries which are used in this work to present a bipartite
network, also called ”two-mode network” (Salton et al., 1983, 1975; Opsahl,
2013). For instance, the survey participants of the ﬁrst BMI can characterize
it along the dimensions (x11 . . . x1p ). This means that x11 . . . x1p can either
take values of 1 or 0. Thus, all of the n business models can be represented
through a Boolean vector. This transformation helps to make the business
models comparable.
This paper proposes an approach of clustering business models within a similarity measure-based node network. It combines two classic approaches which
are often applied in literature: The concepts of similarity measures and the
concept of structuring relations within node networks.
2.1. The concept of similarity measures
In order to compare the BMIs, this paper uses similarity measures (Choi
et al., 2010). A binary similarity measure based on the Jaccard coeﬃcient
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is used to say “how similar” the compared business models are (Choi et al.,
2010; Cheetham and Hazel, 1969). If the business model instances Y and Z
are compared, the similarity score between them is calculated as follows:

|Yd ∩Zd |
Matching Score(Y, Z) =

d∈D |Yd ∪Zd |

|D|

The Jaccard value as a binary measure for similarity (Choi et al., 2010;
Cheetham and Hazel, 1969) is calculated within each characterizing category
of the vectors Y and Z of the business models and then normalized along the
number of categories. This measure is called ”Matching Score” in this paper.
D is the set of all high level categories of characteristics while d is one category
within D. As shown in ﬁgure 1, d could examplarily be ”Key Activities”,
and thus, the characteristics would be ”Aggregating”, ”Providing” etc.
In order to get an understanding of how each of the business models can be
compared to the others and to ﬁnd out the best-matches (the most similar
business models) and the worst-matches (the most distinct business models),
every business model vector has to be compared to all other business model
vectors and the particular matching scores have to be calculated. If n is equal
matching scores are
to the number of observed BMIs, this means that n∗(n−1)
2
calculated. We conduct this approach in order to ﬁnd out how the similarity
measures within the business model context behave and what a meaningful
matching score which acts as a threshold should look like to speak of two
business models being similar (Cha et al., 2005). In the following we speak
of two BMIs being similar or related if their matching score is higher than or
equal to the “meaningful matching score”. The meaningful matching score
can be inferred by plotting the down-ranked matching scores within a ﬁgure
and visually analyzing the curve. In this paper the meaningful matching
score (=threshold) is set at the point bewteen disjunctive and non-disjunctive
clusters. This matter-of-fact is explained in detail within the results section.
2.2. The concept of structuring relations within node networks
In order to apply distinct metrics to calculate valid business model clusters,
this approach focuses on representing BMIs as nodes within a network. This
approach originates from the research ﬁeld of computer sciences to structure
and view complex data sets and to retrieve new information out of it (Bondy
and Murty, 1976; West et al., 2001). Nowadays, a vast modern research
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stream, called social network analysis, uses the network modeling approach
to infer information about network structures like clusters and its participants (Scott, 2012; Hanneman et al., 2001). We try to apply the methods
and tools of network analysis on our business model case: On the basis of
the “meaningful matching score” which is illustrated within the results section, it can be inferred whether two nodes are connected or not: Only if two
business models reach above the meaningful matching score, a non-directed
relation is established between the particular nodes. One of the most-used
metrics which can be derived from a network like this is the “degree” of a
node which tells with how many other nodes the particular node is connected
to (Bollobás, 1998). In the following we use the node degree to identify the
most prominent nodes of the network and use them as the representatives of
distinct clusters of the network (Scott, 2012; Kempe et al., 2003). This approach is based upon the so-called principle of ”one-mode projection” which
is highly prominent in Network Analysis literature (Zweig and Kaufmann,
2011). The tool to visualize the resulting business model networks which
serves as the basis for the further analysis is called NodeXL and has been
developed by scholars from the United States in cooperation with Microsoft
Research (Smith et al., 2009).
2.3. The similarity network methodology at one sight
Summarizing the above explained methodology leads to the following structured order:
1.
2.
3.
4.

Indexing: Representing business models within a Boolean vector
Calculation of the matching score for every business model pair
Visual identiﬁcation of the “meaningful matching score”
Representation of the business models within a node network according
to the distinct matching scores
5. Calculation of the node degree in order to identify clusters and their
particular representatives
3. Results
The methodology from the previous chapter is now applied on the data set.
The data set consists of 40 invited e-mobility projects, which were chosen for
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Figure 3: Matching score curve

their diversity and their service focus to submit their business model through
an online tool (e-mobility-atlas.de).
3.1. The Matching Score Curve
As n equals 40, 40∗(39)
= 780 comparisons are conducted, the particular
2
matching scores are calculated and ordered decreasingly. Figure 3 shows
the resulting matching score curve. The number of comparisons can be interpreted as the number of edges in a resulting node network consisting of
BMIs. As ﬁgure 3 depicts, three areas of distinct cluster types can be derived
from the analysis: A disjunctive clustering area, a non-disjunctive clustering area and an area of no clusters. The iterative visualization of the node
network with a changing number of nodes according to the matching score
shows that below a value of 89 percent in this data set no more disjunctive
clusters can be found by performing the methodology proposed in section 2.
Below a value of 89 percent all nodes of the network are connected to one
big component (cf. ﬁgure 5).
Therefore, this part is called non-disjunctive clustering area. Identifying the
lower boundary below no more clusters (disjunctive and non-disjunctive) can
be found will be a future research focus, but is not of interest for this paper
as the focus is put upon ﬁnding disjunctive clusters. Therefore, only business
model pairs which reach above a ”meaningful matching score” of 89 percent
are considered.
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Figure 4: Disjunctive e-mobility clusters based on the chosen approach

3.2. Resulting Clusters
From the data set of 40 business models four disjunctive clusters of 19 BMIs
can be found. Figure 4 illustrates the node network. The node size depends
on the particular node degree. The higher the degree, the bigger the node.
The nodes in each cluster are numbered and matched to the particular business model characteristics which are depicted in the appendix in table 1. The
business model node with the highest node degree can be seen as a representative for the cluster. The four e-mobility business model clusters which are
found in this paper can be named as following:
• Cluster I: Data-and-software-driven services
• Cluster II: Brokering vehicles or specialists
• Cluster III: Energy services
• Cluster IV: Transportation services
3.3. Non-Disjunctive Clusters
As elaborated above, we only analyze disjunctive clusters in this paper.
Nonetheless, a short wrap-up of the non-disjunctive clustering problem shall
be given. As ﬁgure 5 shows, below a value of 89 percent all nodes within the
network are connected to one component and with a decreasing matching
score the number of edges within the resulting business model networks is
rapidly increasing. When the matching score reaches a value of 44 percent,
all nodes are connected with each other. Due to reasons of visualization the
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Figure 5: Business model networks in dependence of distinct matching scores

networks are depicted as circles. This makes it easier to see how the network changes with a decreasing matching score. This consequently means
that the setting of the matching score requirement in the non-disjunctive
clustering area has got huge impact on the clustering results. Thus, it could
be of further scholarly interest to develop ways of appropriately setting the
matching score and clustering in the non-disjunctive clustering area. This
could lead to more clusters than only studying the disjunctive clustering area
and consequently reveal further insights concerning business model research.
3.4. Comparison to baseline
As a baseline we use the clustering approach from Kuehl et al. (2015) with
the larger data set (n=40) with a minimum number of desired BMIs per
cluster of 4 (kmin = 4) and a minimum number of characteristics per cluster
of 3 (g = 3). The approach results in two clusters, which are almost identical
to the results from the smaller data set:
• Cluster I: In this cluster we identify four diﬀerent BMIs and corresponding projects after ﬁve iterations, all of them therefore sharing
at least ﬁve commonalities. Their value proposition is the Provision
of information, the key resources are Data and Software, and the key
activities are Providing and Aggregating.
• Cluster II: In this cluster we identify ﬁve diﬀerent BMIs and corresponding projects after three iterations, all of them sharing at least
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three commonalities. Their key activity is Operating, their value proposition is Transportation and their key resources are Vehicles.
The main structural diﬀerence between the two approaches is the following:
The frequences-algorithm (Kuehl et al., 2015) faces the prerequisite of the
characteristics being disjunctive while the similarity measure-based approach
is working on the basis of disjunctive BMIs. The results shown in table 1 from
the approach presented in this paper ﬁnd two more clusters than the baseline
and also assign almost twice as many BMIs over all clusters. Moreover,
cluster 1 in the baseline is a proper subset of cluster I presented in this paper
in table 1 and the second cluster in the baseline is a subset of cluster IV in this
paper. So even though two elementary diﬀerent approaches were chosen, both
methods come to similar results, which shows that there is no contradiction,
but that these results support each others hypothesis. The approach at hand
in this paper is more detailed, so depending on the interest of the researcher,
(s)he may choose between an easy approach with restrictive input parameters
or a more complex approach with more sophisticated clusters.

4. Conclusion and Outlook
This paper proposes an approach for clustering business models within an
e-mobility service context. Summarizing the steps which have been taken to
achieve this goal, the following can be stated: On the basis of treating business models as Boolean vectors which describe the characteristics of distinct
business model instances (BMIs) and make them comparable, a pairwise
comparison grounded on network, graph and similarity measure theory is
conducted. This approach leads to four clusters of e-mobility services: Dataand-software-driven services, brokering vehicles or specialists, energy services
and transportation services. The fundamental insights which are gained during the taking of the methodological steps are that disjunctive and non disjunctive clustering areas exist within the network-based approach. These
areas have to be treated in diﬀerent ways whilst this paper concentrates on
elaborating the former. Concerning a wider matter of interest, this work
delivers politically and economically relevant insights into the structure of
current eﬀorts of deploying e-mobility within a socially accepted and proﬁt
gathering manner. It is indisputably clear that in the e-mobility projects
which are analyzed in this paper the main focus is put upon leveraging data,
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software and specialists in order to transfer the idea of e-mobility to common
sense. Additionally, services concerning the e-mobility-based transportation
and energy supply are in focus of current national study eﬀorts in a business model context. These clusters should be taken as a starting point for
both, further studies in this ﬁeld and for business people for entering the socalled ”white spots” which are not displayed in the current e-mobility service
spectrum.
As limiting aspects of this work several points have to be adressed. The ﬁrst
restrictive point is that the Jaccard coeﬃcient, which is part of the matching
score formula, overestimates the non-selected (=0 or false) characteristics
within the business model vectors because there are more characteristics
which are not ”fulﬁlled” in the particular business models than characteristics being applied in the business model. This is the reason for 44 percent
being the matching score which connects every node with each other (cf.
ﬁgure 5). It could be of future scholarly use to adjust the existing and study
other kinds of matching score calculations and compare the results to the
ﬁndings in this paper. As this phenomenon occurs in each BMI vector comparison, the results of this approach are nonetheless valuable. Concerning
alternative similarity measures, the similiarity measure presented by Sohn
(2001) could be an interesting starting point for further research, for example. Furthermore, dealing with disjunctive networks and the setting of a
lower boundary (below it no more clusters are found) should be in the focus of further research in this ﬁeld in order to eliminate the above named
inaccuracy and to broaden the spectrum of identiﬁable business model clusters. At the moment, the node degree is the only graph theoretical network
measure which is in focus of the elaborations. In future works it could be
enlarged by adding further measures like network centrality measures and
distinct clustering coeﬃcients for networks.
At the moment the data set which was retrieved by the project DELFIN consists of 40 projects dealing with e-mobility business models. This number of
analyzable projects will be increased in near future and oﬀer the opportunity
to apply the above mentioned prospective proposals in order to substantiate
the ﬁndings of this paper and to receive new results concerning the ﬁelds of
business model clustering and e-mobility services.
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BMI
1
2
3
4
5
6
7
8
9
10
11
1
2
3
4
1
2
1
2

Node Degree
5
4
4
3
2
2
2
1
1
1
1
2
2
1
1
1
1
1
1

Value Proposition
Provision of information
Provision of information
Individual consulting, provision of information
Provision of information
(Further) Education
(Further) Education, provision of information, safety
Provision of information
Provision of information
Individual consulting, provision of information, transportation
Individual consulting, provision of information
Transportation
Transportation
(Further) Education
Transportation
Safety
Energy supply, provision of information
Energy supply, provision of information
Transportation
Transportation

Key Activities
Aggregating
Aggregating, operating
Aggregating, providing, operating
Aggregating, providing
Aggregating
Aggregating
Operating
Brokering
Aggregating, providing, operating
Aggregating, providing, operating, optimizing
Operating
Brokering
Brokering
Providing, brokering
Brokering
Operating, brokering
Operating, brokering
Providing, Operating
Providing, Operating

Key Resources
Data
Data, software
Data, software
Data, software
Data, specialists
Data
Software
Data
Data, vehicles, charging infrastructure, software
Data, software
Software
Vehicles
Specialists
Vehicles
Specialists
Data, software
Supplying customers, software
Vehicles
Vehicles

Table 1: Overview of the resulting disjunctive business model clusters and their characteristics (BMI enumeration can be
compared with ﬁgure 4)

IV

III

II

I

Cluster

%XVLQHVV0RGHO&OXVWHULQJ$QHWZRUNEDVHGDSSURDFK
LQWKHILHOGRIHPRELOLW\VHUYLFHV

Choice design as key to technology adoption
- A research agenda in the domain of electric cars -

Carola Stryjaa , Verena Dornera

a

Karlsruhe Institute of Technology

Abstract

Whether an innovation is adopted or rejected by a consumer depends not
only on technological, economic or social factors but also on psychological
attributes of the decision maker (Kleijnen et al., 2009). Furthermore, according to studies from the domain of behavioral economics, there is evidence that
the design of the decision situation itself has a signiﬁcant impact on the ﬁnal
decision as well (Thaler et al., 2013). The goal of the research proposed in
this paper is to apply insights from innovation resistance theory and behavioral economics to the case of technology adoption, that is (1) to consider
psychological aspects in the design of technology adoption settings and (2)
to evaluate the eﬀect such consciously designed choices have on real adoption
decisions. As part of the study, several experiments will be conducted to test
the inﬂuence of diﬀerent choice designs on the perception and adoption of
electric vehicles and to identify potential strategies for the design of decision
settings that are supportive to their adoption.
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1. Motivation

Electric cars are important means to mitigate climate change problems, increasing global resource shortages and reduce pollution especially in urban
areas (Jochem et al. (2015), Kley et al. (2011)). In 2010, the German government announced the target of reaching one million electric cars in 2020
in Germany (Abdelkaﬁ et al., 2013). The establishment of electric cars is
of particular interest for several interest groups. First, general public whose
health and life quality could be enhanced by reduced noise and air pollution
in growing urban areas. The European Union captured the goal of reduced
air pollution in their climate targets for 2030 (Jochem et al., 2015). To meet
the targets, Germany has to reduce GHG (green house gas) emissions of passenger cars by 60 % between 1990 and 2050 which can hardly be achieved
without the use of electric cars (EC (European Commission) (2011), Jochem
et al. (2015)). Besides social and environmental consequences, lagging behind
at electric car diﬀusion could undermine Germany’s position as one of the
most inﬂuential automotive industry nations in the world and thus lead to
losing industrial power (Handelsblatt, 2016). Due to contradicting interests
of reaching short-term proﬁt targets with traditional gasoline cars Germany’s
car manufacturers and suppliers are trapped in striving to maintain the status quo (Sorge, 2014) while in the meantime international car manufacturers
and new players from the IT sector establish their global production facilities (Geiger, 2015). As a result, the global rise of electric cars may lead
to dramatic shifts in industrial power structures and drives risk for national
automakers and suppliers to face the threat of falling back because of missing
innovative alternatives for their core businesses (Schipper, 2015). The more
it is important to get consumers interested and demand the technology to
provide an intrinsic motivation for automakers to invest in the technology of
electric cars.
The remainder of the paper proceeds as follows: Section 2 provides related
work from relevant domains. Section 3 introduces the research problem and
the hypothesis of the study. Section 4 explains the underlying research questions and methodology. Section 5 completes the paper with a conclusion and
discussion of the topic.
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2. Related Work
The question of what determines the adoption of an innovation has a long
history in research (Venkatesh et al., 2007). Also the adoption of electric
cars in particular and considerations how it could be enhanced and predicted
has been subject of many scientiﬁc and corporate research studies since the
early 80s of the last century (e.g. Calfee (1985), Beggs et al. (1981)). Since
then a lot of research has been done to understand which premises have to
be fulﬁlled that individuals use or buy electric cars and how fast markets
would develop as a consequence. The following section gives a short insight
into the state of knowledge relevant for the planned research.
2.1. Adoption of electric cars
The majority of research on this topic bases its results on empirical ﬁndings
made in surveys or interviews (Rezvani et al., 2015). Most of these studies
focus on the identiﬁcation of adoption factors and barriers in order to derive
strategies how these requirements could be addressed best (e.g. Fazel (2013),
Egbue and Long (2012), Lane and Potter (2007)). According to Rezvani et al.
(2015) there are four groups of adoption factors identiﬁed in existing literature: (1) technical factors, (2) contextual factors, (3) cost factors and (4)
individual and social factors. Technical factors are all issues concerning
the vehicle like e.g. its driving range, emissions and environmental impacts,
performance, safety but also its ease of use (e.g Moons and De Pelsmacker
(2012), Lane and Potter (2007)).Contextual factors comprise all external (governmental, industrial) aspects whose availability is relevant for the
willingness to purchase and use electric cars, that is e.g. the availability of
(public) charging infrastructure, governmental incentives like tax reliefs or
buyers premium (e.g. Egbue and Long (2012), Lane and Potter (2007)). In
Germany, governmental incentives like a buyers premium are still hypothetical means and their actual eﬀects thus remain unclear. Several studies try
to analyze and predict the (long-term) eﬀects of ﬁscal incentive mechanisms
(e.g. Lieven (2015), Sierzchula et al. (2014), Shepherd et al. (2012)). Fiscal
incentives are not planned to be part of this research as the study focus lies
on the question of how the setting of the (experimental) adoption decision
should be designed and what eﬀect is caused hereby and not how governmental incentives itself should be designed to be most eﬀective. That is why
theory on this topic is not elaborated in further detail in this paper. In
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Rezvani et al. (2015) purchase cost, running cost and (saving) fuel cost are
considered as cost factors (based on e.g. Schuitema et al. (2013), Egbue
and Long (2012), Lane and Potter (2007)). Aspects concerning the adopting person and societal inﬂuencers as a whole are considered in the fourth
group as individual and social factors. Studies on these aspects are of
particular interest for this study since they comprise valuable investigations
on the personality of early electric car adopter or the role of emotions and
psychological barriers for the adoption of electric cars (e.g. Steinhilber et al.
(2013), Moons and De Pelsmacker (2012), Franke et al. (2012)). Furthermore, several of these works already use established adoption models like the
Theory of planned behavior (TPB) (Fazel (2013), Moons and De Pelsmacker
(2012), Egbue and Long (2012), Lane and Potter (2007)) or theoretical constructs from economic decision theory like the Rational choice theory (Lane
and Potter, 2007) as theoretical foundation. Most promising studies for this
research are (Franke et al., 2012) and (Moons and De Pelsmacker, 2012). In
their study, Franke et al. (2012) focus on driving range as major psychological
barrier for the acceptance of electric cars. Based on an empirical study they
examine the individual perception of a comfortable driving range and its antecedents (e.g. personality traits, coping skills). In contrast, Moons and De
Pelsmacker (2012) integrate emotions towards car driving and electric cars
into the Theory of Planned Behavior (TPB). Theoretical contribution is the
investigation of emotions in the usage intention decision process of new and
more sustainable consumer products and diﬀerences in motivations to use
these new products. Result is that emotions and attitude are the strongest
predictors of usage intention, followed by subjective norm. Reﬂective emotions towards car driving and perceived behavioural control factors are also
important antecedents.
2.2. Innovation resistance theory
As innovations, new technologies usually impose some form of change for
the consumer (Kleijnen et al. (2009), Bagozzi and Lee (1999), Ram (1987),
Sheth (1981)). However, “the typical human tendency is to strive for consistency and status quo rather than to continuously search for, and embrace
new behaviors” (Sheth (1981), p.275). Because of this tendency, consumers
usually seek for psychological equilibrium (Osgood and Tannenbaum, 1955)
and anything which endangers the status quo is likely to evoke initial resistance (Ram and Sheth (1989), Rogers (1976)). The stronger the habit which
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is challenged by the innovation, the stronger the resistance of the consumer
(Sheth, 1981). As such, resistance is a natural part of the adoption process: only when the initial resistance of the consumer has been overcome,
adoption takes place (Sheth, 1981). However, according to Rogers (1976),
traditional innovation and adoption research suﬀers from a so-called "prochange bias", i.e. assumes customers to be always open to change and eager
to instantly use innovations. The theory of innovation resistance strives to
close this gap by studying antecedents and barriers to the adoption of innovations with the goal of being able to understand the psychological processes
behind consumer resistance (Kleijnen et al. (2009), Bagozzi and Lee (1999)).
So far, there is evidence to suggest that resistance is a product of internal
processes and external innovation-related barriers. Internal processes comprise the individual inclination to resist changes, i.e. the attitude towards
change in general (Heidenreich and Handrich (2014), Kleijnen et al. (2009))
and the inherent human tendency to maintain the status quo, i.e. to misperceive expected changes due to loss aversion (Kahneman and Tversky, 1979).
Innovation-related barriers comprise functional concerns about usage, value
and risk issues while psychological barriers reﬂect concerns regarding the
image of the innovation and its compliance with existing traditions of the
consumer (Ram and Sheth, 1989). An understanding of the decision making
of technology adoption therefore requires an understanding of the resistance
provoked by the technology.
2.3. Choice architecture
The theory of choice architecture states that the way a choice is presented to
the decision maker already inﬂuences the decision he takes (Johnson et al.,
2012). Initially introduced by Leonard (2008) the term "choice architecture",
also labelled as "nudging", has gained increasing and controversial interest
in science and public (Selinger and Whyte, 2011). The concept of libertarian
paternalism understands humans as mostly irrational decision makers who
often vote for options which are, rationally considered, not the best choice for
them. To help them to make better decisions, choices are designed in a way
that decision makers are more likely to vote for options they would also chose
when deciding on a completely rational basis (Thaler et al. (2013), Goldstein
et al. (2008)). Especially in the context of environmental consciousness and
sustainable behavior, choice architecture has been established as promising
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tool to aﬀect irrational decision making (Mont et al. (2014), Bothos et al.
(2014)).

3. Research Problem
According to Steinhilber et al. (2013) the transition to low carbon transport
requires a "new notion of mobility" (p.532) and thus challenges long established mobility routines and habits. This inevitably provokes consumer resistance. A widespread market success of electric cars is still absent although
electric cars are in general honored by consumers (Bühler et al., 2014). Empirical studies identify three main concerns regarding the adoption of electric
cars that explain the gap: these are (1) perceived limited range, (2) high
costs and (3) limited charging infrastructure (Steinhilber et al. (2013),Egbue
and Long (2012)). While high initial costs are still an actual problem for
widespread electric car adoption, major barriers like perceived range anxiety
and the associated fear of limited public charging infrastructure has been
proven to be mainly a psychological concern (Franke et al., 2012). As a
result, even in rental and carsharing settings where usage costs are almost
equal compared to costs for using traditional gasoline cars consumers tend to
back oﬀ from chosing electric cars in anticipation of perceived limitations in
driving experience even if their desired driving range would be fully covered
by the range of the car (Holzer, 2015). The resulting research problem can
be formulated as followed:
Research Problem:
The transition to electric cars leads to a signiﬁcant change in
mobility behaviour and thus provokes consumer resistance. One
of the major barriers for electric car usage is their perception.
Electric cars are perceived to fall short of consumer expectations
in regard of range and convenience. Even in settings where costs
correspond with gasoline cars it can be observed that customers
back oﬀ from chosing electric cars due to range anxiety.
A signiﬁcant part of consumer resistance against electric cars is based on
perceptual misconceptions. Electric cars are perceived as inferior choices in
comparison to traditional gasoline and diesel drive cars. This perception
changes with the usage of electric cars. As soon as consumers actually drive
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and experience electric cars, their perception of range anxiety changes signiﬁcantly towards a positive attitude (Bühler et al., 2014). This leads to the
conclusion that in speciﬁc settings electric car adoption could be enhanced by
supporting consumers to overcome their so far irrationally biased perception
of electric cars.The resulting hypothesis for the study can then be formulated
as followed:
Working Hypothesis:
Electric car adoption can be enhanced by supporting consumers to
overcome their biased perception of electric cars . Due to the nature of human decision making and based on insights from choice
architecture theory it is assumed that such support can be realized
through a conscious design of the adoption setting. Supportive
electric car choice design may thus have a positive impact on the
selection of electric cars over conventional car alternatives which
will in turn enhance adoption probability.
The adoption of electric cars has not been studied from the perspective of
behavioral theory and economics so far and therefore lacks a deeper understanding of and ways to address psychological factors in adoption decisions.
This study aims to bridge this gap.
4. Research Approach
In order to understand and control inﬂuencing variables in electric car adoption decisions, experimental studies are chosen because of their explanatory
strength: nonexperimental research techniques such as interviews, case studies or surveys are "limited to statements about description and correlation"
while "experiments permit statements about causation" (Kantowitz et al.
(2005), p.52). During the experiments, individual choice behavior will be
observed, e.g. by the use of eye tracking. An important part in experimental
decision studies is the measurement of emotion since human decisions are
strongly inﬂuenced by emotions (Coricelli et al., 2007). To understand and
shape consumer perception, it is necessary to also measure cognitive and
emotional arousals during the experimental selection process. According to
Myers (2004), emotions manifest in behavior but also in psychophysiological
data collected by biosensor technology. In this research it is planned to use
biosensor technology like electrocardiograms and electrodermal measurement
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in order to identify and understand unconscious and emotional factors such
as anxiety, stress, eﬀort or arousal in the adoption process. Based on this
knowledge, choices can be designed in a way that e.g. negative emotions are
better compensated and perceived biases towards the technology of electric
cars can be alleviated.

5. Conclusion and Research Contribution

The research proposed in this paper aims to consider psychological aspects
and insights from innovation resistance theory and behavioral economics in
the design of technology adoption choices. This will be achieved by conducting experimental lab studies to test the inﬂuence of diﬀerent choice designs
on the perception and adoption of electric cars. The intended research contributes in several aspects to the body of knowledge. First, the study of
experimental decision making allows a deeper and more realistic understanding of how technology adoption decisions are made by individuals. So far,
theoretical contributions to this area are mainly built upon empirical studies which assess the intention or willingness to adopt a technology (in case
of electric cars: e.g. Fazel (2013), Moons and De Pelsmacker (2012), Egbue and Long (2012)). Moons and De Pelsmacker (2012) themselves state
the so-called "intention-behavior linkage" as main limitation of their work
and emphasize that "behavioural intentions do not evidently translate into
objectively measured buying behaviour" (p.220). Besides the intention shortcoming, one of the main weaknesses of existing technology adoption models
such as TAM are the limited consideration of emotions (Bagozzi, 2007). The
proposed research will address both issues by providing behavioral observations of actual adoption decisions and measurements of occurring emotions
in this context and thus contributes to the theory of technology adoption in
multiple areas of interest. The second contribution will be made by studying the role of emotions and resistance behaviour during the experience of
applied choice architecture ("nudging") which has been considered little in
existing studies on this topic so far (Bothos et al., 2014). Insights on this issue
may oﬀer valuable starting points for further studies in innovation resistance
theory, adoption of electric car research and applied behavioral economics.
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Abstract
We consider a stochastic and dynamic decision problem of an innovative private household acting as a “prosumer” in the energy market. The household
is equipped with a renewable energy source, with a stationary energy storage device and with an electric vehicle. Its goal is maximization of proﬁts
from both trading energy and oﬀering a car sharing service to customers.
We formulate the problem as a Markov Decision Process and propose two
policies for solving the problem. The policies are evaluated in terms of their
performance.
Keywords: Energy and Mobility Services, Energy Storage, Plug-In Electric
Vehicles, Stochastic Optimization
1. Introduction
The recent technological progress in the areas of energy storage (Blonbou,
2013) and electric vehicles (Manzetti and Mariasiu, 2015) enables new ways
of utilizing renewable energy. Hence, both companies and private households that generate renewable energy do face new opportunities of turning
this energy into proﬁts. To ensure high proﬁts, operators of renewable energy
generating units need to constantly make the right decisions about energy
use. In many cases, however, making economically eﬃcient decisions about
the use of currently generated renewable energy is a major challenge. Algorithmic decision support is needed in order to address this challenge.
Email addresses: stephan.meisel@uni-muenster.de ( Stephan Meisel ),
tanja.merfeld@uni-muenster.de ( Tanja Merfeld )
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In this work, we propose and compare two approaches to algorithmic decision support for an innovative private household with a source of renewable
energy, battery storage and a plug-in electric vehicle. The household acts as
a “prosumer”, i.e., energy market access is granted and the generated energy
may be used to satisfy the household’s own demand. Moreover, the household provides a mobility service in terms of sharing its electric vehicle. If the
vehicle is available at the charging station it may be rented by a customer for
a per distance fee. As the households goal is to operate its energy system with
maximum proﬁt, and as each of generated amount of energy, load, energy
market price and transportation demand is subject to stochastic variations
over time, the system operator needs to repeatedly adapt its decisions about
energy ﬂows. At each point in time, decisions are made about how much
energy to transfer between renewable source, storage device, vehicle battery
and electricity grid while satisfying the household’s energy demand.
Within the past few years an increasing discussion about innovative business
models with electric vehicles can be observed (e.g. Budde Christensen et al.,
2012). In this context electric vehicle sharing has been identiﬁed as one of the
service-oriented new business models (see, e.g. Kley et al., 2011) that may
involve sharing personal electric vehicles on a peer-to-peer basis (Lue et al.,
2012). Weiller and Neely (2014) present a study of the various energy services
that electric vehicles can provide and conclude that residential applications
such as vehicle-to-home and smart home systems are realizable in the near
future. Moreover, Geelen et al. (2013) stress the need for better service design
that supports private households in their role as prosumers in a smart grid.
Tan et al. (2016) review approaches to integration of electric vehicles into
smart grids and propose the use of bidirectional vehicle to grid technology
in order to optimize the eﬃciency of renewable energy sources. Concerning
the combination of renewable energy and electric vehicle a number of studies
illustrate that renewables could (Bellekom et al., 2012; Hennings et al., 2013)
and should (Ajanovic and Haas, 2015) be the only source of energy for electric
vehicles. For a recent review on electric vehicles interacting with renewable
energy in smart grid we refer to Liu et al. (2015).
Our work connects the area of electric vehicle services with the area of energy
storage optimization in the presence of renewable energy. We refer to Powell
and Meisel (2015b) for a recent overview of optimization approaches to energy
storage problems, and to Banos et al. (2011) for an overview of optimization
in the presence of renewable energy.
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Figure 1: Solid line arrows represent energy ﬂows in
kWh between energy source (E), stationary storage (R),
car battery (B), grid (G), household’s demand (D) and
customer demand (M).

2. Problem Formulation
We rely on the canonical modeling framework proposed by Powell and Meisel
(2015a) for representing the decision maker’s problem as a Markov Decision
Process. New decisions about energy ﬂows are made at discrete points in
time t ∈ {0, ...T } over a given time horizon of, e.g., one week.
2.1. State Variable and Decision Space
At time t the decision maker observes the energy system’s current state
St = (Dt , Mt , Pt , Et , Rt , Bt , At , ft ),

where Dt represents the household’s current demand for energy, Pt is the
current retail electricity price, Et is the currently generated renewable energy,
Rt is the current amount of energy in the stationary storage device, Bt is the
current amount of energy in the electric vehicle’s battery and Mt is the current
customer demand for transportation in km. We assume that customers book
the vehicle for a predeﬁned number of time steps and that At always indicates
the number of time steps remaining until the vehicle returns, i.e., At = 0
indicates that the vehicle is on-site. Moreover, we assume that we have access
to forecasts of Dt , Mt , Pt and Et for all t > t, and that these forecasts are
represented as four vectors ft = (ftD , ftM , ftP , ftE ).
With capital letters in the superscripts denoting origins and destination of
ﬂows, as given in Figure 1, the decisions at time t may be represented as
RD BD GD ER BR GR RG BG EB
RB
GB
m
xt = (xED
t , xt , xt , xt , xt , xt , xt , xt , xt , xt , xt , xt , xt ),

where xm
t is a binary variable indicating whether or not a customer takes the
electric vehicle. Note that we assume that the decision maker always shares
his car if possible, i.e., if the car is on-site and if the current battery charge
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level is suﬃcient. With these assumptions the set of feasible decisions at time
t is deﬁned by Equations 1–21:
d RD
d BD
xED
+ ηR
xt + ηB
xt + xGD
= Dt + Et− (1)
t
t

d
xBD
+ xBR
+ xBG
≤ δB
t
t
t

(10)

d BR
C
At ≤ K(1 − yt )
+ ηB
xt + xGR
t ) ≤ R − Rt (2)
d RB
GB
C
1 − At ≤ Kyt
+ ηR xt + xt ) ≤ B − Bt (3)

RG
RD
RB
Mt − Bt ≤ K(1 − zt )
xt + xt + xt ≤ Rt (4)
BD
BR
BG
Mt − Bt > −Kzt
xt + xt + xt ≤ Bt (5)
xm
xED
+ xER
+ xEB
≤ Et+ (6)
t ≤ zt
t
t
t
m
ER
GR
d BR
c
x t ≤ yt
xt + xt + ηB xt ≤ δR (7)

RD
RB
RG
d
Mt > −K(1 − xm
xt + xt + xt ≤ δR (8)
t )
m
EB
GB
d RB
c
yt , zt , xt ∈ {0, 1}
xt + xt + ηR xt ≤ δB (9)
BD
BR
BG
EB
GB
xt + xt + xt + xt + xt + xRB
≤ K(1 − xm
t
t )
BD
BR
BG
EB
GB
RB
xt + xt + xt + xt + xt + xt ≤ Kyt
ED RD BD GD ER BR GR RG BG EB
GB
xt , xt , xt , xt , xt , xt , xt , xt , xt , xt , xRB
≥0
t , xt

(11)

c
ηR
(xER
t
c
EB
ηB (xt

(12)
(13)
(14)
(15)
(16)
(17)
(18)
(19)
(20)
(21)

We consider the fact that a generating unit such as a wind turbine consumes
energy during operations by letting Et− = −1 · min(0, Et ) and Et+ = max(0, Et ).
The (dis-)charge eﬃciencies of stationary storage and vehicle battery are
d , η c , η d and η c . Accordingly, we denote the storage device’s
denoted as ηR
R
B
B
(dis-)charge rates as δ . RC and B C are the storage capacities. Mt denotes the
transportation demand converted into kWh and K is a very large number.
2.2. State Transition and Objective Function
The transition from state St to successor state St+1 is determined by both
decisions xt and uncontrolled exogenous inﬂuences Wt+1 . We model these
inﬂuences as changes Wt = (D̂t , M̂t , P̂t , Êt , fˆt ) of Dt , Mt , Pt , Et and ft .
The proﬁt at a point in time results as the sum of (a) money made by selling
energy to the market, (b) money gained from car sharing, (c) opportunity
costs of satisfying the household’s demand from renewables, minus (d) the
money spent on buying energy. The total proﬁt at time t is deﬁned as
d RG
d BG
m
xt + ηB
xt − xGR
− xGB
− xGD
C(St , xt ) = Pt (Dt + ηR
t
t
t ) + αMt xt ,

where α is the fee we charge the car sharing customers per km. The decision
maker aims at ﬁnding an optimal policy, i.e., an optimal decision rule, Xtπ (St ),
that given any system state St returns the best feasible decisions. His overall
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goal is the maximization of the expected sum of proﬁts over the entire time
horizon, which results into the objective function
max Eπ
π∈Π



C(St , Xtπ (St )).

(22)

t=0...T

3. Policies
Due to the well-known curses of dimensionality (see, e.g., Powell, 2011) problem (22) typically turns out to be computationally intractable for real-world
applications. As an optimal policy cannot be computed, we propose and
compare the performances of two alternative policies.
Policy Function Approximation (PFA). PFAs are analytic functions that
map states to decisions without solving an optimization problem. We propose a PFA, XtP F A (St |θL , θU ), with tunable parameters θL and θU . The PFA
is in the spirit of the PFA proposed by Powell and Meisel (2015b) for an
energy storage problem. For the sake of brevity, we do not provide a formal
deﬁnition of the PFA, but describe its logic at each point in time t. As much
of Et as possible is used for satisfaction of the household’s demand. Then,
as much of the remaining energy as possible is transferred to the stationary
storage. As much as possible of the still remaining energy is then transferred
to the car battery. If part of the demand is still unsatisﬁed and if Pt ≤ θL ,
we buy energy at the market in order to satisfy the remaining demand. If
Pt > θL , we ﬁrst rely on the stationary storage as much as possible, before
we rely on the car battery as much as possible and buy any additional energy needed for demand satisfaction at the market. If Pt > θU , as much
energy from the two storages as possible is sold to the market, and if Pt ≤ θL ,
as much energy as possible is bought at the market and stored in the two
batteries.
Lookahead (LA) Policy. We propose a deterministic LA policy XtLA (St |θH ),
with the lookahead horizon as the tunable parameter θH . The LA policy
determines the decisions xt by solving the optimization problem
arg max
x̃t

H
t+θ


t =t

d RG
d BG
GB
GD
M
m
fttP (fttD + ηR
x̃tt + ηB
x̃tt − (x̃GR
tt + x̃tt + x̃tt )) + α · ftt · x̃tt ,

where the set of feasible decisions is deﬁned along the lines of constraints
1–21 for each t with t ≤ t < t + min(T − t, θH ), and where the decision
vectors for points in time t . . . t + min(T − t, θH ) are represented by x̃t =
(x̃tt , x̃t,t+1 , ..., x̃t,t+min(T −t,θH ) ). For notational convenience we deﬁne fttD = Dt ,
fttM = Mt , fttE = Et and fttP = Pt .
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(a) Weekly proﬁts with α = 0.2.





3ULFHSHUNP
/$





3)$

(b) Weekly proﬁts with θH = 70.

Figure 2: Comparison of weekly proﬁts.

4. Computational Results
In this section, we showcase one illustrative example of the policies’ performances. The considered problem instance is derived from Problem 2 in
Meisel and Powell (2016). We adopted the characteristics of all stochastic
processes, but scaled them to the numbers that correspond to an average
household in Germany. The capacity of the stationary storage is RC = 10
kWh with δR = 3.3 kW and ηR = 0.9. The simulated time horizon is one
week and one time interval is set to 15 minutes. The electric vehicle has
battery capacity B C = 85 kWh with δB = 10 kW, ηB = 0.85 and a consumption rate of 20 kWh per 100 km. The stochastic demand for transportation
varies between 0 and 100 km. We estimate the quality of a policy by generating n = 100 sample paths for the exogenous processes and by approximating

Eπ t=0...T C(St , Xtπ (St )) by sample average.
Figure 2a compares the performances of PFA (with manually tuned parameters) and LA policy (with diﬀerent lookahead horizons) at a per km fee of
α = 0.2 e, which is about the average fee in German car sharing services.
The ﬁgure allows for the conclusion that the LA policy should be preferred
over the PFA provided that θH > 33. However, Figure 2b shows that the
advantage of the LA policy critically depends on α. As soon as α > 0.3 the
tuned PFA clearly outperforms the LA policy.
5. Conclusions
We present a model of a dynamic decision problem of an innovative household
that acts as a “prosumer” in the energy market and that provides customers
with a e-vehicle sharing service. For solving the problem we propose and
compare a lookahead policy and a policy function approximation. Our computational results show that the preferred policy depends on the service fee.
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Abstract
The changes taking place in the energy sector, the transition towards smart
grids and an increasing share of renewable energy sources (RES) generate
the need for new market designs as well as new business models on the level
of distribution grids. This work applies the market engineering framework to
markets in smart distribution grids. First, a systematic overview of research
approaches in the respective ﬁelds is given. Second, by viewing intermediaries
as market engineers in their own one-sided market, existing industry projects
from intermediaries are compared along the market engineering framework.
Keywords: Energy and Mobility Services, Market Engineering, Smart Grid

1. Introduction
New proposals for energy market designs on both national [4] and EU level
[12] call for a better integration of the increasing share of RES as well as
opening the market to more actors in order to utilize their ﬂexibilities. In
particular, distribution system operators (DSOs) and aggregators could leverage ﬂexibility from consumers to further generate revenue from new business
models. Moreover, ﬂexibility products and services as well as other measures
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beneﬁcial to the grid and security of supply are necessary. In the following, this work gives a structured overview and analysis of current research
approaches and real-world industry projects in Germany regarding smarter
distribution grids along the elements of the market engineering framework.
Moreover, all components of the market engineering framework are analyzed
and illustrated by examples.
2. Related Work
The market engineering framework [44] serves as a basis for the development of a layout for markets in distribution grids. Along the elements in the
framework, this work will analyze current developments in research, politics
and industry related to the design of future local markets. In the framework,
every market is surrounded by an economic and legal environment. The good
traded between parties in a market is called transaction object. According to
the market engineering framework, the market structure itself consists of the
microstructure, the IT-infrastructure and the business structure. The microstructure deﬁnes the market mechanism, i.e., pricing and allocation rules.
All facilities required in order for markets to function on a technical level
form the IT-infrastructure. The business structure encompasses the business
and pricing model as well as possible trading fees in auctions [45, 5]. Perceiving new companies in the energy market as single markets themselves allows
for analysis of new business models in the context of the market engineering
framework. Finally, the market outcome (or performance) constitutes the
result of a market by which diﬀerent markets can be compared.
3. Smart Distribution Grids: A Market Engineering Overview
This section elaborates on current research agendas by reviewing publications
and projects for (local) markets in smart grids along the elements of the
market engineering framework. In the following, this work broadens the
focus from the perspective of the market engineer to additionally incorporate
the role of market intermediaries, or aggregators, which can also take the
role of a market engineer, whose market environment depicts a one-sided
market, sometimes with a ﬁxed price strategy. In addition, engineering a
business structure and designing appropriate transaction objects remains an
important task.
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3.1. Economic and Legal Environment
Both on European Union (EU) as well as on national level, eﬀorts towards
achieving ambitious energy targets, such as the EU 2030 targets [12] or the
exit from nuclear power generation [3], are driving changes to the current
legal and economic environment which governs energy markets. Recently,
the EU started working on proposals for a new energy market design, which
envisions a market design that should allow innovative companies to provide
for the energy needs of consumers by using new technologies, products and
services [12]. Opening the market to more actors, therefore allowing access to
ﬂexible demand and new energy service providers, e.g. aggregators, remains
a priority. In late 2015, German policy established measures that target the
development of an advanced electricity market – the electricity market 2.0 [4].
The electricity market 2.0 draft tackles issues concerning the improvement
of market mechanisms, fostering the market participants’ ﬂexibility, as well
as the integration into the EU’s internal energy market (IEM).

3.2. Market Outcome
Markets are designed to achieve a desired outcome, i.e., an allocation and
pricing result [44]. Concerning the design of markets for distribution grids,
market eﬃciency is crucial in order to ensure a continuous balance of supply and demand. Considering system stability, incentives of agents should be
aligned with security of supply in mind to prevent market failure. The following suggestions for outcome objectives of secondary nature represent promising goals towards the success of local markets in smart grids. (i) Consumer
privacy must be protected in light of the large amount of high-resolution
data collected by smart meters. (ii) In order to integrate customers into
such markets, intermediaries such as aggregators are required. These in turn
will only operate given viable business models. Thus, a market outcome
should also consider revenue streams not only for the market engineer but
also for its participants. Focusing on aggregators, the main market outcome
is to allocate and in turn provide balancing power to ensure grid stability by
eﬃciently controlling small power plants or to manage a pool of consumer
batteries eﬃciently.
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3.3. Agent Behavior
Agent behavior results from the transaction object and market structure.
Therefore, it is not the goal of the market engineer to inﬂuence this behaviour directly, but instead analyze and anticipate behavior and characteristics of agents [44, 45]. In context of the smart grid, agents are expected
to oﬀer their ﬂexibility to a market or market intermediary [1]. Flexibility corresponds to deferring or reducing loads over time [43] and increasing
production, for diﬀerent types such as storable, shiftable, curtailable, base
load and self-generation [21, 36]. In addition, other approaches to stimulate
agent behavior might include: (i) Gamiﬁcation, i.e., using game design elements such as rankings in non-game contexts [9] to support the consumers’
value creation [25]. (ii) Hidden markets [40] can inﬂuence and mediate user
behavior with the graphical user interface of a market. (iii) Following the
sharing economy [2, 19], peer-to-peer (P2P) platforms present an opportunity
to communicate and share diﬀerent transactions objects with close neighbors
or friends. When looking at real-world examples of intermediaries, for example the strategy of employing hidden markets can be observed. Most of the
time, it is reasonable not to inform customers about details behind the intermediaries’ business models. Existing companies putting this approach into
practice are for example Next Kraftwerke, Caterva, LichtBlick and Beegy.
3.4. Market Structure
Focusing on distribution grids, strengthening the role of DSOs in markets and
enabling the participation of ﬂexible users and intermediaries, i.e., businesses
that facilitate the participation of ﬂexible users on (new) markets, represent
the main challenges [3]. New transaction objects and market microstructures
are emerging, while IT infrastructure considerations on privacy and security
need to be addressed.
Microstructure. The market microstructure describes the mechanism under
which resources are allocated and priced. It consists of a market’s trading rules and systems, considers structural characteristics of markets and
the form in which information is exchanged, i.e., the bidding language [44].
Diﬀerent decentralized mechanisms which aim at reducing peak loads [37],
using balancing markets [23], and incentivizing agents to reveal true preferences [30] have been proposed. When applying the microstructure element of
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the framework to intermediaries, the market mechanism corresponds to the
general terms and conditions of the respective intermediary. They basically
deﬁne the rules of the trade, such as the delivery of the product and the
payment period. The customers do not submit bids to an auction but rather
inquire (customized) oﬀers. As can be seen in table A.1, some companies
oﬀer customized products and services with individual pricing, while others
have a general ﬁxed price product portfolio.
IT Infrastructure. IT infrastructure is deemed a fundamental and critical
component in the smart grid as it is responsible for ensuring a reliable system operation. Firewalls and encryption mechanisms must ensure reliable
system operation [33]. Authentication solutions [32, 28], extensions of current architectures [35] as well as complete system architectures [33] have been
proposed. Moreover, smart meter data must be protected [15] and consumer
anonymity must be ensured [10, 31, 27]. Standards can facilitate the information ﬂow in a heterogeneous landscape of devices in the smart grid [17,
16]. Moreover, interfaces to the market are required to allow and encourage
agent participation [40, 41]. For existing intermediaries/virtual power plants
(VPPs) for example, the communication with the distributed power plants
plays a crucial role and happens via DSL connection or mobile (GSM) communication. Besides, the communication between intermediary and customer
often is done completely through web portals and mobile applications. The
individual characteristics of each of the surveyed companies are summarized
in table A.1 below.
Business Structure. Business structure concerns the charges for accessing the
market, as well as fees for using the communication means and for executing orders [44]. Important revenue streams of current energy markets like
the European Energy Exchange include fees for connectivity and trading.1
By means of aggregators, or VPPs, consumption and production capacities
could be pooled and sold accordingly [24, 18, 22]. Use cases include wind [34]
or electric vehicle (EV) pooling [7, 26, 11]. Moreover, tariﬀ and coordination
models are explored [8, 29]. Current startups such as Next Kraftwerke aggregate several types of plants. From a market perspective their revenue stream
1

https://www.eex.com/blob/65974/e8b0e854878e50ae201afd097495c704/
membership-options-technical-access-data.pdf
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through one time sales of hardware for connection to the pool corresponds to
initial connectivity fees. The second major revenue stream, keeping a share
of the revenues from ﬂexibility marketing, corresponds to costs for trading.
Transaction Object. The good traded between parties in a market is called
transaction object. In general, this can be a product or a service [6]. Early
research suggests to diﬀerentiate products, i.e., tariﬀs, along temporal and
spacial components [39]. Similarly, concepts for quality of service (QoS) level
indicators for new tariﬀs [20] and electric mobility [14] are suggested. While
electricity will remain a homogeneous good regarding its technical properties (voltage and frequency), a product diﬀerentiation along non-functional
quality attributes of electricity services presents an emerging approach. In
particular, temporal and curtailment ﬂexibility as well as reliability requirements constitute promising characteristics to further raise eﬃciency not only
on the local, but also on the global electricity market level [38, 42, 13]. Existing intermediaries in smart grids oﬀer various types of transaction objects,
like hardware products for the connection and integration into the swarm,
intelligent management software and a wide range of diﬀerent services.
Summary. As shown before, initial solutions from the industry exist already
today. The ﬁndings are summarized in table A.1, structured according to
the market engineering framework.
4. Conclusion and Outlook
This work highlights that local markets in distribution grids are a promising
way to cope with the challenges posed by the transformation of the energy
sector. Therefore, a survey of current research is conducted and subsequently
structured according to the market engineering framework. By deﬁning intermediaries in distribution grids as one-sided markets on their own, they
can be included in the analysis.
Future research opportunities regarding market engineering in smart distribution grids include the application of the structured market engineering
process [44], which allows achieving speciﬁc market design goals in a systematic and structured way. Besides, it would be valuable that the research
approaches mentioned above are elaborated, reﬁned and adjusted to a rapidly
changing economic and political environment.
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Appendix A. Market Engineering Overview Table

Market outcome
Ensure grid stability through
eﬃcient allocation
Generate revenues through
ﬂexibility marketing
Agent behavior
Private households
Industry consumers
Solar generation installed
Wind generation installed
Microstructure
Custom prices
(IT) infrastructure
Internet access required
Mobile (GSM) access available
Provides mobile application
Business structure
One-time sale
Subscription
Brokerage fee/ Shared revenue
Transaction object
Physical product
Service
Own data from 2015/11.



Caterva

Tesla

Sonnenbatterie

LichtBlick
SchwarmEnergie

Beegy

Next Kraftwerke

Table A.1: Overview of prominent products and services from industry ( =
Fulﬁlled, = Not fulﬁlled or unknown)
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&KHUXELQLHWDO  )XUWKHUPRUHIUDPHZRUNVIRU(9EXVLQHVVPRGHOVH[LVW
.OH\HWDO  6WU\MDHWDO  6DQ5RPDQHWDO  %H\RQGWKDW
VSHFLILFFDVHVWXGLHVDUHHYDOXDWHGDVZHOO &KULVWHQVHQHWDO  ,OOLQJHWDO
 .RVXE  %\FRQWUDVWWKLVSDSHUGHWHUPLQHVWKHFXUUHQWUHOHYDQFH
DQGZLOOLQJQHVVWRSD\ :73 IRUVHUYLFHVSURYLGHGWRFRPPHUFLDO(9XVHUV$
VXUYH\WDUJHWLQJWKLVLVVXHZLWKFRPSDQ\FDUSRROPDQDJHUVZKRDFWXDOO\
SURFXUHG(9ZLWKLQWKHSURMHFW*HWH5HDG\ZKLFKZDVVFLHQWLILFDOO\DFFRPSDQLHG
DQGSDUWO\FDUULHGRXWE\WKHDXWKRUVRIWKLVSDSHUEHWZHHQDQGZDV
SHUIRUPHG)LQGLQJVRIWKLVFDVHVWXG\DUHGHVFULEHGLQWKHQH[WVHFWLRQEHIRUH
DFRQFOXVLRQOLPLWDWLRQVDQGDEULHIRXWORRNDUHSURYLGHG



&DVHVWXG\3URMHFW*HWH5HDG\



6DPSOHGHVFULSWLRQDQGEDFNJURXQGLQIRUPDWLRQ

7KHGDWDXVHGLQWKLVVWXG\ZDVJDWKHUHGLQDQRQOLQHVXUYH\GXULQJWKHHPRELOLW\
SURMHFW*HWH5HDG\7KHREMHFWLYHRIWKHSURMHFWZDVWRGHWHUPLQHFULWLFDOVXFFHVV
IDFWRUVIRU(9LQRUJDQL]DWLRQV7KHUHIRUHDODUJHVFDOHIOHHWWULDOLQFOXGLQJ
RUJDQL]DWLRQVDQG(9ZDVVHWXSLQRUGHUWRSURYHZKHWKHUDSSURSULDWHVDOHV
DFWLYLWLHVIRUSURGXFWVHUYLFHV\VWHPVFRQVLVWLQJRI(9FRQQHFWHGFKDUJLQJVHU
YLFHVFKDUJLQJLQIUDVWUXFWXUH (96( FRQVXOWLQJDFWLYLWLHVDQGDQDGHTXDWH
FRPSHQVDWLRQRIH[SHQVHVOHDGWRDQDFFHOHUDWHGPDUNHWGLIIXVLRQRI(97KH
LQGXVWU\SDUWQHUVZLWKLQWKHSURMHFWLH%RVFK6RIWZDUH,QQRYDWLRQV*PE+
UHVSRQVLEOHIRUVRIWZDUHVROXWLRQVFRQFHUQLQJFRQQHFWHGFKDUJLQJVHUYLFHVWHVWHG


 $FFRUGLQJ WR 2VWHUZDOGHU  3LJQHXU   &KHVEURXJK  5RVHQEORRP   DV ZHOO DV 6WU\MD HW DO
 WKHYDOXHSURSRVLWLRQUHSUHVHQWHGE\WKHXWLOLW\WKDWDSURYLGHURIIHUVWRLWVFXVWRPHUV ZLWK SURGXFWV
DQGVHUYLFHVLVLQWKHFHQWHURIDEXVLQHVVPRGHO,QWKLVSDSHUZHIRFXVRQVHUYLFHVWKDWFRXOGRIIHUDEXVL
QHVVPRGHO,QOLWHUDWXUHWKHVHWHUPVDUHRIWHQXVHGHTXLYDOHQWO\

(OHFWULF9HKLFOH6XSSO\(TXLSPHQWLHFKDUJLQJVWDWLRQV



:LOOLQJQHVVWR3D\IRU(0RELOLW\6HUYLFHV
$&DVH6WXG\IURP*HUPDQ\

LQWKHSURMHFW+HOGHOH*PE+UHVSRQVLEOHIRU(96(DQG$WKORQ*PE+DVVRFLDWHG
WRWKHSURMHFWIRU(9OHDVLQJSXUSRVHVSXVKHGWKHVDOHVDFWLYLWLHVIRUWKHSURGXFW
VHUYLFHV\VWHPVRIIHUHG7KHVFLHQWLILFSDUWQHUVLH)UDXQKRIHU,6,DQG.,7
VXSSRUWHGWKHVDOHVDFWLYLWLHVE\IOHHWFRQVXOWLQJDFWLYLWLHVDVZHOODVWKHFRQWUDFWX
DOSURMHFWLQWHJUDWLRQRIWKHSDUWLFLSDWLQJRUJDQL]DWLRQV DVVRFLDWHGZLWKDFRPSHQ
VDWLRQRIH[SHQVHVJUDQWHGDQGWKHFRPPLWPHQWWRDFTXLUHWKHQXPEHURI(9
FRQWUDFWXDOO\VSHFLILHGWRLQVWDOODQGXVHSURMHFWVSHFLILF(96(DQGWKHSURMHFW
VSHFLILFFRQQHFWHGFKDUJLQJVHUYLFHV 0RVWRIWKH(9ZHUHUHJLVWHUHGDIWHUWKHLU
FRQWUDFWXDOLQWHJUDWLRQ  'XHWRORQJGHOLYHU\SHULRGVWKHWLPHODJEHWZHHQ
WKHVHWZRHYHQWVZDVWKUHHPRQWKVRQDYHUDJH$OPRVWDOORUJDQL]DWLRQVLQVWDOOHG
WKHSURMHFWVSHFLILF(96(DIWHUEHFRPLQJSDUWRIWKHSURMHFW DERXW 3UH
FRQGLWLRQVIRUSURMHFWSDUWLFLSDWLRQZHUHWKDWWKHRUJDQL]DWLRQVLQWHQGHGWRSDUWLF
LSDWHDWOHDVWZLWKRQH(9WKDWWKHRUJDQL]DWLRQVZHUHDOORFDWHGLQ%DGHQ
:UWWHPEHUJDQGWKDWWKH\VWLOODSSOLHGIRUWKHSURJUDPDIWHULQWHQVLYHVDOHVFRQ
YHUVDWLRQVOHDGLQJWRLQGLYLGXDOUHFRPPHQGDWLRQVFRQFHUQLQJLQGLYLGXDOFRQVWUXF
WXDOVHFXULW\DQGWHOHFRPPXQLFDWLRQUHTXLUHPHQWV7KHRUJDQL]DWLRQVSDUWLFLSDWHG
LQWKHSURMHFWEHWZHHQDQGPRQWKVPRQWKVRQDYHUDJH7KH\UHFHLYHGD
PRQWKO\FRPSHQVDWLRQRIH[SHQVHVIRUSDUWLFLSDWLQJRIXSWR(XURVQHWSHU
IXOOHOHFWULFYHKLFOH %(9 RUUDQJHH[WHQGHGHOHFWULFYHKLFOH 5((9 DQG
(XURVQHWSHUSOXJLQK\EULGHOHFWULFYHKLFOH 3+(9 IRUDGGLWLRQDOFRVWVRISUR
MHFWVSHFLILF(96(DQGIRUWKHVWLOOH[LVWHQWHFRQRPLFGLVDGYDQWDJHVRI(92YHU
DOOWKHUHVXOWLQJFRPSHQVDWLRQSHU(9UDQJHGEHWZHHQ(XURVDQG
(XURVLQFOXGLQJ9$7(XURVRQDYHUDJH)OHHWPDQDJHUVRIDOO
SDUWLFLSDWLQJRUJDQL]DWLRQVZHUHDVNHGWRILOORXWWZRVXUYH\VZLWKDUHVSRQVHUDWH
RIHDFKLHDOORUJDQL]DWLRQVSDUWLFLSDWLQJLQWKHSURMHFWDQVZHUHGERWK
TXHVWLRQQDLUHV
$FFRUGLQJWRWKHVXUYH\UHVXOWVRIWKHSDUWLFLSDWLQJRUJDQL]DWLRQVZHUH
VPDOODQGPHGLXPVL]HGFRPSDQLHVZLWKXSWRHPSOR\HHV7KHDOORFDWLRQRI
(9ZLWKLQWKH*HWH5HDG\SURMHFWUHSUHVHQWVWKHVHFWRUVRIWKHSDUWLFLSDWLQJ



,QWKHSURMHFW*HWH5HDG\IOHHWPDQDJHUVLHSHUVRQVUHVSRQVLEOHIRUWKHRUJDQL]DWLRQV¶FDUSRROVPRVWO\
LQYROYHGLQSXUFKDVHGHFLVLRQVIRUWKH(9DVZHOODVIOHHW(9XVHUVQRWLQYROYHGLQWKH(9SXUFKDVHGHFL
VLRQVSDUWLFLSDWHGLQWKHVXUYH\V+RZHYHUWKLVDUWLFOHRQO\IRFXVHVRQWKHDQVZHUVRIWKHIOHHWPDQDJHUV 



$[HO(QVVOHQ7LOO*QDQQ-RDFKLP*ORELVFK3DWULFN3O|W]
3DWULFN-RFKHPDQG:ROI)LFKWQHU

RUJDQL]DWLRQVUHDVRQDEO\ZHOOHJRIWKHSDUWLFLSDWLQJRUJDQL]DWLRQVDQG
RIWKH(9DUHDOORFDWHGLQWKHPDQXIDFWXULQJVHFWRU & &RPSDULQJWKH(9
RIWKH*HWH5HDG\SURMHFWZLWKQHZFRPPHUFLDO(9UHJLVWUDWLRQVLQ*HUPDQ\
VKRZVWKDWWKHPDQXIDFWXULQJVHFWRU & LVRYHUUHSUHVHQWHGE\SHUFHQWDJH
SRLQWV SS LQIRUPDWLRQDQGFRPPXQLFDWLRQ - LVRYHUUHSUHVHQWHGE\DERXWSS
DQGSXEOLFDGPLQLVWUDWLRQ 2 LVRYHUUHSUHVHQWHGE\DERXWSS2QWKHRWKHUKDQG
ZKROHVDOHDQGWUDGH * LVXQGHUUHSUHVHQWHGE\SS7KHVHFWRURIRWKHUVHUYLFH
DFWLYLWLHV 6 LVXQGHUUHSUHVHQWHGE\DERXWSS'HVSLWHWKHVHGLVFUHSDQFLHV
UHVXOWVFDQEHFRQVLGHUHGWREHUHSUHVHQWDWLYHIRUWKHFXUUHQWFRPPHUFLDO(9XVHUV
LQ*HUPDQ\
7KHIOHHWPDQDJHUVDQGGHFLVLRQPDNHUVLQWKHSDUWLFLSDWLQJRUJDQL]DWLRQVDUHRQ
DYHUDJH\HDUVROG 6'  DUHSUHGRPLQDQWO\PDOH DERXW DQGDUHZHOO
HGXFDWHG$ERXWKDOIRIWKHPKDYHFRPSOHWHGDFDGHPLFVWXGLHVDQGDERXW
KDYHDGHJUHHDWXQLYHUVLW\HQWUDQFHOHYHORUDPDVWHUFUDIWVPDQGLSORPD
KDYHDWHFKQLFDODERXWDFRPPHUFLDOEDFNJURXQG2QDYHUDJHWKHUHVSRQG
HQWVKDYHEHHQHPSOR\HGIRU\HDUVLQWKHLURUJDQL]DWLRQV 6'  DQGKDYHDQ
H[SHULHQFHOHYHOZLWKIOHHWPDQDJHPHQWDFWLYLWLHVRI\HDUVRQDYHUDJH
6'  +DOIRIWKHPGHGLFDWHPRUHWKDQKRXUVSHUPRQWKWRIOHHWPDQDJH
PHQWDFWLYLWLHVIRXUKRXUVRUOHVVDQGPRUHWKDQKRXUV



5HOHYDQFHRIGLIIHUHQWVHUYLFHV

,QDZRUNVKRSZLWKWKH*HWH5HDG\SDUWQHUVLQWKH\HDUDVHWRIGLIIHUHQW
VHUYLFHVSRWHQWLDOO\UHOHYDQWIRU(9ZHUHLGHQWLILHGLQRUGHUWRDVNWKHIOHHWPDQ
DJHUVDQGGHFLVLRQPDNHUVRIWKHSDUWLFLSDWLQJRUJDQL]DWLRQVDERXWWKHDWWUDFWLYH
QHVVDQGUHOHYDQFHRIWKHVHVHUYLFHV%DVHGRQWKHIOHHWPDQDJHUV¶DQVZHUVWKH
SURMHFWSDUWQHUVDJUHHGWRFRQVLGHURQO\WKHUHOHYDQWVHUYLFHVLQWKHVHFRQGVXUYH\
ZLWKDIRFXVRQWKH:73IRUWKHVHVHUYLFHV 7DEOHLQWKHDSSHQGL[ 7KLVVHWRI
VHUYLFHVZDVFRPSOHWHGE\WKUHHDGGLWLRQDOVHUYLFHVQRWLQIRFXVVRIDUEXWDF
FRUGLQJWRWKHDXWKRUVRIWKLVVWXG\SRWHQWLDOO\UHOHYDQW7KHVHDUHRQWKHRQHKDQG
WZRDOWHUQDWLYHVRIDVPDUWFKDUJLQJHQHUJ\VHUYLFHWKDWFRXOGSRWHQWLDOO\EHSUR


6HFWRUVGLVWLQJXLVKHGDFFRUGLQJWR1$&(5HY



:LOOLQJQHVVWR3D\IRU(0RELOLW\6HUYLFHV
$&DVH6WXG\IURP*HUPDQ\

YLGHGE\D6PDUW&KDUJLQJ6HUYLFH3URYLGHU 6&63  (QVVOHQHWDO DQGRQ
WKHRWKHUKDQGWKHUHOHYDQFHDQG:73RILQGXFWLYH(9FKDUJLQJDVDVHUYLFH
ZKLFKLVSRWHQWLDOO\LQFUHDVLQJWKHFRPIRUWOHYHORI(9FKDUJLQJ





)LJXUH5HOHYDQFHRIHPRELOLW\VHUYLFHVLQ*HWH5HDG\



)LJXUHVKRZVWKHUHVXOWVFRQFHUQLQJVWDWHGUHOHYDQFHIRUWKHVHUYLFHVFRQVLGHUHG
LQWKHVXUYH\7KHPRVWLPSRUWDQWVHUYLFHVDUH  WKHSRVVLELOLW\WRSURYLGHWKH
RZQ(96(WRRWKHURUJDQL]DWLRQV  WKHEDVLFFRQQHFWHGFKDUJLQJVHUYLFHVLQ
FOXGLQJDZHEEDVHGPDSGLVSOD\LQJFKDUJLQJSRLQWVLQFOXGLQJLQIRUPDWLRQDERXW
WKHLUFXUUHQWDYDLODELOLW\DQGDUHVHUYDWLRQIXQFWLRQDVZHOODV  DVPDUWFKDUJLQJ
WDULIISURYLGHGE\D6&63LQFHQWLYL]LQJ(9XVHUVWRKDQGRYHUFRQWURORIWKH
FKDUJLQJSURFHVVHVWRWKH6&63VFKHGXOLQJWKHFKDUJLQJHYHQWVLQDFRVW
PLQLPL]LQJPDQQHULQRUGHUWRFRFUHDWHYDOXH7KHVHDUHDOVRFRQVLGHUHGDV
FRPSDUDEO\PRVWUHOHYDQWE\WKH*HWH5HDG\IOHHWPDQDJHUVDFFRUGLQJWRSDLUHGW
WHVWV FI7DEOHLQWKHDSSHQGL[   $VPDUWFKDUJLQJWDULIILQFHQWLYL]LQJ(9
XVHUVWRKDQGRYHUFRQWUROIRU(9FKDUJLQJWRD6&63VFKHGXOLQJWKHFKDUJLQJ




7KLVRSWLRQRIDQHZW\SHRIRSHUDWRUWKHVRFDOOHG6&63LVFRQWUDFWLQJKRXVHKROGVDQGRUJDQL]DWLRQVDQG
PDQDJHVWKHFKDUJLQJRIWKHLU(97KLVRSHUDWRUFRQVLGHUVWKH(9ORDGVKLIWLQJSRWHQWLDOVDQGFXUUHQWSULFH
VLJQDOVIURPHOHFWULFLW\PDUNHWV'HWDLOVDERXWWKHYDOXHSURSRVLWLRQRIWKH6&63DUHDYDLODEOHLQ(QVVOHQHW
DO  

6FDOH1RWUHOHYDQW3UHGRPLQDQWO\QRWUHOHYDQW5DWKHUQRWUHOHYDQW5DWKHUUHOHYDQW3UHGRPL
QDQWO\UHOHYDQW5HOHYDQW



$[HO(QVVOHQ7LOO*QDQQ-RDFKLP*ORELVFK3DWULFN3O|W]
3DWULFN-RFKHPDQG:ROI)LFKWQHU

HYHQWVLQD&2PLQLPL]LQJPDQQHUDQG  WKHSRVVLELOLW\WRXVH(96(RIRWKHU
RUJDQL]DWLRQVDUHVRPHZKDWOHVVLPSRUWDQWLHOHVVLPSRUWDQWWKDQ  $FFRUGLQJ
WRWKHUHVSRQGHQWV  LQGXFWLYHFKDUJLQJ  PRELOLW\JXDUDQWHHVDVZHOODV  
FRQVXOWLQJDFWLYLWLHVIRU(9LQIUDVWUXFWXUHDQGFDUSRROVDUHOHDVWLPSRUWDQW
DPRQJVWWKHVHUYLFHVFRQVLGHUHG$OWKRXJKVRPHVWDWLVWLFDOO\VLJQLILFDQWGLIIHU
HQFHVEHWZHHQWKHVHUYLFHVFRQVLGHUHGFRXOGEHREVHUYHGPRVWRIWKHPDUHRQ
DYHUDJHFRQVLGHUHGWREHUDWKHUUHOHYDQW,QRUGHUWRYHULI\ZKHWKHUWKHGLIIHUHQFHV
REVHUYHGLQLQGLYLGXDOV¶HYDOXDWLRQVLQWKHSDLUHGWWHVWVZRXOGDOVREHYDOLGLIWKH
VDPSOHVZHUHFRQVLGHUHGWREHLQGHSHQGHQWDGGLWLRQDOSDLUZLVHFRPSDULVRQVZLWK
DRQHZD\DQDO\VLVRIYDULDQFHZHUHFRQGXFWHG )   S 5H
VXOWVRIPXOWLSOHFRPSDULVRQWWHVWVDFFRUGLQJWR%RQIHUURQL FI7DEOHLQWKH
DSSHQGL[ VKRZVLJQLILFDQWGLIIHUHQFHVEHWZHHQVHUYLFHVDQGDQGVHUYLFHV
DQGDVZHOODVEHWZHHQVHUYLFHVDQG,WVKRXOGEHUHPDUNHGWKDWVHUYLFHV
DQGZHUHDFWLYHO\WHVWHGZLWKLQWKHSURMHFWVHUYLFHVDQGZHUHQRW7KLVFRXOG
LQGLFDWHWKDWDFWXDOO\H[SHULHQFLQJDVHUYLFHPLJKWFRQWULEXWHWRDQLQFUHDVHG
DFFHSWDQFHRIDVHUYLFH



:73IRUGLIIHUHQWVHUYLFHV

7ZRGLIIHUHQWW\SHVRIVHUYLFHVFDQEHGLVWLQJXLVKHG(PRELOLW\VHUYLFHVDFWLYHO\
WHVWHGGXULQJWKH*HWH5HDG\ILHOGWULDO VHUYLFHV DQGRWKHUHPRELOLW\
VHUYLFHVQRWDFWLYHO\WHVWHGLQWKHILHOGWULDO VHUYLFHV 
7DEOHLQWKHDSSHQGL[FRQWDLQVUHVXOWVIRUXVDJHIUHTXHQFLHVRIWKHFRQQHFWHG
FKDUJLQJVHUYLFHVWHVWHGZLWKLQWKHSURMHFWDQG7DEOHIRU:73DQGFRUUHVSRQG
LQJFRVWDVVXPSWLRQV$FFRUGLQJWRWKHUHVXOWVWKH:73SHUPRQWKDQGYHKLFOHWR
JHWDFFHVVWRWKH*HWH5HDG\FKDUJLQJQHWZRUN VHUYLFHIHH LVKLJKHUIRUPRVWRI
WKHSDUWLFLSDWLQJRUJDQL]DWLRQVWKDQWKHPRQWKO\FRVWV$FFRUGLQJWRWKHUHVXOWVWKH
SDUWLFLSDQWVFKDUJHWKH(9RQO\VFDUFO\DW(96(RIRWKHURUJDQL]DWLRQV+RZHYHU
WKH\IUHTXHQWO\FKDUJHWKHLU(9DWWKHLURZQFRQQHFWHG(96(7KH:73IRU
FKDUJLQJDWRZQ(96(RIPRVWRUJDQL]DWLRQVVHHPVDVKLJKDVWKHFXUUHQWFRVWV
&RVWDVVXPSWLRQVIRUDOORWKHUFRQQHFWHGFKDUJLQJVHUYLFHVSUHVHQWHGLQ7DEOH
DUHKLJKHUWKDQWKH:73RIPRVWRUJDQL]DWLRQV



:LOOLQJQHVVWR3D\IRU(0RELOLW\6HUYLFHV
$&DVH6WXG\IURP*HUPDQ\

 ǡWKH
FRQWUROIRUFKDUJLQJ(9LQFHQWLYL]HGE\VPDUWFKDUJLQJWDULIIVGLVFXVVHGLQWKLV
VWXG\LVKDQGHGRYHUWRWKH6&63ZKRLVVFKHGXOLQJWKHFKDUJLQJHYHQWVLQDFRVW
RU&2PLQLPL]LQJPDQQHULQRUGHUWRFRFUHDWHYDOXH
:73ZDVPHDVXUHGZLWKWKH9DQ:HVWHQGRUSPHWKRG 5HLQHFNHHWDO DQG
LVSUHVHQWHGLQ7DEOHLQWKHDSSHQGL[8VLQJWKH9DQ:HVWHQGRUSPHWKRGLV
DSSURSULDWHDVWKLVPHWKRGVXSSRUWVWRGHWHUPLQH:73IRULQQRYDWLYHVHUYLFHV
ZLWKXQNQRZQSULFHFRQFHSWLRQVDVZHOODVDVRIDUPLVVLQJFRPSHWLWLYHHQYLURQ
PHQW 5HLQHFNHHWDO $OORIWKHVHWKUHHFULWHULDDSSO\WRWKH6&63¶VYDOXH
SURSRVLWLRQ)XUWKHUPRUHWKH9DQ:HVWHQGRUSPHWKRGLVFRQVLGHUHGDVDYHU\
HIILFLHQWDOWHUQDWLYHWRGHWHUPLQHSULFHVWKDWKDVEHHQIUHTXHQWO\GLVUHJDUGHG
5HLQHFNHHWDO 7KHPHWKRGSHUPLWVWRGHWHUPLQHWKHORZHUERXQGDQGWKH
XSSWHUERXQGRIDQDFFHSWDEOHSULFHUDQJH)XUWKHUPRUHDQRSWLPDOSULFHSRLQW
ZKLFKLVPD[LPL]LQJWKHWXUQRYHUFDQEHGHWHUPLQHG&RPSDULQJWKHGLIIHUHQFH
EHWZHHQWKHLQGLIIHUHQFHSULFHSRLQWDQGWKHRSWLPDOSULFHSRLQWSHUPLWVWRGHULYH
HVWLPDWHVDERXWWKHSULFHVHQVLWLYLWLHVRIWKHSRWHQWLDOFXVWRPHUV/RZHUGLIIHU
HQFHVEHWZHHQWKHWZRSULFHSRLQWVLPSOLFDWHKLJKHUSULFHVHQVLWLYLWLHVRIWKH
SRWHQWLDOFXVWRPHUV 5HLQHFNHHWDO 
7KH6&63¶VWDULIIFRQVLVWVRIWZRSULFHOHYHOV D 7KHSULFHOHYHOIRUFKDUJLQJWKH
(9DVTXLFNO\DVSRVVLEOHWRJXDUDQWHHDPLQLPXPDPRXQWRIUDQJHVRWKDWWKH
(9FRXOGEHXVHGHJLQFDVHVRIHPHUJHQFLHV E 7KHSULFHOHYHOIRUFRQWUROOHG
(9FKDUJLQJRID6&63ZKRLVVFKHGXOLQJWKHFKDUJLQJHYHQWVLQDFRVWRU&2
PLQLPL]LQJPDQQHU
7KHUHVXOWVFRQFHUQLQJ:73IRUWKHWZRVPDUWFKDUJLQJWDULIIVSURYLGHGLQ7DEOH
LQFOXGHFRPSOHWHDQGFRQVLVWHQWDQVZHUVIURPIOHHWPDQDJHUV7KHUHVXOWV
LQGLFDWHWKDWWKHRUJDQL]DWLRQV¶IOHHWPDQDJHUVDUHZLOOLQJWRSD\VRPHZKDWOHVV
IRUWKHHQHUJ\FKDUJHGGXULQJWKHWLPHWKH\DUHKDQGLQJRYHUFRQWURORIWKHFKDUJ
LQJSURFHVVWRWKH6&63LIWKH6&63PLQLPL]HVFRVWV ܾଵ FRPSDUHGWRDVLQJOH
SULFHOHYHOVWDWHRIWKHDUWUHIHUHQFHWDULIIZLWKRXWFRQWUROOHG(9FKDUJLQJ+RZ
HYHUWKHSULFHOHYHOVIRUWKHWZRWDULIIVGRQRWGLIIHUVLJQLILFDQWO\ 7DEOHLQWKH
DSSHQGL[ 2QWKHRWKHUKDQGWKH\DUHZLOOLQJWRSD\PRUHFRPSDUHGWRWKHUHIHU
HQFHWDULIILIWKHFKDUJLQJHYHQWVDUHVFKHGXOHGE\WKH6&63LQDQHQYLURQPHQWDO


$[HO(QVVOHQ7LOO*QDQQ-RDFKLP*ORELVFK3DWULFN3O|W]
3DWULFN-RFKHPDQG:ROI)LFKWQHU

O\IULHQGO\LHLQD&2PLQLPL]LQJPDQQHU ܾଶ 3DLUHGWWHVWVVKRZWKDWWZRRI
WKHIRXUSULFHFXUYHVPHDVXUHGGLIIHUVLJQLILFDQWO\ 7DEOH )XUWKHUPRUHUH
VSRQGHQWVDUHDOVRZLOOLQJWRSD\DSUHPLXPVRWKHLU(9LVGLUHFWO\FKDUJHGXSWR
DQLQGLYLGXDOPLQLPXPUDQJHWKUHVKROGDIWHULWZDVSOXJJHGLQ3DLUHGWWHVWV
VKRZWKDWVLJQLILFDQWGLIIHUHQFHVFRXOGEHREVHUYHGLQWKUHHRIWKHIRXUSULFH
FXUYHVPHDVXUHG 7DEOH 



&RQFOXVLRQOLPLWDWLRQVDQGRXWORRN

:HVKRZHGWKDWWKHFRQQHFWHGFKDUJLQJVHUYLFHVRIIHUHGDQGWHVWHGZLWKLQWKH*HW
H5HDG\SURMHFWDUHUHOHYDQWWRIOHHWPDQDJHUVLQPRVWRIWKHSDUWLFLSDWLQJRUJDQL
]DWLRQV+RZHYHURXUUHVXOWVVHHPDPELJXRXVKHUH2QWKHRQHKDQGIOHHWPDQ
DJHUVVWDWHWKDWFRQQHFWHGFKDUJLQJVHUYLFHVDUHUHOHYDQWWRWKHPSDUWLFXODUO\WKH
SRVVLELOLW\WRSURYLGHWKHLURZQ(96(WRRWKHURUJDQL]DWLRQV2QWKHRWKHUKDQG
ZHREVHUYHRQO\VSRUDGLFXVDJHRILQWHURUJDQL]DWLRQDOFKDUJLQJDFWLYLWLHV+HQFH
WKHFRQQHFWHGFKDUJLQJVHUYLFHVWHVWHGZLWKLQWKLVFDVHVWXG\PD\EHLQWHUSUHWHGDV
DQ³LQVXUDQFH´IRUWKH(9XVHUV)XUWKHUPRUHQRWRQO\WKHHPRELOLW\VHUYLFHV
WHVWHGZLWKLQ*HWH5HDG\DUHUHOHYDQWWRIOHHWPDQDJHUVEXWDOVRVPDUWHQHUJ\
VHUYLFHVLHFRQWUROOHG(9FKDUJLQJE\D6&63)RUWKLVUHDVRQZHUHFRPPHQG
WRH[SDQGWKHH[LVWLQJ*HWH5HDG\SURGXFWVHUYLFHV\VWHPRIIHULQJE\VPDUWHQHU
J\VHUYLFHV7KLVZRXOGVWUHQJWKHQWKHDUJXPHQWVIRUFRQQHFWHGFKDUJLQJLQIUD
VWUXFWXUHVROXWLRQVDVWKHVHIRUPWKHEDVLVIRUDGGLWLRQDOVPDUWFKDUJLQJDFWLYLWLHV
+RZHYHUWKHUHVXOWVFRQFHUQLQJ:73IRUVPDUWFKDUJLQJWDULIIVSURYLGHGE\D
6&63FDQEHVFUXWLQL]HGDVIOHHWPDQDJHUVFRPHIURPRUJDQL]DWLRQVYDU\LQJLQ
VL]HDQGLQWHUQDWLRQDOL]DWLRQ(OHFWULFLW\FRVWVSHUN:KPLJKWYDU\ODUJHO\EH
WZHHQWKHRUJDQL]DWLRQV
)XWXUHZRUNFRXOGIRFXVRQDQDO\]LQJFRVWVDQGEHQHILWVRIVHUYLFHV\VWHPVFRQ
VLVWLQJRI(9(96(DQGFRUUHVSRQGLQJVHUYLFHVLQRUGHUWRSURYLGHDQDQVZHUWR
WKHTXHVWLRQZKHWKHURIIHULQJVXLWDEOHVHUYLFHV\VWHPVFDQEHVXSSRUWLYHWR(9
DGRSWLRQ)XUWKHUPRUHDFFHSWDQFHLQRUJDQL]DWLRQVIRUFRQWUROOHG(9FKDUJLQJLQ
IOHHWVVKRXOGEHVWXGLHGPRUHSURIRXQGO\
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Abstract
The increasing availability of detailed inpatient data is enabling the development of data-driven approaches to provide novel insights for the management
of Length of Stay (LOS), an important quality metric in hospitals. This study
examines clustering of inpatients using clinical and demographic attributes to
identify LOS outliers and investigates the opportunity to reduce their LOS
by comparing their order sequences with similar non-outliers in the same
cluster. Learning from retrospective data on 353 pediatric inpatients admitted for appendectomy, we develop a two-stage procedure that ﬁrst identiﬁes a
typical cluster with LOS outliers. Our second stage analysis compares orders
pairwise to determine candidates for switching to make LOS outliers similar to non-outliers. Results indicate that switching orders in homogeneous
inpatient sub-populations within the limits of clinical guidelines may be a
promising decision support strategy for LOS management.
Keywords: Machine Learning; Clustering; Health Care; Length of Stay

Email addresses: gartnerd@cardiff.ac.uk (Daniel Gartner), rpadman@cmu.edu
(Rema Padman)



/HQJWKRI6WD\2XWOLHU'HWHFWLRQWKURXJK&OXVWHU
$QDO\VLV$&DVH6WXG\LQ3HGLDWULFV

1. Introduction
Length of Stay (LOS) is an important quality metric in hospitals that has
been studied for decades Kim and Soeken (2005); Tu et al. (1995). However,
the increasing digitization of healthcare with Electronic Health Records and
other clinical information systems is enabling the collection and analysis of
vast amounts of data using advanced data-driven methods that may be particularly valuable for LOS management Gartner (2015); Saria et al. (2010).
When patients are treated in hospitals, information about each individual is
necessary to perform optimal treatment and scheduling decisions, with the
detailed data being documented in the current generation of information systems. Recent research has highlighted that resource allocation decisions can
be improved by scheduling patient admissions, treatments and discharges at
the right time Gartner and Kolisch (2014); Hosseinifard et al. (2014) while
machine learning methods can improve resource allocation decisions and the
accuracy of hospital-wide predictive analytics tasks Gartner et al. (2015a).
Thus, using data-driven analytic methods to understand length of stay (LOS)
variations and exploring opportunities for reducing LOS with a speciﬁc focus
on LOS outliers is the goal of this study.
Using retrospective data on 353 inpatients treated for appendectomy at a
major pediatric hospital, we ﬁrst carry out a descriptive data analysis and
test which (theoretical) probability distribution best ﬁts our length of stay
data. The results reveal that our data matches observations from the literature. In a ﬁrst stage cluster analysis, we identify one potential outlier
cluster while a descriptive analysis using box plot comparisons of this cluster
vs. the union of patients assigned to all other clusters supports this hypothesis. In a second clustering stage, we analyse the patient sub-population who
belongs to that outlier cluster and provide order prescription behaviour insights. More speciﬁcally, on a pairwise comparison, we describe which orders
are likely to be selected in the outlier population vs. ones that are deselected
in the non-outlier population and vice versa. Our ﬁndings reveal that four
order items are not prescribed in the outlier population while in the nonoutlier sub-population, these orders were prescribed. On the other hand,
51 orders were prescribed for the outlier patients which are not enabled in
the non-outlier population. These novel data-driven insights can be oﬀered
as suggestions for clinicians to apply new evidence-based, clinical guidelinecompliant opportunities for LOS reduction through healthcare analytics.
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2. Related Work

Clustering algorithms and other machine learning approaches are discussed in
Baesens et al. (2009); Jain (2010); Meisel and Mattfeld (2010); Olafsson et al.
(2008) including an overview of operations research (OR) techniques applied
to data mining. Mathematical programming and heuristics for clustering
clinical activities in Healthcare Information Systems has been applied in
Gartner et al. (2015b) while the identiﬁcation of similar LOS groups has
been studied by El-Darzi et al. (2009). Similar to our problem, the authors
study the application of approaches to cluster patient records with similar demographic and clinical conditions. Using a stroke dataset, they compare the
performance of Gaussian Mixture Models, k-means clustering and a two-step
clustering algorithm. Determining cluster centers for patients in the Emergency Department (ED) is studied by Ashour and Okudan Kremer (2014).
Having deﬁned similar patient clusters, they study the improvement on patient routing decisions based on the clusters. Similarly, Xu et al. (2014)
focuses their clustering problem on the ED. Their objective is to cluster patients to resource consumption classes determined by length of treatment
while patient demographics are taken into consideration.
The approaches proposed in our paper can be categorized and diﬀerentiated
from the literature of clustering in length of stay management as follows:
Using a descriptive data analysis we provide an overview about the characteristics of our length of stay data. Fitting several distribution types and parameters of the theoretical probability distribution, we underline the skewed
property of the probability distribution from our data. In a next step, we
deﬁne homogeneous patient groups with respect to demographic, clinical attributes and length of stay outliers. Having learned homogeneous groups
of inpatients, we evaluate patient orders within the group that potentially
contains length of stay outliers and may be responsible for increasing LOS in
that group. In conclusion, this study may be considered to be the ﬁrst to link
the discovery of similar clinical and demographic attributes in appendectomy
inpatients while, within length of stay outlier clusters, we evaluate possibilities for switching of orders and how they potentially reduce the number of
LOS outliers.
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3. Methods
Let P denote a set of individuals (hospital inpatients) and let K denote the set
of clusters to which these individuals can be grouped. For each inpatient p ∈
P, we observe a set of attributes A during the patient’s LOS. Let Va denote
the set of possible values for attribute a ∈ A and let vp,a ∈ Va denote the
value of attribute a for inpatient p. In the following, we will describe how we
label patients as LOS outliers, followed by a two-stage clustering approach:
The ﬁrst stage assigns patients’ attributes to homogeneous clusters while
clusters with high likelihood to contain LOS outliers can be identiﬁed. In a
second stage, we ﬁlter patients assigned to these clusters and evaluate which
patient orders may be switched to reduce length of stay in the LOS outlier
patient sub-population. The section closes with an illustrative example.
Given the observed LOS of patient p ∈ P, denoted by lp , the 25 and 75 percentile of the LOS distribution denoted by q 25 and q 75 , respectively then we
assign a patient the ﬂag “outlier” using the following expression (Pirson et al.
(2006)):

op =

1,
0,

if lp > q 75 + (1.5 · (q 75 − q 25 ))
.
otherwise

(1)

Now, let Adem denote the set of binary demographic attributes and let
va,p ∈ {0, 1} denote the attribute value of demographic attribute a ∈ Adem
of patient p ∈ P. Let K := {1, 2, . . . , K} be a set of integers with maximum
K which will be used for cluster indexing. Our objective is to ﬁnd cluster
centers of patient attributes in order to minimize deviations of each patient’s
attribute values with the ones of the cluster centres. One algorithm that minimizes this objective is the k-means clustering algorithm Jain (2010). The
algorithm is a method of vector quantization. It seeks to partition observations into clusters in which each observation belongs to the cluster with the
nearest mean which serves as a prototype of the cluster.
Once we have found patients with similar clinical, demographic and LOS
characteristics, we wish to separate patients within the cluster that has the
highest likelihood to contain LOS outliers. In this stage, we extract patients
with these attributes and evaluate the order prescription behaviour for these
patients between outliers and the false positively clustered outliers which actually belong to the group of non-outliers. Orders prescribed by clinicians to
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patients are, for example, the application of drugs, examinations and therapies. Having determined patients with high likelihood of belonging to the
oﬀ → on
group of outliers, we introduce a set Ao,
for cluster k ∈ K which allows
k
experts to evaluate orders which were switched oﬀ for outlier patients and
oﬀ → on
:=
were switched on for non-outlieres. The set is determined by Ao,
k
order
out
{a ∈ A
|va,p∗ (p) − va,p = 1 ∀k ∈ K, p ∈ Pk }. Similarly, we introduce
o, on → oﬀ
:= {a ∈ Aorder |va,p∗ (p) − va,p = −1 ∀k ∈ K, p ∈ Pkout } to
the set Ak
analyze which orders were given to LOS outlier patients while the reference
patient didn’t receive the order.
4. Results
The data for this study were obtained from a pediatric hospital in Pittsburgh. |P| = 353 appendectomy patients were hospitalized for, on average,
for 78.968 hours. Important variables extracted from the data warehouse
include, among others, diagnosis codes, gender, age and 636 unique orders
that were entered using Computerized Physician Order Entry. All patientidentiﬁable health information was removed to create a de-identiﬁed dataset
for this study.
A histogram of the LOS distribution including a Gaussian kernel density
curve is shown in Figure 1(a). We used Equation (1) to determine the outlier LOS threshold op which is 229.140 hours. The ﬁgure reveals a skewed
distribution with a density maximum at the ﬁrst interval. Another observation is a large proportion of patients after the outlier LOS threshold. A
boxplot of the LOS is shown in Figure 1(b). One can observe that the median
is very close to the ﬁrst quartile and some LOS outliers can be observed after
the 95 percentile.
To investigate whether a parametric model may be used to ﬁt the data, we
ran experiments with 9 distributions such as Beta, Log-normal, Weibull and
Erlang. Our results revealed that the Beta distribution results in the best
ﬁt with respect to the squared error between the empirical and the best
theoretical distribution. The log-normal distribution ﬁts second best and its
results of the ﬁtting process will be analysed in more detail: Both the ChiSquare (CS) and the Kolmogorov-Smirnov (KS) test resulted in p < 0.01
while the CS-test run with 7 intervals and 4 degrees of freedom resulted
in a p < 0.005. The optimal parameters of the (theoretical) log-normal
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Figure 1: LOS distribution (a), LOS box plot (b) clustered patients’ LOS (c)

distribution’s expected value and variance come up to μ = 72 and σ 2 =
123, respectively with a LOS-intercept of 14 (hours) based on the empirical
minimum LOS value. Using this distribution to ﬁt our data, the squared
error comes up to 0.137. The result that the log-normal distribution ﬁts
very well is not surprising and conﬁrms assumptions from the literature, see
Min and Yih (2010).
In our ﬁrst stage clustering, we varied the number of k until we reached
a cluster in which the outlier ﬂag was present. The ﬁrst cluster was k =
13. The clinical and demographic information are shown in Table 1(a) and
a summary statistics is shown in Table 1(b). The table shows that ICD9 code 540.1 – ‘Acute appendicitis with peritoneal abscess’, an emergency
type of 4, a moderate APR DRG severity and ‘laparoscopic appendectomy’
are the attributes in which outlier patients are most likely to be present.
Figure 1(c) shows a LOS boxplot of patients of which the demographic and
clinical attributes belong to this cluster vs. all other patients. In a second
stage, we clustered based on orders to determine the switching patterns.
Again, we run the k-means algorithm and now want to discover diﬀerences
in the prescription of orders. We came up with two clusters with a total
number of 306 orders. Table 1(d) shows the results of the second stage
clustering. The table reveals that the number of orders more than doubles
from cluster k = 2 to cluster k = 1. One explanation for this phenomenon
is that the length of stay is longer and therefore more orders are likely to
be prescribed to patients. Another observation is that in cluster k = 2 the
LOS more than triples as compared to cluster k = 1. Now, comparing both
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on → oﬀ
clusters, we observed |Ao,
| = 52 occurrences with a switch from on-oﬀ
13
oﬀ → on
while a oﬀ-on was only observed |Ao,
| = 4 times. In the latter case,
13
we predominantly observed order switches in drug and diet prescriptions.

A

Number of Data Points
Min Data Value
Max Data Value
Sample Mean
Sample Std Dev
1st quartile
2nd quartile
3rd quartile

va

Diagnosis code
Emergency type
APR DRG Severity
Laparoscopic appendectomy

540.1
4
Moderate
yes

(a)

17
47.7
730
178.9
156.5
88.5
137.2
190.4

(b)
Number of Data Points
Min Data Value
Max Data Value
Sample Mean
Sample Std Dev
1st quartile
2nd quartile
3rd quartile

336
14.5
424.9
73.9
66.7
32.2
43.7
109.1

cluster

#orders on

#orders oﬀ

Mean LOS

k=1
k=2

90
42

216
264

371.6
119.7

(d)

(c)
Table 1: Outlier cluster k = 13 (a), its summary statistics (b) and summary statistics of
patients not belonging to it (c) and order switchings after the 2nd stage clustering (d)

As a consequence of our study, if we assume that the patient population in
cluster k = 2 could be moved towards the patient population in cluster k = 1
through order switching, we can determine a lower LOS bound. Applied to
our dataset, the total length of stay could be reduced from 78.97 to 76.11
hours which equals to a 3.8% LOS reduction. In practice and to create a
decision support tool which involves clinicians, similar reference patients may
be presented to a clinician when treating each particular patient. A clinician
may then decide to what extent order switching is appropriate within the
limits of clinical guidelines.
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5. Summary and Conclusions
In this paper, we have developed a clustering approach of patients for the
management of length of stay outliers for pediatric appendectomy. We provided a two-stage clustering method to cluster patients based on similar
clinical, demographic and length of stay characteristics and applied it to a
data set including more than 350 patients. We retrieved a cluster of patients
in which LOS outliers are likely to occur. In a second stage, we compared order prescription for LOS outliers with the ones for patients who have similar
clinical and demographic characteristics but are non-outlier patients. Future
work will extend this work towards the LOS outlier management of chronic
conditions such as asthma and to incorporate clinicians’ feedback into our
methods.
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$0DFKLQH/HDUQLQJ$SSURDFKIRU %UDLQ7LVVXH
5HFRJQLWLRQRI+XPDQ%UDLQ6OLFH,PDJHV
-LDZHL&XLFXLMLDZHL\HV#JPDLOFRP.,7
3ODPHQ.LUDGMLHYNLUDGMLHY#GHLEPFRP,%0
-RKDQQHV.XQ]HYRQ%LVFKKRIIVKDXVHQNXQ]HYE#GHLEPFRP.,7,%0

$EVWUDFW
7KLVZRUNSUHVHQWVD0DFKLQH/HDUQLQJ 0/ DSSURDFKIRUFODVVLI\LQJDUHDVRIEUDLQ
WLVVXHLQDVWDFNRIKLJKUHVROXWLRQKXPDQEUDLQVOLFHLPDJHV&RPSDUHGZLWK VWDQG

DUG LPDJH VHJPHQWDWLRQV DOJRULWKPV WKLV 0/ DSSURDFK SURYLGHV PRUH UHOLDEOH
UHVXOWVE\FRQFHQWUDWLQJRQSL[HOFODVVLILFDWLRQ7KHSUHVHQWHG0/DSSURDFKLVIRXU
IROG )LUVW IRXU IHDWXUH H[WUDFWLRQ PHWKRGV ZHUH GHYHORSHG WR H[WUDFW IHDWXUHV DV D
EDVLVIRUWKHFODVVLILFDWLRQSURFHGXUH6HFRQGWZRIHDWXUHVHOHFWLRQDSSURDFKHVZHUH
GHYHORSHG DQG LPSOHPHQWHG LQ RUGHU WR FRQVWUXFW IHDWXUH YHFWRUV 7KLUG 5DQGRP
)RUHVW 5)  1HXURQDO 1HWZRUNV 11  DQG D QRYHO HQVHPEOH 0HWD FODVVLILHU FRQ
VWUXFWHGE\GLIIHUHQWPXOWLOD\HUSHUFHSWURQ 0/3 ZHUHLPSOHPHQWHGLQRXUFODVVLILHU
FRQVWUXFWLRQ SURFHGXUH )LQDOO\ D SRVWSURFHVVLQJ PHWKRG EDVHG RQ JUDSK FXW DOJR
ULWKPZDVXVHGWRHQIRUFHDVPRRWKHUFODVVLILFDWLRQUHVXOWLQWRFRKHUHQWUHJLRQV7KLV

SDSHU GHWDLOV WKH IHDWXUH H[WUDFWLRQ SDUW DQG LOOXVWUDWHV LWV DSSOLFDWLRQ FRQFHLYLQJ
LQLWLDOUHVXOWVRIDVPDOOVXEVHWRIEUDLQVOLFHV



,QWURGXFWLRQ



3UREOHPGHILQLWLRQ UHVHDUFKTXHVWLRQV

7KH EDVLV RI WKH SUHVHQWHG ZRUN LV D VWDFN RI FRORUHG 5*%  LPDJHV WDNHQ GXULQJ
KLVWRORJLFDOVHFWLRQLQJRIDWLVVXHEORFNIURPDSRVWPRUWHPKXPDQEUDLQ7KHWLVVXH
EORFN ZDV IUR]HQ DW & DQG FXW LQWR  VOLFHV HDFK  ȝP WKLFN ,PDJHV ZHUH
WDNHQULJKWDIWHUWKHH[WUDFWLRQRIHDFKLQGLYLGXDOVOLFHXVLQJDKLJKUHVROXWLRQLQGXV



-LDZHL&XL3ODPHQ.LUDGMLHYDQG-RKDQQHV.XQ]HYRQ%LVFKKRIIVKDXVHQ
-LDZHL
&XL 3ODPHQ .LUDGMLHY DQG -RKDQQHV .XQ]H YRQ %LVFKKRIIVKDXVHQ
'DQLHO*DUWQHUDQG5HPD3DGPDQ

WU\JUDGH FDPHUD %RWK WKH KLVWRORJLFDO SURFHVVLQJ DQG LPDJH FROOHFWLRQ KDV EHHQ
FDUULHG RXW LQ WKH ODE RI 3URI .DWULQ $PXQWV DW WKH ,QVWLWXWH RI 1HXURVFLHQFH DQG

0HGLFLQH ,10 DW5HVHDUFK&HQWHU-XHOLFKLQ*HUPDQ\$W,10VXFK³EORFN
IDFH´LPDJHVDUHVXFFHVVIXOO\UHFRQVWUXFWHGLQWRFRQVLVWHQW'YROXPHVDQGXVHG
DV UHIHUHQFH GDWD IRU WKH VLJQLILFDQWO\ PRUH GLIILFXOW ' UHFRQVWUXFWLRQ RI WKH
VXEVHTXHQWKLVWRORJLFDOVFDQVWKDWW\SLFDOO\VXIIHUIURPQRQOLQHDUGLVWRUWLRQVDQG
DUWLIDFWV6XFK'UHFRQVWUXFWLRQVSOD\DQLPSRUWDQWUROHLQWKH(8)(7IODJVKLS
³+XPDQ%UDLQ3URMHFW´
'XHWRWKHODFNRIFRQWUDVWEHWZHHQWKHVHFWLRQLQJSODQHDQGWKHDGMRLQLQJXQGHU
O\LQJEUDLQVXUIDFHVWDQGDUGLPDJHVHJPHQWDWLRQVDOJRULWKPVRIWHQSURGXFHXQUH
OLDEOHUHVXOWVIRUWKLVNLQGRIGDWD7KHUHIRUHQHXURVFLHQWLVWVLQ-XHOLFKKDYHVSHQW
VLJQLILFDQWPDQXDOHIIRUWWRVHJPHQWWKHVHFWLRQDOSODQHVRIEUDLQWLVVXHPDQXDOO\

)LJXUH,PDJHUHVVRXUFHRIVOLFH

,QRUGHUWRUHGXFHWKHPDQXDOHIIRUWIRU PDUNLQJDUHDVRIEUDLQWLVVXHD0/DS
SURDFKQHHGVWREHGHYHORSHG6LQFHWKHPDQXDOO\ODEHOHGGDWDKDVEHHQSURYLGHG
WRJHWKHU ZLWK WKH LPDJHV ,10 LV SDUWLFXODUO\ DEOH WR LQYHVWLJDWH VXSHUYLVHG
OHDUQLQJWHFKQLTXHVWRVROYHWKHSUREOHP%DVHGRQVXSHUYLVHGOHDUQLQJWHFKQLTXHV
,10VKRXOGEHDEOHWRVHJPHQWIXWXUHGDWDVHWVEDVHGRQDVPDOOVDPSOHRIPDQ
XDOO\PDUNHGLPDJHVHFWLRQVDVWUDLQLQJGDWD%DVHGRQWKHWUDLQHGPRGHO,10
VKRXOG EH DEOH WR DXWRPDWLFDOO\ VHJPHQW WKH UHPDLQLQJ LPDJHV E\ FODVVLI\LQJ
SL[HOVRIVOLFHLPDJHLQWRWZRFODVVHVRQHLGHQWLI\LQJDSL[HODVSDUWRIWKHVHF
WLRQLQJ SODQH DQG WKH RWKHU DVVRFLDWLQJ LW WR WKH EDFNJURXQG )LJXUH   /HIW
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LPDJH LV WKH RULJLQDO EUDLQ VOLFH LPDJH 2Q WKH LV WKH ³EORFNIDFH´ LPDJH ZKLFK
SURYLGHVODEHOGDWD 



0HWKRGRORJ\

7KLVSURMHFWLVDFROODERUDWLYHSURMHFWRI.,7,%0DQG,10DWWKH6PDUW'DWD
,QQRYDWLRQ /DE 6',/  ZKLFK LV DQLQLWLDWLYH LQWHQGHGIRU FXWWLQJHGJH UHVHDUFK
LQ WKH DUHD RI GDWD HQJLQHHULQJ ,10 SOD\V D UROH DV GDWD VSRQVRU DQG SURSRVH
UHTXLUHPHQWV.,7DFDGHPLFVMRLQWO\FRQGXFWHGWKLVUHVHDUFKSURMHFWZLWKVXSSRUW
RI,%0SURYLGHGVRIWZDUHDQGLQIUDVWUXFWXUH )LJXUH 

)LJXUH&RQVRUWLXPRIVPDUWEUDLQSURMHFW



7UDLQLQJ7HVWLQJVWUDWHJ\

6WUDWHJ\ RI WUDLQLQJ DQG WHVWLQJ ODLG WKH EDVLV IRU HDFK 0/ SURMHFW ,Q RUGHU WR
LPSURYHWKHDFFXUDF\RIPRGHOVFODVVLILHUVOHDUQHGE\DFHUWDLQVOLFHDUHXVHGIRU
FODVVLILFDWLRQRIQHLJKERULQJVOLFHV:HGHILQHWKHGLVWDQFHEHWZHHQWZRWUDLQLQJ
VOLFHDVVFRSH1QXPEHURIWUDLQLQJVOLFHQHHGHGLV17UDLQLQJVOLFHVPXVWEH
PDQXDOO\ VHJPHQWHG D ODUJHYDOXHRIVFRSHQHHGV OHVVVOLFHV IRU WUDLQLQJZKLFK
UHGXFLQJPDQXDOZRUNREYLRXVO\,QRUGHUWREDODQFHDFFXUDF\DQGPDQXDOZRUN
VFRSHGLVWDQFHLVVHWDV&RQVHTXHQWO\RQO\SHUFHQWRIVOLFHVQHHGWREHPDQ
XDOVHJPHQWHGE\,10
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$VDQH[DPSOHJLYHQWUDLQLQJVOLFHVVOLFHDQGVOLFHWHVWLQJVFRSHRIVOLFH
LVIURPVOLFHWRVOLFH2XUILQDOJHQHUDWHGLPDJHVRIVOLFHWRVOLFH
DUHFUHDWHGE\FODVVLILHUVZKLFKWUDLQHGE\VOLFHDQGVOLFHLQGLYLXDOO\



)HDWXUHH[WUDFWLRQ

(DFKSL[HO LVGHVFULEHGE\5*%YDOXHV DVDEDVLVIRUIHDWXUHH[WUDFWLRQ :HGH
YHORSHG IRXU IHDWXUH H[WUDFWLRQ PHWKRGV ZKLFK DUH SUHVHQWHG LQ WKH IROORZLQJ
ZLWKDQHPSKDVLVRQWKHGHYHORSHGPHWKRGEDVHGRQ/&+DQGOLQHDUUHJUHVVLRQ
)LUVWH[WUDFWLRQPHWKRGLVILOWHUEDVHGH[WUDFWLRQPHWKRG:HXWLOL]HWKUHHSRSXODU
GHQRLVLQJILOWHUVWRGHVFULEHFRQWH[WLQIRUPDWLRQRISL[HOLH*DXVVLDQILOWHUDQG
WZRHGJHSUHVHUYLQJILOWHU%LODWHUDOILOWHUDQG7RWDO9DULDWLRQILOWHU &7RPDVLHWDO
 ,YDQ : HW DO   6HFRQG PHWKRG LV WKH SUHVHJPHQWDWLRQ H[WUDFWLRQ
PHWKRG:HDSSHQGWKUHHDGGLWLRQDOLPDJHFKDQQHOVZLWKKHOSRI+DHPDWR[\OLQ
(RVLQ'$%FRORUVSDFH 5XLIURN$&HWDO 1H[WIHDWXUHVHOHFWLRQPHWKRGLV
XVHGWRHPSKDVLVHGJHSL[HO+LVWRJUDPVRIRULHQWHGJUDGLHQWV +2* DQGLPDJH
HQWURS\DUHFKRVHQWRLPSOHPHQWWKLVH[WUDFWLRQPHWKRG 'DODO1HWDO50
+DUDOLFNHWDO 
/DVWIHDWXUHH[WUDFWLRQPHWKRGLVEDVHGRQ/&+DQGOLQHDUUHJUHVVLRQ0DLQLGHD
RIWKLVPHWKRGLVLQVSLUHGE\VLJQDOSURFHVVLQJPHWKRG/&+JHQHUDWHVUHGJUHHQ
EOXH VLJQDOV RI SL[HO E\ VXPPDUL]LQJ LQIRUPDWLRQ RI DOO SL[HOV ZLWKLQ WKH /&+
ZLQGRZ,QGHHGXQLTXHQHVVRIVLJQDOVLQGXFHVREYLRXVGLIIHUHQFHEHWZHHQVLPL
ODUSL[HOVZKLFKPHHWWKHPRWLYDWLRQRIHQKDQFLQJWKHGLIIHUHQFHEHWZHHQVLPLODU
SL[HOVWKXVLPSURYLQJGHVFULSWLYHDELOLW\RIIHDWXUHV )LJXUH 
)RU HDFK SL[HO ZH XVH D /&+ ZLQGRZ WR H[WUDFW FRQWH[W LQIRUPDWLRQ LH WKH
FHQWHURIWKLVZLQGRZLVWKHSL[HOZHFDOFXODWHGIRU$OOWKHSL[HOVLQWKLVZLQGRZ
VHUYHIRUSURYLGLQJ FRQWH[W LQIRUPDWLRQ RI WKLV FHQWUDOSL[HO6FDOHRI /&+ZLQ
GRZLVDFULWLFDOSDUDPHWHUIRUWKHTXDOLW\RIIHDWXUHVVLQFHOHQJWKRIWKLVZLQGRZ
GHWHUPLQHVWKHVFRSHRIFRQWH[WLQIRUPDWLRQZHFDOFXODWHGZLWK:HVHWZLGWK [¶ 
DQGOHQJWK \¶ RIRXU/&+ZLQGRZDVZLWKFRQVLGHUDWLRQRIERXQGDU\OLPLWD
WLRQV LH IRU HDFK SL[HO ZH XWLOL]H    SL[HOV WR H[WUDFW FRQWH[W LQ
IRUPDWLRQ,QVKRUWZHWUDQVODWHIHDWXUHH[WUDFWLRQRISL[HOWRIHDWXUHH[WUDFWLRQRI
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VLJQDOV XQGHU WKH DVVXPSWLRQ WKDW IHDWXUHV GHVFULEH WKH VLJQDOV HIILFLHQWO\ DOVR
GHVFULEHSL[HOVHIILFLHQWO\
,QWXLWLYHO\WKHSHDNVRIHDFKVLJQDOFDQEHUHJDUGHGDVIHDWXUHV:HGHYHORSHGD
SHDNILQGLQJDOJRULWKP LQWHUSRODWH DQGH[WUDFWWKHPD[LPDOYDOXHDQGLQWHUSRODWH
FHQWUDO RI SHDNV DV IHDWXUHV ,QVWHDG RI PHDQ YDOXH RI VLJQDO ZH H[WUDFW PHGLD
YDOXHIRUIHDWXUHVZLWKFRQVLGHUDWLRQRIQRQUHSHDWDELOLW\:LWKWKHKHOSRI'LV

)LJXUH5HGJUHHQEOXHVLJQDOVRIVLPLODUSL[HOV

FUHWH)RXULHU7UDQVIRUPDWLRQZHXWLOL]HWKHPHDQDPSOLWXGHRIDVSHFLILFIUHTXHQ
F\EDQGVDVIHDWXUH,QFRQFOXVLRQZLWKGHVFULEHGDSSURDFKHVZHH[WUDFWIHD
WXUHVIRUUHGJUHHQEOXHVLJQDOV
)HDWXUHV H[WUDFWHG IURP ORFDO WZR FRORU VSDFH FRRUGLQDWH V\VWHP DUH EDVHG RQ
OLQHDU UHJUHVVLRQ 'LVFULPLQDWLQJ RI OLQHDU UHJUHVVLRQ OLQH RI HDFK SL[HO PDNH LW
SODXVLEOHWKDWIHDWXUHVH[WUDFWHGIURPOLQHDUUHJUHVVLRQFDQ EHVHUYHGDVHIILFLHQW
IHDWXUHV$OLQHDUUHJUHVVLRQOLQHFDQEHGHVFULEHGH[DFWO\ZLWKRQO\WZRYDOXHVRU
UDWHUVORSHDQGLQWHUFHSW)RUHDFKSL[HOZHH[WUDFW  IHDWXUHVE\LPSOHPHQW
WKLVDSSURDFK )LJXUH 
:HUHJDUGWKHGLPHQVLRQRIZLGWKRILPDJHOHQJWKRILPDJHDQGVOLFHVWDFNDV[
\]FRRUGLQDWHV\VWHP)URPWKH[\SODQHZHH[WUDFWHGIHDWXUHVZLWKZLQGRZ
VL]H   )RU [] DQG [\ SODQH ZH H[WUDFW DOVR  IHDWXUHV ZLWK   DV
ZLQGRZVL]HUHVSHFWLYHO\
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&XL 3ODPHQ .LUDGMLHY DQG -RKDQQHV .XQ]H YRQ %LVFKKRIIVKDXVHQ
'DQLHO*DUWQHUDQG5HPD3DGPDQ

)LJXUH/LQHDUUHJUHVVLRQRIWZRVLPLODUSL[HOV

5HGJUHHQEOXHYDOXHV DUHUHJDUGHGDVEDVLFIHDWXUHV:HH[WUDFWHGDQRWKHU
IHDWXUHVEDVHGRQUHGJUHHQEOXHYDOXHVIHDWXUHVDUHH[WUDFWHGE\ILOWHUEDVHG
IHDWXUHH[WUDFWLRQDOJRULWKPIHDWXUHVDUHH[WUDFWHGE\SUHVHJPHQWDWLRQH[WUDF
WLRQ PHWKRG  IHDWXUHV DUH H[WUDFWHG E\ HGJH LQWHQVLI\ H[WUDFWLRQ PHWKRG /&+
SURYLGHPRVWRIWKHIHDWXUHVIURPSODQHVZHH[WUDFWHGIHDWXUHV 7DEOH 
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7DEOH2YHUYLHZRIIHDWXUHV



)HDWXUHVHOHFWLRQ

,QFRQVLGHUDWLRQRIORVVRULJLQDOIHDWXUHLQIRUPDWLRQZLGHO\XVHGGLPHQVLRQUHGXF
WLRQ PHWKRGV VXFK DV 3&$ $XWRHQFRGHU DUH QRW DSSOLHG ,QVWHDG WZR IHDWXUH
VHOHFWLRQDSSURDFKHVDUHDGRSWHG)HDWXUHILOWHUPHWKRGLVLPSOHPHQWHGEDVHGRQ
VWDWLVWLFDO WHVW RI WKH DQDO\VLV RI YDULDQFH $129$  ZLWK )6FRUH DV UDQNLQJ



$0DFKLQH/HDUQLQJ$SSURDFKIRU%UDLQ7LVVXH
5HFRJQLWLRQRI+XPDQ%UDLQ6OLFH,PDJHV

IXQFWLRQ 1 (OVVLHG HW DO   ,Q RUGHU WR LPSURYH WKH SHUIRUPDQFH RI )LOWHU
IHDWXUHVHOHFWLRQPHWKRGZHDOVRGHYHORSDQ(QVHPEOHIHDWXUHVHOHFWLRQPHWKRG
ZKLFKLPSOHPHQWDIOH[LEOHIRUZDUGVHOHFWLRQVWUDWHJ\



&ODVVLILHUFRQVWUXFWLRQ

)LQGLQJ VXLWDEOHFODVVLILHUV DUHYHU\LPSRUWDQW IRU WHVWLQJ UHVXOW:HXWLOL]H ,%0
6366 0RGHOHU  WR FRQVWUXFW FODVVLILHUV ,%0   $QDO\WLF VHUYHU  RI
6366 0RGHOHU  VXSSRUWV 6SDUN LQWHJUDWLRQ DQG SURYLGHV WKH SRVVLELOLWLHV WR
LQWHJUDWHS\WKRQDQG5+HQFHWKHIHDWXUHH[WUDFWLRQDQGVHOHFWLRQDOJRULWKPVFDQ
EHDOVRLQWHJUDWHGLQWR63660RGHOHU
:HFKRRVHWZRSRSXODUFODVVLILFDWLRQDOJRULWKPVIRUFODVVLILHUFRQVWUXFWLRQ5DQ
GRP)RUUHVW 5) LVDQHQVHPEOHOHDUQLQJPHWKRGE\FRQVWUXFWLQJDPXOWLWXGHRI
GHFLVLRQWUHHVGXULQJWUDLQLQJWLPHZKLFKFRUUHFWIRUGHFLVLRQWUHHV KDELWRIRYHU
ILWWLQJ +RHWDO 0XOWLOD\HUSHUFHSWURQ 0/3 LVFKRVHQVLQFHRXUIHDWXUH
VHOHFWLRQ DOJRULWKP H[HFXWHV QRUPDOL]DWLRQ IRU IHDWXUHV 1RUPDOL]DWLRQ IHDWXUHV
SURYHQWREHHIILFLHQWIRU0/3 %LVKRSHWDO ,QRUGHUWRDYRLGRYHUILWWLQJ
RI 0/3 ZH GHYHORS D PHWKRG ZKLFK LPSOHPHQW HQVHPEOH PHWKRG E\ FKDQJLQJ
WRSRORJ\DQGYDOLGDWLRQVHWRIDVHULHVRI0/3V



3RVWSURFHVVLQJPHWKRG

'HYHORSLQJ D PHWKRG WR SRVW SURFHVV RXU FUHDWHG LPDJH LV KHOSIXO WR LPSURYH
TXDOLW\ RI FUHDWHG LPDJHV :H GHYHORS D SRVW SURFHVV DOJRULWKP IRU RXU FUHDWHG
LPDJHZLWKKHOSRIDJUDSKFXWDOJRULWKPDQG*DXVVLDQVPRRWKLQJDOJRULWKP (JLO
%DHHWDO 



-LDZHL&XL3ODPHQ.LUDGMLHYDQG-RKDQQHV.XQ]HYRQ%LVFKKRIIVKDXVHQ
-LDZHL
&XL 3ODPHQ .LUDGMLHY DQG -RKDQQHV .XQ]H YRQ %LVFKKRIIVKDXVHQ
'DQLHO*DUWQHUDQG5HPD3DGPDQ



3UHOLPLQDU\UHVXOWV

)LJXUH(YDOXDWLRQRIIHDWXUHH[WUDFWLRQPHWKRGV

3UHOLPLQDU\HYDOXDWLRQUHVXOWVDUHFRQFHLYHGEDVHGRQDVHWRIVOLFHVIRUWUDLQ
LQJ  VOLFHV IRU WHVWLQJ DQG WKH 0/3 FODVVLILHU 7KHVH UHVXOWV LOOXVWUDWH WKH
SHUIRUPDQFHRIWKRVHIHDWXUHH[WUDFWLRQPHWKRGV$QRWKHUH[SHULPHQWGHQRWHVWKH
ILQDOFUHDWHGLPDJHIROORZLQJGHVFULEHGPHWKRGRORJ\:HXWLOL]HEDVLFHYDOXDWLRQ
PHWULFV WR HYDOXDWH RXU FUHDWHG LPDJHV LH DFFXUDF\ SUHFLVLRQ UHFDOO )VFRUH
$8&52&0&&
$PRQJGLIIHUHQWHYDOXDWLRQFULWHULRQIHDWXUHVH[WUDFWE\/&+DSSURDFKSOD\HGDQ
LPSRUWDQWUROHIRUWKHIHDWXUHH[WUDFWLRQSURFHGXUH )LJXUH )(GHQRWHVILOWHU
EDVHGPHWKRG)(GHQRWHVSUHVHJPHQWDWLRQPHWKRG)(GHQRWHVHGJHLQWHQVLI\
PHWKRG)(GHQRWHV/&+EDVHGPHWKRG



&RQFOXVLRQ

7KLV ZRUN SUHVHQWHG D IRXUIROG 0O DSSURDFK IRU FODVVLI\LQJ DUHDV RI EUDLQ VOLFH
LPDJHV )LUVW VHYHUDO IHDWXUH H[WUDFWLRQ PHWKRGV SURYLGH HIILFLHQW IHDWXUHV )HD
WXUHV H[WUDFWHG IURP /&+ ZLWK KHOS RI VLJQDO SURFHVVLQJ DQG OLQHDU UHJUHVVLRQ



$0DFKLQH/HDUQLQJ$SSURDFKIRU%UDLQ7LVVXH
5HFRJQLWLRQRI+XPDQ%UDLQ6OLFH,PDJHV

SURYHQWREHHIILFLHQWWKDWLPSOLFLWHQRXJKFRQWH[WXDOLQIRUPDWLRQRIVLQJOHSL[HO
,QRUGHUWRLPSURYHSHUIRUPDQFHRIFODVVLILHUZHDOVRXWLOL]HWZRIHDWXUHVHOHFWLRQ
PHWKRGV WR FRQVWUXFW VXLWDEOH IHDWXUH YHFWRU $ FODVVLILHU EXLOGLQJ PRGXOH WZR
SRSXODU FODVVLILFDWLRQ DOJRULWKPV 5) DQG 0/3 LV LPSOHPHQWHG :LWK SXUSRVH RI
KDQGOLQJRIRYHUILWWLQJSUREOHPZHGHYHORSDQRWKHUHQVHPEOH0/3FODVVLILHUZLWK
KHOS RI ,%0 6366 0RGHOHU )XUWKHUPRUH SRVW SURFHVVLQJ RI UHVXOW LPDJHV LV
EDVHGRQWKHLPSOHPHQWDWLRQRIJUDSKFXWDOJRULWKPV7KLVSURYLGHVDQHZZD\WR
FRPELQH GLIIHUHQW FODVVLILHG SL[HO FUHDWHG LPDJH DQG SURYHQ WR EH DQ HIILFLHQW
RXWOLHU VHW UHGXFWLRQ PHWKRG ,Q FRQFOXVLRQ WKH LQLWLDO UHVXOWV DUH SURPLVLQJ DQG
OD\WKHEDVLVIRUDGYDQFLQJWKLVDSSURDFK



$FNQRZOHGJPHQW

:H ZRXOG OLNH WR H[SUHVV RXU WKDQNV WR 'U 7LPR 'LFNVFKHLG DQG 'U 6WHIDQ
.RHKQHQIRUWKHLUVXJJHVWLRQVDQGKHOSGXULQJRXUUHVHDUFKDVZHOODVUHYLHZLQJ
RI RXU SDSHU :H DUH DOVR WKDQNIXO WR 3URI .DWULQ $PXQWV 3URI 0RUULV 5LHGHO
DQG &KULVWLDQ %RGHQVWHLQ IRU SURYLGLQJ WKH VRXUFH GDWD VFLHQWLILF PDWHULDO DQG
DOORFDWLQJ,10UHVRXUFHV:HDSSUHFLDWHWKHUHVSRQVLYHQHVVDQGVXSSRUWRIWKH
6',/WHDPHVSHFLDOO\(UHNOH0DJUDG]H-DQ(ULN6XQGHUPDQQDQG1LFR6FKOLWWHU



-LDZHL&XL3ODPHQ.LUDGMLHYDQG-RKDQQHV.XQ]HYRQ%LVFKKRIIVKDXVHQ
-LDZHL
&XL 3ODPHQ .LUDGMLHY DQG -RKDQQHV .XQ]H YRQ %LVFKKRIIVKDXVHQ
'DQLHO*DUWQHUDQG5HPD3DGPDQ

5HIHUHQFHV
.DWULQ$PXQWV&ODXGH/HSDJHDQG7LPR'LFNVFKHLGHWDO³%LJ%UDLQDQXOWUD
KLJKUHVROXWLRQ'KXPDQEUDLQPRGHO´,Q6FLHQFH  SS

( 'DYLHVDQG5R\DO+ROORZD\³0DFKLQH9LVLRQ7KHRU\$OJRULWKPVDQG
3UDFWLFDOLWLHV´,Q$FDGHPLF3UHVV  
1DYQHHW'DODODQG%LOO7ULJJV³+LVWRJUDPVRIRULHQWHGJUDGLHQWVIRUKXPDQ
GHWHFWLRQ´,Q&RPSXWHU9LVLRQDQG3DWWHUQ5HFRJQLWLRQ&935
,(((&RPSXWHU6RFLHW\&RQIHUHQFHRQ9RO,(((SS
±
& 7RPDVLDQG50DQGXFKL³%LODWHUDO)LOWHULQJIRU*UD\DQG&RORU,PDJHV´
,Q3URFHHGLQJVRIWKH,(((,QWHUQDWLRQDO&RQIHUHQFHRQ&RPSXWHU
9LVLRQ  
,YDQ:6HOHVQLFNDQG,ONHU%D\UDP³7RWDO9DULDWLRQ)LOWHULQJ´,Q  
5REHUW0+DUDOLFNDQG/LQGD*6KDSLUR³,PDJHVHJPHQWDWLRQWHFKQLTXHV´,Q
 SS±
$&5XLIURNDQG'$-RKQVWRQ³4XDQWLILFDWLRQRIKLVWRFKHPLFDOVWDLQLQJE\FRORU
GHFRQYROXWLRQ´,Q$QDO\WLFDODQGTXDQWLWDWLYHF\WRORJ\DQGKLVWRORJ\
WKH,QWHUQDWLRQDO$FDGHP\RI&\WRORJ\>DQG@$PHULFDQ6RFLHW\RI
&\WRORJ\ $XJ SS±
0DVVDUDQG0HORG\/³/RFDOKLVWRJUDPVIRUSHUSL[HOFODVVLILFDWLRQ´,Q  
*URVDQ&ULQD$EUDKDP$MLWKDQG&KLV0RQLFD³6ZDUPLQWHOOLJHQFHLQGDWD
PLQLQJ´,Q  
7LQ.DP+R³5DQGRPGHFLVLRQIRUHVWV´,Q  SS±
-L/LX5\RKHL)XMLPDNLDQG-LHSLQJ<H³)RUZDUGEDFNZDUGJUHHG\DOJRULWKPV
IRUJHQHUDOFRQYH[VPRRWKIXQFWLRQVRYHUDFDUGLQDOLW\FRQVWUDLQW´,Q
DU;LYSUHSULQWDU;LY  
1DGLU2PHU)DGO(OVVLHG2WKPDQ,EUDKLPDQG$KPHG+DP]D2VPDQ³$QRYHO
IHDWXUHVHOHFWLRQEDVHGRQRQHZD\DQRYDIWHVWIRUHPDLOVSDP
FODVVLILFDWLRQ´,Q5HVHDUFK-RXUQDORI$SSOLHG6FLHQFHV(QJLQHHULQJDQG
7HFKQRORJ\  SS±
,%0³63660RGHOHU'RFXPHQWDWLRQ´,Q  XUOKWWSZZZ
LEPFRPVXSSRUWGRFYLHZZVV"XLG VKRZJ
&KULVWRSKHU0%LVKRS³1HXUDOQHWZRUNVIRUSDWWHUQUHFRJQLWLRQ´,Q  
(JLO%DH-XDQ6KLDQG;XH&KHQJ7DL³*UDSKFXWVIRUFXUYDWXUHEDVHGLPDJH
GHQRLVLQJ´,Q,PDJH3URFHVVLQJ,(((7UDQVDFWLRQVRQ  SS
±



$VPDUWVHUYLFHIRUWKHUKHXPDWRORJLFDOFDUH
+HDOWKFDUHSODWIRUP5KH3RUWGH
0DUFR+XVPDQQ0DUFR+XVPDQQ#ILUUZWKDDFKHQGH
),5DW5:7+$DFKHQ8QLYHUVLW\
'RPLQLN.RO]'RPLQLN.RO]#ILUUZWKDDFKHQGH
),5DW5:7+$DFKHQ8QLYHUVLW\

$EVWUDFW
7KHJRDORIWKHSDSHULVWRLOOXVWUDWHDQLQQRYDWLYHDSSURDFKRIWKHUKHXPDWRORJL
FDOFDUHWKURXJKVPDUWGLJLWDOVHUYLFHVRQDQRQOLQHSODWIRUPDQGWKHHVWDEOLVKPHQW
RI D FURVVVHFWRUDO QHWZRUN 7KH RQOLQH SODWIRUP 5KH3RUWGH ZLOO DOORZ HDUOLHU
GLDJQRVLV DQG WUHDWPHQW RI UKHXPDWLF GLVHDVHV E\ ZKLFK WKH TXDOLW\ RI SDWLHQW
WUHDWPHQW ZLOO EH LQFUHDVHG DQG FRVWV IRU WKH KHDOWKFDUH VHFWRU VLJQLILFDQWO\ UH
GXFHG 7KH VHUYLFH SODWIRUP LV FXUUHQWO\ RSHUDWLQJ DQG EHLQJ HYDOXDWHG LQ WKH
*HUPDQUHJLRQRI$DFKHQ'XHUHQ+HLQVEHUJDQG0RHQFKHQJODGEDFKLQRUGHUWR
SURYHLQFUHDVHGHIIHFWLYHQHVVDQGHIILFLHQF\RI,7EDVHGUKHXPDWRORJLFDOFDUH


&XUUHQWVLWXDWLRQRIUKHXPDWLFGLVHDVHV



%DFNJURXQG

7RGD\WKHUHDUHPRUHWKDQGLIIHUHQWNQRZQV\PSWRPVRIUKHXPDWLVPZRUOG
ZLGH FDXVLQJ SDLQ DQG IXQFWLRQDO GLVRUGHUV RI WKH KXPDQ ORFRPRWRU V\VWHP
5KHXPDWLFGLVHDVHVVLJQLILFDQWO\EXUGHQWKHSDWLHQWVDVZHOODVWKHVRFLHW\$ERXW
RIWKHSRSXODWLRQLVDIIHFWHGDQGWKHHFRQRPLFFRVWVRIUKHXPDWLFGLVHDVHVDUH
VLJQLILFDQW2QDYHUDJHRIIHPDOHSDWLHQWVDUHGHFODUHGLQFDSDEOHIRUZRUN
GD\VSHUPRQWKLQWKHILUVW\HDURILOOQHVVRIWKHSDWLHQWVDUHUHWLUHGHDUO\
GXULQJWKHILUVWIRXU\HDUVRIDGLVHDVHDYDOXHWKDWLQFUHDVHVWRGXULQJ
WKHIROORZLQJ\HDUV 0DX $QHDUO\PHGLFDOWUHDWPHQWPD\UHGXFHWKHZRUN
GLVDELOLW\ WHU:HHHWDO 7KHODWHUDWUHDWPHQWEHJLQVWKHPRUHGLIILFXOWLW
LVWRLQGLYLGXDOL]HLWWRVSHFLILFSDWLHQWVUHVXOWLQJLQWUHPHQGRXVO\LQFUHDVHGFRVWV
)URPDVRFLHWDOSHUVSHFWLYHWKHDQQXDOLQGLUHFWFRVWVWKURXJKORVWSURGXFWLYLW\DGG




0DUFR+XVPDQQDQG'RPLQLN.RO]

XSWRDERXW¼SHUSHUVRQHDFK\HDU$GGLWLRQDOO\WKHFRVWVIRUPHGLFDWLRQ
DPRXQWWR¼DQGWKHFRVWVIRUWKHKHDOWKFDUHV\VWHPWR¼HDFK\HDU
%RRQHQHWDO0DX (YHQKLJKHUFRVWVDUHSRVVLEOHWKURXJKVXUJHULHV
DQGFRQVHTXHQWLDOWUHDWPHQWVZKLFKDUHQRWLQFOXGHGLQWKHVHQXPEHUV\HW


3UREOHPVWDWHPHQW

5KHXPDWLFGLVHDVHVDUHRIWHQGLDJQRVHGLQ DQDGYDQFHGVWDWH'XHWRDPELJXRXV
V\PSWRPVDQGORQJZDLWLQJWLPHVIRUFRQVXOWDWLRQRIDUKHXPDWRORJLVWWKHHQWLUH
SURFHVVWDNHVWRRORQJ RQDYHUDJHPRUHWKDQ\HDUVIURPWKHYHU\ILUVWV\PS
WRPVWRDILQDOPHGLFDOGLDJQRVLV 0RVWVHULRXVDQGLUUHSDUDEOHGDPDJHVRFFXULQ
WKH HDUOLHU VWDJHV RI WKH GLVHDVH DQG HVSHFLDOO\ WR ZRPHQ :HVWKRII (GHOPDQQ
=LQN   0DQ\ LQIODPPDWRU\ UKHXPDWLF GLVHDVHV DUH  DOWKRXJK QRW FXUDEOH 
WUHDWDEOHQRZDGD\V7KHHDUOLHUWKHWUHDWPHQWEHJLQVWKHEHWWHUDUHWKHFKDQFHVWR
UHDFKDVWDWHZKLFKLVVLPLODUWRDFXUHRIWKHGLVHDVH 6FKQHLGHU.UXHJHU 
3HUVRQDO FRQVHTXHQFHV RI UKHXPDWLVP FRXOG EH SUHYHQWHG RU DW OHDVW EH UHGXFHG
DQG IROORZXS FRVWV RI WKH WKHUDS\ FRXOG EH GHFUHDVHG )RU LQVWDQFH PRUH WKDQ
KDOI RI WKH FDVHV RI UKHXPDWRLG DUWKULWLV FDQ EH VWRSSHG ZLWK WRGD\¶V RSWLRQV RI
WUHDWPHQW 3XRODNNDHWDO 
&RPPRQUHDVRQVIRUDGHOD\HGGLDJQRVLVDQGLQDGHTXDWHWUHDWPHQWDUHWKHOLPLWHG
OHYHORIDZDUHQHVVRIUKHXPDWLVPWKHVSHFLILFV\PSWRPVDQGFRQVHTXHQFHVRIWKH
GLVHDVHWKHRIWHQGHOD\HGPHGLFDOFDUHGXHWRODFNRIVSHFLDOLVWVWKHLQVXIILFLHQW
SULRULWL]DWLRQRUJDQL]DWLRQ RI WKH PHGLFDO UHIHUUDO WR D VSHFLDOLVW DQG GLVFRQWLQX
RXVORQJWHUPFDUH
'HVSLWH WKH QHHG IRU HDV\ DVVHVVPHQW UDSLG DSSRLQWPHQW VFKHGXOLQJ SUHFLVH
GLDJQRVLVDQGHIILFLHQWSDWLHQWFHQWHUHGWUHDWPHQWWRGD\¶VKHDOWKDQGSDWLHQWFDUH
V\VWHP LV GRPLQDWHG E\ KRUL]RQWDOO\ DOLJQHG ³VLORV´ IRU SK\VLFDO DQG GLJLWDO VHU
YLFHSURYLVLRQ7KHVHFORVHGV\VWHPVSUHYHQWFRRSHUDWLRQEHWZHHQWKHVWDNHKROG
HUVRQWKHFRVWRIWKHSDWLHQW .DJHUPDQQHWDO.DSODQ%DWHVHWDO
 ,7EDVHGKHDOWKFDUHLVDSURPRVVLQJDSSURDFKWRDGGUHVVWKHVHSUREOHPV





$VPDUWVHUYLFHIRUWKHUKHXPDWRORJLFDOFDUH
+HDOWKFDUHSODWIRUP5KH3RUWGH



,7EDVHGKHDOWKFDUHVHUYLFHV

&RQQHFWHGKHDOWKFDUHVHUYLFHSODWIRUPVHQDEOHLPSURYHGGLDJQRVWLFVDQGSDWLHQW
FDUH WKURXJK WKH JHQHUDWLRQ RI %LJ 'DWD DQG WKH XWLOL]DWLRQ RI LQGLYLGXDO SDWLHQW
WUHDWPHQW)XUWKHUPRUHHDV\DQGVHFXUHGDWDVKDULQJDFURVVWKHKHDOWKFDUHHFRV\V
WHP HQDEOHV SDWLHQWV LQVXUDQFH FRPSDQLHV DQG GRFWRUV WR H[FKDQFH LQIRUPDWLRQ
HIILFLHQWO\DQGFROODERUDWHLQUHDOWLPH .DJHUPDQQHWDO ,QGRLQJVRWKH
LQIRUPDWLRQ IORZ LV LPSURYHG EHWZHHQ GLIIHUHQW VWDNHKROGHUV ZLWKLQ WKH SDWLHQWV
FDUH SDWKZD\ *|UOLW]   7KLV HQYLURQPHQW LV VLPXOWDQHRXVHO\ D IHUWLOH VRLO
IRU WKH HVWDEOLVKPHQW RI DGGLWLRQDO SURYLGHUV WKDW RIIHU VSHFLILF NQRZOHGJH LH
WKHHYDOXDWLRQRI;UD\LPDJHV DVDVHUYLFHWRWKHUHOHYDQWVWDNHKROGHUV .DJHU
PDQQHWDO 
$Q,7EDVHG&RPPXQLW\VHHPVWREHDSURPLVLQJDSSURDFKLQRUGHUWRXVHDYDLOD
EOHUHVRXUFHVHIILFLHQWO\WRWUDQVIRUPWDFLWNQRZOHGJHLQWRWDQJLEOHNQRZOHGJHDV
ZHOODVWRUHDOL]HDPRGHUQQHWZRUNRIVXSSO\VWUXFWXUHV:LWKLQWKHGLVFLSOLQHRI
UKHXPDWLVPWKHUHDUHQRNQRZQHVWDEOLVKHG,7EDVHGEDVHGFRPPXQLWLHVZKLFK
IRFXVRQWKHLPSURYHPHQWRIHDUO\GLDJQRVLV%HVLGHV6FKHLEHHWDO  ZKR
GHYHORSHG DQ HOHFWURQLF UHIHUUDO V\VWHP ZKLFK IRFXVHV RQ WKH XVH RI SUH
FRQVXOWDWLRQH[FKDQJHRILQIRUPDWLRQWKURXJK,7VXSSRUWV\VWHPV0RUHRYHUWKH
PRELOH DSSOLFDWLRQ RI 5KHXPDEXGG\FRP DVVLVWV SDWLHQWV RQ WUDFNLQJ WUHDWPHQW
LQIRUPDWLRQRIWKHGLVHDVHLWVHOILQDGLDU\ HJSDLQEDURPHWHU EXWWKHVHVHUYLFHV
DUH QRW FRQQHFWHG WR SK\VLVFDQV 7KH GHILFLWV RI D PLVVLQJ ,7EDVHG DSSURDFK WR
LPSURYHHDUO\GLDJQRVLVRIWKHGLVHDVHZLOOEHDGGUHVVHGE\WKH5KH3RUWGHSODWW
IRUPLQDQLQQRYDWLYHDQGSDWLHQWFHQWHUHGZD\


5KH3RUWGHDVDGLJLWDOPDUNHWSODFHIRUUKHXPDWLVPFDUH

)RUWKHVHUHDVRQVWKHGHYHORSPHQWRI5KH3RUWGH5KHXPDWLVP3RUWDORIWKHWK
FHQWXU\V\VWHPZDVVSRQVRUHGE\PHDQVRIWKH(XURSHDQ8QLRQ =LHO3URJUDP 
DQG WKH 0LQLVWU\ RI +HDOWK (TXDOLWLHV &DUH DQG $JHLQJ 0*(3$  RI WKH VWDWH
1RUWK 5KLQH:HVWSKDOLD (QDEOHG E\ SODWIRUP WHFKQRORJLHV WKH REMHFWLYHV RI
5KH3RUWGHDUHWR





0DUFR+XVPDQQDQG'RPLQLN.RO]

 GLDJQRVH WKH LOOQHVV GXULQJ DQ HDUO\ VWDJH VWDUW WKHUDS\ TXLFNO\ DQG HIIHF
WLYHO\DQGHVWDEOLVK D FRRUGLQDWHGDFXWHPDQDJHPHQWWR PLQLPL]HWKHDF
WLYLW\RIWKHUKHXPDWLFGLVHDVH
 PLQLPL]H WKH SK\VLFDO DQG PHQWDO LQWHUIHUHQFHV DQG DYRLG FRQVHTXHQWLDO
GDPDJHV
 OLPLWWKHKLJKILQDQFLDOEXUGHQRQWKHKHDOWKDQGVRFLDOFDUHV\VWHPHJE\
DYRLGLQJ H[SHQVLYH WKHUDSLHV GXULQJ D GLIILFXOW DQG VHYHUH FRXUVH RI WKH
GLVHDVHOLPLWLQFDSDFLW\WRZRUNDQGHDUO\UHWLUHPHQW
 LQGLFDWHWKHJHQGHUVSHFLILFHIIHFWVRIWKHUKHXPDWLFGLVHDVHDSSO\DGHTXDWH
WKHUDSLHVDQGKHOSSDWLHQWVWRUHGXFHQHJDWLYHFRQVHTXHQFHV
7KHRQOLQHSODWIRUP5KH3RUWGHLVEDVHGRQWZRSLOODUV VHH)LJXUH 3DWLHQWVDV
ZHOODVSULPDU\FDUHSURYLGHUVDUHDEOHWRXVH53$6 5KHXPDWLVP3DWLHQW$VVLV
WDQW 6\VWHP  LQ RUGHU WR UHFHLYH JHQHUDO LQIRUPDWLRQ FRQFHUQLQJ WKH UHFRUG RI
V\PSWRPV DQG GLVFRPIRUW WR SURYLGH D GLUHFW GLDJQRVWLF VFUHHQLQJ %DVHG RQ
REWDLQHG NQRZOHGJH DQG D GHYHORSHG DOJRULWKP DQ DOORFDWLRQ VHUYLFH TXLFNO\
IRUZDUGV SDWLHQWV WR D UKHXPDWLVP VSHFLDOLVW ZLWKLQ WKH ORFDO QHWZRUN &RPSUH
KHQVLYHLQIRUPDWLRQDERXWWKHSDWLHQWVFRPSOHWHVWKHVHUYLFH

)LJXUH6FKHPDWLFUHSUHVHQWDWLRQRIWKHSODWIRUP5KH3RUWGH





$VPDUWVHUYLFHIRUWKHUKHXPDWRORJLFDOFDUH
+HDOWKFDUHSODWIRUP5KH3RUWGH

6LPXOWDQHRXVO\ZLWK51,6 5KHXPDWLVP1HWZRUN,QWHJUDWLRQ6\VWHP WKHZRUN
IORZDQGFRRSHUDWLRQZLWKLQWKHORFDOQHWZRUNLVLPSURYHG6XEVWDQWLDOHOHPHQWV
RIWKHSURMHFWZHUHWKHGHYHORSPHQWDQGGHSOR\PHQWRIDQHOHFWURQLF&DVH5HFRUG
H&5  DV ZHOO DV D FRPSUHKHQVLYH VXSSRUW IRU WKH &RPPXQLW\ 0DQDJHPHQW
HVSHFLDOO\IRUSUREOHPVFRQFHUQLQJUKHXPDWRORJ\)XUWKHUPRUHDGDWDEDVHDERXW
UKHXPDWLVPNQRZOHGJH ZDVHVWDEOLVKHG0HGLFDOH[DPLQDWLRQDQGWKHUDS\PHWK
RGV DUH EHHLQJ GLVFXVVHG DQG DJUHHG RQ E\ UKHXPDWLVP H[SHUWV 7KH XSFRPLQJ
SDUDJUDSKVZLOOGHVFULEHWKHWKUHHPDLQHOHPHQWVRI5KH3RUWGHEULHIO\
'LDJQRVWLF6FUHHQLQJ 7KHVFUHHQLQJIXQFWLRQLVD VWDQGDUGL]HGXQGHUVWDQGDEOH
DQGLQWHUDFWLYHSURFHGXUHWRUHFRUGV\PSWRPVDQGGLVFRPIRUW V\PSWRPJXLGH $
TXHVWLRQQDLUH ZDV GHYHORSHG DV D VHOIDVVHVPHQWWRRO E\ D ZRUNLQJ JURXS RI
YDULRXV UKHXPDWRORJLVWV ZKLFK LV XVHG WR VXSSRUW WKH GLDJQRVWLF DQG ZKLFK LV
DFFHVVLEOHWRDOOSDWLHQWVDQGSULPDU\FDUHSURYLGHUVIRUIUHH7KHRQOLQHTXHVWLRQ
QDLUHDQGWRROVXSSRUWV\VWHPDWLFSUHYHQWLRQDVZHOODVWKHHDUO\GLDJQRVLVVFUHHQ
LQJV 'XULQJ DQ LQWHUDFWLYH GLDORJXH ZLWK WKH SK\VLFLDQ WKH LQIRUPDWLRQ LV DOVR
XVHGIRUPHGLFDODVVLVWDQFHDQGDSSRLQWPHQWVRQVLWH
$OORFDWLRQ6HUYLFH%DVHGRQWKHTXHVWLRQQDLUHWKHSDWLHQWLVDOORFDWHGLQWRRQH
RI WKUHH FDWHJRULHV ZKLFK VKRZV WKH SUREDELOLW\ RI WKH GLVHDVH HJ JURXS RI
SDWLHQWV ZLWK YHU\ KLJK ULVN RI UKHXPDWRLG GLVHDVHV JURXS RI SDWLHQWV ZLWKRXW
UKHXPDWRLGGLVHDVHVJURXSRIXQFHUWDLQSDWLHQWFDVHV ,QFDVHRIVXVSHFWHGUKHX
PDWLVPGLVHDVH RUXQVXUHFDVHV WKHSDWLHQWDXWRPDWLFDOO\UHFHLYHVDOLVWRIVKRUW
WHUP DSSRLQWPHQWV IRU D UKHXPDWLVP VSHFLDOLVW PDWFKLQJ VHUYLFH  RQOLQH IURP
ZKLFK WKH SDWLHQW FDQ VHOHFW DQ DSSRLQWPHQW 3DUDPHWHUV VXFK DV XUJHQF\ DS
SRLQWPHQWDYDLODELOLW\DQGORFDWLRQRIWKHSDWLHQWDUHWDNHQLQWRDFFRXQW7KHUHIRUH
D IDVW HDUO\ DQG YDOLG GLDJQRVLV IROORZHG E\ DQ DGHTXDWH WKHUDS\ LV DFKLHYHG
DSSRLQWPHQWZLWKLQKRXUV )LUVWUHVXOWVVKRZWKDWWKHVSHHGRIWKHGLDJQRVLVLV
LPSURYHGGUDPDWLFDOO\E\WKLVDOORFDWLRQVHUYLFHFRPSDUHGWRWKHVWDWXVTXRLQWKH
JHUPDQKHDOWKFDUHV\VWHP%DVHGRQWKHUHJLVWUDWLRQZLWKRQO\DQHPDLODGGUHVV
DQGDWHOHSKRQHQXPEHURQO\DQRQ\PL]HGSDWLHQWGDWDLVDYDLODEOH7KHSRVVLELO
LW\ WR DGG DQG SXEOLVK DGGLWLRQDO KHDOWK FDUH GDWD DQRQ\PRXVO\ WDNLQJ WKH GDWD
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SURWHFWLRQ LQWR DFFRXQW LV YHU\ LPSRUWDQW IRU WKH 5KH3RUWGH FRQFHSW )RU WKLV
UHDVRQ D VHFXULW\ DUFKLWHFWXUH LV LPSOHPHQWHG HJ PHWKRGV RI SVHXGRQRPLF
HQFU\SWLRQ DXWKHQWLFDWLRQ DXWKRUL]DWLRQ DQG SHUIRUPDQFH DVVXUDQFH  ZKLFK
IRFXVHV SULPDULO\ RQ VSHFLILFDWLRQV RI H&5 HOHFWURQLF &DVH 5HFRUG  DQG .9
6DIH1HW LQWHUIDFHRIWKHDVVRFLDWLRQRISDQHOGRFWRUV 
(OHFWURQLF&DVH5HFRUG,QRUGHUWRLPSURYHWKHFROODERUDWLRQDQGSURFHGXUHRI
WKHYDULRXVWUHDWPHQWV ZLWKLQ WKHUKHXPDWLVP QHWZRUNWKHGHYHORSPHQW DQGLP
SOHPHQWDWLRQ RIDUKHXPDWLVP VSHFLILFPHGLFDO HOHFWURQLFFDVHUHFRUGFRQVLVWHQW
ZLWKWKHH&5VWDQGDUGVLVFUXFLDO8QGHUFRQVLGHUDWLRQRIVFLHQWLILFTXDOLW\VWDQG
DUGV H&5 FRQVLVWHQW SVHXGRQRPLF PHGLFDO FDVH UHFRUGV ZHUH FUHDWHG 2QO\ DX
WKRUL]HGUKHXPDWRORJ\VSHFLDOLVWVZLWKLQWKHQHWZRUNFDQDFFHVVWKLVGDWD$FDVH
UHFRUGFRQWDLQVSDWLHQWLQIRUPDWLRQFRQFHUQLQJGLDJQRVLVWKHUDS\DQGSURJUHVVRI
WKHGLVHDVH7KHGRFXPHQWVDUHGHYHORSHGIRUWKH5KH3RUWGHFRPPXQLW\DQGDOO
PHGLFDOSDUWQHUVDUHFRQQHFWHGWRWKHRQOLQHFRPPXQLW\
7KH PDLQ FKDUDFWHULVWLF RI PXOWLVLGHG FRPPXQLWLHV LV WR FRQQHFW GLIIHUHQW EXW
GHSHQGHQWJURXSVRIFOLHQWVZLWKHDFKRWKHU7KHFUHDWLRQRIDGGLWLRQDOYDOXHEH
WZHHQWKRVHJURXSVLVWKHPDLQLGHDRI5KHSRUWGH$PRQJDQDXWRPDWHGDSSRLQW
PHQWDQGDQHOHFWURQLFFDVHUHFRUGV\VWHPWKHFRPPXQLW\DOVRGLVWULEXWHVYDULRXV
LQIRUPDWLRQWRSDWLHQWVRQRQHVLGHDQGSK\VLFLDQVRQWKHRWKHUVLGH7KXVQHWZRUN
HIIHFWVDUHFUXFLDOIRUWKLVDSSURDFK7KHPRUHSDUWLFLSDQWVDUHUHJLVWHUHGWKHPRUH
YDOXHFDQEHJDLQHG


'LVFXVVLRQDQGRXWORRN

$IWHUJRLQJOLYHLQ)HEUXDU\ILUVWUHVXOWVRI5KH3RUWGHFRXOGEHHYDOXDWHG
VXFFHVVIXOO\ $WWKHWLPHRI1RYHPEHUYROXQWDULO\ WKHUHDUH SK\VLFLDQV
FRQQHFWHGWR 5KH3RUWGH IURP WKHDERYHPHQWLRQHGUHJLRQ:LWKLQWKHILUVWQLQH
PRQWKV  SDWLHQWV UHJLVWHUHG RQ WKH SODWIRUP ZLWK RYHU  DOORFDWHG DSSRLQW
PHQWVDWWKHUKHXPDWRORJLVW$ILUVWHYDOXDWLRQVKRZVWKDWDSSUR[LPDWHO\RQHWKLUG
RI DOO DOORFDWHG SDWLHQWV ZHUH DIIHFWHG E\ UKHXPDWLVP DQG ZHUH VXFFHVVIXOO\
KHOSHGE\5KH3RUWGH





$VPDUWVHUYLFHIRUWKHUKHXPDWRORJLFDOFDUH
+HDOWKFDUHSODWIRUP5KH3RUWGH

)XUWKHUPHGLFDO DQGVWDWLVWLFDO HYDOXDWLRQ LV VWLOORQJRLQJXQWLOHQGRI7KH
TXHVWLRQQDLUH KDV EHHQ XSGDWHG LQ RUGHU WR FODULI\ PLVVXQGHUVWDQGLQJV IURP WKH
SDWLHQWV¶ VLGH ,Q WKH VHFRQG SKDVH RI WKH HYDOXDWLRQ DQ $% VWXG\ LV FRQGXFWHG
ZLWK SDWLHQWV ZKR HQWHUHG IURP 5KH3RUWGH FRPSDUHG WR SDWLHQWV ZKR VWDUWHG
WUHDWPHQWE\PHGLFDOUHIHUUDOZKLFKLVFRPPRQLQ*HUPDQ\)XUWKHUPRUHPDOH
DQG IHPDOH SDWLHQWV IURP YDULRXV DJH VHJPHQWV DQG GLIIHUHQW UHJLRQV DUH FRP
SDUHG 7KH PDLQ TXHVWLRQ LV ZKHDWKHU 5KH3RUWGH FDQ VXFFHVVIXOO\ UHGXFH WKH
WLPH EHWZHHQ WKH ILUVW SDWLHQW FRPSODLQW DQG WKH GLDJQRVLV WKURXJK D SK\VLFLDQ
6WXGLHVSURYHWKDWWKHSDWLHQWV¶TXDOLW\RIOLIHLQFUHDVHVLQYHUVHO\SURSRUWLRQDOWR
WKLVSHULRGRIWLPH 0DX 1HYHUWKHOHVVLWLVDSSDUHQWWKDWWKH DSSURDFKRI
XVLQJDQLQWHJUDWLYHKHDOWKFDUHVHUYLFHSODWIRUPOLNH5KH3RUWGHLVDJUHDWFKDQFH
WRHQKDQFHUKHXPDWRORJ\FDUHLQWKHWKFHQWXU\
)RU WKH IXWXUH LW LV SODQQHQG WR LQFUHDVH WKH DUHD RI FRYHUDJH DQG DOVR DGG QHZ
YDOXHDGGHGVHUYLFHVOLNHDXWRPDWHGOHWWHUVRISK\VLFLDQVLQRUGHUWRFRIRXQGWKH
QHWZRUN)RFXVSRLQWVIRUWKHIXWXUHDUH6FDODELOLW\HQODUJHVWDNHKROGHUJURXSV
H J KHDOWK LQVXUDQFH IXQGV PRUH SK\VLFLDQV RU SKDUPD VWXGLHV HWF  &RQQHF
WLYLW\DGGQHZIXQFWLRQDOLW\IRUVPDUWGHYLFHV HJDXWRPDWHGOHWWHUVRISK\VL
FLDQV DSSV WR GRFXPHQW SDLQ RI SDWLHQWV OLNH UKHXPDEXGG\FRP LQWHJUDWLRQ RI
DFWLYLW\DQGPRYHPHQW WUDFNHUVHWF  ,QWHURSDUDELOLW\  XVHDQGOLFHQVHWKHSODW
IRUP WR RWKHU PHGLFDO GLVFLSOLQHV H J XURJRO\  LQ RUGHU WR HQKDQFH D EXVLQHVV
PRGHOIRU5KH3RUWGH
5HIHUHQFHV
%DWHV'%LWWRQ$  7KH)XWXUH2I+HDOWK,QIRUPDWLRQ7HFKQRORJ\,Q7KH
3DWLHQW&HQWHUHG0HGLFDO+RPH+HDOWK$IIDLUV  ±
'DYRRG\1.RFK6.UDNDX, +lJJOXQG0  &ROODERUDWLYHLQWHU
DFWLRQSRLQWVLQSRVWGLVFKDUJHVWURNHFDUH,QWHUQDWLRQDOMRXUQDORILQWHJUDWHGFDUH
  
)UDVHU+*RUGRQ' 3LFFRQH-  $QDO\WLFVDFURVVWKHHFRV\VWHP±$
SUHVFULSWLRQ IRU RSWLPL]LQJ KHDOWKFDUH RXWFRPHV ,%0 ,QVWLWXWH IRU %XVLQHVV
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Abstract
Ambulance planning includes the problems of locating ambulances and bases
as well as relocating ambulances throughout the day. Especially for determining (optimal) ambulance locations many diﬀerent models and approaches
exist. Most of them are presented for a special country or region. It would
be interesting to study how they perform for other regions, especially for
Germany. For doing so, a set of instances is needed that includes diﬀerent
characteristics. We therefore discuss accessible data and present a set of
instances derived for Germany.
Keywords: Health Services, Ambulance Planning, Data Sets

1. Introduction
For each Emergency Medical Service (EMS) system, the location of ambulances and bases is crucial for the main task of helping patients as soon as
possible in case of an emergency. Operations Research can help ﬁnding good
(optimal) locations with regard to an objective. Often, the (main) objective
is to maximize the coverage. A demand location is usually called covered by
a base location if it can be reached within a maximum time. Other objectives
minimize the costs or maximize the survival probabilities.
Email addresses: melanie.reuter@kit.edu ( Melanie Reuter-Oppermann ),
christiane.bernath@outlook.de ( Christiane Bernath )
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The ﬁrst model to locate ambulance bases was introduced by Toregas et al.
(1971). The Location Set Covering Model (LSCM) determine the minimum
required number of bases as well as their locations to cover the entire region within a ﬁxed time threshold. Church and ReVelle (1974) presented the
Maximum Coverage Location Problem (MCLP) to maximize the coverage
assuming a limited number of bases. Another important model is the Maximum Expected Coverage Location Problem (MEXCLP) by Daskin (1983)
that explicitly takes the coverage depending on the expected busyness of
every ambulance into account.
Relocation approaches are applied at the operational level of EMS planning.
Gendreau et al. (2001) proposed one of the ﬁrst real-time ambulance location models. Depending on the current state of the system good relocations
are determined by solving a location approach that uses two coverage standards. Gendreau et al. (2006) published a similar approach that bases on
the MEXCLP instead.
Many models assume an underlying graph with nodes representing demand
and possible base locations. Edges are weighted by the driving times between
the nodes. Other approaches assume a grid structure for the underlying
city/region. It means that the city or region is divided into equally sized
squares, e.g. of 1 km2 . Each square presents a demand location and a subset
contains the potential base/ambulance locations. Often, Euclidean distances
are used for these approaches and distances are measured between the centers
of the squares. For example, Chanta et al. (2014) presented a bi-objective
coverage location model that is solved for a data set with grid structure.
Also, several relocation approaches base on a grid structure, as for example
the multiperiod set covering location model for dynamic redeployment of
ambulances by Rajagopalan et al. (2008).
To the best of our knowledge, only Ingolfsson has published EMS data, in
this case for the EMS system in Edmonton that he used for his research. It
is one (large) instance consisting of 180 demand nodes and 16 base location.
The data set includes the following information: (1) the average busy time
for ambulances (in seconds), (2) the average number of calls for each demand
node, for each station-demand node pair (3) the average response times (in
seconds), (4) the standard deviation of response times (in seconds), (5) and
the deterministic coverage for an 8-minute threshold (as 0 or 1), (6) the survival probability for deterministic response times, (7) the expected coverage



0HODQLH5HXWHU2SSHUPDQQDQG&KULVWLDQH%HUQDWK

for probabilistic response times for an 8-minute threshold, (8) the survival
probability for probabilistic response times, and (9) the capacities for each
station (as the maximum number of ambulances).
Often, models are ﬁtted to the concrete problem they were developed for
which means also for the considered EMS system (country). This also involves the underlying structure, i.e. network or grid. It is unclear if a model
that performs well for a grid-based instance is also good for a network instance and vice versa.
To study this instances must be available in both structures. To the best of
our knowledge, these “double-structure instances” have not been presented
so far.
One problem is that if the grid structure is not given, but must be deﬁned
ﬁrst, this can be very challenging. This is especially true fur rural areas with
small villages while for a city the grid structure seems more suitable. Figure
1 shows three possible arrangements of a demand location (e.g. a village) in
a grid. Cases a) and b) show what often happened when we tried to put a
grid over a rural area and case c) represents the ideal situation that we would
want. In case a) the center of the square is near the center of the demand
location, but small parts of demand location are situated in the adjacent
squares. This means the distance calculation is acceptable but the demand is
not well represented in the grid. In case b) the demand location is distributed
on several squares evenly, but the center of the squares are not representing
the actual position of the demand location. This not satisfactory for the
distance calculation. In case c) the demand location is perfectly centered
in only one of the squares, therefore we get an optimal representation of
the demand location with the center of the demand location being used for
the distance calculations. Note that also the size of the squares could vary.
Often, 1 km2 is chosen as this makes computations easy. But in some cases,
this might be too small (e.g. for very large regions this would lead to too
many squares) whilst in others it might be to large (e.g. when cities have a
very ﬁne structure or when rural areas consist of only very small villages).
One last aspect that we want to take into account for building the instances
is that diﬀerent internal city structures exist. Figure 2 presents three types
of internal city structures. The concentric zone model is basically a generalization for cities. It was the ﬁrst model to be published by Burgess (1967).
Chicago is a well-known example. The sector model was published by Hoyt
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(a)

(b)

(c)

Figure 1: Grid structures

Figure 2: Generalization of internal structure of cities [Harris and Ullman (1945)]

(1939). With this model the arrangement of the sectors varies from city
to city. The multiple nuclei model by Harris and Ullman (1945) represents
many cities quite nicely. Figure 2 shows only one possible pattern among
innumerable variations.
Examples for the three models in Germany are (1) Düsseldorf, (2) Hamburg
and (3) Berlin.

2. German EMS Instances
The data set we developed contains instances with the network and the grid
structure for cities as well as rural ares. The demand for the nodes/ squares is
ﬁrst expressed as the number of inhabitants. For the network structure, the
inhabitants per district were used. For the grid structure, the inhabitants had
to be divided between the squares ﬁrst. We assume a linear relation between
the number of inhabitants and the expected demand and can therefore also
assign single values for the demand.
We built instances with a grid structure for cities of Stuttgart, Karlsruhe,
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Freiburg, Düsseldorf, Hamburg and Berlin. Distances between squares were
calculated with the l2-metric and each square was indicated by its center.
Instances with a network structure were developed for: the city of Stuttgart,
the city and county of Karlsruhe, the city of Freiburg and the county of
Breisgau-Hochschwarzwald, the cities of Heidelberg, Mannheim and the county
of Rhein-Neckar and the county of Schwarzwald-Baar as representative of a
rural region. For these instances the position of buildings and residential areas indicated by OpenStreetMap were utilized to pinpoint a suitable location
of the demand node in the network. We needed exact coordinates for the
representatives of the districts/nodes to calculate distances using the Google
Distance Matrix API.

(a) Map and districts

(b) Network structure

Figure 3: Stuttgart - network instance

Figures 3 and 4 show both structures for the city of Stuttgart. First, we
have the city map showing the 148 districts and the chosen representation
points. These points then form the network. Note that for determining the
arcs several possibilities exist: (1) all nodes are connected which makes the
network often quite large, (2) only those nodes are connected that can directly
be reached from one another or (3) an edge is only drawn if a node can be
reached from the other within the given response time. Figure 3 b) shows
only a subset of the 3225 edges for case (3) (when assuming a maximum
driving time of 15 minutes) to make the general structure of the network
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(a) Population density

(b) Grid structure

Figure 4: Stuttgart - grid-based instance

visible. For the grid structure we ﬁrst coloured the districts depending on
the population density and then ﬁxed the grid structure. The demand was
then set according to the population density in each square.
Other parameters that describe the instances include: (1) the possible locations for bases; either all demand locations are feasible, e.g. for a completely
new analysis of the considered region or only a subset of nodes/squares is
available. As far as we got the information we incorporated already built
bases and reasonable new locations, e.g. large parking lots or empty spaces.
(2) The number of emergency medical vehicles, in total and for each possible
base location separately. (3) The time threshold(s) for the response time.
(4) Further parameters that are only needed for a subset of models as busy
fraction(s), service level(s) and reliability factors.
3. Conclusion and Outlook
In this paper we have explained the need for data sets in order to compare
approaches for ambulance planning. We have discussed accessible data and
presented a set of instances for several German cities and regions. They cover
both the network and the grid structure. As some instances are developed



0HODQLH5HXWHU2SSHUPDQQDQG&KULVWLDQH%HUQDWK

for both structures, it is possible to compare approaches that use either one
of the structures.
An obvious next step is now to use the instances to test and compare diﬀerent
approaches for the location and relocation of ambulances. Additionally, we
want to send the instances to the coordination centers in charge to hopefully
get some feedback on how good we modeled practice with our instances.
It would be nice to also include the information on emergency doctors (their
locations and numbers) and build models and/or simulations that explicitly
take both, ambulances and emergency doctors, into account.
Once we successfully used the instances to compare approaches and studied
their applicability for Germany, we plan to make the instances accessible.
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Abstract
Indirect waiting times or access times of patients are an important indicator
for the quality of care of a physician. Indirect waiting times are inﬂuenced
by the panel size, i.e., the number of patients regularly visiting the physician.
To study the nature of this inﬂuence we develop an M/D/1/K/N queueing
model where we include no-shows and rescheduling. In contrast to previous
work, we assume that panel patients do not make new appointments if they
are already waiting. For a given panel size we calculate the steady state
probabilities for the indirect queue length and further aspects such as the
eﬀective arrival rate of patients. We compare those results to the outcomes
of a simulation and show that the simpliﬁcations we used in the analytical
model are veriﬁed. The queueing model can help physicians to decide on
a panel size threshold in order to maintain a predeﬁned service level with
respect to indirect waiting times.
Keywords: Health Services, Panel Size, Traditional Appointment Policy,
Access Time, No-shows, Queueing Model

1. Introduction
Appointment planning matches patient demand and health care provider supply. Good reviews of this research area can be found in (Cayirli and Veral,
Email address: anne.zander@kit.edu (Anne Zander)
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2009) and (Gupta and Denton, 2008). A more recent review of online appointment planning can be found in Chapter 2 of the PhD thesis (Braaksma,
2015).
Patients can stay informed about health care providers for example through
evaluation portals. Hence, there is an incentive for doctors to pay more attention to service aspects such as waiting times. In this paper, we focus on the
indirect waiting time or access time, deﬁned as the elapsed time between the
moment the appointment is made and the actual appointment time. Long
indirect waiting times can lead to a deterioration in patients’ health. Some
studies also show that they may increase the probability of a patient being
a no-show (Gallucci et al., 2005). Consequently, doctors should reduce their
indirect waiting times in order to deliver better service to patients and avoid
idle time.
For our investigation, we assume that each doctor has a panel, i.e., a group
of patients who visit on a regular basis. We also assume that all the demand
comes from that panel. The doctor could ﬁx an indirect waiting time service
level; e.g., on average, patients should not wait more than two weeks for
treatment. Then, the doctor must manage the size of the panel in order to
achieve this service level.
Our aim is to model the scheduled appointment queue in order to relate panel
sizes to indirect waiting times.
2. Literature
The model presented in this paper is based on one of the models of (Green and
Savin, 2008). They present two queuing models (M/D/1/K and M/M/1/K)
in order to link the panel size with the average indirect queue length. They
assume that appointment requests are only coming from the panel and that
they come with a constant rate which is independent of the indirect queue
length. Their aim is to ﬁnd panel sizes which allow the doctor to implement
an open access policy where patients can only make appointments for the
same day. They presume that an open access system can be installed if the
expected probability of getting a same day appointment for a patient is above
a certain threshold, e.g., 80%. This means that 80% of the time the indirect
queue length is shorter than a day. Given the threshold, an upper bound for
the panel size can then be determined.
In (Liu and Ziya, 2014) they decide about the panel size and the oﬀered
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capacity in order to maximize proﬁt. There is a ﬁxed reward for treating a
patient and they assume costs for overtime.
In (Zacharias and Armony, 2013) both direct and indirect waiting times are
considered. Again decisions on panel sizes and capacities oﬀered are made
in order to maximize proﬁt.
Further, we mention (Balasubramanian et al., 2010) and (Ozen and Balasubramanian, 2013) where patients are divided into groups representing different demands, e.g., average number of appointment requests per year. In
a multi-provider clinic patients can then be relocated from one doctor panel
to another in order to achieve a workload balance between the doctors such
that a minimum number of patients have to change their doctor.
In contrast to (Green and Savin, 2008), we also want to investigate indirect
queues of doctors that operate under a traditional appointment policy, i.e.,
every patient has to make an appointment in a given planning horizon. In
general, the panel sizes under consideration can be bigger than those suitable
for open access as waiting times greater than one day are allowed. But then a
substantial part of the panel might be waiting in the indirect queue. Assuming that patients waiting do not make new appointments makes it necessary
to make the demand rate dependent on the indirect queue length. Hence,
our contribution is to extend the model of (Green and Savin, 2008) in order
to include the analysis of traditional appointment systems.
3. Model
We present a queueing model and a simulation model which extend the
M/D/1/K queueing model and the simulation model presented in (Green
and Savin, 2008). We assume a single server queue modeling the appointment schedule and therefore the indirect waiting time. Here, we assume that
appointment requests are only coming from the panel and that patients always accept the next available appointment. The diﬀerence to (Green and
Savin, 2008) is that we assume that patients waiting in the queue will not
make new appointments whereas in (Green and Savin, 2008) the rate of appointment requests is constant independent of the queue length. We will use
the same notation as in (Green and Savin, 2008). We assume that the doctor
can treat a ﬁxed number of patients every day and therefore we assume deterministic service times of length T . By λ we denote the individual patient
appointment request rate. We approximate the arrival process for every ser-
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vice period as a Poisson process with a parameter dependent on the number
of panel patients not waiting or getting treatment. Therefore, the panel size
)k −λ(N −i)T
being N , we deﬁne αi (k) = (λ(N −i)T
e
as the (approximate) probak!
bility that k patients arrive during a service period given that i patients are
in the system (waiting or getting treatment). Further, we assume a ﬁnite
queue capacity of K (corresponding to a ﬁnite booking horizon). Following
the notation of (Osaki, 1992, p. 233) we denote our model as an M/D/1/K/N
queue.
As in (Green and Savin, 2008) we will use a no-show function γ which gives
the now-show probability of patients dependent on their indirect waiting
time. For tractability reasons we calculate the no-show probability based on
the queue length at the time of a patient’s treatment rather than on his or
her time of arrival. In addition, no-shows will schedule a new appointment
with probability r.
With a similar argumentation as in (Green and Savin, 2008), we derive analytical expressions for the stationary distribution of the number of patients in
the system, π(k) being the probability that k = 0, . . . , K are in the system.
We use ρ = λN T .
Proposition 1. The stationary distribution of the number of patients in the
system is given by
1 − rγ(K)

1 − rγ(K) + ρ( i=0 f (i)) − r K−1
i=1 (γ(K) − γ(i))f (i)
(1 − rγ(K))f (k) NN−k
π(k) =
,
K−1

1 − rγ(K) + ρ( i=0 f (i)) − r K−1
i=1 (γ(K) − γ(i))f (i)
k =1, . . . , K − 1

N
(1 − rγ(K))( K−1
i=0 f (i) N −k )
π(K) =1 −

K−1
1 − rγ(K) + ρ( K−1
i=0 f (i)) − r
i=1 (γ(K) − γ(i))f (i)
π(0) =

K−1

where f (k) is a recursion with
f (0) = 1
f (1) =

1
eρ
−1=
−1
(1 − rγ(0))α0 (0)
1 − rγ(0)
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f (k + 1) =
1
(f (k) − (1 − rγ(k))α0 (k) − rγ(k − 1)α0 (k − 1))
(1 − rγ(k))αk+1 (0)
k

1
−
( ((1 − rγ(k))αi (k + 1 − i) + rγ(k − 1)αi (k − i))f (i)),
(1 − rγ(k))αk+1 (0) i=1
k = 1, . . . , K − 2
We also build a simulation model again following (Green and Savin, 2008) in
order to avoid the approximation we used employing the no-show function.
Further, the arrival process can be approximated by a binomially distributed
random number for every service period. This way we do not make an approximation error for cases when almost the whole population is waiting in
the queue. Moreover, as in (Green and Savin, 2008) the assumption that
every patient accepts the next free appointment can be relaxed.
4. Numerical Experiments
We use the same parameter settings (see Table 1) as in (Green and Savin,
2008). We assume 20 appointment slots per day.
Parameter
K
λ
T
r
γ0
γmax
C

Deﬁnition
Queue capacity
Individual arrival rate
Service time
Rescheduling probability
Min no-show probability
Max no-show probability
Sensitivity parameter

Value
400
0.008
day

0.05 days
1
0.01
0.31
50 days

Table 1: Parameter settings

We also use the same no-show function: γ(k) = γmax − (γmax − γ0 )e−kT /C
where k is the queue length and γ(k) the probability of being a no-show. In
Figure 1 the average queue length dependent on the panel size is depicted
for diﬀerent models.
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Figure 1: Expected queue length for diﬀerent panel sizes for the two models and the
corresponding simulations

The models M/D/1/K and Sim correspond to the models from (Green and
Savin, 2008) whereas the models M/D/1/K/N and Sim/N correspond to the
models presented in this paper. Both simulations started with an empty
queue and were simulated for 40000 warm-up periods (corresponding to 7
years) and 10000 more periods to collect data. The implementation is based
on (Koza, 2014). First, our results for the M/D/1/K model diﬀer slightly
from the results presented in (Green and Savin, 2008). The fundamental behavior of the curve is the same but the transition from an almost empty to an
almost full schedule happens for bigger panel sizes. Comparing the diﬀerent
model approaches, the increase of the M/D/1/K curve is much steeper and
happens for smaller panel sizes than the increase of the M/D/1/K/N curve.
Further, we see that the diﬀerence between the results of the analytical model
and the simulation are much smaller in our case.
It is also interesting to note that the queue length distributions are fundamentally diﬀerent between M/D/1/K and M/D/1/K/N. In Figure 2 queue



$QQH=DQGHU

length distributions with an expected queue length of circa 200 for the two
models are depicted. For the two models this expected queue length is attained for diﬀerent panel sizes.
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Figure 2: Queue length distributions in comparison

In our model the queue length will most likely be found around the expected
value whereas for the M/D/1/K model the queue length oscillates between
empty and full which is of course an unattractive behavior. It can be shown
with the simulation that the initial queue length has a great inﬂuence on the
queue length even after a lot of simulation periods because the queue either
tends to a fully booked schedule or to an empty schedule and then stays there
for a long time.
By rate we denote the request rate only generated by the patients not waiting
or rescheduling. We assume that patients in the indirect queue do not make
new appointments. That means that for long indirect queues patients in the
queue do not make appointments but they would if they were not already
waiting. We call this the hidden demand. Hence, the demand seems smaller
than it should actually be. Conversely, due to the eﬀect of rescheduling
(also more prominent for long indirect queues) there is an extra demand in
addition to the rate leading to a higher eﬀective demand rate. Moreover, it
is important to note that patients get rejected when the indirect queue is
very long. In Table 2 we quantify those eﬀects for diﬀerent panel sizes. The
calculations of the eﬀects are based on the analytical model.
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Eﬀect/Panel size
Average rate
Average hidden demand rate
Average eﬀective rate
Proportion of rejected patients
Proportion of no-shows

2500
19.21
0.79
19.97
0.00
0.04

2600
18.16
2.64
20.04
0.00
0.09

2700
18.52
3.08
20.63
0.03
0.11

2800
19.26
3.14
21.41
0.07
0.11

Table 2: Eﬀects for diﬀerent panel sizes, rates are measured per day

As you can see in Table 2, the average rate does not change much for large
panel sizes but the eﬀective rate increases due to the increasing proportion
of no-shows that reschedule. In addition, the hidden demand rate increases
substantially and the proportion of rejected patients is signiﬁcant starting
from a panel size of around 2600. This shows that a doctor should not only
consider the average indirect waiting time but also the proportion of rejected
patients and the hidden demand rate as those are indicators for a possible
lack of care.
5. Conclusion and Outlook
We present a queueing model and a simulation model in order to connect
panel sizes with the distribution of indirect waiting times. The model can
help doctors operating under the traditional appointment policy to decide
about a maximal panel size in order to achieve a service level with respect
to their indirect waiting times and other eﬀects such as the proportion of
rejected patients and the hidden demand rate. Mathematically, the contribution of this paper is the analytical distribution of an M/D/1/K/N queue
where the arrival rate is dependent on the queue length.
Possible future work on the model include a sensitivity analysis for the model
parameters and numerical experiments considering measures such as seeing
a given share of the patients in a ﬁxed time period. Then, other patient behaviors such as balking, rescheduling directly (even if not being a no-show)
if the queue is very long or leaving the panel because of long indirect waiting
times could be integrated. Moreover, patients could book several appointments at a time. They may not always book the next available appointment.
In general, physicians do not operate under a purely traditional appointment system (only patients with appointments are treated) but also allow
for walk-ins, e.g., urgent cases. This option should be included in the model
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considering that the longer the indirect queue the more likely patients will
just walk-in. Furthermore, the idea of (Balasubramanian et al., 2010) and
(Ozen and Balasubramanian, 2013) that patients belong to diﬀerent demand
groups could be integrated. Then, not only the panel size but also the case
mix is relevant. In addition, the model could be extended to a vacation
queueing system as in (Creemers and Lambrecht, 2009a) and (Creemers and
Lambrecht, 2009b).
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Abstract
The performance evaluation of hospital logistics is becoming more and more
important to guarantee eﬃcient services in health establishments. Therefore, we propose a new discrete-time approach for the steady-state analysis
of closed-loop queueing systems with arbitrary topology and generally distributed service times. Based on a ﬁnite Markov chain, it is possible to
compute the complete cycle time distribution of service systems with a population constraint. In addition, the distribution of the number of customers
at each service station can be obtained. The method is applied to the analysis of a sterilization process of medical devices. To verify the method, we
compare the results of our discrete-time approach to the results that are
obtained by a simulation model.
Keywords: Performance evaluation, Queueing networks, Closed-loop,
General service process, Cycle time distribution, Hospital logistics

1. Introduction
As health establishments are faced with growing health expenses, more and
more research is done in order to make service processes more eﬃcient. Therefore, some authors started with the performance analysis of support services
Email address: martin.epp@kit.edu (Martin Epp)
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in health establishments, e.g., the sterilization of medical devices. Starting
with a simulation model of a generic sterilization process (see Di Mascolo
et al. (2009)), analytical methods which were previously used to analyze the
material ﬂow in production systems, were applied to analyze the sterilization service in health establishments (see Matzka (2011), Stoll and Di Mascolo (2013)). Discrete-time queueing models have been used as a method
to achieve a fast and quite accurate way of determining performance ﬁgures of service systems. While with classical general queueing models in
continuous-time domain, characteristic values are calculated only on the basis of means and variances (for a detailed overview of methods for closed
queueing networks see Lagershausen (2012)), in discrete-time modeling all
input and output variables are described with discrete probability distributions. This enables the derivation of quantiles of performance measures,
which are often needed for the design of logistics systems.
 XVH
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Figure 1: Representation of a sterilization process (see Matzka (2011)) as a closed queueing
system

In the previous works, the sterilization process was modeled as an open
discrete-time queueing network, as the according discrete-time queueing models were only applicable to open networks (see Matzka (2011), Stoll and
Di Mascolo (2013)). As the sterilization process becomes a loop when the
use-step is integrated (see ﬁgure 1), a more realistic model is achieved, when
the sterilization of medical devices is modeled as a closed queueing network.
In this paper, we present a method for the performance evaluation of closedloop queueing systems in discrete-time domain with generally distributed
service times that can be used to analyze the sterilization process of health
establishments.
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2. System description
The system under investigation is a closed queueing system in discrete-time
domain with arbitrary topology. It consists of V stations with one server
and one waiting room each, as well as K̂ customers that circulate in the
system. The routing of the customers to the subsequent stations depends on
the routing matrix D. Its generic element dh,i deﬁnes the probability to be
routed from station h to station i. The system is observed at equally spaced
time periods with a length of tinc . It is assumed that the beginning and the
end of service as well as the routing to the subsequent stations take place
immediately prior to the periods. The customers that cannot be processed
immediately stay in the waiting room, which has inﬁnite queueing capacities,
and are served based on a ﬁrst come ﬁrst serve discipline. The service time
at station i is assumed to be independent and identically distributed (i.i.d.)
according to the random variable Bi , where bi,j denotes the probability that
Bi takes value j. Furthermore, the service time distributions have ﬁnite upper
supports bi,max . The performance measures of interest are the distribution
of the number of customers Ki in the stations at random periods and the
total cycle time distribution S through the system starting from station î,
i.e., that for each customer the entry in that station determines the end of
the current cycle time and the beginning of a new one. A closed queueing
system, which will be used in the following section to clarify the algorithm
to determine the performance measures, is depicted in ﬁgure 2.
3. Computation of the performance measures
3.1. Steady-state probability computation
To obtain the performance measures, a ﬁnite Markov chain which governs
the behavior of the system by 2 · V parameters is created. V parameters ki
are needed to deﬁne the number of customers at each station and V more
ri to deﬁne the residual time of their currently served customer (ri = 0 if
there are no customers in the ith station). As a result, a system state can be
represented as follows:
z = ( r1 r2 ... rV

k1 k2 ... kV )

with ri ∈ {0, 1, ..., bi,max }, ki ∈ {0, 1, ..., K̂}, i ∈ {1, ..., V }



(1)
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For example, the system state of the queueing network depicted in ﬁgure 2,
is deﬁned by z = ( 1 1 1 1 ).
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Figure 2: Example of a closed queueing system

The possible system states are determined iteratively by starting from one
initial possible state and by computing all the possible states for the next
time period. In particular, the beginning of a new time period reduces the
residual time of each customer in service by 1 and the end of the service (ri
from 1 to 0) leads to a customer transition to a subsequent station. If a new
service starts, the residual time can assume any value of the service time
distribution Bi . The routing of the leaving customers is dependent on the
routing matrix D, whereas the residual time at the beginning of a service
is dependent on the service time distribution Bi . The combination of the
possible customer transitions and new residual times determines the possible
number of new states, while the routing probabilities and probability distribution of the service times are used to determine the transition probabilities
to the correspondent subsequent states. If new states are found, the same
reasoning is applied to them to ﬁnd new states, otherwise the iteration stops.
At the end of the iterations, all N possible states are found and denoted as
zn and their set Z is created. The state transition matrix U can be then
computed, i.e., a matrix which contains the probabilities um,n to go from
the state zm to zn in the next time period. Once the matrix U is deﬁned,
the steady-state probabilities pn can be computed using standard techniques
like the Power Method (Bolch et al., 1998) or the ones explained in Stewart
(2009).
3.2. Distribution of the number of customers Ki
The distribution of the number of customers Ki in station i at random periods
can directly be obtained from the steady-state probabilities. Hereby, ki,j
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denotes the probability that Ki takes value j.

pn
ki,j =

(2)

∀zn | ki =j

3.3. Calculation of the total cycle time distribution S through a chosen station î
To obtain the total cycle time distribution S, the computation of the contribution Sn to the cycle time for each state zn is carried out. The method uses
a similar strategy as Colledani et al. (2015), where the computation of time
distributions starts when a new customer enters the considered subsystem
and ends when it leaves the subsystem. In our case, the computation starts
when a new customer enters station î and ends when he comes back to station
î. In particular, for each zn the set of the following states Zn0 (referring to
the period t = 0 of the cycle time computation) is computed along with their
probability p0n,m (with m ∈ {1, ..., Mn0 } and Mn0 the state number contained
in Zn0 ).
In order to track the customers through the system, a new state vector atn ,
which contains also the station number is and the position ip in the station,
must be used. The position ip takes value 1 if the customer is in service and
value 2, ..., K̂ when he waits for service. The vector represents a generic state
after t periods which has been originated from the nth state of the system.
As a result, a system state can be represented as follows:

atn = ( r1 r2 ... rV

k1 k2 ... kV

is ip )

with ri ∈ {0, 1, ..., bi,max }, ki ∈ {0, 1, ..., K̂},

(3)

is ∈ {1, ..., V }, ip ∈ {1, ..., K̂}, i ∈ {1, ..., V }
A new set A0n is created. It contains all the states at t=0 originated from zn ,
which are identiﬁed with the index q ∈ {1, ..., Q0n }, where Q0n is the number
of states in A0n . They are ﬁlled according to the following procedure:
0
• The transitions from the state zn to all states zn,m
, i.e., the ones in0
cluded in Zn , are considered.
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• For each transition, if no customer enters the station î, no states are
added to A0n .
• If c customers have just entered the station î, c state vectors a0n are
added to A0n . Those vectors are created in the following way: the
ﬁrst 2 · V parameters coincide with the correspondent vector in Zn0 ,
the station number is equals î and the corresponding probability p0n,q
coincides with the probability p0n,m of the correspondent state in Zn0 .
They only diﬀer for ip , since the customer of interest may enter the
station as the 1st , ..., cth customer.
For the previously depicted queueing system (see ﬁgure 2), a numerical example of the computation of the set A01 is provided in ﬁgure 3, i.e, for set
A0n=1 that comes out from the ﬁrst system state. For the sake of simplicity, the probabilities at each step are computed as if p1 = 1, but in general
pn < 1.

ϮĐƵƐƚŽŵĞƌƐ ĞŶƚĞƌ͗

Ϭ͘Ϯ

;ϭϭϭϭͿ͕

сϭ

ϭ ĐƵƐƚŽŵĞƌ ĞŶƚĞƌƐ͗
Ϭ͘ϴ

Figure 3: Numerical example of the computation of the set A0n

At this point, the cycle time distribution Sn,q for each state of A0n , namely
the probability that the tracked customer returns to the station î at each
time period, must be computed as follows:
1. Initialize t=0 and create the set Â0n,q .
2. Add a copy of a0n,q to the new set and assign a correspondent unitary
probability to it. That new state is denoted as â0n,q,1
3. Increment to t = t + tinc .
inc
4. Considering all the states of Ât−t
, determine the states for the current
n,q
time step. It must be considered that if the tracked customer leaves a
station, the is and ip indexes must be recomputed accordingly. Add the
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5.

6.

7.
8.

t
new states to the set Âtn,q . The index w ∈ {1, ..., Wn,q
} denotes each
t
t
state ân,q,w , whereas Wn,q corresponds to the total number of states
included in Âtn,q .
Determine the correspondent probabilities ptn,q,w of the new states by
considering the routing probabilities and service time probability distribution of all stations which serve a new customer.
If the tracked customer arrives at a station simultaneously with n other
customers, all n + 1 possible positions ip must be considered and, as
a result, n + 1 diﬀerent states must be added to Âtn,q . Furthermore,
the correspondent probability must be equally split and shared among
those n + 1 states.
If the tracked customer has just returned to station î, add its probability
ptn,q,w to Sn,q in the tth position and delete the state from Âtn,q .
Repeat the algorithm from step (3) until the set Âtn,q is empty or the
total probability of its states is smaller than a given  (in case of a
possible inﬁnite cycle time).

For the previously depicted queueing system (see ﬁgure 2), a numerical example of the computation of S1,1 is provided in ﬁgure 4.
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Figure 4: Numerical example of the computation of the cycle time distribution Sn,q

Once all the cycle time distributions of the tracked customers Sn,q are computed, the cycle time distribution Sn of the nth state is computed as follows:
Q0n
Sn =

0
q=1 pn,q Sn,q
Q0n 0
q=1 pn,q



(4)
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The numerator results in a weighted sum of the cycle time distributions Sn,q ,
while the denominator normalizes the sum in such a way that the sum of the
vector elements is equal to 1. In order to exactly compute the overall cycle
time distribution S through the station î, the cycle time contributions of all
states are combined with the following formula:
S=

N
n=1

N

p n Sn

n=1

(5)

pn

4. Numerical evaluation
In the following section, we apply the presented calculation method to the
analysis of a sterilization process of medical devices. In a sterilization process,
reusable medical devices are re-injected in the process after their use in the
operation room. When we integrate the use step, the sterilization process
becomes a sterilization loop as seen in ﬁgure 1.
Table 1: Discrete probability distributions of the single process steps

tinc
1
2
3
4
5
6

1
0
0.1
0.3
0.1
0.2
0.3

2
0.5
0.5
0
0
0
0

Process Steps
3
4
5
1.0 0 0.9
0
0 0.1
0
0
0
0 1.0 0
0
0
0
0
0
0

6
0.1
0.9
0
0
0
0

7
0
0
1.0
0
0
0

The pre-disinfection step is done directly after the use in the operation room.
The medical devices are placed in a disinfectant liquid to decrease the population of micro-organisms present on the soiled equipment, in order to protect
the staﬀ during the manipulation and to facilitate the later washing. During the pre-disinfection step, the used medical devices (MDs) are transferred
from the operation rooms down to the sterilization area. At the sterilization
area, the MDs are rinsed. Furthermore, the MDs are washed in machines to
eliminate stains to obtain a clean medical device. After washing, the MDs
are packed into containers or bags to constitute a barrier against microorganisms. In the sterilization step, the MDs are placed in an autoclave
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where they are treated with saturated steam. After the sterilization, the
MDs are stored close to the operating rooms.
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Figure 5: Comparison of analytical and simulation results of a closed network with 6
customers

In table 1, exemplary service time distributions of the single process steps
are given (tinc = 10min). We used this input data in order to compare
the results of the discrete-time model with the ensemble averages of 10 independent replications of a discrete-event simulation that models the same
assumptions as the analytical model. Each replication contains 10,000,000
customer cycles. We analyzed the closed queuing network with 2 to 6 MDs
in the system. Figure 5 shows the probability distributions of the cycle time
and the number of customers in queueing system 1 when the network contains 6 customers. Table 2 gives the results for the mean cycle time E(S),
the 95 % quantile of the cycle time S0.95 , the average number of MDs E(K1 )
in queueing system 1, and the probability k1,0 that at station 1 zero MDs
are present. For each parameter, we can see that the analytical results are
equal to the simulation results, as our method is exact. We can see, that
for 6 MDs, queueing system 1 is only empty in 0.34% of the cases and MDs
are ready for use. Besides, we provide the total computation time for the
analytical model and the simulation. We can see, that for 6 customers in
the network, the analytical computation time for all parameters is already
half of the simulation length. But note, that the computation of the system
states only needs 1.4% of the total computing time. Therefore, our method
provides performance ﬁgures in an acceptable time.
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Table 2: Performance parameters for networks with 2 to 6 customers

K̂
2
3
4
5
6

E(S)[tinc ]
Ana. Sim.
15.59 15.59
16.24 16.24
18.21 18.21
21.78 21.77
25.89 25.89

S0.95 [tinc ]
Ana. Sim.
18
18
19
19
22
22
26
26
31
31

E(K1 )[cust.]
Ana. Sim.
0.57
0.57
0.90
0.90
1.39
1.39
2.08
2.08
2.92
2.92

k1,0 [%]
Ana. Sim.
44.83 44.83
20.58 20.58
5.56
5.56
1.26
1.26
0.34
0.34

Comp.
Ana.
0.43
4.44
9.00
54.32
224.36

time [s]
Sim.
434.92
408.58
450.75
396.04
401.20

5. Conclusion
In this paper, we propose a new approach for the steady-state analysis
of closed-loop queueing systems with arbitrary topology and generally distributed service times. Based on a discrete-time Markov chain, the method
provides an exact computation of the cycle time distribution and the distribution of the number of customers at each service station. The method is
applied to the analysis of a sterilization process of medical devices. Moreover,
we verify the results of our model by comparison to a discrete-event simulation. Future work will be dedicated to the extension of the approach to
systems with ﬁnite queueing capacities and the application of this approach
to case studies in health establishments.
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Abstract
Process modelling has a long and established research tradition, in the context of formally capturing sequences of activities, as well as the involved
parties and the exchanged data. It will, without a doubt, continue to play
a major role in the context of supporting the development of added-value
services industry 4.0. In the medical domain, clinical pathways are a speciﬁc form of process modelling. They are an evidence-based response to
particular problems and care needs in clinics. Current developers and latest technologies, improve and reﬁne, among others, also the expressivity of
clinical pathways. As a result, advanced pathways modelling optimises the
treatment procedures in clinics (i.e. by reducing the stay of a patient or the
mortality rates). However, as a side-eﬀect of this trend, clinical pathways
become increasingly complex and it becomes harder to keep up to date with
the latest published processes. In oder to address the challenge of analysing
clinical pathways, we provide an approach to capture information about activities and annotate the modelled pathways with references to external data
sources. We demonstrate the practical applicability of our approach by using
our system to model an actual clinical pathway, and enrich it with metainformation and references to external data sources, such as PubMed. We
show the use and expressivity of our data model by querying the captured
data.
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1. Introduction
Clinical Pathways are guidelines used in clinics to support physicians by
providing recommendations of the sequence and timing of actions necessary
to achieve an eﬃcient treatment of patients Panella et al. (2003); Kinsman
et al. (2010). They are evidence-based and use insights of former treatments
of patients. However, due to the increasing volumes of data and developments
in the medical domain, the clinical pathways become more complex. Each
clinic has its own pathway based on its evidence and experience. Therefore,
there are multiple pathways available that target diﬀerent problems and care
needs Zand (2002); Kris Vanhaecht et al. (2006); Hindle and Yazbeck (2005).
They can be distinguished in their degree of complexity, in execution, and
can be grouped according to the speciﬁc problems and care needs that they
target. In order to capture meta-information about clinical pathways and
activities, to compare, analyse and group them, we present a system that
allows to capture meta-information about the activities. This information
can be used to provide healthcare services i.e. planning resources and improve
the outcome of clinical pathways.
We demonstrate the applicability of our solution by modelling a concrete
perioperative pathway. The used methods and an overview of the system are
described in Section 2. Overall, we address the following research questions:
1. How can we capture meta-information in clinical pathways?
2. How can we implement the infrastructure necessary for storing, accessing,
and processing the meta-information?
We show that our approach is easy to use and extensible to capture further
meta-information (Section 2). Furthermore, we show that our approach is
suﬃcient to query and process the captured information (Section 3). A short
discussion and lessons learned are given in Section 5.
2. Material and Methods
Our approach to capture meta-information is hierarchical (Figure 1 illustrates
our hierarchical model). The hierarchy has at least two levels. The highest
level (Level 1) represents an abstract element of a modelling language. The
elements in the following levels inherit from elements located in the previous
level. Therefore, each attribute modelled in the superclass, is available in
the subclass. The relationship between the superclass and its subclasses is
1 : n. Hence, a subclass does not inherit from multiple superclasses, but a
superclass can be used as a generalisation for multiple subclasses.
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Figure 1: Hierarchical model to capture meta-information.

The elements in the second level (Level 2) inherit from the abstract element.
Therefore, each attribute modelled in the superclass is available in the subclass. Usually modelling languages consists of nodes (Flow Elements) and
edges (Connecting Element) between the nodes. These two kind of elements
are arranged in the second level (Level 2) of our meta-model. Some modelling languages (i.e. BPMN) distinguish between more elements than Flow
Objects and Connecting Objects. These additional objects can be arranged
in Level 2. Following, more levels can be append and enriched with elements
that inherit from elements located in the previous level. The speciﬁc inheritance depends on the chosen modelling language. I.e. BPMN distinguish between three ﬂow elements: events, activities, and gateways. These elements
are arranged in a following layer (Level 3) in the hierarchical meta-model.
However, a Petri net distinguish only between places and transitions.
The last level (Context Level) is an optional level that allows to create use
case-speciﬁc distinctions of each element from the last layer. For instance
tasks in clinics can be divided into preoperative and surgical tasks.

3. Evaluation
For validation of our approach, we applied the hierarchical model to capture meta-information about a perioperative pathway. Figure 2 shows the
perioperative process modelled in BPMN.
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Figure 2: Perioperative process, modelled in BPMN.

We use a Semantic Media Wiki1 to capture the activities, workﬂow and the
meta-information. SMW is an open-source collaborative knowledge management system to store and query data. We used Semantic Forms2 to provide
forms in order to facilitate the input of meta-information.

Figure 3: Extract of the implemented hierarchical meta-model.

Figure 3 illustrates the links and inheritances of the semantic forms. Forms
from successive levels inherit from their superclass and consist of the form of
the superclass enriched with attributes, captured on this hierarchical level.
1
2

https://semantic-mediawiki.org
https://www.mediawiki.org/wiki/Extension:Semantic_Forms
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On the top level (Element) we introduced the attributes Label,Comment and
Reference. Forms in the lower level inherit from this form and enrich it with
further attributes. Thus in the form Flow Objects we introduced the attributes Responsible Person, Goal, Condition and Guideline. Some attributes
can be mandatory, allow only speciﬁc values or have multiple manifestations. For instance we choose Responsible Person as a mandatory attribute.
Thereby, each ﬂow object is connected to a responsible person, so that in
case of doubt one has a contact person.
On the lowest level there are twelve attributes. We use an existing classiﬁcation Braun et al. (2014) to classify diﬀerent medical tasks in more detail
on the context level. They slightly diﬀer in their attributes. Thus, the Therapy Task has an attribute Planned Therapy, and the Diagnosis Task has an
attribute Supposed Disease.
We enrich the BPMN elements with meta-information according to the provided forms. As a results, we can query for the following information:
1) Total runtime of the complete process; 2) Number of Elements contained
in the process; 3) Responsible person, for speciﬁc tasks and processes; 4)
Number of decisions within a process. The structured data in the SMW is
stored in Resource Description Framework (RDF). Elements in RDF are represented by HTTP URIs We can use SPARQL3 in order to retrieve queries
on the data. SPARQL is a semantic query language for RDF. A concrete
SPARQL query to request the total runtime of the perioperative process is
given in the following.
PREFIX a i f b : <h t t p : / / a i f b −l s 3 −vm2 . a i f b . k i t . edu>
SELECT sum ( ? runtime ) WHERE {
a i f b : BPMNProcess Perioperative
a i f b : Property −3AHas element ? Element .
? Element a i f b : Property −3AHas Runtime ? runtime . }

4. Related Work
The Dublin Core Schema4 consists of a set of metadata terms that can be
used to describe resources. However, it does not stipulate the model that
must be used.
3
4

http://www.w3.org/TR/rdf-sparql-query/
http://dublincore.org
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The Learning Object Metadata (LOM) is an open standard, published by the
Institute of Electrical and Electronics Engineers (IEEE), to describe learning
objects. Learning objects are the smallest contents in which learning sources
can be resolved. The LOM stipulates the attributes and their connection.
The structure of LOM consists of nine categories but they are not arranged
in a hierarchy.
The Computational Independent Metamodel (CIM) Yang et al. (2009);
Kutsche et al. (2008) describes scenario requirements. It abstracts from
the business process and data ﬂow model. Platform speciﬁc metamodels
(PSMM) describe technical aspects of systems including the structure, behaviour and communication of the interfaces. PSMM supports information
like interface semantics, remote addresses, signatures and communication
properties Yang et al. (2009); Kutsche et al. (2008). In contrast, Platform
Independent Metamodels (PIMM) Yang et al. (2009); Kutsche et al. (2008)
abstract from platform-speciﬁc properties and interface descriptions.
A semantic meta-model by Yang et al. (2009) represents the information in
a graph, similar to RDF. Subjects and objects are modelled as classes and
linked via predicates. The meta-model contains predeﬁned predicates, but
can be extended with speciﬁc predicates.
5. Conclusions
The long-term goal of our work is to develop a system that analyses processes,
while making use of all available knowledge. To this end, we introduced a
new concept for modelling, processing, and accessing meta-information. The
used approach abstracts away from a speciﬁc modelling language. Moreover,
it is adaptable to diﬀerent use case scenarios.
We actively use the presented infrastructure for data collection and processing. SMW provides a suitable environment to model, store and access metainformation about processes and allows references to external data sources.
In order to investigate the beneﬁt of our approach, we will focus on capturing
further processes in the medical domain, as well as in other domains.
Future work includes the analysis of processes with respect to uncertainty.
Clinical pathways have already been analysed in previous works, i.e. Yang
et al. (2012), however we will not focus on clinical pathways in particular but
on processes in general.
In conclusion, we introduced a hierarchical meta-model to capture metainformation in processes.
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Abstract
Real Time Delphi (RTD) is an advanced online implementation of the Delphi
Method (DM), designed to speed up the period of time needed to conduct
a survey using nowadays internet technology. However its overall design is
still very restricted and does not leverage the full potential for collaboration
of this new Information and Communications Technology (ICT) channel. In
this paper we propose two design elements that introduce social interaction
in RTD to leverage positive eﬀects, while not harming anonymity as a key
feature of the DM. The contribution of this work is to enhance the RTD
Method in a way that allows anonymous but social interaction amongst participants, addressing weaknesses of the current method regarding drop-outs
of participants and the organizing and control of content.
Keywords: Participation and Crowd Services, Real Time Delphi,
Anonymity, Forecasting, Survey Design

1. Introduction
Since the introduction of the internet the ways we collaborate changed enormously. The DM is a special survey design, developed in the 1950s, aiming
to synthesize the expert judgments and create a group consensus (Turoﬀ,
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1970). In the beginnings this collaboration took place with paper and pencil. Remote experts had to be included postal. Due to the internet and
its new possibilities the DM became “online” (Linstone and Turoﬀ, 2011),
but the process itself did not change and therefore all weaknesses of the old
process were adopted. One shortcoming in the method is the long time period that is needed to carry out a Delphi Study, which sometimes may take
several months (Landeta et al., 2008). This issue was addressed by Gordon
and Pease (2006) with the Real Time Delphi (RTD) Approach. However,
we argue that the full potential of online collaboration for the DM is not
yet harnessed and propose to improve the method with two social elements,
without harming anonymity, one of its key characteristics. The ﬁrst proposed
element is the possibility to label arguments by a ﬁxed set of labels. Second,
we propose to enrich the arguments with a generated user name which is
only valid within one question. We argue that this two elements help self
organizing of the content as well as create a higher sense of social presence
which raise quality of discussion and lower drop-out rates. Therefore we form
following hypotheses:
• H1: Introducing labeling and generated user names in RTD increases
perceived social presence.
• H2: Social presence in RTD lowers the drop-out rate.
• H3: Introducing labeling helps structuring the discussion and improves
usability.
The paper is structured as follows: In section 2 a brief theoretical background
on DM, RTD and online collaboration in general is given. Section 3 examines how social presence can positively aﬀect RTD. Section 4 explains the
proposed design of a social RTD (sRTD). Finally, the paper will ﬁnish with
a conclusion and outlook.

2. Background
2.1. Delphi Method and Real Time Delphi
According to Dalkey et al. (1969) three main features are characterizing the
DM: i) anonymity, ii) controlled feedback, and iii) statistical group response.
The ﬁrst feature reduces the eﬀect of dominant individuals in the group, so
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Figure 1: Controlled Feedback Loop of Delphi Method

that pressure to conformity or reputation do not aﬀect the truthful revelation
of opinions. Controlled feedback as the second feature aims to reduce noise.
The third characteristic, the statistical group response lowers group pressure
on conformity and reassures that the opinion of every member is represented
in the ﬁnal response. Statistical group response is usually provided as the
mean, the number and the variance of all estimations or another suitable
visualization of the distribution of the estimations. Landeta et al. (2008) and
Rowe and Wright (1999) add a fourth characteristic, the “iterative process”.
The basic idea is that the controlled feedback loop creates consensus between
the experts in the Delphi study as a result of that the experts can adapt their
opinion in each loop and react to the arguments and summarized judgments
of the group. The process is illustrated in ﬁgure 1.
In contrast to the pure implementation of the DM as an online process,
the RTD approach changes the feedback loop, so that a participant can see
the responses of the group members immediately after he has given his ﬁrst
opinion (and optionally an additional argument). There is no explicit second
round, but the participant has the option to return at any point of time and
change his submitted judgement. By then others may have contributed or
adapted their opinions so averages or medians have changed (Gordon, 2008).
As the online channel completely hides the identity of the participants it is
also possible to conduct RTD synchronously in conference rooms or the like.
Additionally the RTD technique is a way to open the DM for larger panel
sizes as distribution and collection of the questionnaires is not necessary
and there are no additional cost of more participants (especially in remote
locations) (Linstone and Turoﬀ, 2011). According to Gnatzy et al. (2011)
the DM and RTD produce similar results. To our knowledge in none of the
existing implementations of RTD or accompanying research and publications
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the enhancement of the method in terms of social elements is considered or
discussed. Major other contributions to RTD where made by Gordon (2008)
and Gnatzy et al. (2011). In Gordon (2008) the focus is laid to argue that
all key features of the DM are completely implemented. Gnatzy et al. (2011)
introduced visual feedback as well as a consensus portal that is basically an
overview on the questionnaire, that signalizes where ones opinion is in line
with the group or where there is strong disagreement.
2.2. Online Collaboration
“Collaboration begins with interaction” (Murphy, 2004, p. 422). The awareness of social presence in online settings makes people to interact as a group
which enriches interaction and the sense of community. In a collaborative
community members do not only share perspectives, but are starting to challenge other opinions, reshape their own, and restructure their thinking. This
process leads ﬁnally to a shared meaning (which is also characteristic to the
DM). However, social presence in online collaboration has the ability to start
some more processes: New perspectives and meanings as well as shared goals
can evolve (Roschelle and Teasley, 1995). Especially second is interesting, as
it leads to the production of shared artifacts and the intention to “add value”
(Kaye, 1992). It is not yet discussed, if these processes lead ultimately to better results in every case, but intuitively one would say, that it may improve
the result in some dimension. Leveraging this improvement for RTD has not
yet happened and Linstone and Turoﬀ (2011) say “[...] [T]he future of Delphi
will be in collaborative organizational and community planning systems that
are continuous, dispersed, and asynchronous.”
3. Social Presence and possible Eﬀects on Real Time Delphi
Usually the DM as well as RTD build on absolute anonymity (or quasianonymity as in Kochtanek and Hein (1999)). Gordon (2008) states the
concern about spurious factors, such as reputation, status or other social behavior that intrude in face-to-face interactions among experts lead once to the
feature of anonymity in the beginning of the DM. Since then anonymity is a
key feature of the DM and it was adopted in RTD. We argue that anonymity
is not an end in itself, but that the goals it wanted to achieve can be, using
nowadays technology, achieved while leveraging the positive eﬀects of social
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interaction and collaboration.
One problem with the traditional DM is the drop-out rate of the participants
and the corresponding low response rate during the rounds, which should be
at least 70% (Mullen, 2003; Walker and Selfe, 1996). Reid (1988) notes, that
the panel size has a strong inﬂuence on the drop-out rate. Large panels tend
to have higher drop-out rates than small panels with 20 members. Okoli
and Pawlowski (2004) argue that the researcher has the possibility to contact the drop-outs and ask them to participate, but this can be – depending
on the budget – related to a disproportionate eﬀort (Ishikawa et al., 1993).
However, the technological concept of RTD and it’s asynchronous character
would allow distinctly larger panels. To draw this potential it is necessary
to bind users stronger to the platform and the questionnaire, which can be
supported by social presence and therefore social reputation, that can be
built. Bolger and Wright (2011) found, that in “traditional” Delphi studies
the promise of gaining social reputation raise motivation to commit to the
study and decreases the drop-out rate.
To tag content in “social question answering” (e.g. Yahoo! Answers or
Live QnA), can open opportunities for richer user interaction (Rodrigues
et al., 2008) and is not a new idea at all. According to Ames and Naaman
(2007) there are mainly two reason to tag social content1 : i) Providing ones
opinion on something (social interaction) and ii) help others/oneself to ﬁnd
something (self/organization). Additionally Rainie (2007) puts that tagging
allows groups to form around points of view and similarities of interest. If persons use the same tags, they may get the impression that they probably share
some deep commonalities. Tagging can therefore contribute to RTD in multiple ways: First it enables users to express their opinion about arguments
and gain reputation. Second it enables users to express “common sense”.
Both leads to higher social presence and therefore raise user binding to the
platform. Third tagging is a strong instrument of (self)organizing content.
Especially for larger panels, online discussion can quickly become confused
if there are no means to structure and distinguish important from the unimportant or interesting from the uninteresting. Lots of large online platforms
as Twitter, Facebook or GitHub use tagging or labeling as a mean to allow
structuring and organizing the content. Turoﬀ et al. (2004) already used
labels to organize content in a study which he attested a “Delphi-structure”.
1

In case of Ames and Naaman (2007) photos.
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However, his implementation did not ﬁt the anonymity criteria, as names of
argument’s authors were visible.

4. Design of a social Real Time Delphi
Key to our design proposal is keeping anonymity where needed in sRTD while
introducing social elements to leverage the afore eﬀects mentioned. Therefore we propose two design elements: i) Randomly generated user names only
valid within a question and ii) a ﬁxed set of labels in the discussion.
The idea behind i) is to enable the participants to argue with and relate to
each other. The eﬀect is that each participant can be addressed directly2 .
This leads to the impression of social presence and can nudge the processes
mentioned in section 3. As the user names are randomly generated for each
question anonymity is completely given and social reputation or status can
not be transferred between questions and questionnaires. In addition no linkage to the real person is possible, hence we can argue that anonymity as a
key feature of the DM is not violated. In contrast to standard RTDs the
generated user names are displayed to every given argument as well as in the
argument-creation form as “You are posting as [generated user name]”3 .
The second design element uses the idea that participants get a social reward
if good content is provided. Arguments can be labeled by a ﬁxed set of tags
as for example “helpful”, “strong” or a simple “like” (or “vote” as used in
Turoﬀ et al. (2004)). Contributions to the “shared goal” are rewarded on
this way, which satisﬁes the author as his demand for social reputation is
fed. As the author wants to maintain his social reputation we expect him to
participate on a more regular basis (Linstone and Turoﬀ, 2011). Goluchowicz
and Blind (2011) found that participants, who felt as experts had a lower
probability to drop out in Delphi studies. The social reward that participants
get may make them feel as experts somehow. In addition labeling has the
potential to make the argumentation more eﬃcient and to introduce some
kind of self-control and therefore raise the argumentation quality (Linstone
2

Publicly in the group but only within this question.
We are aware that the referenceability of persons within the context of a single questions may lead to a group discussion. However, it is not investigated yet (to the best of our
knowledge), if this aﬀects RTD, respectively the forecasting task in a positive or negative
way.
3
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and Turoﬀ, 2011). In contrast to tagging (unrestricted labeling), the ﬁxed set
allows a certain degree of control to ensure that very personal tags that may
be only used by one person do not allow linkage of this person throughout the
questionnaire, as they are reported in (Rodrigues et al., 2008). In contrast
to standard RTDs where arguments allow no interaction, sRTD shows the
users a list of labels which can be added. Every label can be added only once
per user and argument. It is not displayed, which user added the label.
To test hypothesis H1 we plan to conduct an online experiment with A-B
testing (with and without i) and ii)). Afterwards a questionnaire is conducted
to measure perceived social presence in both groups. To evaluate H2 we compare the actual drop-out rate to the results of the questionnaire. To evaluate
H3 the questionnaire will contain items about usability and informativeness
of the platform.
5. Conclusion and Outlook
The future of RTD is to leverage the possibilities, that come with its technology. In this paper we draw a picture of the potential of making RTD
more social by proposing to add the two elements of randomly generated
user names per question and labeling in the design. Both elements arouse
the impression of social presence in the sRTD and allow building sense of
community and social reputation by not harming the key feature of the DM:
“anonymity”. In our design it is not possible to link participants to real
persons nor to build a social reputation in a way that may aﬀect unbiased4
forming of opinions. We expect introducing this social elements to raise the
binding of the users to the platform. Additionally labeling can contribute
to the eﬃciency of the argumentation and helping to organize it, which we
expect to increase discussion quality. The contribution of this work is to
enhance the RTD Method in a way that allows anonymous social interaction
amongst participants, addressing weaknesses of the current method regarding drop-outs of participants and organizing and control of content. Next
steps contain the implementation of a sRTD platform including these proposals and verify that anonymity is not violated. Future work will test our
three hypotheses and further improve sRTD by trying to decrease drop-out
rate, improve discussion, and raise overall result quality of the prediction.
4

By means of social reputation or status.
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Abstract
During the last decade Amazon Mechanical Turk has evolved to an established platform for conducting behavioral research. However, designing and
conducting economic experiments on online labor markets remains a complex
and ambitious task. In comparison to laboratory environments, a set of speciﬁc challenges (such as synchronization and control) has to be thoroughly
addressed. In order to support researchers in fulﬁlling this task, we provide
a framework of a continuously updating guideline for conducting economic
experiments on Amazon’s Mechanical Turk. Our main contributions are the
proposition of (i) a challenge-oriented view based on common experimental
economics practices, and (ii) a collaborative continuous guideline approach.
Keywords: Crowd Services, Crowd Work, Crowdsourcing, Guideline,
Online Experiments, Behavioral Experiments, Experimental Economics

1. Introduction
In recent years, researchers from various ﬁelds have recognized and started
to harness the potential of conducting experiments on crowd work platforms
such as Amazon Mechanical Turk (MTurk). The validity of such experiments
Email addresses: tim.straub@kit.edu ( Tim Straub ),
florian.hawlitschek@kit.edu ( Florian Hawlitschek ), weinhardt@kit.edu ( Christof
Weinhardt )
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in comparison to economic laboratory experiments was comprehensively discussed in the literature (Paolacci et al., 2010; Chilton et al., 2010). In recent
years a variety of experiments was conducted on MTurk and in fact the number is still growing fast. Reasons for that are inter alia the large subject pool
and low cost labor (Mason and Suri, 2012; Paolacci et al., 2010). However,
compared to classical laboratory experiments, researchers are facing several
challenges while conducting experiments in the crowd, e.g. synchronization
and control. To overcome such issues on crowd work platforms, guidelines
leading through the process of conducting experiments are needed.
A set of comprehensive guidelines for behavioral research on crowd work
platforms has already been published (Mason and Suri, 2012; Horton et al.,
2011; Paolacci et al., 2010). However, these guidelines often do not focus on
economic experiments but on behavioral research in general. Furthermore,
against the background of the fast growing number of experiments, especially
on MTurk, workers start to get used to certain experiment types (Chandler
et al., 2014). As a consequence, guideline-based experimental design approaches become outdated rapidly. Solutions to overcome this issue need to
be developed steadily since researchers have to address the new insights of
crowd workers. This stresses the need for a continuously updating guideline
with a speciﬁc focus on economic experiments.
This paper proposes the outline of a state-of-the-art guideline for crowd experiments including common challenges and best practices from the experimental economics literature. We use the work of Friedman and Sunder
(1994), depicted in ﬁgure 1 as a starting point and transfer it to a conceptual framework. To this end, the experimental design stage is used to
exemplify our concept. Furthermore we propose an architecture of an open
platform facilitating continuous updates of the guideline. Therefore, section
2 introduces the conceptual framework of a new guideline structure based
on state-of-the-art literature on experiments in crowdsourcing environments.
Section 3, includes a proposal for an architecture that enables researchers to
collaboratively build a continuously updating guideline. Section 4 summa-

Figure 1: Process of conducting experiments based on Friedman and Sunder (1994).
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rizes this work and outlines the next steps for future research.

2. Guideline for Designing a Crowd Work Experiment
We base our guideline concept on an established process from the experimental economics literature (Friedman and Sunder, 1994) as depicted in ﬁgure
1. The process can be divided in (i) the experimental design stage focusing
on which experimental setup suits the research question best, (ii) the sampling or recruitment of subjects, conducting the experiment, and (iii) the
analysis of the results. When transferring these steps to crowd experiments,
researchers have to address certain challenges to secure result quality. In our
guideline approach we highlight these challenges and suggest possible solutions retrieved from literature. In the following we present an example of our
approach for (i) the experimental design stage.
2.1. Outline of a Guideline for the Experimental Design Stage
One of the ﬁrst steps in experimental research is to decide which experimental
design suits the research question best. Common design decisions comprise
whether an experiment requires (a) asynchronous or synchronized decisionmaking and if it should be conducted as (b) a ﬁeld or a laboratory study
(Friedman and Sunder, 1994).
(a) In asynchronous as opposed to synchronous experiments subjects do not
compete simultaneously against each other. Since in laboratory studies subjects usually are in the same room during the observation, it is easy to implement both setups. On MTurk however, the implementation of synchronous
experiments is challenging. Usually tasks on MTurk are designed as open
calls (Howe, 2006). It is unclear if or when a worker starts completing the
task. This makes it diﬃcult to realize experiments where two or more participants have to compete simultaneously against each other due to unknown
arrival times of workers (Mason and Suri, 2012; Mao et al., 2012).
Challenge 1: Synchronization and arrival times.
First, it should be checked, whether the underlying research question can be
addressed with an asynchronous experiment design as well. If possible, the
experiment can be redesigned in an asynchronous setup. Second, if subjects
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do not have to compete live against each other, playing against historical data
from an earlier observation is possible (Amir et al., 2012; Suri and Watts,
2011; Straub et al., 2015). Third, if the live interaction and reaction between
subjects is indispensable a waiting room can be implemented (Mao et al.,
2012; Mason and Suri, 2012; Paolacci et al., 2010). However, a shortcoming
of this approach is that it is unclear how long a subject has to wait, since
arrival times vary. Paying a ﬁxed fee after a certain amount of waiting time
or using bots in case that waiting times are too long are possible approaches
to address this (Horton et al., 2011).
(b) In a ﬁeld experiment subjects usually do not know that they are being
observed and the experimental setup is camouﬂaged. This leads to a high
external validity but lower internal validity. In Laboratory studies the actions of a subject are observed in a controlled environment - the laboratory.
Isolated cabins prevent unregulated contact and ensure that subjects are not
inﬂuenced by uncontrolled stimuli. Variance in noise, light, and technical factors like input devices, monitors, etc. can be prevented. Therefore external
confounding factors are minimized and internal validity is higher (Friedman
and Sunder, 1994). In theory both, ﬁeld and laboratory setups, can be realized on MTurk. However, the internal validity of experiments on MTurk
compared to laboratory settings might be lower due to less possible control.
To be more speciﬁc, workers might not pay attention during the observation
(Paolacci et al., 2010; Horton et al., 2011; Mason and Suri, 2012). Since
subjects on MTurk usually work from their own computer it is impossible
to control their environment during the observation (Chandler et al., 2014;
Crump et al., 2013; Rand, 2012). Chandler et al. (2014) ﬁnd that subjects
are watching TV or listening to music while working on MTurk. Another
problem with crowd work is that some of the workers try to maximize their
payout by ﬁnishing as many tasks as possible, often just clicking through
them. So called malicious workers or “spammers” are not paying attention
and jeopardize the overall data quality of results.
Challenge 2: Control and attention.
First, the overall task design can be aligned to incite workers to take the task
seriously. Tasks that are fun, interesting, and meaningful incite subjects to
pay attention (Kittur et al., 2013; Crump et al., 2013). Layman and Sigurdsson (2013) show that tasks designed as a game are more satisfying for
a subject and thereby motivate to pay attention. Furthermore, researchers
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could state the expected result quality and give context about the overarching goal in the instructions to give the task a meaning (Oh and Wang,
2012; Oppenheimer et al., 2009). Stating that the task is an experiment and
participation helps research can as well give the task a meaning, if experimenter bias is not a problem (Orne, 1962). Second, besides redesigning the
overall experimental task, experimenters can try to exclude subjects who do
not pay attention before the actual observation. Many researchers test if a
subject is paying attention during the instructions and exclude those who fail
the respective test from the sample (Paolacci et al., 2010; Peer et al., 2013;
Oppenheimer et al., 2009; Paolacci and Chandler, 2014). Oppenheimer et al.
(2009) introduced the instruction manipulation check, which was recently
applied by many researchers (Straub et al., 2015; Hall and Caton, 2014).
The fundamental idea of the instruction manipulation check is to trick inattentive subjects with a question or free text ﬁeld which is easy and at best
straightforward to answer, e.g. “What is your age?”. The instructions state
at one point that this particular question should be ignored. Consequently
subjects who do not read the instructions carefully, e.g. stating their age,
can be excluded from the task (Goodman et al., 2012).
3. Framework for a Collaborative and Continuous Guideline
A continuously updating guideline can be successfully put into practice within
a collaborative process. We propose that researchers should work together
to integrate their (new) insights to an online platform. The proposed framework is structured as follows: First, if researchers decide to conduct a crowd
experiment they can retrieve the most recent version of the guideline from
the platform (as depicted in ﬁgure 2 of the appendix). Second, challenges
that apply to the experimental setup can be identiﬁed and solutions can be
found in the registered insights from other researchers. Third, researchers
can either incorporate these solutions to their experimental setup or develop
new solutions based on the challenges and hints from the platform. Fourth,
after the researchers conducted their experiment they can update the platform based on their ﬁndings, e.g. if and how good the applied solutions
worked. Through this process continuous updates to the guideline are facilitated based on collaborative input from researchers and the community.
However, certain requirements (req.) should be implemented. Malicious
workers might try to trick the system by accessing the platform in order to
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get defective insights. Therefore access should be restricted to researchers.
Login systems only giving access to ”edu” domains or account conﬁrmation
must be implemented.
Req. 1: Access should only be given to researchers.
Overall the most important factor for a continuously updating guideline is the
integration of new insights and results. Therefore researchers must be incited
or enforced to incorporate their knowledge to the platform. Social rankings
raising reputation and chances for citations might incite participation. Another conceivable way would be to enforce participation by restricting access
with a fee, which a researcher gets back once he updates the platform.
Req. 2: Incentives or enforcements to update the platform are needed.
To secure an overall style of the guideline design principles must be set.
Overarching categories with examples should be derived to make the platform
easy to use and accessible for researchers.
Req. 3: Design principles should be derived for updating the platform.
4. Summary and Outlook
In this paper we proposed a guideline structure with a challenge and solution oriented view on conducting behavioral experiments on crowd work
platforms. Such a guideline gives behavioral economists an easy introduction to crowd experiments with a clear and familiar structure. Furthermore
we proposed a framework for an online platform where researchers could
collaboratively and continuously update such a guideline. Both guideline
and platform are currently in a conceptual stage. Following the notion of
collaborative work, crowd work, and open innovation we plan to develop a
demonstration version to incorporate practitioners and community feedback
in future iterations. Hence, the next steps of future work comprise elaborating and ﬁnalizing the guideline concept and integrating it in a platform
to facilitate a live deployment. Future work should analyze how researchers
could be motivated to participate and how the platform could be extended.
Possible extensions include experimental databases to look up which experiments other researchers already conducted and worker databases to block
users who already participated in similar experiments as proposed by Chandler et al. (2014).
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YHUVH DV GHYHORSHG WHFKQRORJLHV DQG VRIWZDUH DYDLODEOH .XELFHN HW DO  



$VWULG+HOOPDQQV&ODXGLD1LHPH\HU0DUJHUHW+DOO
7RP=HQWHNDQG&KULVWRI:HLQKDUGW

+RZHYHUWKHVXFFHVVRIVXFKWHFKQRORJLHVLVHYDOXDWHGGLIIHUHQWO\E\GLIIHUHQWUH
VHDUFKHUVVXSSOLHUVDQGXVHUV (VFKHU VLQFHLWFDQEHPHDVXUHGIURPDQXP
EHURISHUVSHFWLYHV .XELFHNHWDO ,WPDOHVVHQFHWRTXHVWLRQZKLFKUHTXLUH
PHQWVDUHIXOILOOHGZKHQWDONLQJDERXWVXFFHVVIXORQOLQHSDUWLFLSDWLRQDQGKRZFDQ
VXFFHVV EH DVVXUHG 7KHUHIRUH WKH DLP RI WKLV ZRUN LV WR GHYHORS DQG GHVLJQ DQ
LQWHUGLVFLSOLQDU\ UHTXLUHPHQW IUDPHZRUN WKDW IDFLOLWDWHV D KROLVWLF HYDOXDWLRQ RI
233V,QRXULQYHVWLJDWLRQZHIRFXVRQSODWIRUPVLPSOHPHQWHGIRUFLYLFSDUWLFLSD
WLRQSURFHVVHVRISXEOLFLQVWLWXWLRQV
)RUWKHGHYHORSPHQWRIWKHUHTXLUHPHQWIUDPHZRUNZHILUVWUHYLHZH[LVWLQJHYDOX
DWLRQFULWHULDDQGPRGHOVLQ&KDSWHU,Q&KDSWHUH[LVWLQJFULWHULDDUHH[WHQGHG
DQGFRPELQHGZLWKDIRFXVRQFRQWH[WVSHFLILFFKDUDFWHULVWLFVRISROLWLFDO233V,Q
&KDSWHU  WHFKQLFDO DQG FRQWH[WUHODWHG UHTXLUHPHQWV DV ZHOO DV LQWHUDFWLYLW\ UH
TXLUHPHQWVDUHGHYHORSHG)XUWKHUPRUHVXEFDWHJRULHVIRUWKHLUHYDOXDWLRQDUHVXJ
JHVWHG:HFRQFOXGHDQGJLYHDQRXWORRNLQ&KDSWHU



/LWHUDWXUH5HYLHZ

3XEOLVKHG ZRUNV RQ WKH LPSDFW FRUUHODWLRQ DQG VXFFHVV RI 233V XVXDOO\ KDYH D
VRFLDORUKXPDQLVWLFEDFNJURXQGDQGIRFXVRQLQGLYLGXDOFDVHV LH*URHHWDO
IRUHQTXHWHEHWHLOLJXQJGH 0RUHFRPSUHKHQVLYHVWXGLHVWKDWDOORZIRUFRP
SDUDWLYHVWDWHPHQWVUDUHO\IRFXVRQWKHWHFKQLFDOFRQFHSWDQGUHDOLVDWLRQRI233V
)RUH[DPSOH7KH$OH[DQGHUYRQ+XPEROGW,QVWLWXWHIRU,QWHUQHWDQG6RFLHW\ +,,*
 LQYHVWLJDWHVXVHUH[SHFWDWLRQVDQGEHKDYLRXURISROLWLFDODQGHQWHUSULVH
233VLQWKH*HUPDQVSHDNLQJDUHD.XELFHNHWDO  FRPSDUHWZHOYHSROLWLFDO
233V ZRUOGZLGH DQG LGHQWLI\ FULWHULD IRU VXFFHVV VROXWLRQUHOHYDQW LQIRUPDWLRQ
UDQJHLQFOXVLYLW\LQFUHDVHRIDFFHSWDQFHRIPHDVXUHVGHPRFUDF\VXSSRUWLQIOX
HQFHRQUHVXOWHIILFLHQF\ DVZHOODVIDFWRUVIRUVXFFHVV ZHOOGHILQHGSXUSRVHDF
WLYLW\RIGHFLVLRQPDNHUVLQWKHSURFHVVPRELOLVDWLRQRISDUWLFLSDQWVWUDQVSDUHQF\
FRQQHFWLYLW\UHVRXUFHVDQGXUJHQF\RIWKHWRSLF 7KHDXWKRUVGRQRWIRFXVRQDQ\
WHFKQLFDODVSHFWV+RZHYHUWKHDSSOLFDWLRQRI,&7RIIHUVDGGLWLRQDOUHTXLUHPHQWV
GXHWRWKH233V¶FKDUDFWHULVWLFVDVZHEVLWHV$QXPEHURIUHVHDUFKZRUNVVXJJHVWV
HYDOXDWLRQSURFHGXUHVDQGFULWHULDIRUZHEVLWHV 0DGDQ 'XEH\ 6LJQRUH



7RZDUGVD5HTXLUHPHQW)UDPHZRUNIRU2QOLQH3DUWLFLSDWLRQ3ODWIRUPV

 IRUH[DPSOHGLIIHUHQWLDWHVEHWZHHQILYHGLPHQVLRQVRIUHTXLUHPHQWFRUUHFW
QHVVSUHVHQWDWLRQOD\RXWQDYLJDWLRQDQGLQWHUDFWLRQ)XUWKHUPRUHWKHUHDUHVSH
FLDODSSURDFKHVIRUWKHXVDELOLW\RIZHEVLWHV:KLOH/HYLDQG&RQUDG  VXJJHVW
ILYH FDWHJRULHV IRU HYDOXDWLRQ DWWUDFWLYHQHVV FRQWUROODELOLW\ HIILFLHQF\ KHOSIXO
QHVVDQGOHDUQDELOLW\ .LUDNRZVNLDQG&RUEHWW  IRFXVRQXVHUSHUFHSWLRQRI
VRIWZDUHXVDELOLW\,QRXUUHTXLUHPHQWIUDPHZRUNZHLQFOXGHWKHVXJJHVWHGDQGYDO
LGDWHGGLPHQVLRQVE\6LJQRUH  DQG/HYLDQG&RQUDG  DQGDGDSWWKHP
WRRXUFLYLFDSSURDFK



0HWKRGRORJ\

,QRXUUHTXLUHPHQWIUDPHZRUNRI233VZHFRPELQHUHTXLUHPHQWVRIFLYLFSDUWLFL
SDWLRQSURFHGXUHVDQGZHEVLWHV)RUWKLVSXUSRVHZHXVHGGLIIHUHQWWKHRUHWLFDODS
SURDFKHVWRLQWHJUDWHVL[PDLQUHTXLUHPHQWFULWHULDRIZKLFKHDFKFULWHULRQFRQWDLQV
GLIIHUHQWVXEFDWHJRULHV6LQFHWKLVUHVHDUFKIRFXVVHVRQSROLWLFDORQOLQHSDUWLFLSDWLRQ
ZHXVHGWKHRUHWLFDOPRGHOVUHIHUULQJWRWKHLQWHUDFWLRQEHWZHHQFLWL]HQVSXEOLFLQ
VWLWXWLRQVDQG,&7VWRLGHQWLI\QHFHVVDU\FULWHULD



&LWL]HQV ,&7

)RU WKH GHVFULSWLRQ RI FLWL]HQV¶ EHKDYLRXU RQ ZHEVLWHV ZH UHIHU WR WKH YDOLGDWHG
7HFKQRORJ\$FFHSWDQFH0RGHO 7$0'DYLVHWDO WKDWGHDOVZLWKKXPDQ
FRPSXWHULQWHUDFWLRQDQGGHVFULEHVXVHUEHKDYLRXUDVSHUFHLYHGXVHIXOQHVVDQGSHU
FHLYHGHDVHRIXVH7$0ZDVEHHQUHYLHZHGDQGH[WHQGHGVHYHUDOWLPHV7KHDG
YDQFHGPRGHOVLQFOXGLQJ7$0 9HQNDWHVK 'DYLV WKH8QLILHG7KHRU\
RI$FFHSWDQFHDQG8VHRI7HFKQRORJ\ 87$879HQNDWHVKHWDO DVZHOODV
87$87 9HQNDWHVKHWDO DGGDVSHFWVRIVRFLDOLQIOXHQFH MREUHOHYDQFH
LPDJHVXEMHFWLYHQRUPVH[SHULHQFHDQGYROXQWDULQHVV IRXUFRQVWUXFWVRIEHKDY
LRXUDFFHSWDQFH SHUIRUPDQFHH[SHFWDQF\HIIRUWH[SHFWDQF\VRFLDOLQIOXHQFHDQG
IDFLOLWDWLQJFRQGLWLRQV DQGLQGLYLGXDOGLIIHUHQFHV JHQGHUDJHDQGH[SHULHQFH 
$ODGZDQL  DQG$ODGZDQL 3UDVKDQW  VSHFLI\87$87IRUZHEVLWHVE\
LQWHJUDWLQJGLPHQVLRQVRIZHEVLWHTXDOLW\ $ODGZDQL$ODGZDQL 3UDVKDQW
 :HEVLWHTXDOLW\LVGHILQHGDVWDUJHWHGFRQWHQWFRQWHQWTXDOLW\LPDJHDQG


$VWULG+HOOPDQQV&ODXGLD1LHPH\HU0DUJHUHW+DOO
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WHFKQLFDODGHTXDF\,QRXUIUDPHZRUNZHLQWHJUDWHWKHSUHVHQWHGFDWHJRULHVLQWKH
FULWHULDUHJDUGLQJWHFKQLFDODQGFRQWHQWUHODWHGUHTXLUHPHQWV



&LWL]HQV ,QVWLWXWLRQV

7RGHVFULEHWKHUHODWLRQVKLSEHWZHHQFLWL]HQVDQGSROLWLFDOLQVWLWXWLRQV LQSDUOLD
PHQWDU\GHPRFUDFLHV ZHXVHWKHSULQFLSDODJHQWDSSURDFK *LODUGL %UDXQ 
WKDWLGHQWLILHVGHOHJDWLRQFKDLQVZLWKLQUHSUHVHQWDWLYHV\VWHPVEHWZHHQWKHFLWL]HQV
DVWKHVRYHUHLJQ SULQFLSDO GHOHJDWLQJWDVNVDQGUHVSRQVLELOLWLHV HJWKHSURYLVLRQ
RISXEOLFJRRGV WRSROLWLFDOLQVWLWXWLRQV DJHQWV 'XHWRDUHODWLRQGHSHQGHQWPRUDO
KD]DUGDQGLQIRUPDWLRQPRQRSRO\WKHUHLVDQHHGIRULQFHQWLYHVDQGFRQWUROPHFK
DQLVPVWRFRPELQHLQWHUHVWVRIDJHQWVDQGSULQFLSDOV233VFDQKHUHE\DFWDVFRP
PXQLFDWLRQWRROVWRH[SUHVVDQGXQGHUOLQHWKHFLWL]HQV¶SUHIHUHQFHVRQSROLWLFDOWRS
LFV 5ROHII 7RFKDQJHWKHUHODWLRQVKLSEHWZHHQSULQFLSDODQGDJHQWV233V
KDYH WR DFWLYHO\ SURYLGH WKH WRSLFUHOHYDQW LQIRUPDWLRQ WR XVHUV .XELFHN HW DO
 )XUWKHUPRUHWKHLPSDFWRI233VRQGHFLVLRQPDNLQJSURFHVVHVFDQRQO\EH
DVVXUHGE\DELQGLQJ RUHYHQPDQGDWRU\ LQWHJUDWLRQRIWKH233VLQH[LVWLQJZRUN
DQGGHFLVLRQVWUXFWXUHVRIWKHLQYROYHGLQVWLWXWLRQV .XELFHNHWDO )LQDOO\
GLVFXVVLRQRUYRWLQJUHVXOWVRI233VFDQRQO\LQWHUSUHWHGDVDUHSUHVHQWDWLYHVHWRI
RSLQLRQVLIVXIILFLHQWFLWL]HQVZHUHPRELOL]HG *URHHWDO 



,QVWLWXWLRQV ,&7

)RUWKHLQWHUSUHWDWLRQRIZKHQZK\DQGXQGHUZKLFKFLUFXPVWDQFHVSROLWLFDOLQVWL
WXWLRQVXVH,&7VZHXVHUHVHDUFKDSSURDFKHVIURPWKHILHOGRI(*RYHUQPHQW3XE
OLFDXWKRULWLHVURXWLQHO\KDYHEHHQXVLQJ,&7V\VWHPVLQRUGHUWRLPSURYHWKHDFFHVV
DQGPRUHHIILFLHQWO\SURYLGHJRYHUQPHQWLQIRUPDWLRQDQGSXEOLFVHUYLFHV <LOGL]
0XOJDQ $QDO\VLQJGLIIHUHQWLPSOHPHQWDWLRQFRQFHSWVRI(*RYHUQ
PHQWLQLWLDWLYHVDFKDQJHLQWKHSHUFHSWLRQRIHJRYHUQPHQWWRZDUGVDSDUWLFXODUO\
VHFXULW\RULHQWHGXVDJHRI,&7FDQEHVWDWHG <LOGL] $VDUHVXOWSULQFLSOHV
RIHJRYHUQPHQWVXFKDVDQLPSURYHGLQIRUPDWLRQDFFHVV2SHQ*RYHUQPHQWDQGD
KLJKHUGHJUHHRIUHVSRQVLYHQHVVDUHFRPSOHPHQWHGE\VHFXULW\DVSHFWV7KDWLVZK\
ZHDOVRFRQVLGHUVHFXULW\DVDQHFHVVDU\UHTXLUHPHQWFULWHULRQ
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)LUVW(YDOXDWLRQ

:HSUHWHVWHGDOOVL[LGHQWLILHGFULWHULDLQDVXUYH\RQFLYLFRQOLQHSDUWLFLSDWLRQ WR
EHSXEOLVKHGLQ $SDUWO\VWDQGDUGL]HGTXHVWLRQQDLUHZDVGHYHORSHGDQGHYDO
XDWHGYLDH[SHUWVUHYLHZLQJZRUGLQJVWUXFWXUHDQGRUGHURIWKHTXHVWLRQV:HWKHQ
VHQWWKHTXHVWLRQQDLUHWRSXEOLFRIILFLDOVDQGSODWIRUPSURYLGHUVRI233VDQG
UHFHLYHGSRVLWLYHIHHGEDFNIURPSROLWLFDORIILFLDOVDQGSURYLGHUVRI233V:H
DGGLWLRQDOO\FRQGXFWHGILYHJXLGHGLQWHUYLHZVE\WHOHSKRQHZKLFKZHUHVWURQJO\
ERXQGWRWKHTXHVWLRQQDLUHWRFODULI\PLVXQGHUVWDQGLQJV$TXDOLWDWLYHDQDO\VLVRI
UHSOLHVIURP233V QLQHQDWLRQDODQGILYHLQWHUQDWLRQDORQHV OHGWRDUHYLVLRQRI
RXUUHTXLUHPHQWFULWHULD



5HTXLUHPHQWIUDPHZRUN

,QWKHIROORZLQJFKDSWHUWKHVL[OLWHUDWXUHEDVHGDQGSUHWHVWHGFULWHULD XVDELOLW\
VHFXULW\LQIRUPDWLRQWUDQVSDUHQF\LQWHJUDWLRQDQGPRELOLVDWLRQ DUHSUHVHQWHGLQ
FOXGLQJVXJJHVWHGVXEFDWHJRULHV7KH\DUHJURXSHGLQWHFKQLFDOFRQWHQWUHODWHGDQG
LQWHUDFWLYLW\UHTXLUHPHQWV



7HFKQLFDO5HTXLUHPHQWV

7KH HQWLUH SDUWLFLSDWLRQ SURFHVV LV EDVHG RQ WHFKQLFDO IXQFWLRQDOLWLHV RI DQ 233
7HFKQLFDOUHTXLUHPHQWVFDQEHGLYLGHGLQWRWZRVXEFDWHJRULHV XVDELOLW\DQGVHFX
ULW\ XVDELOLW\ /HYL &RQUDG6LJQRUH'DYLV LQFOXGHV  QDY
LJDWLRQ PHQXSDJHVWUXFWXUHOLQNV   GHVLJQ WH[WSLFWXUHSDJHOD\RXWSUHVHQ
WDWLRQRQPRELOHGHYLFHV   PXOWLPHGLD YLGHRVVRXQGV   HIILFLHQF\ HIIRUWWR
ILQGLQIRUPDWLRQHIIRUWWRDFWLYHO\SDUWLFLSDWHDWDYRWLQJRUGLVFXVVLRQHWF DQG
 KHOSV\VWHP
6HFXULW\ LQFOXGHV VHFXULW\ RI LQIRUPDWLRQ LQWHJULW\ DXWKHQWLFLW\ FRPPLWPHQW
DYDLODELOLW\DQGFRQILGHQWLDOLW\ DVZHOODVSULYDF\DVSHFWV SVHXGRQ\PLVDWLRQDQG
DQRQ\PLVDWLRQ  <LOGL]0XOJDQ 



$VWULG+HOOPDQQV&ODXGLD1LHPH\HU0DUJHUHW+DOO
7RP=HQWHNDQG&KULVWRI:HLQKDUGW



&RQWHQWUHODWHG5HTXLUHPHQWV

&RQWHQWUHODWHG UHTXLUHPHQWVUHIHUWRFRQWHQWSURYLGHGRQWKH2337KH\DUHGL
YLGHGLQWRWZRVXEFDWHJRULHV LQIRUPDWLRQDQGUDQVSDUHQF\WUDFHELOLW\ LQIRUPDWLRQ
LQFOXGHV  FRUUHFWQHVV RIWKHLQIRUPDWLRQ   FRPSOHWHQHVV  DFWXDOLW\DQG
WDUJHWJURXSRULHQWDWLRQLQFOXVLYLW\ LHPXOWLOLQJXLVPDFFHVVLELOLW\JHQGHUQHX
WUDOLW\ RIWKHGHFLVLRQUHOHYDQWLQIRUPDWLRQ7UDQVSDUHQF\WUDFHDELOLW\ .XELFHN
HWDO9HQNDWHVKXQG'DYLV6LJQRUH UHIHUVWR  SDUWLFLSDWLRQ
SURFHVVHVDVVXFK GLVFORVXUHRIGLIIHUHQWXVHUJURXSV)$4VFRQGLWLRQVRIXVH DQG
 WKHSURYLVLRQRILQIRUPDWLRQDQGGDWD UHDGDELOLW\LQIRUPDWLRQVHWXS DQGLQ
IRUPDWLRQVWUXFWXUH QXPEHURIKHDGLQJVDQGVXEKHDGLQJVSDUDJUDSKOHQJWKHWF 



,QWHUDFWLYLW\5HTXLUHPHQWV

,QWHUDFWLYLW\UHTXLUHPHQWVLQFOXGHDOOUHTXLUHPHQWVWKDWUHODWHWRWKHLQWHUDFWLRQRI
LQVWLWXWLRQFLWL]HQVDQGZHEVLWHGXULQJWKHSURFHVV7ZRVXEFDWHJRULHVDUHGHILQHG
LQWHJUDWLRQDQGPRELOLVDWLRQ LQWHJUDWLRQ 9HQNDWHVKHWDO.XELFHNHWDO
 LQYROYHV  LQVWLWXWLRQDOLVDWLRQDXWRPDWLVDWLRQRIWKH233WRDVVXUHWKHSRV
VLELOLW\RIDFRQWLQXDWLRQDVZHOODV  FRPPLWPHQWLQGHDOLQJZLWKUHVXOWV0REL
OLVDWLRQ *URHHWDO9HQNDWHVKHWDO.XELFHNHWDO FDQEH
GLYLGHGLQWR  PDUNHWLQJ35 RQOLQHDQGRIIOLQH   PHGLDLPSDFW  LQWHJUD
WLRQRIRQOLQHDQGRIIOLQHVWHSVDQG  WRSLFUHOHYDQFH



&RQFOXVLRQ /LPLWDWLRQV

7KHSURSRVHGUHTXLUHPHQWIUDPHZRUNLQFOXGHVHYDOXDWLRQDSSURDFKHVIRUZHEVLWH
TXDOLW\DQGLQWHUDFWLRQRIFLWL]HQVDQGLQVWLWXWLRQWRHQKDQFHDFRQWH[WVSHFLILFDQG
SUDFWLFDO HYDOXDWLRQ RI 233V 7HFKQLFDO UHTXLUHPHQWV DUH SUHUHTXLVLWHV IRU WKH
DFFHSWDQFH RI 233V E\ SDUWLFLSDWLQJ FLWL]HQV &RQWH[WUHODWHG UHTXLUHPHQWV
QHFHVVLWDWH WKH SROLWLFDO IXQFWLRQDOLW\ ,QWHUDFWLYLW\ FULWHULD DUH XOWLPDWHO\
UHVSRQVLEOHIRUWKHVXFFHVVRIWKHSURFHVV7RWKHEHVWRIRXUNQRZOHGJHWKHUHLVQR
RWKHUUHTXLUHPHQWIUDPHZRUNWKDWIRFXVHVRQVXFKLQVWUXPHQWVDQGFRPSULVHVVXFK
DEURDGHYDOXDWLRQ$OOVXJJHVWHGFULWHULDZHUHSUHWHVWHGE\H[SHUWVIURPUHVHDUFK
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DV ZHOO DV SXEOLF RIILFLDOV DQG SURYLGHUV RI 233V 7KH LQWHJUDWLRQ RI GLIIHUHQW
WKHRUHWLFDOSHUVSHFWLYHVDLPVWRHQDEOHDV\VWHPDWLFDQGREMHFWLYHDQDO\VLVRI233V
LQWKHIXWXUH)XUWKHUPRUHWKHFRPSDUDELOLW\ZLOOEHIDFLOLDWHG
2XUFXUUHQWUHVHDUFKIRFXVVHVRQWKHFRQFUHWLVDWLRQRIWKHUHTXLUHPHQWFULWHULD7KH
TXHVWLRQQDLUH LV PRGLILHG WR DOVR LQFOXGH XVHUV LQ WKH HYDOXDWLRQ SURFHVV RI WKH
IUDPHZRUN $V D QH[W VWHS ZH DLP WR ILQG UHOLDEOH LQVWUXPHQWV DQG WRROV WR
HPSLULFDOO\WHVWSODWIRUPVUHIHUULQJWKHVL[UHTXLUHPHQWFULWHULD
,Q IXWXUH UHVHDUFK ZH SODQ WR H[SDQG WKH UHTXLUHPHQW IUDPHZRUN E\ RWKHU QRQ
SROLWLFDOGRPDLQVHJLQWKHFRQWH[WRIHQWHUSULVHSDUWLFLSDWLRQ%XWDOVRLQFOXGH
PRUH VSHFLILF UHTXLUHPHQWV VXFK DV WKH FKRLFH RI PHFKDQLVPV LQ SDUWLFLSDWRU\
EXGJHWLQJV 1LHPH\HUHWDO 7KHPDLQJRDOKRZHYHULVWRFUHDWHDXWLOLVDEOH
DQGGHPDQGRULHQWHGUHTXLUHPHQWIUDPHZRUNIRUWKHHYDOXDWLRQRIH[LVWLQJ233V
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Abstract
This work presents a novel ontology-based approach for the complementation
of technical speciﬁcations of cyber-physical system components using ontological classiﬁcation and reasoning. We build on the AutomationML standard and
outline how data represented with it can be transformed into an RDF instance
graph. We exemplarily show how complementary information about a component’s functionality, its operation environment and purpose can be inferred
through a combination of automatic classiﬁcation with the linkage of diﬀerent
domain classiﬁcation systems. The general applicability of the presented approach is demonstrated by a concrete use case from the ReApp project.
Keywords: Industry 4.0, Knowledge Representation, Cyber-Physical Systems,
Semantic Web Technologies, AI Reasoning Methods

1. Introduction
In this work, we concisely present a novel ontology-based approach for complementing technical speciﬁcations of hardware components found in cyber-physical
systems (CPS) using ontological classiﬁcation and reasoning. The main feature
that distinguishes this approach from most related ontology-based knowledge
representation approaches in robotics and CPS is that we exclusively describe
such information in the terminological part (aka TBox ), i.e., the schema part
of ontologies in order to fully exploit the formal, model-theoretic semantics
of the underlying ontology language and the logical entailments that can be
computed from it by a reasoner (Rudolph, 2011; Krötzsch et al., 2014; Zander
and Awad, 2015). The deduced terminological knowledge can then be used to

Email addresses: zander@fzi.de (Stefan Zander), yingbing.hua@kit.edu (Yingbing
Hua)
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complement the description of CPS components with information that is not
explicitly asserted in their original technical speciﬁcations. We speciﬁcally use
Description Logics (DL) as knowledge representation framework since they provide well-understood reasoning complexity and tractability (Baader et al., 2003;
Gil, 2005; Krötzsch et al., 2014). As a consequence, the semantics upon which
complementary information is deduced can be shared, extended, or adopted by
other CPSs in order to reason about component descriptions.

2. Expressing Technical Speciﬁcations using AutomationML
AutomationML1 (AML) is a well-known and fast growing standard that already caught the attention of Industry 4.0 communities (RAM, 2015). It covers
engineering aspects including topology, geometry, kinematics, logic and communication (Drath et al., 2008) that can be used for describing properties and
functionalities of a CPS component. Data contained in the AML description of
one component can be exposed to the communication network of a CPS system
and consumed by other components (Schleipen et al., 2014). From a modelling
perspective, AutomationML is based on the object-oriented paradigm and supports fundamental techniques like class-instance relationship and inheritance
hierarchy. The architecture of AutomationML contains the following blocks:
• RoleClass library: Domain-speciﬁc concepts are modelled as RoleClasses
and organized as taxonomy in the RoleClass library. AutomationML provides a predeﬁned set of RoleClass libraries for the domain of automation
and manufacturing that covers abstract concepts like product, process,
and resource, and speciﬁc components like robot or conveyor. These can
be extended to cover individual requirements of the application domain.
• InterfaceClass library: InterfaceClasses deﬁne relations between objects.
AutomationML predeﬁnes some abstract interfaces for general automation systems, that can be further extended by user.
• SystemUnitClass library: Component models in the production system can
be modelled as SystemUnitClasses. These are speciﬁc user-deﬁned AML
classes and typically manufacturer-dependent. A SystemUnitClass can reference multiple RoleClasses by means of SupportedRoleClass to demonstrate its semantics.
• InstanceHierarchy: Concret instances of component models can be stored
in the InstanceHierarchy. These instances carry project data and represent
the real plant setup in the digital world.
However, none of these elements exhibit an explicit machine-readable formalization of its semantics. To accurately interpret data, special software with
1 www.automationml.org
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Figure 1: Overview of the presented approach showing uplifting, classiﬁcation, and complementation phases for hardware component descriptions

hard-coded knowledge and application logic has to be implemented. Developers are assumed to have the correct understanding of the elements’ semantics,
which is often error-prone. Although AutomationML carries basic semantic information of a SystemUnitClass or its instance (in the InstanceHierarchy), the
data exchange process is merely a serialization and deserialization of XML ﬁles
that enables syntactic interoperability only (Biﬄ et al., 2014).
3. Approach
The presented approach presupposes the existence of an AML description of a
hardware component.An AML description is analysed and transformed, i.e., uplifted into a compliant RDF description using transformation rules and domain
heuristics (Section 3.1). The attributes contained in the generated RDF instance graph are then processed by a DL reasoner for automatic classiﬁcation
according to types deﬁned in domain ontologies (Section 3.3). This is important
as it builds the basis for inferring additional terminological knowledge by linking
classiﬁcation systems of diﬀerent domain ontologies (Section 3.2). The inferred
knowledge can the be added to the uplifted RDF instance model to provide a
more complete and expressive representation (see Figure 1 for an overview).
3.1. Transforming AML Descriptions into RDF Graphs
Some initiatives already aimed at complementing AML with ontological semantics: Persson et al. (2010) introduced the transformation of AML documents
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into RDF triple stores which can be queried with SPARQL. Kovalenko et al.
(2015) tried to lift AML data into an ontology by directly converting the underlying XML schema of AML into the Web Ontology Language (OWL). A domain
ontology was adopted in Björkelund et al. (2011) to extend semantic expressivity of AML for robotics. In contrast to these works, we use ontological reasoning
in order to complement uplifted AML descriptions with additional semantics.
We focus on SystemUnitClasses, because they represent reusable models of CPS
components that contain richer information of functionalities. The following
rules are applied to extract the implicit semantics of a SystemUnitClass into
explicit form in RDF.
1. A SystemUnitClass will be transformed into one RDF graph.
2. Each SupportedRoleClass corresponds to a RDF TBox concept in the domain ontology. For each of them in the SystemUnitClass, we assign a TBox
concept to the ABox instance.
3. We deﬁned a direct mapping between all attributes and the properties
deﬁned in the ReApp domain ontologies.
Once all AML-speciﬁc notations are transformed, i.e., uplifted into an RDF
graph that uses the terms deﬁned in the domain ontologies to equivalently represent the AML classes, attributes, and values, it can be used for automated
classiﬁcation and the computation of implicitly contained knowledge.
3.2. Linking Classiﬁcation Systems for Expressing Features of Components
In the ReApp-project2 (Zander et al., 2015), we developed three diﬀerent kinds
of ontologies for encoding diﬀerent types of domain knowledge. The hardware
and software ontologies provide classiﬁcation systems for technical components
whereas the capabilities ontology deﬁnes a classiﬁcation system for functionalities hard- and software components are able to perform. These diﬀerent kinds
of ontologies are linked together via a base ontology that deﬁnes the basic terms
used to express the set of capabilities a certain hard- or software type exhibits
per default.
As demonstrated in Zander and Awad (2015), capability information can be axiomatically linked to component classiﬁcation systems via role restriction axioms
to assert that a given capability (and all the capabilities it is subsumed by) is the
default capability for a given classiﬁcation type. Role restriction axioms in general interlink roles, concepts, and quantiﬁers3 (Rudolph, 2011; Krötzsch et al.,
2014) by forming an anonymous super class that contains all the individuals
that satisfy the given restriction (Horridge et al., 2004). The following axioms
exemplarily demonstrate how a hardware classiﬁcation for SafetyLaserScanner
2 http://www.reapp-projekt.de
3 More

expressive DLs even allow for the speciﬁcation of multiplicity constraints
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can be linked to a capability classiﬁcation SafeMonitoringOf2DFields that acts
as its default via a role restriction along the property hasCapability (Axiom 1)
and what additional capabilities can be inferred via subsumption reasoning (Axiom 2 and 3):
SafetyLaserScanner  ∃hasCapability.SafeMonitoringOf2DFields

(1)

SafetyLaserScanner  LaserScanner
LaserScanner  ∃hasCapability.MonitoringOf2DFields

(2)
(3)

MonitoringOf2DFields

SafeMonitoringOf2DFields

(4)

With Axiom 2 the reasoner can deduce that a SafetyLaserScanner also has the default capability MonitoringOf2DFields and materialize this information for classiﬁed components. Once diﬀerent domain classiﬁcation systems are linked together, certain conditions can be deﬁned that need to be satisﬁed by an individual component in order to be classiﬁed accordingly.
3.3. Deﬁning Conditions for Automated Classiﬁcation
By specifying necessary and suﬃcient conditions for class membership, a reasoner is capable to automatically classify random instances on the basis of the
relationships they participate in (Horridge et al., 2004). This enables the automated classiﬁcation of uplifted RDF component speciﬁcations according to the
attributes extracted from its AML representation (see Figure 1). The formal
interpretation of which is that the given conditions are not only necessary for
determining class membership, they are also suﬃcient in a way that any random
individual that satisﬁes these conditions becomes member of a class. The following axioms allow a reasoner to classify an uplifted component as 7AxisRobotArm,
iﬀ it is a RobotArm and participates in a numberOfAxis relationship, the value
of which must be 7, i.e., iﬀ it has exactly seven rotational axes:
7AxisRobotArm ≡ RobotArm ∃numberOfAxis.(=, 7)
( 1 numberOfAxis)

(5)

7AxisRobotArm  RobotArm

(6)

RobotArm  ∃hasCapability.ReachPose
7AxisRobotArm  ∃hasCapability.FlexibleConﬁguration

(7)
(8)

When a component is classiﬁed as 7AxisRobotArm, the reasoner can infer that it
oﬀers the two default capabilities ReachPose and FlexibleConﬁguration. Formally,
this means that the class 7AxisRobotArm is subsumed by the two complex class
expressions ∃hasCapability.ReachPose and ∃hasCapability.FlexibleConﬁguration.
These additional subsumption relations can then be used for complementing a
component’s speciﬁcation by materializing (see Domingue et al. (2011)) all the
implicit knowledge inferred by a reasoner and add it to the component’s instance
model. The materialization is important as it allows all the inferred knowledge
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about a component to be indexed by a triple store and retrieved through RDF
query languages such as SPARQL (SPARQL, 2013). For the materialization of
capability information, we employ the concept of DL nominals (cf. Baader et al.
(2003); Rudolph (2011); Krötzsch et al. (2014)) to use them both in ABox and
TBox axioms and ensure their singularity.
In the last part, we demonstrate how this axiomatic knowledge can be used for
complementing the technical AML speciﬁcation of a Sick S30B laser scanner.
The following code excerpt shows the uplifted RDF representation4 :
1
2
3
4
5
6
7

<urn:uuid:f81d4fae-7dec-11d0-765-00a0c91e6bf6>
:hasManufaturer "Sick" ; :hasModelName "S30B-2011GA" ;
:startAngle "135"^^xsd:integer ; :endAngle "135"^^xsd:Integer ;
:maxMeasurementRangeInMeter "40"^^xsd:integer ;
:maxProtectiveFieldRangeInMM "2000"^^xsd:integer ;
:maxWarningFieldRange "8000"^^xsd:integer ;
:maxSimultaneousFieldEvaluations "0"^^xsd:integer .

By employing automatic classiﬁcation in combination with reasoning on the
terminological part of domain ontologies, the RDF representation can be complemented by the following inferred and materialized information:
1
2
3
4
5

<urn:uuid:f81d4fae-7dec-11d0-a765-00a0c91e6bf6>
rdf:type :2DSaftyLaserSensor , :LaserSensor , :Hardware Component ;
:hasCapability :{SafeMonitoringOf2DFields} , :{MonitoringOf2DFields} , :{Monitoring} ;
:hasPurpose :{HazardousAreaProtection} , :{AccessProtection} , :{PersonnelSafety} ;
:hasOperationEvironment :iIndoor, iOutdoor .

The annotation model now contains information about its concrete type, capabilities, purposes and the operation environments in which it can be used.

4. Conclusion
In this work, we presented an approach for complementing the technical speciﬁcations of CPS’ components by utilizing the formal, model-theoretic semantics
encoded in DL ontologies using reasoning. We introduced AML as an XMLbased technical speciﬁcation language that facilitates data exchange between
CPSs but has only limited semantic expressivity. We outlined how diﬀerent
classiﬁcation systems can be linked together to express features and other relevant characteristics, how conditions can be deﬁned to enable an automated
classiﬁcation of uplifted RDF component descriptions, and how implicitly inferred information can be used to complement component descriptions. In use
cases from the ReApp project, we could demonstrate that the technical AML
speciﬁcations can be complemented in useful ways to enable a formal veriﬁcation and validation of component orchestrations, to foster reusability, and to
compute advanced capabilities for compound components.
4 We

omitted namespaces for reasons of readability and comprehensibility.
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)lKQULFK 0HLUHQ%XOOLQJHU 6FKHHU)lKQULFK0HLUHQ %DUWK
/XF]DN IRUHQJLQHHULQJQHZVHUYLFHVLQDV\VWHPDWLFZD\+RZHYHU
WKHVH DSSURDFKHV GR QRW WDNH IXOO DGYDQWDJH RI WKH RSSRUWXQLWLHV IRU V\VWHPLF
LQWHUDFWLYHDQGFROODERUDWLYHVHUYLFHLQQRYDWLRQDULVLQJIURPWKHDGYDQFHVLQ,&7
%|KPDQQHWDO 1RYHODSSURDFKHVIDFHWKLVFKDOOHQJHE\VHWWLQJXSFRP
SOH[WRRONLWVIRUHQJLQHHULQJQHZVHUYLFHVV\VWHPV +HUPDQQ*DQ] :HVWQHU
/30H\HU 0H\HU:HVWQHU +HUPDQQ 7KHVHDSSURDFK
HV DGGUHVV LQGXVWULDO DSSOLFDWLRQ FRQWH[WV ZKHUH VHUYLFHV DUH GHYHORSHG SURIHV
VLRQDOO\/DUJHILUPVFDQPDQDJHWKHVHSURFHVVHVE\FUHDWLQJVWUXFWXUDOO\VHSDUDWH
EXVLQHVV XQLWV ZKHUHDV 60(V DQG WUDGLWLRQDOO\ RULHQWHG FRPSDQLHV WKDW ZDQW WR
PDNH D VKLIW WRZDUGV SURYLGLQJ VHUYLFHV FRPPRQO\ VXIIHU IURP OLPLWHG VODFN
UHVRXUFHV VR WKDW RQO\ OLPLWHG FRPSHWHQFH LQ WKLV ILHOG FDQ EH PDLQWDLQHG
0F'HUPRWW

 3UDMRJR   7KHUHIRUH FRPSDQLHV ZLWK OLPLWHG GHVLJQ

NQRZOHGJH LQ WKH ILHOG RI VHUYLFH HQJLQHHULQJ DUH PRVWO\ QRW FDSDEOH RI PDNLQJ
XVH RI WKH YDOXH FUHDWLRQ SRWHQWLDO +HUWHULFK 8HEHUQLFNHO  %UHQQHU D 
IRVWHUHGE\WKHULVHRI&36LHRSHQFORXGSODWIRUPV
$JDLQVWWKLVEDFNGURSQRYHOZRUNVKRXOGVHHNWRVWULNHDEDODQFHEHWZHHQWKHWZR
PDQLIHVWDWLRQV GHVFULEHG DERYH 7KXV WKHUH LV D QHHG IRU QHZ PRGHOV PHWKRGV


(QDEOLQJFRPSDQLHVWRPDNHXVHRILQGXVWULDOFORXGV)RXQGDWLRQVIRU
(YLGHQFH%DVHG(QJLQHHULQJRI6HUYLFH6\VWHPV

DQGWRROVLQWKHILHOGRIVHUYLFHV\VWHPVHQJLQHHULQJZKLFKDUHVLPSOHDQGHDV\WR
KDQGOHRQWKHKDQGEXWDOVRPDNHXVHRIWKHUHFHQWGHYHORSPHQWVLQFRQQHFWLRQ
ZLWK &36 LH LQGXVWULDO FORXGV *XLGHG E\ WKLV WKH IROORZLQJ UHVHDUFK TXHVWLRQ
FDQEHLGHQWLILHG:KLFKPRGHOVPHWKRGVDQGWRROVDUHVXLWDEOHIRUPDNLQJXVHRI
WKH LQFRUSRUDWLRQ RI LQGXVWULDO FORXGV DPRQJ FRPSDQLHV ZLWK OLPLWHG GHVLJQ
NQRZOHGJHLQWKHILHOGRIHYLGHQFHEDVHGHQJLQHHULQJRIVHUYLFHV\VWHPV"



7KHRUHWLFDOIUDPHZRUN

,Q WKH FRXUVH RI FRQWULEXWLRQV IURP 9DUJR DQG /XVFK D UHWKLQNLQJ LQ VHUYLFH
UHVHDUFKLVSRVWXODWHGDQGWKHLGHDRIDV\VWHPLFDSSURDFKLVSURSDJDWHG 9DUJR 
/XVFK  9DUJR   )URP D V\VWHPV SHUVSHFWLYH .DVW  5RVHQ]ZHLJ
  VHUYLFH V\VWHPV HQDEOH YDOXH FRFUHDWLRQ WKURXJK WKH FRQILJXUDWLRQ RI
DFWRUVDQGUHVRXUFHV 9DUJR /XVFK 
,QWKHFRQWH[WRILQGXVWULDOFORXGVWKHXQGHUO\LQJWHFKQRORJLFDOV\VWHPSUHGHWHU
PLQHVWKHUROHRIDFWRUVDQGUHVRXUFHV%DVHGRQWKDWDGLVWLQFWLRQLQEHWZHHQGDWD
SURYLGHUVFORXGSURYLGHUDQGGDWDUHFHLYHUFDQEHPDGH7KHUROHVRIDFWRUVDQG
UHVRXUFHVUHVSHFWLYHO\WKHUROHVRIVHUYLFHSURYLGHUDQGXVHUDUHFKDQJLQJDFFRUG
LQJWRWKHGLIIHUHQWYDOXHFUHDWLRQFRQVWHOODWLRQV%DVHGRQWKLVDVVXPSWLRQSRWHQ
WLDOVHUYLFHSURYLGHUVVKDOOEHLGHQWLILHGDQGHQDEOHGIRUHQJLQHHULQJWKHLUVHUYLFH
V\VWHPVDVDVXEV\VWHPRIWKHZKROHV\VWHP$ IUDPHZRUNZLOOEHGHYHORSHGDV
DQ LQLWLDO IRXQGDWLRQ IRU IXUWKHU UHVHDUFK DQG ZLOO EH DGMXVWHG DFFRUGLQJO\ E\
DSSO\LQJWKHUHVHDUFKPHWKRGVPHQWLRQHGLQWKHIXUWKHUFRXUVH



5HVHDUFK'HVLJQ

%\ DSSO\LQJ DFWLRQ GHVLJQ UHVHDUFK DV D UHVHDUFK PHWKRG GHVLJQ NQRZOHGJH IRU
HQJLQHHULQJQHZVHUYLFHVV\VWHPVRQWKHIXQGDPHQWRILQGXVWULDOGDWDFORXGVZLOO
EHDJJUHJDWHG,QRUGHUWRDJJUHJDWHWKLVNQRZOHGJHWKUHHVWXGLHVZLWKUHVSHFWLYH
IRFXVHVZLOOEHFRQGXFWHG
7KHILUVWVWXG\ZLOOFRQVLVWRIVHWWLQJWKHVWDJHIRUWKHXVHRILQGXVWULDOGDWDFORXGV
DPRQJ YDULRXV FRPSDQLHV IURP YDULRXV LQGXVWU\ VHFWRUV DQG YDULRXV GHJUHHV RI
NQRZOHGJHLQVHUYLFHHQJLQHHULQJ7KHUHIRUHDVWDWHRIWKHDUWUHYLHZRILQGXVWULDO



%HQHGLNW+|FNPD\U

GDWDFORXGVZLOOEHFRQGXFWHGZLWK WKHDLPRILGHQWLI\LQJYDULRXVYDOXHFUHDWLRQ
FRQVWHOODWLRQV DQGDFFRUGLQJUHTXLUHPHQWVFRQFHUQLQJWKHXVHRIWKHFORXGLQIUD
VWUXFWXUHRQEHKDOIRIWKHUHVSHFWLYHVHUYLFHSURYLGHU,QDILUVWVWHSDIUDPHZRUN
LVFUHDWHGZKLFKLQFRUSRUDWHVDOODFWRUVDQGUHOHYDQWUHVRXUFHVLQWKHVHUYLFHHFR
V\VWHPFRQVWLWXWHGE\WKHFORXGLQIUDVWUXFWXUH7KLVIUDPHZRUNLVDSSOLHGWRYDUL
RXVXVHFDVHVRIWKHLQGXVWULDOGDWDFORXGDPRQJFRPSDQLHVZKLFKFRXOGSRWHQWLDO
O\ HQJLQHHU QHZ VHUYLFHV LQ WKLV HQYLURQPHQW ,Q WKH FRXUVH RI DFWLRQ GHVLJQ UH
VHDUFKLQWHUYLHZVZLWKFRUUHVSRQGLQJFRPSDQLHVDQGZRUNVKRSVZLOOEHKHOG%\
WKLVDKROLVWLFDQGZLGHO\DSSOLFDEOHPRGHOUHSUHVHQWLQJWKHZKROHVHUYLFHV\VWHP
VKDOO EH FUHDWHG LWHUDWLYHO\ )XUWKHURQ WKH IUDPHZRUN ZLOO EH XVHG WR GHWHUPLQH
HPHUJLQJYDOXHFUHDWLRQSRWHQWLDOVIURPWKHSHUVSHFWLYHRIGLIIHUHQWDFWRUVLQWKH
ZKROH VHUYLFH V\VWHP ,Q RUGHU WR HQVXUH D EURDG WUDQVIHUDELOLW\ RI WKH HYLGHQFH
JHQHUDWHG D ZLGHO\ DSSOLFDEOH WKHRUHWLFDO IRXQGDWLRQ VXFK DV WKH ZRUN V\VWHPV
IUDPHZRUN E\ $OWHU    ZLOO EH LQVWUXPHQWDOL]HG %\ WKLV UHVXOWLQJ
SDUWLDOVHUYLFHV\VWHPVFDQEHFRQFHSWXDOL]HGDVVXEV\VWHPVRIWKHRYHUDOOVHUYLFH
V\VWHPVGHULYHGIURPWKHFORXGLQIUDVWUXFWXUHDQGDOORILWVLQFRUSRUDWHGDFWRUVDQG
UHVRXUFHV %DVHG RQ WKDW LQKHUHQW UHTXLUHPHQWV IRU WKH XVH RI LQGXVWULDO FORXGV
ZLOO EH DJJUHJDWHG IURP WKH UHVSHFWLYH YDOXH FUHDWLRQ SHUVSHFWLYHV LGHQWLILHG
EHIRUHKDQG
,QWKHFRXUVHRIWKHVHFRQGVWXG\H[LVWLQJPHWKRGVLQVHUYLFHHQJLQHHULQJZLOOEH
LGHQWLILHGDQDO\]HGDQGHYDOXDWHGLQWHUPVRIWKHLUSRWHQWLDOIRUHQJLQHHULQJQHZ
VHUYLFHV\VWHPVLQWKHFRQWH[WRILQGXVWULDOFORXGV$JDLQVWWKLVEDFNGURSDOLWHUD
WXUHUHYLHZZLOOEHFRQGXFWHGZKHUHPHWKRGVDUHFRQWUDVWHGZLWKWKHYDOXHFUHD
WLRQ FRQVWHOODWLRQV DQG DFFRUGLQJ UHTXLUHPHQWV LGHQWLILHG EHIRUHKDQG %DVHG RQ
WKDWDPRGHOIRUHQJLQHHULQJVHUYLFHV\VWHPV LV VHW XS7KLV PRGHOLQFRUSRUDWHV
VWDJHVLQZKLFKFORXGEDVHGWRROVFDQEHDSSOLHGLQWKHFRXUVHRIHYLGHQFHEDVHG
HQJLQHHULQJ7KHDSSURDFKGHWHUPLQHGLQWKHFRXUVHRIDFWLRQGHVLJQUHVHDUFKLQ
WKHILUVWVWXG\ZLOOEHLQFRUSRUDWHGDVDQLQLWLDOSKDVH
7KH FRUH RI WKH WKLUG VWXG\ LV WR DSSO\ WKH VHUYLFH V\VWHP HQJLQHHULQJ SURFHVV
GHYHORSHG EHIRUHKDQG LQ GLIIHUHQW YDOXH FUHDWLRQ FRQVWHOODWLRQV $V PHQWLRQHG
DERYH WKH ILUVW VWXG\ DOVR GHSLFWV D SKDVH LQ WKLV SURFHVV ZKLFK GHWHUPLQHV WKH
VHUYLFH V\VWHP WR EH HQJLQHHUHG E\ WKH UHVSHFWLYH VHUYLFH SURYLGHU ZLWKLQ WKH
ZKROH V\VWHP FRQVWLWXWHG E\ WKH FORXG LQIUDVWUXFWXUH $ULVLQJ IURP YDULRXV SHU


(QDEOLQJFRPSDQLHVWRPDNHXVHRILQGXVWULDOFORXGV)RXQGDWLRQVIRU
(YLGHQFH%DVHG(QJLQHHULQJRI6HUYLFH6\VWHPV

VSHFWLYHV RI YDOXH FUHDWLRQ DPRQJ WKH GLIIHUHQW FRPSDQLHV LQYROYHG GLIIHUHQW
UHTXLUHPHQWV IRU WKH HQJLQHHULQJ SURFHVV DQG DFFRUGLQJ FORXGEDVHG WRROV DUH
UHOHYDQW 7KH UHVXOWLQJ VFHQDULRGHSHQGHQW VHUYLFH HQJLQHHULQJ SURFHVVHV DUH
HYDOXDWHGLQDPXOWLSOHFDVHVWXG\VHWWLQJLQRUGHUWRGHWHUPLQHWKHLUDSSOLFDELOLW\
DQGWRDGMXVWWKHPE\PHDQVRIDFWLRQGHVLJQUHVHDUFK



5HVHDUFK&RQWULEXWLRQ 0DQDJHULDO,PSOLFDWLRQV

7KHGLVVHUWDWLRQWR EHFRQGXFWHGZLOOSURYLGHYDOXDEOHFRQWULEXWLRQV LQ WKLV FRQ
WH[W %\ DSSO\LQJ D V\VWHPLF SHUVSHFWLYH VHUYLFHV FDQ EH UHJDUGHG DV FRPSOH[
VRFLRWHFKQLFDO V\VWHPV LH VHUYLFH V\VWHPV ,Q WKH FRXUVH RI DSSO\LQJ WKLV SHU
VSHFWLYHFUXFLDOIDFWRUVLQWHUPVRIVHUYLFHSURYLVLRQLHWKHLQWHJUDWLRQRILQGXV
WULDO FORXGV ZLWK WKH WKHUHE\ LQGXFHG LQFUHDVHG FRPSOH[LW\ LQ WKH XQGHUSLQQLQJ
HFRV\VWHP FDQ EH FKDOOHQJHG ,Q WKLV VHQVH EHVLGHV JHQHUDWLQJ HYLGHQFHEDVHG
NQRZOHGJH RQ UHDO ZRUOG VHUYLFH V\VWHPV E\ UHFRJQL]LQJ WKH FRQQHFWHGQHVV DQG
FRPSOHPHQWDULW\RIWKHLUHOHPHQWVWKHDLPRIWKLVZRUNLVWRSURYLGHVLPSOHDQG
OLJKWZHLJKWPRGHOVPHWKRGVDQGWRROVIRUVHUYLFHV\VWHPVHQJLQHHULQJZKLFKDUH
IXOO\PDNLQJXVHRIUHFHQWGHYHORSPHQWVLQ,&7EXWDOVRIDFLQJWKHFKDOOHQJHVRI
PXOWLVLGHGYDOXHFRFUHDWLRQ,QWKHFRXUVHRISLORWLQJVHUYLFHLQQRYDWLRQZLWKLQ
UHDOZRUOGHQYLURQPHQWVWKHVHPRGHOVPHWKRGVDQGWRROVFDQEHFUHDWHGRQWKH
IRXQGDWLRQRIHYLGHQFHEDVHGGHVLJQNQRZOHGJHZKLFKSURPLVHVDEURDGDSSOLFD
ELOLW\ %\ IRUPDOL]LQJ WKH UHVHDUFK ILQGLQJV D YDOXDEOH FRQWULEXWLRQ WR WKH DS
SURDFK RI VHUYLFH V\VWHPV HQJLQHHULQJ DV D ZKROH LV DFFRPSOLVKHG
,Q D PDQDJHULDO FRQWH[W D YDOXDEOH FRQWULEXWLRQ LV PDGH LQ WHUPV RI HQDEOLQJ
FRPSDQLHVZLWKRQO\OLPLWHGNQRZOHGJHLQHQJLQHHULQJVHUYLFHVLQFRPSOH[HQYL
URQPHQWV WR H[WHQG WKHLU EXVLQHVV RSSRUWXQLWLHV %\ SURYLGLQJ DQ HQGWRHQG
JXLGHOLQHZKLFKKHOSVWRVHQVLWL]HUHVSHFWLYHFRPSDQLHVIRUWKHSRWHQWLDORIPDN
LQJXVHRILQGXVWULDOFORXGVRQWKHRQHKDQGDQGSURYLGLQJDQHDV\WRKDQGOHDQG
VFHQDULRGHSHQGHQW VHUYLFH V\VWHP HQJLQHHULQJ SURFHVV RQ WKH RWKHU KDQG HVSH
FLDOO\60(VZKLFKFDQEHUHJDUGHGDVWKHEDFNERQHRIWKH*HUPDQHFRQRP\DUH
FDSDEOHRIJHWWLQJWKHLUVKDUHRXWRIUHFHQWWHFKQRORJLFDOGHYHORSPHQWV
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ϯϮϯʹϯϮϴ͘ĚŽŝ͗ϭϬ͘ϭϬϭϲͬũ͘ƉƌŽĐŝƌ͘ϮϬϭϱ͘ϬϮ͘ϭϭϬ
,ŽůƚďƌƺŐŐĞ͕͕͘,ŽůǌŵƺůůĞƌ͕,͘,͕͘ΘǀŽŶtĂŶŐĞŶŚĞŝŵ͕&͘;ĚƐ͘Ϳ͘;ϮϬϬϳͿ͘ ZĞŵŽƚĞ
ƐĞƌǀŝĐĞƐ͘tŝĞƐďĂĚĞŶ͗'ĂďůĞƌ͘
<ĂƐƚ͕ &͘ ͕͘ Θ ZŽƐĞŶǌǁĞŝŐ͕ :͘ ͘ ;ϭϵϳϮͿ͘ 'ĞŶĞƌĂů ƐǇƐƚĞŵƐ ƚŚĞŽƌǇ͗ ĂƉƉůŝĐĂƚŝŽŶƐ ĨŽƌ
ŽƌŐĂŶŝǌĂƚŝŽŶ ĂŶĚ ŵĂŶĂŐĞŵĞŶƚ͘ ĐĂĚĞŵǇ ŽĨ DĂŶĂŐĞŵĞŶƚ :ŽƵƌŶĂů͕ ϭϱ;ϰͿ͕



(QDEOLQJFRPSDQLHVWRPDNHXVHRILQGXVWULDOFORXGV)RXQGDWLRQVIRU
(YLGHQFH%DVHG(QJLQHHULQJRI6HUYLFH6\VWHPV

ϰϰϳʹϰϲϱ͘ĚŽŝ͗ϭϬ͘ϮϯϬϳͬϮϱϱϭϰϭ
<ůŽƐƚĞƌŵĂŶŶ͕ d͘ ;ϮϬϬϴͿ͘ KƉƚŝŵŝĞƌƵŶŐ ŬŽŽƉĞƌĂƚŝǀĞƌ ŝĞŶƐƚůĞŝƐƚƵŶŐĞŶ ŝŵ
dĞĐŚŶŝƐĐŚĞŶ <ƵŶĚĞŶĚŝĞŶƐƚ ĚĞƐ DĂƐĐŚŝŶĞŶďĂƵƐ͘ tŝĞƐďĂĚĞŶ͗ 'ĂďůĞƌ͘
ĚŽŝ͗ϭϬ͘ϭϬϬϳͬϵϳϴͲϯͲϴϯϰϵͲϵϳϬϭͲϮ
>ƵĐǌĂŬ͕ ,͘ ;ϮϬϬϰͿ͘ ĞƚƌŝĞďůŝĐŚĞ dĞƌƚŝĂƌŝƐŝĞƌƵŶŐ͗ Ğƌ ŐĂŶǌŚĞŝƚůŝĐŚĞ tĂŶĚĞů ǀŽŵ
WƌŽĚƵŬƚŝŽŶƐďĞƚƌŝĞď ǌƵŵ ĚŝĞŶƐƚůĞŝƐƚĞŶĚĞŶ WƌŽďůĞŵůƂƐĞƌ͘ ,ĞŝĚĞůďĞƌŐ͗ 'ĂďůĞƌ͘
ĚŽŝ͗ϭϬ͘ϭϬϬϳͬϵϳϴͲϯͲϯϮϮͲϴϭϳϲϰͲϴ
DĐĞƌŵŽƚƚ͕͘D͕͘ΘWƌĂũŽŐŽ͕͘/͘;ϮϬϭϮͿ͘^ĞƌǀŝĐĞŝŶŶŽǀĂƚŝŽŶĂŶĚƉĞƌĨŽƌŵĂŶĐĞŝŶ
^DƐ͘ /ŶƚĞƌŶĂƚŝŽŶĂů :ŽƵƌŶĂů ŽĨ KƉĞƌĂƚŝŽŶƐ Θ WƌŽĚƵĐƚŝŽŶ DĂŶĂŐĞŵĞŶƚ͘
ĚŽŝ͗ϭϬ͘ϭϭϬϴͬϬϭϰϰϯϱϳϭϮϭϭϮϬϴϲϯϮ
DĞǇĞƌ͕ <͕͘ Θ ƂƚƚĐŚĞƌ͕ D͘ ;ϮϬϭϭͿ͘ ŶƚǁŝĐŬůƵŶŐƐƉĨĂĚ ^ĞƌǀŝĐĞ ŶŐŝŶĞĞƌŝŶŐ Ϯ͘Ϭ Ͳ
EĞƵĞWĞƌƐƉĞŬƚŝǀĞŶĨƺƌĚŝĞŝĞŶƐƚůĞŝƐƚƵŶŐƐĞŶƚǁŝĐŬůƵŶŐ͘>ĞŝďǌŝŐĞƌĞŝƚƌćŐĞǌƵƌ
/ŶĨŽƌŵĂƚŝŬ͗ĂŶĚyy/y͘ĚŽŝ͗ϵϳϴͲϯͲϵϰϭϲϬϴͲϭϲͲϬ
DĞǇĞƌ͕>͘ͲW͕͘ΘDĞǇĞƌ͕<͘;ϮϬϭϯͿ͘ZŽƵŶĚͲdƌŝƉŶŐŝŶĞĞƌŝŶŐĨŽƌ^ǇƐƚĞŵ^ĞƌǀŝĐĞƐ͘/Ŷ
dŚĞŽƌǇĂŶĚWƌĂĐƚŝĐĞĨŽƌ^ǇƐƚĞŵ^ĞƌǀŝĐĞƐWƌŽǀŝĚĞƌƐŝŶŽŵƉůĞǆsĂůƵĞŚĂŝŶƐ
ĂŶĚ ^ĞƌǀŝĐĞ ^ǇƐƚĞŵƐ WƌŽĐĞĞĚŝŶŐƐ ŽĨ ƚŚĞ ϱƚŚ /ŶƚĞƌŶĂƚŝŽŶĂů ^ǇŵƉŽƐŝƵŵ ŽŶ
^ĞƌǀŝĐĞ ^ĐŝĞŶĐĞ >ĞŝƉǌŝŐ ;'ĞƌŵĂŶǇͿ͕ ^ĞƉƚĞŵďĞƌ Ϯϰ͕ ϮϬϭϯ ;ƉƉ͘ ϭϮϳʹϭϯϱͿ͘
ZĞƚƌŝĞǀĞĚĨƌŽŵŚƚƚƉ͗ͬͬŶďŶͲƌĞƐŽůǀŝŶŐ͘ĚĞͬƵƌŶ͗ŶďŶ͗ĚĞ͗ďƐǌ͗ϭϱͲƋƵĐŽƐĂͲϭϮϴϰϳϰ
DƵůůĞƌ͕ ͕͘ ƌĞƐƉŽ DĂƌƋƵĞǌ͕ ͕͘ Θ /ƵŶŐ͕ ͘ ;ϮϬϬϴͿ͘ KŶ ƚŚĞ ĐŽŶĐĞƉƚ ŽĨ ĞͲ
ŵĂŝŶƚĞŶĂŶĐĞ͗ ZĞǀŝĞǁ ĂŶĚ ĐƵƌƌĞŶƚ ƌĞƐĞĂƌĐŚ͘ ZĞůŝĂďŝůŝƚǇ ŶŐŝŶĞĞƌŝŶŐ ĂŶĚ
^ǇƐƚĞŵ^ĂĨĞƚǇ͕ϵϯ;ϴͿ͕ϭϭϲϱʹϭϭϴϳ͘ĚŽŝ͗ϭϬ͘ϭϬϭϲͬũ͘ƌĞƐƐ͘ϮϬϬϳ͘Ϭϴ͘ϬϬϲ
KƐƚƌŽŵ͕WĂƌĂƐƵƌĂŵĂŶ͕͕͘ŽǁĞŶ͕͕͘͘WĂƚƌŝĐŝŽ͕>͕͘ΘsŽƐƐ͕͘Ă͘;ϮϬϭϱͿ͘^ĞƌǀŝĐĞ
ZĞƐĞĂƌĐŚ WƌŝŽƌŝƚŝĞƐ ŝŶ Ă ZĂƉŝĚůǇ ŚĂŶŐŝŶŐ ŽŶƚĞǆƚ͘ :ŽƵƌŶĂů ŽĨ ^ĞƌǀŝĐĞ
ZĞƐĞĂƌĐŚ͕ϭϴ;ϮͿ͕ϭϮϳʹϭϱϵ͘ĚŽŝ͗ϭϬ͘ϭϭϳϳͬϭϬϵϰϲϳϬϱϭϱϱϳϲϯϭϱ
^ŝĞŵĞŶƐ͘ ;ϮϬϭϰͿ͘ DĂǆŝŵƵŵ ƉůĂŶƚ ƉĞƌĨŽƌŵĂŶĐĞ ƵƐŝŶŐ ƐŵĂƌƚ ĚĂƚĂ͘ ZĞƚƌŝĞǀĞĚ
^ĞƉƚĞŵďĞƌ
ϱ͕
ϮϬϭϱ͕
ĨƌŽŵ
ŚƚƚƉ͗ͬͬǁǁǁ͘ŝŶĚƵƐƚƌǇ͘ƐŝĞŵĞŶƐ͘ĐŽŵͬƐĞƌǀŝĐĞƐͬŐůŽďĂůͬĞŶͬƉŽƌƚĨŽůŝŽͬƉůĂŶƚͲĚĂƚĂͲ
ƐĞƌǀŝĐĞƐͬŽĐƵŵĞŶƚƐͬ&ůǇĞƌͺW^ͲE͘ƉĚĨ
^ŝĞŵĞŶƐ͘;ϮϬϭϱͿ͘^ŝĞŵĞŶƐƚŽďƵŝůĚŽƉĞŶĐůŽƵĚƉůĂƚĨŽƌŵĨŽƌŝŶĚƵƐƚƌŝĂůĐƵƐƚŽŵĞƌƐ͘
ZĞƚƌŝĞǀĞĚ
Ɖƌŝů
ϳ͕
ϮϬϭϱ͕
ĨƌŽŵ
ŚƚƚƉ͗ͬͬǁǁǁ͘ƐŝĞŵĞŶƐ͘ĐŽŵͬƉƌĞƐƐͬƉŽŽůͬĚĞͬƉƌĞƐƐĞŵŝƚƚĞŝůƵŶŐĞŶͬϮϬϭϱͬĚŝŐŝƚĂůĨĂ
ĐƚŽƌǇͬWZϮϬϭϱϬϯϬϭϱϮ&E͘ƉĚĨ
sĂƌŐŽ͕ ^͘ >͘ ;ϮϬϬϵͿ͘ ůƚĞƌŶĂƚŝǀĞ >ŽŐŝĐƐ ĨŽƌ ^ĞƌǀŝĐĞ ^ĐŝĞŶĐĞ͘ /Ŷ /^^^ϮϬϬϵ Ͳ
/ŶƚĞƌŶĂƚŝŽŶĂů^ǇŵƉŽƐŝƵŵŽŶ^ĞƌǀŝĐĞ^ĐŝĞŶĐĞ͕<ĞǇŶŽƚĞƐƉĞĞĐŚ͘>ĞŝƉǌŝŐ͘
sĂƌŐŽ͕ ^͘ >͕͘ Θ >ƵƐĐŚ͕ Z͘ &͘ ;ϮϬϬϰͿ͘ ǀŽůǀŝŶŐ ƚŽ Ă EĞǁ ŽŵŝŶĂŶƚ >ŽŐŝĐ ĨŽƌ
DĂƌŬĞƚŝŶŐ͘
:ŽƵƌŶĂů
ŽĨ
DĂƌŬĞƚŝŶŐ͕
ϲϴ;ϭͿ͕
ϭʹϭϳ͘
ĚŽŝ͗ϭϬ͘ϭϱϬϵͬũŵŬŐ͘ϲϴ͘ϭ͘ϭ͘ϮϰϬϯϲ
tĞƐƚŶĞƌ͕ W͕͘ Θ ,ĞƌŵĂŶŶ͕ ^͘ ;ϮϬϭϱͿ͘ sZ ͮ ^Ğƌǀථ͗  ^ŽĨƚǁĂƌĞ dŽŽůƐĞƚ ĨŽƌ ^ĞƌǀŝĐĞ
ŶŐŝŶĞĞƌŝŶŐƵƐŝŶŐsŝƌƚƵĂůZĞĂůŝƚǇ͘/Ŷ/^ZsϮϬϭϱ͘^ĂŶ:ŽƐĠ͘


%HQHGLNW+|FNPD\U

ŽůŶŽǁƐŬŝ͕ ͕͘ ^ĐŚŵŝƚƚ͕ ͘ <͕͘ Θ ƂŚŵĂŶŶ͕ d͘ ;ϮϬϭϭͿ͘ d,EK>K'z KE ^Zs/
h^/E^^ DK>^ /E DEh&dhZ/E'͗ &ZKD /DWZKs/E' &dZͲ^>^
^Zs/^ dK h/>/E' ^Zs/ K^z^dD^͘ /Ŷ ƵƌŽƉĞĂŶ ŽŶĨĞƌĞŶĐĞ ŽŶ
/ŶĨŽƌŵĂƚŝŽŶ
^ǇƐƚĞŵƐ
;/^Ϳ
;ƉƉ͘
ϭʹϭϰͿ͘
ZĞƚƌŝĞǀĞĚ
ĨƌŽŵ
ŚƚƚƉ͗ͬͬĂŝƐĞů͘ĂŝƐŶĞƚ͘ŽƌŐͬĞĐŝƐϮϬϭϭͬϭϬϵͬ



5HTXLUHPHQWVRQD6HUYLFH7RROWR)RVWHU'H
PDQG6LGH0DQDJHPHQW8QGHU&KDQJLQJ&OL
PDWH&RQGLWLRQV
&KDUORWWH1HZLDGRPVN\06FFKDUORWWHQHZLDGRPVN\#KVQLHGHUUKHLQGH6:.
(QHUJLH]HQWUXP(ðGHU+RFKVFKXOH1LHGHUUKHLQ
3URI'U,QJHOD7LHW]HLQJHODWLHW]H#KVSIRU]KHLPGH,QVWLWXWIU,QGXVWULDO
(FRORJ\+RFKVFKXOH3IRU]KHLP

$EVWUDFW
6HYHUDO FRXQWULHV LQ (XURSH HJ 6SDLQ 7XUNH\ RU 3RODQG DQG ZRUOGZLGH DUH
DOUHDG\VWUXJJOLQJZLWKWKHH[LVWLQJLPSDFWVRIFOLPDWHFKDQJHVXFKDVORQJODVW
LQJGURXJKWVOHDGLQJWRDKLJKHUZDWHUGHPDQGIRUDJULFXOWXUDODVZHOODVLQGXVWULDO
FRROLQJSURFHVVHV ,3&& $VDUHVXOWRIKLJKHULQVRODWLRQDQGULVLQJWHP
SHUDWXUHV DV SUHGLFWHG IRU WKH IXWXUH  D KLJKHU GHPDQG IRU FRROLQJ V\VWHPV IRU
SULYDWHDVZHOODVSXEOLFEXLOGLQJVDULVHV,IWKHUHLVQRWHQRXJKZDWHUDYDLODEOHIRU
FRROLQJFRQYHQWLRQDOSRZHUSODQWVGXULQJGURXJKWVSRZHUSODQWVKDYHWRUHVWULFW
WKHLU DPRXQW RI HOHFWULFLW\ JHQHUDWLRQ LQ RUGHU WR SUHYHQW DQ RYHUKHDWLQJ RI WKH
ULYHU ZDWHU $GGLWLRQDOO\ GURXJKWV DIIHFW K\GURHOHFWULF SRZHU SODQWV DV ZHOO DV
WKH\ QHHG FHUWDLQ PLQLPXP ZDWHU OHYHOV WR UXQ WKH WXUELQHV ,Q FRXQWULHV ZLWK D
ODUJHVKDUHRIHOHFWULFLW\JHQHUDWLRQIURPFRQYHQWLRQDODQGQXFOHDUSRZHUSODQWV
HOHFWULFLW\ JHQHUDWLRQ IURP UHQHZDEOH HQHUJLHV VXFK DV ZLQG WXUELQHV DQG SKRWR
YROWDLFV FDQ HDVH WKLV SUREOHP 1HYHUWKHOHVV UHQHZDEOH HQHUJ\ FDQ OHDG WR KLJK
IOXFWXDWLRQV ZLWKLQ WKH HOHFWULFLW\ JULG DV LW LV QRW DYDLODEOH DW DOO WLPHV ,Q WKDW
FDVHHQHUJ\VXSSO\FDQQHLWKHUEHVHFXUHGE\WKHFRQYHQWLRQDODQGQXFOHDUSRZHU
SODQWV QRU E\ UHQHZDEOH HQHUJLHV %HVLGHV DOWHUQDWLYH FRROLQJ WHFKQRORJLHV GH
PDQGVLGHPDQDJHPHQW '60  LV DQ RSWLRQ DV LW FDQ DGMXVW WKH GHPDQG WR WKH
DFWXDO PDUNHW VLWXDWLRQ RI ZDWHU DQG HQHUJ\ '60 FDQ KHOS WR VHFXUH HOHFWULFLW\
VXSSO\E\VWDELOLVLQJWKHRSHUDWLRQRIWKHHOHFWULFLW\JULGHOHFWULFLW\GHPDQGFDQ
EHGHFUHDVHGDQGRUVKLIWHGWRWLPHVRIHJKLJKHOHFWULFLW\IHHGLQIURPUHQHZD
EOHHQHUJ\VRXUFHV


&KDUORWWH1HZLDGRPVN\DQG3URI'U,QJHOD7LHW]H

$LPRIWKLVSDSHULVWRGHILQHDQGHVWDEOLVKWKHUHTXLUHPHQWVRQDVHUYLFHWRROIRU
WKHGLVWULEXWLRQRIZDWHUDQGHOHFWULFLW\LQRUGHUWRVHFXUHHQHUJ\VXSSO\E\IRVWHU
LQJ'60XQGHUFKDQJLQJFOLPDWHFRQGLWLRQV


'HSHQGHQF\RIWKH6HFXULW\RI(OHFWULFLW\6XSSO\RQ:DWHU
$YDLODELOLW\



7KH(QHUJ\:DWHU1H[XV

7KH86$,'*OREDO(QYLURQPHQW&HQWHULQ:DVKLQJWRQ'&DOUHDG\UHFRJQLVHG
LQWKDWHQHUJ\DQGZDWHUKDYHPXFKLQFRPPRQDQGWKDWHQHUJ\LVQHFHVVDU\
WREHDEOHWRXVHZDWHUDQGYLFHYHUVD +XUGXV +RZHYHUWKH:RUOG(FR
QRPLF )RUXP VWDWHV WKDW WKH ,QWHUQDWLRQDO )RRG 3ROLF\ UHVHDUFK ,QVWLWXWH ,)5, 
H[SHFWV D   LQFUHDVH LQ ZDWHU GHPDQG E\  :RUOG (FRQRPLF )RUXP
 ZKLOHWKH,QWHUQDWLRQDO(QHUJ\$JHQF\ ,($ IRUHFDVWVDQLQFUHDVLQJHQHU
J\GHPDQGRIE\ ,($ 
tĂƚĞƌĨŽƌŶĞƌŐǇ





WŽǁĞƌƉůĂŶƚĐŽŽůŝŶŐ
;ƚŚĞƌŵŽĞůĞĐƚƌŝĐͿ
/ŶĚƵƐƚƌŝĂůƉƌŽĐĞƐƐŵĂŶƵĨĂĐƚƵƌŝŶŐ
,ǇĚƌŽĞůĞĐƚƌŝĐƉŽǁĞƌƐƚĂƚŝŽŶƐ
&ƵĞůƉƌŽĚƵĐƚŝŽŶ;ĞƚŚĂŶŽů͕, Ϳ



͙

tĂƚĞƌĨŽƌŐƌŝĐƵůƚƵƌĞ



/ƌƌŝŐĂƚŝŽŶ
͙

Ϯ

ŶĞƌŐǇĨŽƌtĂƚĞƌ






tĂƚĞƌ

ƌŝŶŬŝŶŐǁĂƚĞƌƉƵƌŝĨŝĐĂƚŝŽŶ
tĂƐƚĞǁĂƚĞƌƚƌĞĂƚŵĞŶƚ
tĂƚĞƌĚŝƐƚƌŝďƵƚŝŽŶ
ĞƐĂůŝŶĂƚŝŽŶ
ŶĞƌŐǇ
͙

tĂƚĞƌƚƌĞĂƚŵĞŶƚǁŝƚŚ
ƉĞƌĐŽůĂƚŝŽŶ
͘͘͘

ŐƌŝĐƵůƚƵƌĞ



ŐƌŝĐƵůƚƵƌĞĨŽƌŶĞƌŐǇ

ŶĞƌŐǇĨŽƌŐƌŝĐƵůƚƵƌĞ












ŐƌŝĐƵůƚƵƌĞĨŽƌtĂƚĞƌ

^ƚĂŬĞŚŽůĚĞƌƐ͕
Ğ͘Ő͕͘ŚŽƵƐĞŚŽůĚƐ͕ŝŶĚƵƐƚƌǇ

&ĞƌƚŝůŝƐĞƌƉƌŽĚƵĐƚŝŽŶ
&ĂƌŵĞƋƵŝƉŵĞŶƚ
;ŵĂĐŚŝŶĞƌǇƵƐŝŶŐĞůĞĐƚƌŝĐŝƚǇͿ
WƌŽĐĞƐƐŝŶŐ͕ƉĂĐŬĂŐŝŶŐĂŶĚƚƌĂŶƐƉŽƌƚĂƚŝŽŶ
͙




WƌŽĚƵĐƚŝŽŶŽĨďŝŽĨƵĞůƐ
͙

ͳǤͳ
6XSSO\WULDQJOHZDWHUHQHUJ\DQGDJULFXOWXUH 1HZLDGRPVN\ 
7LHW]H 



5HTXLUHPHQWVRQD6HUYLFH7RROWR)RVWHU
'HPDQG6LGH0DQDJHPHQW8QGHU&KDQJLQJ&OLPDWH&RQGLWLRQV

$V LW FDQ EH VHHQ LQ )LJXUH  ZDWHU LV QHHGHG IRU VHYHUDO LQGXVWULDO SURFHVVHV
SURGXFWLRQFRROLQJHWF DVZHOODVIRULUULJDWLRQIRUDJULFXOWXUH +DOVWHDG.REHU
YDQGHU=ZDDQ 0RUHRYHUHQHUJ\LVQHFHVVDU\IRUZDWHUVXSSO\ WUHDW
PHQWSXULILFDWLRQGLVWULEXWLRQHWF ZKLOHLWLVDOVRFUXFLDOIRU WKHSURGXFWLRQ RI
IHUWLOL]HUV ELRIXHOV RU WUDQVSRUW IRU WKH DJULFXOWXUDO LQGXVWU\ 7KLUOZHOO 0DGUD
PRRWRR  +HDWKFRWH   3URGXFWV RI WKH DJULFXOWXUDO LQGXVWU\ DUH LQ WXUQ
LQGLUHFWO\LPSRUWDQWIRUZDWHUWUHDWPHQWHJSXULILFDWLRQYLDSHUFRODWLRQ 2(&'
 +RXVHKROGVDVZHOODVLQGXVWU\DUHORFDWHGLQWKHPLGGOHRIWKHGHVFULEHG
VXSSO\WULDQJOHDVWKH\DUHGHSHQGLQJRQDOOWKUHHVHFWRUVLQRUGHUWRVHFXUHWKHLU
GHPDQG ,QGXVWU\ GHSHQGV DGGLWLRQDOO\ RQ WKHVH VHFWRUV LQ RUGHU WR VHFXUH WKHLU
VXSSO\ 1HZLDGRPVN\  7LHW]H   $ YLFLRXV FLUFOH FDQ EH REVHUYHG ZKHQ
FRXQWULHV GHSHQGLQJ RQ K\GURHOHFWULFLW\ KDYH WR WXUQ WR RWKHU HQHUJ\ VRXUFHV
OHDGLQJ WR KLJKHU HPLVVLRQV DQG WKXV LQIOXHQFH WKH FOLPDWH FKDQJH 7KLUOZHOO
0DGUDPRRWRR +HDWKFRWH+DOVWHDG.REHU YDQGHU=ZDDQ 
'HSHQGLQJRQWKHSODQWVL]HDQGWKHSRZHUSODQWW\SHGLIIHUHQWDPRXQWVRIZDWHU
DUH QHHGHG IRU FRROLQJ SXUSRVHV HJ D QXFOHDU SRZHU SODQW ZLWK RQFHWKURXJK
FRROLQJ ZLWKGUDZV EHWZHHQ  WR  Pñ RI ZDWHU SHU 0:K HOHFWULFLW\ ZKLOH
FRROLQJZLWKDZHWWRZHUZRXOGOHDGWRRQO\±Pñ0:KDQGZLWKDSRQGWR
±Pñ0:K:DWHULVQHFHVVDU\IRUHYHU\FRQYHQWLRQDOSODQWW\SHSURGXF
LQJ HOHFWULFLW\ ZKLFK VKRZV WKH GHSHQGHQF\ RQ WKLV UHVRXUFH 'DYLHV .\OH 
(GPRQGV   5HJDUGLQJ WKH DPRXQWV RI ZDWHU QHHGHG LW LV FUXFLDO WR ILQG D
VROXWLRQWRPDLQWDLQHQHUJ\VHFXULW\
$SSDUHQWO\ WKHUH DUH FRQIOLFWLQJ LQWHUHVWV EHWZHHQ WKH VHFWRUV DJULFXOWXUH ZDWHU
DQG HQHUJ\ DV ZHOO DV EHWZHHQ WKH VWDNHKROGHUV HJ HOHFWULFLW\ YHUVXV ZDWHU
VXSSOLHUV (DFK VWDNHKROGHU KDV LWV RZQ IRFXV QRW QHFHVVDULO\ FRQVLGHULQJ WKH
IRFXVRIWKHRWKHUVWDNHKROGHUV



&OLPDWHFKDQJHDQGHQHUJ\VHFXULW\

6HYHUDO VWXGLHV RQ WKH LPSDFW RI FOLPDWH FKDQJH RQ WKH HQYLURQPHQW SUHGLFW DQ
LQFUHDVH RI DLU WHPSHUDWXUH ,3&&  &KULVWLGLV -RQHV  6WRWW   7KLV
OHDGVWRLQFUHDVHGHYDSRUDWLRQIURPWKHZDWHUVXUIDFHVDQGDQDXJPHQWHGQHHGIRU



&KDUORWWH1HZLDGRPVN\DQG3URI'U,QJHOD7LHW]H

ZDWHUIRUHJFRROLQJLQSRZHUSODQWV &ROPDQ RUIRULUULJDWLRQRIDJULFXO
WXUDODUHDV6LPXOWDQHRXVO\ZDWHUWHPSHUDWXUHVLQFUHDVHDQGLQGXVWULDOFRROLQJLV
LPSHGHG =DPPLW   $OWKRXJK ULVLQJ WHPSHUDWXUHV OHDG WR PHOWLQJ JODFLHUV
ZKLFK FRXOG LQFUHDVH WKH UHJLRQDO ZDWHU VXSSO\ DJDLQ WKH JODFLHUV DUH PHOWLQJ
IDVWHU WKDQ WKH\ FDQ EXLOG XS DJDLQ GXULQJ WKH ZLQWHU PRQWKV 'XH WR ULVLQJ DLU
WHPSHUDWXUHVWKHFORXGVZRXOGUDWKHUVWDUWUDLQLQJWKDQVQRZLQJGXULQJWKHZLQWHU
PRQWKV,QWKHIRUHVHHDEOHIXWXUHWKHDGGLWLRQDOLQIORZIURPJODFLDOZDWHUVZRXOG
QRORQJHUEHDYDLODEOHDQGWKHUHJLRQDOZDWHUVXSSO\FDQEHVLJQLILFDQWO\UHGXFHG
LQWKHVXPPHUPRQWKV ,3&& $QRYHUYLHZDERXWSRVVLEOHFOLPDWHFKDQJH
LPSDFWV RQ HQHUJ\ VXSSO\ JLYHV 6FKDHIIHU HW DO   5HSRUWV IURP VXPPHU
GHOLYHUDQH[DPSOHRIWKHLPSHGHGLQGXVWULDOFRROLQJLQZKLFKFRDOILUHG
SRZHUSODQWVLQ*HUPDQ\ 6WUDXFK DQGQXFOHDUSRZHUSODQWVLQ(XURSH
,$($   ZHUH DIIHFWHG E\ WKH XQXVXDOO\ KLJK WHPSHUDWXUHV ,Q *HUPDQ\
VHYHQRIWKH(XURSHDQQXFOHDUSRZHUSODQWVDVZHOODVWKHDIRUHPHQWLRQHG
FRDOILUHGSRZHUSODQWVKDGWRUHGXFHWKHLUHOHFWULFLW\JHQHUDWLQJFDSDFLW\E\XSWR
LQWKHPRQWKVRI0D\WR2FWREHUGXHWRWKHKLJKZDWHUWHPSHUDWXUHVDQGWKH
OHJDOPD[LPXPWHPSHUDWXUHVIRUUHWXUQLQJFRROLQJZDWHU 6WUDXFK 
+LJKHUJOREDOWHPSHUDWXUHVZLOOLQFUHDVHWKHSRVVLELOLW\RIGURXJKWVRUIORRGV'XH
WRULVLQJWHPSHUDWXUHVSRODUFDSVDQGJODFLHUVPHOWDQGLQWXUQUHVXOWLQULVLQJVHD
OHYHOV )XUWKHUPRUH WKH WHPSHUDWXUH LQFUHDVH UHGXFHV WKH TXDOLW\ TXDQWLW\ DQG
DFFHVVLELOLW\RIZDWHUUHVRXUFHV7KH\OHDGWRKLJKHUHYDSRUDWLRQLQODNHVDVZHOO
DVULYHUVZKLFKFRXOGOHDGWRGU\LQJDQGWKXVUHVWULFWLRQRQDTXDWLFKDELWDWDQG
ORZHUHGZDWHUTXDOLW\GXHWRLQFUHDVHGSROOXWDQWFRQFHQWUDWLRQVDQGR[\JHQGHIL
FLWV ,3&&   $FFRUGLQJO\ KLJKHU WHPSHUDWXUHV ZLOO OHDG WR KLJKHU HQHUJ\
XVHWRWUHDWORZTXDOLW\ZDWHURUWRSXPSZDWHUIURPJUHDWHUGHSWK 86'HSDUW
PHQW RI (QHUJ\   ,Q WXUQ LQFUHDVHG HQHUJ\ XVH ZLOO FDXVH DQ LQFUHDVH LQ
JUHHQKRXVH JDV HPLVVLRQV ZKLOH ORZHU ZDWHU DYDLODELOLW\ OHDGV WR WUDGHRIIV EH
WZHHQ ZDWHU XVHUV VXFK DV DJULFXOWXUDO LQGXVWU\ DQG HOHFWULFLW\ VXSSOLHUV HJ
FRQYHQWLRQDODQGQXFOHDUSRZHUSODQWV FI)LJXUH 



5HTXLUHPHQWVRQD6HUYLFH7RROWR)RVWHU
'HPDQG6LGH0DQDJHPHQW8QGHU&KDQJLQJ&OLPDWH&RQGLWLRQV



5LVLQJJHQHUDWLRQFRVWVGXHWRODFNRIZDWHU

(YLGHQWO\ LQFUHDVLQJ WHPSHUDWXUHVIROORZHGE\ PRUH HYDSRUDWLRQ DQG OHVV ZDWHU
DYDLODELOLW\ZLOOIRUFHFRQYHQWLRQDOSRZHUSODQWRSHUDWRUVWRGHFUHDVHWKHDPRXQW
RI HOHFWULFLW\ JHQHUDWLRQ YDQ 9OLHW <HDUVOH\ /XGZLJ 9|JHOH /HWWHQPDLHU 
.DEDW  +RIIPDQQ +lIHOH  .DUO   XQWLO WKH SRZHU SODQW KDV WR EH
VKXWGRZQ$FFRUGLQJWR)O|UNHHWDO  WKHDYHUDJHZDWHUDYDLODELOLW\GXULQJ
VXPPHULVGHFUHDVLQJXQWLOVRWKHFRPSHWLWLRQIRUZDWHUUHVRXUFHVLQFUHDVHV
IRUFRQYHQWLRQDOSRZHUSODQWV&RQVHFXWLYHO\WKHJHQHUDWLRQFRVWVRIWKHFRQYHQ
WLRQDOSRZHUSODQWVDUHOLNHO\WRLQFUHDVHDVLWZLOOJHWPRUHDQGPRUHGLIILFXOWWR
UXQ WKH SRZHU SODQWV ZLWK HQRXJK ZDWHU ZKLOH ZDWHU WUHDWPHQW ZLOO H[DFHUEDWH
EHFDXVH RI WKH ODFN RI HOHFWULFLW\ IRU WUHDWPHQW DQG GLVWULEXWLRQ YDQ 9OLHW
<HDUVOH\/XGZLJ9|JHOH/HWWHQPDLHU .DEDW 


0HWKRGRORJ\

$VROXWLRQWRWKHSUREOHPVRIDVHFXUHHOHFWULFLW\VXSSO\LVDVHUYLFHWRROFRQVLGHU
LQJ 'HPDQG 6LGH 0DQDJHPHQW '60  DPRQJVW RWKHUV 7KH FRQVLGHUDWLRQ RI
'60 DVVLVWV LQ IXOILOOLQJ HOHFWULFLW\ DQG ZDWHU GHPDQG WR WKH SRVVLEOH H[WHQG
HIILFLHQWDSSOLDQFHVUHGXFHZDWHUDQGHOHFWULFLW\GHPDQGLQWLPHVRIORZHOHFWULFLW\
DYDLODELOLW\DQGLQWHOOLJHQWDSSOLDQFHVVKLIWGHPDQGWRWLPHVZLWKKLJKZDWHUDQG
HOHFWULFLW\ DYDLODELOLW\ $ VHUYLFH WRRO FRQVLGHULQJ '60 ZLOO EH DVVHPEOHG DV
FRPSXWHUPRGHOZKLFKLVIHGZLWKLQIRUPDWLRQRQZDWHUDQGHOHFWULFLW\GHPDQGV
E\WKHVWDNHKROGHUVDVZHOODVWKHDYDLODELOLW\RIFHQWUDODQGGHFHQWUDOHOHFWULFLW\
JHQHUDWLQJV\VWHPV([WHUQDOZHEVHUYLFHVDQGGDWDVRXUFHVFORXGVRUVHQVRUGDWD
FDQ DGGLWLRQDOO\ EH LQFOXGHG %DVLV IRU WKH VHUYLFH WRRO LV D PDWUL[ VKRZLQJ LQ
GHWDLO WKH LQIRUPDWLRQ QHHGHG 7KHVH GDWD DUH UXOHEDVHG SURFHVVHG WR D GHFLVLRQ
VXSSRUW PDWUL[ IRU HDFK VWDNHKROGHU KLJKO\ GHSHQGLQJ RQ WKH SUHYDLOLQJ RU SUH
GLFWHGZHDWKHU,WSURYLGHVGHWDLOHGLQIRUPDWLRQIRUWKHGLVWULEXWLRQRIZDWHUDQG
HOHFWULFLW\ XQGHU GLIIHUHQW FLUFXPVWDQFHV $LP RI WKH VHUYLFH WRRO LV WR SURYLGH
GHFLVLRQ VXSSRUW IRU WKH ZDWHU GLVWULEXWLRQ DQG WR VHFXUH HOHFWULFLW\ VXSSO\ 7KH
LQGLYLGXDO ZDWHU GHPDQGV DUH GLIIHUHQWLDWHG LQWR LQLWLDO GHPDQG DQG PLQLPDO
GHPDQGDFFRPSDQLHGE\DSULRULW\VFKHPHIRUWKHLQGLYLGXDOGHPDQGV,QRUGHUWR
HQVXUHHQHUJ\VHFXULW\WKHVHUYLFHWRROKDVWRILQGWKHSRLQWRIHOHFWULFLW\EDODQFH


&KDUORWWH1HZLDGRPVN\DQG3URI'U,QJHOD7LHW]H

E\ ZHLJKLQJ WKH GHPDQGV DQG SRVVLEOH VXSSO\ DV ZHOO DV E\ ZHLJKLQJ EHWZHHQ
VPDUWJULGV\VWHPVDQGHOHFWULFLW\IURPUHQHZDEOHHQHUJ\SRZHUSODQWV


5HTXLUHPHQWVDQG6SHFLILFDWLRQVRQD6HUYLFH7RRO



$SSURDFKHVIRUDVHUYLFHWRROIRUWKHGLVWULEXWLRQRIZDWHUDQGHOHFWULFLW\

+RIIPDQQ +lIHOH  .DUO   FRQGXFWHG D ILUVW PRGHO DSSURDFK ZLWK SURMHF
WLRQV XS WR WKH \HDU  FRQVLGHULQJ VHYHUDO FOLPDWH GDWD SURMHFWLRQV VHOHFWHG
WKHUPDO SRZHU SODQWV DV ZHOO DV WKHLU UHVSHFWLYH FRROLQJ V\VWHPV DQG WKH OHJDO
WKUHVKROGYDOXHVIRUUHWXUQLQJFRROLQJZDWHULQWRZDWHUERGLHV0DLQDLPRI+RII
PDQQ+lIHOH .DUOLVWRDQDO\VHWKHLPSDFWRIFOLPDWHFKDQJHRQWKHHIILFLHQF\
RIHOHFWULFLW\JHQHUDWLRQZLWKWKHUPDOSRZHUSODQWVXQGHUFRQVLGHUDWLRQRIGLIIHU
HQW FRROLQJ WHFKQRORJLHV 7KH HIILFLHQW GLVWULEXWLRQ RI ZDWHU DQG HOHFWULFLW\ ZHUH
QRWLQFOXGHGLQWKHVWXG\
6HYHUDODSSURDFKHVH[LVWZLWKUHJDUGWRHQHUJ\PDQDJHPHQWLQLQGXVWU\HJ',1
(1 ,62  6FKLHIHUGHFNHU )QIJHOG

 %RQQHVFKN\   GHVFULEH IRU

H[DPSOHWKHQHFHVVDU\SDUDPHWULVDWLRQRILQGXVWULDODSSOLDQFHVIRUHIILFLHQWHQHUJ\
FRQWUROOLQJDQGORDGPDQDJHPHQW,QRUGHUWRFRYHUWKHSDUWIRUZDWHUGLVWULEXWLRQ
VLPLODU LQIRUPDWLRQ VKRXOG EH SURYLGHG IRU ZDWHU PDQDJHPHQW $GGLWLRQDOO\
LQIRUPDWLRQDERXWWKHLQWHUGHSHQGLQJUHODWLRQEHWZHHQHOHFWULFLW\DQGZDWHUPDQ
DJHPHQWKDVWREHDQDO\VHG
$ XQLYHUVDO VHUYLFH WRRO WR FRQQHFW PRGHOV IRU ZDWHU UHVRXUFHV PDQDJHPHQW
HQHUJ\PDQDJHPHQWDQGHQHUJ\V\VWHPDQDO\VLVLVPLVVLQJ



(VWDEOLVKPHQWRIDVHUYLFHWRRO

,Q RUGHU IRU D VHUYLFHWRROWREH XVHGDVGHFLVLRQVXSSRUWIRUWKHVWDNHKROGHUVLW
KDVWRSURYLGHLQIRUPDWLRQFRQFHUQLQJHQHUJ\DQGZDWHUPDQDJHPHQW'HSHQGLQJ
RQWKHFXUUHQWDQGIRUHFDVWHGZHDWKHUDVZHOODVWKHVWDNHKROGHUV¶GHPDQGULYHU
EDVLQ PDQDJHUV JHW GHFLVLRQ VXSSRUWFRQFHUQLQJDEHQHILFLDOGLVWULEXWLRQVFKHPH
IRUZDWHU7KHVDPHLQIRUPDWLRQLVRILQWHUHVWIRUHOHFWULFLW\DQGZDWHUVXSSOLHUV
:DWHUVXSSOLHUVFDQSODQZKHQWRWUHDWZDWHUDQGKRZWRGLVWULEXWHWKHDYDLODEOH
ZDWHU WR WKH VXEVHTXHQW VWDNHKROGHUV HJ KRXVHKROGV  :KHUHDV HOHFWULFLW\ VXS


5HTXLUHPHQWVRQD6HUYLFH7RROWR)RVWHU
'HPDQG6LGH0DQDJHPHQW8QGHU&KDQJLQJ&OLPDWH&RQGLWLRQV

SOLHUV HJFRQYHQWLRQDOSRZHUSODQWV FDQSODQWKHLUDPRXQWRIHOHFWULFLW\JHQHUD
WLRQ DFFRUGLQJ WR DYDLODEOH FRROLQJ ZDWHU DPRXQWV DQG UHFHLYH LQIRUPDWLRQ IRU D
EHQHILFLDO HOHFWULFLW\ PL[ IRU IHHGLQ LQWR WKH JULG +RXVHKROGV LQGXVWU\ DQG WKH
DJULFXOWXUDOVHFWRUUHFHLYHGHFLVLRQVXSSRUWLQWHUPVRIKRZWRVKLIWHQHUJ\DQGRU
ZDWHULQWHQVLYHSURFHVVHV HJXVHRIZDVKLQJPDFKLQHV LQWRWLPHVRIKLJKZDWHU
HOHFWULFLW\DYDLODELOLW\$GGLWLRQDOO\WKHVHWKUHHJURXSVUHFHLYHGHFLVLRQVXSSRUW
FRQFHUQLQJ HJ WKH XVH RI HQHUJ\ HIILFLHQW HTXLSPHQW 7UDQVPLVVLRQ V\VWHP
RSHUDWRUV DQG GLVWULEXWLRQ JULG RSHUDWRUV UHFHLYH GHFLVLRQ VXSSRUW LQ WHUPV RI D
EHQHILFLDOPL[RIHOHFWULFLW\IURPFRQYHQWLRQDOUHQHZDEOHDQGVPDUWJULGVRXUFHV
WRVHFXUHHOHFWULFLW\VXSSO\$SSDUHQWO\WKHVHUYLFHWRROLVDVROXWLRQWRLQFUHDVH
WKHVHUYLFHOHYHORIHDFKVWDNHKROGHUE\RIIHULQJDGHFHQWGLVWULEXWLRQVROXWLRQIRU
DOO VWDNHKROGHUV FRQFHUQLQJ WKH FRQIOLFWLQJ LQWHUHVWV )RU WKLV WKH VHUYLFH WRRO LV
GHYHORSHG DV FRPSXWHU PRGHO FRQWDLQLQJ QHDUUHDOWLPH GDWD RI DQG IURP WKH
VWDNHKROGHUVFOLPDWHSUHGLFWLRQVDVZHOODVUHFRPPHQGDWLRQVIRU'60DQGZDWHU
GLVWULEXWLRQ $W ILUVW D VWDNHKROGHU DQDO\VLV LV FRQGXFWHG LQRUGHU WR FRQVLGHU DOO
DIIHFWHGSDUWLHV2QWKHRQHKDQGDQLQSXWPDWUL[LVEXLOGLQFOXGLQJHDFKVWDNH
KROGHUDQGHJLWVQHFHVVDU\DPRXQWRIZDWHUDQGHOHFWULFLW\WRRSHUDWH2QWKH
RWKHUKDQGWKHUHTXLUHGLQIRUPDWLRQIURPWKHVHUYLFHWRROIRUHDFKVWDNHKROGHUKDV
WREHGHWHUPLQHGLQRUGHUWRRIIHUWKHVWDNHKROGHUVDQLQFHQWLYHWRXVHWKHVHUYLFH
WRRO IRU GHFLVLRQ VXSSRUW $Q REYLRXV LQFHQWLYH PD\ EH GULYHQ E\ HFRQRPLF EH
KDYLRXUEXWLQFDVHRIQHJDWLYHHIIHFWVSROLWLFDORUOHJDOLQFHQWLYHVEHFRPHQHFHV
VDU\
7DEOH  VKRZV DQ H[HPSODU\ UHTXLUHPHQWV PDWUL[ IRU WKH VHUYLFH WRRO IURP WKH
VWDNHKROGHU¶V SRLQW RI YLHZ ,W VKRZV WKH H[SHFWHG LQIRUPDWLRQ IURP WKH VHUYLFH
WRRO ,Q WKH H[DPSOH PDWUL[ DUH HLJKW VWDNHKROGHU JURXSV ZKR DUH DIIHFWHG E\
HOHFWULFLW\DQGRUZDWHUVXSSO\,QGXVWU\KRXVHKROGVWKHDJULFXOWXUDOVHFWRUULYHU
EDVLQPDQDJHPHQWWKHGLVWULEXWLRQJULGRSHUDWRUWKHWUDQVPLVVLRQV\VWHPRSHUD
WRUDVZHOODVZDWHUDQGHOHFWULFLW\VXSSOLHUV HJSRZHUSODQWVSXEOLFVHUYLFHV 
2EYLRXVO\ WKHUH DUH VWDNHKROGHUV IURP GLIIHUHQW RUJDQLVDWLRQDO OHYHOV QDWLRQDO
UHJLRQDOORFDOHWF 7KHQXPEHURIVWDNHKROGHUJURXSVFDQLQFUHDVHZKHQGLYLG
LQJ LQWR VPDOOHU VXEJURXSV $V DQ H[DPSOH WKH ³HOHFWULFLW\ VXSSOLHU´ FDQ EH DJ



&KDUORWWH1HZLDGRPVN\DQG3URI'U,QJHOD7LHW]H

JUHJDWHGILUVWO\E\SRZHUSODQWW\SHHJQXFOHDUDQGVHFRQGO\E\FRROLQJWHFK
QRORJ\ (DFK VWDNHKROGHU JURXS IRFXVVHV RQ GLIIHUHQW UHTXLUHPHQWV IRU GHFLVLRQ
PDNLQJ
7DEOH([HPSODU\UHTXLUHPHQWVPDWUL[IRUDVHUYLFHWRRO WREHH[WHQGHG 
6WDNHKROGHUV

:HDWKHU
IRUHFDVW
VKRUWWHUP 

7RSUHYHQW
7UDQVPLVVLRQ
SRZHUIDLOXUH
V\VWHPRSHUDWRU
RIWKHJULG
7RSUHYHQW
'LVWULEXWLRQ
SRZHUIDLOXUH
*ULG2SHUDWRU
RIWKHJULG
(OHFWULFLW\
6XSSOLHU

5LYHUEDVLQ
PDQDJHU
ZDWHU
:DWHU6XSSOLHU
$JULFXOWXUDO
6HFWRU

7RHVWLPDWH
HOHFWULFLW\
IHHGLQWRWKH
JULG
7RGLVWULEXWH
ZDWHUDFFRUG
LQJWRFRQ
WUDFWV
7RHVWLPDWH
ZDWHUVXSSO\
WRVWDNHKROG
HUV
15

'60
RSWLRQV
HOHFWULFLW\

7RVHFXUH
HOHFWULFLW\
15
JULG
7RVHFXUH
HOHFWULFLW\
15
JULG
,QFUHDVH
HIILFLHQF\RQ
WKHXVHUVLGH
15
RIWKH
HOHFWULFLW\
PHWHU

$OORWWHG
DPRXQWRI
ZDWHULQ
PñK

15

15

15

15



15

7RSODQ
DPRXQWRI
HOHFWULFLW\
JHQHUDWLRQ

7RGLVWULE
XWHZDWHU
15
E\GHPDQG

15

15

7RSODQZDWHU
WUHDWPHQW

15

15

15

HJIRUXVHRI
IDUPHTXLSPHQW

HJWRSODQ
LUULJDWLRQ

15

HJIRUFRRNLQJ

HJIRU
ZDVKLQJ

15

HJIRUPDQX
IDFWXULQJ

HJIRU
ERLOLQJ
SURFHVVHV

+RXVHKROGV

15

,QGXVWU\

15

HJGHPDQG
VKLIW



$OORWWHG
DPRXQWRI
HOHFWULFLW\LQ
N:

15

HJXVHRI
HQHUJ\
HIILFLHQW
HTXLSPHQW



'LVWULEX
WLRQ
RSWLRQV
ZDWHU

15

1RW5HOHYDQW

,QWKHH[DPSOHPDWUL[VHYHUDOUHTXLUHPHQWVRIWKHVWDNHKROGHUVRQWKHVHUYLFHWRRO
DUHLQFOXGHGVKRUWWHUPZHDWKHUIRUHFDVWV'60RSWLRQVIRUHOHFWULFLW\GLVWULEX
WLRQRSWLRQVIRUZDWHUDVZHOODVWKHDOORWWHGDPRXQWVRIHOHFWULFLW\DQGZDWHU7KH
PDWUL[VWDWHVKRZHDFKVWDNHKROGHUJURXSFDQXVHWKHJLYHQLQIRUPDWLRQ1RW\HW
LQFOXGHGDUHWDUJHWVRIHDFKVWDNHKROGHUWRUHGXFHWKHLUVSHFLILFGHPDQGRIHOHF
WULFLW\DQGZDWHUDVZHOODVWKHIXWXUHFOLPDWLFSURMHFWLRQVZKLFKDOVRKDYHWREH
WDNHQLQWRDFFRXQWLQRUGHUWROHWWKHVHUYLFHWRROKHOSWKHVWDNHKROGHUVLQGHFLVLRQ


5HTXLUHPHQWVRQD6HUYLFH7RROWR)RVWHU
'HPDQG6LGH0DQDJHPHQW8QGHU&KDQJLQJ&OLPDWH&RQGLWLRQV

PDNLQJIRUWKHGLVWULEXWLRQRIZDWHUDQGHOHFWULFLW\7RGDWHGLVWULEXWLRQGHFLVLRQV
DUH PDLQO\ EXVLQHVVGULYHQ :DWHU GLVWULEXWLRQ LV GHSHQGLQJ RQ FXUUHQW FRQWUDFWV
ZLWK VWDNHKROGHUV DQG WKH DYDLODEOH ZDWHU DPRXQWV (OHFWULFLW\ GLVWULEXWLRQ LV
GHSHQGLQJRQWKHVWDQGDUGORDGSURILOHRIKRXVHKROGVRUWKHLQGLYLGXDOORDGSUR
ILOHV RI HDFK FRPSDQ\ DV ZHOO DV RQ WKH FXUUHQW FRQWUDFWV ZLWK WKH VWDNHKROGHUV
*ULG DQG V\VWHP RSHUDWRUV SURYLGH HQHUJ\ VHFXULW\ ZLWK WKH PHULW RUGHU FXUYH
LPSOLFLWO\WDNLQJLQWRDFFRXQWWKHFXUUHQWIHHGLQIURPUHQHZDEOHHQHUJ\VRXUFHV
DQG FRQYHQWLRQDO SRZHU SODQWV WKH\ GHFLGH XQGHU FRQVLGHUDWLRQ RI WKH FXUUHQW
HQHUJ\DFWVZKLFKSRZHUSODQWVKDYHWRXQFRXSOHIURPWKHJULGRUKDYHWRFRXSOH
WRLWLQRUGHUWRVHFXUHHOHFWULFLW\VXSSO\
'HSHQGLQJRQWKHSUHYDLOLQJRUSUHGLFWHGZHDWKHUWKHUHVXOWVIURPWKHVHUYLFHWRRO
FKDQJHDQGLWLVGHILQHGKRZWKHZDWHUGLVWULEXWLRQVKRXOGORRNOLNH$VVRRQDVLW
LVHJQRWSRVVLEOHWRGLVWULEXWHHQRXJKZDWHUWRWKHSRZHUSODQWVDQGWKH\KDYH
WR UHGXFH WKHLU HOHFWULFLW\ RXWSXWV WKH VHUYLFH WRRO KDV WR GHWHUPLQH KRZ PXFK
HOHFWULFLW\LVQHHGHGWRVWDELOLVHWKHJULG


&RQFOXVLRQ 2XWORRN

,Q RUGHU WR VHW XS D IXQFWLRQLQJ DQG UHOLDEOH VHUYLFH WRRO IRU WKH GLVWULEXWLRQ RI
ZDWHUDQGHOHFWULFLW\HYHU\VWDNHKROGHUDQGDOOLQIOXHQFLQJFRQGLWLRQVKDYHWREH
WDNHQLQWRDFFRXQWHJIXWXUHZDWHUDQGHOHFWULFLW\GHPDQGVDQGVXSSOLHVIXWXUH
FOLPDWH SURMHFWLRQV IXWXUH SROLWLFDO GHFLVLRQV DV ZHOO DV VHUYLFH WRROV DOUHDG\ LQ
XVH %HVLGHV DOWHUQDWLYH FRROLQJ WHFKQRORJLHV IRU SRZHU SODQWV DQG GLVWULEXWLRQ
V\VWHPVDOUHDG\LQXVH'60FDQDGGLWLRQDOO\EHWDNHQLQWRDFFRXQWIRUVHFXULQJ
ZDWHU DQG HOHFWULFLW\ VXSSO\ SDUWLFXODUO\ ZKHQ FRQVLGHULQJ XSFRPLQJ FOLPDWH
FKDQJHLPSDFWVLHGURXJKWVRULQFUHDVLQJDPELHQWDLUWHPSHUDWXUHV
7KHSUHVHQWHGDSSURDFKRIDUHOLDEOHVHUYLFHWRROWULHVWRLQFOXGHDOOEHIRUHPHQ
WLRQHGLQIRUPDWLRQFRQFHUQLQJVXSSO\DQGGHPDQGDVZHOODVWKHQH[XVDSSURDFK
LQRUGHUWREHXVHGDVGHFLVLRQVXSSRUWIRUWKHGLVWULEXWLRQRIZDWHUDQGHOHFWULFLW\
:LWKWKHDLPRIJDWKHULQJDOOQHFHVVDU\GDWDWRHVWDEOLVKWKHPDWULFHVIRUWKHVHU
YLFHWRROLWLVFUXFLDOWRZRUNFORVHO\ZLWKWKHVWDNHKROGHUV%DVHGRQWKLVLQIRU



&KDUORWWH1HZLDGRPVN\DQG3URI'U,QJHOD7LHW]H

PDWLRQ GHFLVLRQ VXSSRUW ZLWK WKH VHUYLFH WRRO FDQQRW \HW EH JLYHQ WR WKH VWDNH
KROGHUVEDVHGRQSROLWLFDOHFRORJLFDOHFRQRPLFDODVZHOODVVRFLDOHYLGHQFH
)XUWKHUUHVHDUFKKDVWREHGRQHDERXWWKHIXWXUHWHFKQLFDOLPSURYHPHQWVIRUHQHU
J\ VDYLQJ PHDVXUHV IXWXUH SROLWLFDO GHFLVLRQV WDUJHWV RI HDFK VWDNHKROGHU WR UH
GXFH WKHLU VSHFLILF GHPDQG RI HOHFWULFLW\ DQG ZDWHU SRVVLEOH LQFHQWLYHV IRU WKH
VWDNHKROGHUVWRSDUWLFLSDWHLQWKH'60VHUYLFHWRRODVZHOODVWKHIXWXUHFOLPDWLF
SURMHFWLRQV $GGLWLRQDOO\ QHFHVVDU\ FRUUHODWLRQV EHWZHHQ ZDWHU DQG HOHFWULFLW\
GHPDQGKDYHWREHGHGXFHGDQGUHDVRQDEOHGLVWULEXWLRQSDWWHUQVGHYHORSHG)XU
WKHUPRUHDOLWHUDWXUHUHYLHZFRQFHUQLQJDYDLODEOHVHUYLFHWRROVDQDQDO\VLVDERXW
WKHH[LVWLQJJDSVSRVVLEOHH[WHQVLRQVRUPHDQLQJIXOFRPELQDWLRQRIVHYHUDODSSOL
FDWLRQVVKRXOGEHPDGHLQRUGHUWRLQFOXGHWKLVLQIRUPDWLRQLQWRWKHVHUYLFHWRRO
LQDGGLWLRQWRWKHPDWULFHV
7KHPRUHGHWDLOHGGDWDFDQEHIHGLQLQWRWKHVHUYLFHWRROWKHEHWWHUZLOOEHWKH
UHVXOWV IRU GHFLVLRQ VXSSRUW FRQFHUQLQJ ZDWHU GLVWULEXWLRQ DQG VHFXULQJ WKH HOHF
WULFLW\VXSSO\IRUDOOVWDNHKROGHUV$GGLWLRQDOO\WKHVHUYLFHWRROVKRXOGEHHDVLO\
RSHUDWLQJWRDVVXUHWKHXVHE\WKHVWDNHKROGHUV)LQDOO\RQHKDVWREHDULQPLQG
WKDWWKHLQWHJUDWLRQRIWKHVHUYLFHWRROVKRXOGQRWEHXQGHUHVWLPDWHG2QWKHRQH
KDQG D VROXWLRQ EDVHG VWDWH RI WKH DUW KDV WR EH GHYHORSHG DV ZHOO DV HPHUJLQJ
WHFKQRORJLHVIRUWKHWHFKQLFDODQGVHPDQWLFDOLQWHJUDWLRQRIWKHYHU\KHWHURJHQH
RXVGDWDVRXUFHV2QWKHRWKHUKDQGLWKDVWREHLQYHVWLJDWHGKRZFXUUHQWVROX
WLRQV IRU VXIILFLHQW ZDWHU VXSSO\ WR WKH VWDNHKROGHUV ZKLOH VHFXULQJ HOHFWULFLW\
VXSSO\ ORRN OLNH HJ KRZ HQHUJ\ PDUNHWV DUH RUJDQL]HG DQG KRZ D SRWHQWLDO
'60FRXOGEHLQWHJUDWHG
5HIHUHQFHV
&KULVWLGLV1-RQHV*6 6WRWW3$  'UDPDWLFDOO\LQFUHDVLQJFKDQFHRI
H[WUHPHO\KRWVXPPHUVVLQFHWKH(XURSHDQKHDWZDYH1DWXUHFOLPDWH
FKDQJHSS
&ROPDQ-  7KH(IIHFWRI$PELHQW$LUDQG:DWHU7HPSHUDWXUHRQ3RZHU3ODQW
(IILFLHQF\'XUKDP'XNH8QLYHUVLW\/LEUDULHV
'DYLHV(*.\OH3 (GPRQGV-$  $QLQWHJUDWHGDVVHVVPHQWRIJOREDODQG
UHJLRQDOZDWHUGHPDQGVIRUHOHFWULFLW\JHQHUDWLRQWR$GYDQFHVLQ:DWHU
5HVRXUFHV  SS
)O|UNH0%lUOXQG, .\QDVW(  :LOOFOLPDWHFKDQJHDIIHFWWKHHOHFWULFLW\



5HTXLUHPHQWVRQD6HUYLFH7RROWR)RVWHU
'HPDQG6LGH0DQDJHPHQW8QGHU&KDQJLQJ&OLPDWH&RQGLWLRQV

SURGXFWLRQVHFWRU"$(XURSHDQ6WXG\-RXUQDORI:DWHUDQG&OLPDWH&KDQJH
  SS
+DOVWHDG0.REHU7 YDQGHU=ZDDQ%  8QGHUVWDQGLQJWKH(QHUJ\:DWHU
1H[XV3HWWHQ1HWKHUODQGV(QHUJ\UHVHDUFK&HQWUHRIWKH1HWKHUODQGV (&1 
+RIIPDQQ%+lIHOH6 .DUO8  $QDO\VLVRISHUIRUPDQFHORVVHVRIWKHUPDO
SRZHUSODQWVLQ*HUPDQ\±$6\VWHP'\QDPLFVPRGHODSSURDFKXVLQJGDWDIURP
UHJLRQDOFOLPDWHPRGHOOLQJ(QHUJ\  SS
+XUGXV$ -XO\ 7KH:DWHU(QHUJ\1H[XV2SSRUWXQLWLHVIRU,QWHJUDWHG
(QYLURQPHQWDO0DQDJHPHQW$EJHUXIHQDP2FWREHUYRQ
KWWSSGIXVDLGJRYSGIBGRFV3QDFXSGI
,$($  2SHUDWLQJ([SHULHQFHZLWK1XFOHDU3RZHU6WDWLRQVLQ0HPEHU6WDWHVLQ
9LHQQD$XVWULD,QWHUQDWLRQDO$WRPLF(QHUJ\$JHQF\
,($  :RUOG(QHUJ\2XWORRN3DULV)UDQFH,QWHUQDWLRQDO(QHUJ\$JHQF\
,3&&  &OLPDWH&KDQJH7KH3K\VLFDO6FLHQFH%DVLV&RQWULEXWLRQRI
:RUNLQJ*URXS,WRWKH)LIWK$VVHVVPHQW5HSRUWRIWKH,QWHUJRYHUQPHQWDO3DQHO
RQ&OLPDWH&KDQJH&DPEULGJH8QLWHG.LQJGRPDQG1HZ<RUN1<86$
&DPEULGJH8QLYHUVLW\3UHVV
,3&&  &OLPDWH&KDQJH,PSDFWV$GDSWDWLRQDQG9XOQHUDELOLW\3DUW%
5HJLRQDO$VSHFWV&RQWULEXWLRQRI:RUNLQJ*URXS,,WRWKH)LIWK$VVHVVPHQW
5HSRUWRIWKH,QWHUJRYHUQPHQWDO3DQHORQ&OLPDWH&KDQJH&DPEULGJH8QLWHG
.LQJGRPDQG1HZ<RUN1<86$&DPEULGJH8QLYHUVLW\3UHVV
1HZLDGRPVN\& 7LHW]H,  &OLPDWH&KDQJHDQG,WV,PSDFWRQ&RROLQJLQ
3RZHU3ODQWV'UHVGHQ1H[XV&RQIHUHQFH'UHVGHQ
2(&'  &OLPDWH&KDQJH:DWHUDQG$JULFXOWXUH7RZDUGV5HVLOLHQW6\VWHPV
KWWSG[GRLRUJHQ2(&'3XEOLVKLQJ
6FKDHIIHU56DOHP6]NOR$3HUHLUDGH/XFHQD$)6RDUHV0RUHLUD%%RUED&
3LQKHLUR3XSR1RJXHLUD/HWDO  (QHUJ\VHFWRUYXOQHUDELOLW\WRFOLPDWH
FKDQJH$UHYLHZ(QHUJ\  SS
6FKLHIHUGHFNHU%)QIJHOG& %RQQHVFKN\$  (QHUJLHPDQDJHPHQW7RROV
$QZHQGXQJLP,QGXVWULHXQWHUQHKPHQ %6FKLHIHUGHFNHU+UVJ %HUOLQ
+HLGHOEHUJ%RQQ6SULQJHU9HUODJ
6WUDXFK8  :DVVHUWHPSHUDWXUEHGLQJWH/HLVWXQJVHLQVFKUlQNXQJHQ
NRQYHQWLRQHOOHUWKHUPLVFKHU.UDIWZHUNHLQ'HXWVFKODQGXQGGLH(QWZLFNOXQJ
UH]HQWHUXQG]XNQIWLJHU)OXVVZDVVHUWHPSHUDWXUHQLP.RQWH[WGHV.OLPDZDQGHOV
:U]EXUJ6HOEVWYHUODJGHV,QVWLWXWHVIU*HRJUDSKLHGHU-XOLXV0D[LPLOLDQV
8QLYHUVLWlW:U]EXUJLQ9HUELQGXQJPLWGHU*HRJUDSKLVFKHQ*HVHOOVFKDIW
:U]EXUJ
7KLUOZHOO*00DGUDPRRWRR&$ +HDWKFRWH,:  (QHUJ\ZDWHU1H[XV
(QHUJ\8VHLQWKH0XQLFLSDO,QGXVWULDODQG$JULFXOWXUDO:DWHU6HFWRUV
'HYHORSHGIRUWKH&DQDGD86:DWHU&RQIHUHQFH:DVKLQJWRQ'&2FWREHU
*XHOSK2QWDULR&DQDGD*UDGXDWH6WXGLHV8QLYHUVLW\RI*XHOSK
0RQWUHDO%UDFH&HQWUHIRU:DWHU5HVRXUFHV0DQDJHPHQW0F*LOO8QLYHUVLW\
0RQWUHDO)DFXOW\RI$JULFXOWXUDODQG(QYLURQPHQWDO6FLHQFHV0F*LOO
8QLYHUVLW\
86'HSDUWPHQWRI(QHUJ\  (QHUJ\'HPDQGVRQ:DWHU5HVRXUFHV86



&KDUORWWH1HZLDGRPVN\DQG3URI'U,QJHOD7LHW]H

'HSDUWPHQWRI(QHUJ\
YDQ9OLHW07<HDUVOH\-5/XGZLJ)9|JHOH6/HWWHQPDLHU'3 .DEDW3
 9XOQHUDELOLW\RI86DQG(XURSHDQHOHFWULFLW\VXSSO\WRFOLPDWHFKDQJH
1DWXUH&OLPDWH&KDQJHSS
:RUOG(FRQRPLF)RUXP  *OREDO5LVNV:RUOG(FRQRPLF)RUXP
=DPPLW.'  :DWHUFRQVHUYDWLRQRSWLRQVIRUSRZHUJHQHUDWLRQIDFLOLWLHV3RZHU
SS



6RXUFLQJ6WUDWHJLHVIRU9LUWXDOL]HG6HUYLFHV
$Q,QWXLWLRQLVWLF)X]]\5LVNEDVHG$SSURDFK
5RODQG6FKW]HURODQGVFKXHW]H#XQLIUFK8QLYHUVLW\RI)ULERXUJ6ZLW]HUODQG

$EVWUDFW
$QH[DPSOHIRUVRXUFLQJRIYLUWXDOL]HGVHUYLFHV LV ³FORXGEXUVWLQJ´DV D GHSOR\
PHQWPRGHOLQZKLFKDSSOLFDWLRQVUXQLQDSULYDWHFORXGRUGDWDFHQWHUDQGµEXUVW¶
LQWR D QRQSULYDWH FORXG ZKHQ PRUH FRPSXWLQJ FDSDFLW\ LV QHHGHG >@>@ 7KH
DYDLODELOLW\RIIUHHEXUVWFDSDFLW\LVQRWJXDUDQWHHGVRµEXUVW¶KDVDFKHDSHUFRVW
EXWFRPHVZLWKDKLJKHUULVNWKDWWKH6HUYLFH/HYHO$JUHHPHQW 6/$ HJLQWHUPV
RIDSSOLFDWLRQ UHVSRQVHWLPHDUHQRW PHW IRUSHDNWUDIILFHYHQWV7REDODQFHULVN
YHUVXV FRVWV WKH LPSDFW RI VHUYLFH OHYHOV HJ FRPPLWWHG YV EXUVW FDSDFLW\  RI
WHFKQLFDO VHUYLFHV RQ FXVWRPHUV¶ EXVLQHVV SURFHVVHV QHHG WR EH XQGHUVWRRG %XW
WKHUH DUH UDUHO\ DFFHSWHG HQJLQHHULQJ PHWKRGV DYDLODEOH WR UHFRPPHQG RQ FRVW
YVULVNHIILFLHQWVHUYLFHOHYHOV,QD6/$DZDUHVHUYLFHFRPSRVLWLRQSUREOHPIRU
PLQLPL]LQJ FRVW ZLWKRXW FRPSURPLVLQJ WKH VHUYLFH TXDOLW\ WKHUH LV D JUHDW UH
VHDUFK LQWHUHVW LQ LQWHJUDWHG PDQDJHPHQW WRROV WKDW DXWRPDWLFDOO\ FRQWURO WKH
TXDOLW\ RI PXOWLWLHU VRXUFLQJ DSSOLFDWLRQV DQG DXWRQRPRXVO\ ZDUQ IRU DULVLQJ
SUREOHPRQIURQWHQGLPSDFWVWRHQGXVHUVRURWKHUEXVLQHVVSURFHVVLPSOLFDWLRQV
7KH SURSRVHG FRQFHSW LV SURYLGLQJ D EULGJH EHWZHHQ EXVLQHVV LPSDFWV WR GLV
WULEXWHGLQIUDVWUXFWXUHV\VWHPVWRUHFRPPHQGIRUFDSDFLW\DQGTXDOLW\RIWHFKQLFDO
FRPSRQHQWV E\ GHILQLQJ IX]]\ GHSHQGHQF\ FRXSOLQJV LQ D SUDFWLFDO DQG IHDVLEOH
PDQQHULQRUGHUWRVDWLVI\DVSHFWVRIWKHGLVWULEXWHGQDWXUHRI6/$GHSHQGHQFLHV



*HQHUDO$SSURDFK

:KHQ FRQVLGHULQJ WKH WUDGHRII EHWZHHQ FRVWV DQG EHQHILWV LQ WKH VHUYLFH GHVLJQ
SKDVHDNH\FKDOOHQJHLVWKHGHULYDWLRQRIEXVLQHVVUHOHYDQWSHUIRUPDQFHPHWULFV
DQG DVVRFLDWHG FRVWHIILFLHQW WDUJHW YDOXHV :H SURSRVH DV WKH HIILFLHQW 6HUYLFH
/HYHO 2EMHFWLYH 6/2  WR VHOHFW WKH PLQLPXP VXP RI EXVLQHVV RSSRUWXQLW\ FRVW



5RODQG6FKW]H

EDVHGRQWKHDVVRFLDWHGFXVWRPHUEXVLQHVVULVNVDQGWKHFRVWRIGHOLYHU\FDSDFLW\
IRU WKH VHUYLFH SURYLGHU 7KLV LPSOLHV WKDW QHLWKHU WKH VHUYLFH SURYLGHU QRU WKH
FXVWRPHUFDQILQGWKHHIILFLHQWVHUYLFHOHYHOREMHFWLYHE\WKHLURZQDVWKLVLVWKH
DJJUHJDWLRQ RI ERWK YLHZV DQG LQWHUHVWV ,Q WKH IROORZLQJ ZH DGGUHVV WKH ULVNV
EDVHG RQ QHJDWLYH FRQVHTXHQFHV DVVRFLDWHG ZLWK D VHUYLFH LQFLGHQW &RVWRI
)DLOXUH 7KXVWKHQHJDWLYHLPSDFWRQSURFHVVSHUIRUPDQFHZLWKUHJDUGWRDFKR
VHQVHUYLFHOHYHOLVWUDQVODWHGLQWRLWVPRQHWDU\HTXLYDOHQW7KLVFDQEHFDOOHGDQ
DGYHUVHEXVLQHVVLPSDFWLQVHUYLFHRIIHUV>@&RQVLGHULQJLQDGGLWLRQWKHFRXSOLQJ
IRUHDFKVHUYLFHWRSRVVLEOHDGYHUVHEXVLQHVVLPSDFWVTXDQWLWDWLYHDVVHVVPHQWVRI
VHUYLFH YDOXH DQG PRQHWDU\ FRQVHTXHQFH FDQ EH HODERUDWHG 7KXV FKDLQLQJ WKH
FULWLFDOUHODWLRQVKLSVEHWZHHQEXVLQHVVLPSDFWDQG,7DVVHWVDOORZVHUYLFHSURYLGHU
WREDODQFHEHWZHHQFRVW RIVHUYLFHGHOLYHU\RUFDSDFLW\IRUDVHUYLFHOHYHOWRWKH
DVVRFLDWHGEXVLQHVVULVNV7KLVFRXSOLQJDSSURDFKFDQDOVREHOHYHUDJHGWRMXVWLI\
FRVWVIRULPSURYHPHQWVWRWKHEDFNHQG,7LQIUDVWUXFWXUHWKDWLPSURYHWKH4XDOLW\
RI6HUYLFHV 4R6 RQWKHIURQWVWDJHRUHQGXVHUOHYHOE\GHPRQVWUDWLQJKRZWKH
SURSRVHGLPSURYHPHQWVGHOLYHUPRQHWDU\EHQHILWVWRWKHEXVLQHVV



'HILQLQJ'HSHQGHQFH&RXSOLQJVE\DSSO\LQJ)X]]\6HW7KHRU\



(VWLPDWLQJWKH'HJUHHRI&RXSOLQJ

'HSHQGHQFH&RXSOLQJLVDPHDVXUHWKDWZHSURSRVHWRFDSWXUHKRZGHSHQGHQWWKH
FRPSRQHQW RU VHUYLFH LV RQ RWKHU VHUYLFHV RU UHVRXUFHV IRU LWV GHOLYHU\ /RRVH
FRXSOLQJ GHVFULEHV DQ DSSURDFK ZKHUH LQWHJUDWLRQ LQWHUIDFHV DUH GHYHORSHG ZLWK
PLQLPXP DVVXPSWLRQV EHWZHHQ WKH VHQGLQJUHFHLYLQJ SDUWLHV WKXV UHGXFLQJ WKH
ULVNWKDWIDLOXUHLQRQHPRGXOHZLOODIIHFWRWKHUV7LJKWFRXSOLQJRQWKHRWKHUKDQG
LQGLFDWHVWKDWVXFFHVVIXOGHOLYHU\RIRWKHUVHUYLFHVRUDYDLODELOLW\RIUHVRXUFHVLVD
SUHUHTXLVLWH IRU WKH FRPSOHWLRQ RI D VHUYLFH ,Q YHU\ PRVW FDVHV WKH UHODWLRQVKLS
EHWZHHQWHFKQLFDOSHUIRUPDQFHVDWWULEXWHVDQGGHSHQGHQWEXVLQHVVVHUYLFHVFDQQRW
EH H[DFWO\ PDWKHPDWLFDOO\ GHVFULEHG >@ :KHQ WKH GHSHQGHQF\ LV EHWZHHQ D
VHUYLFHDQGVRPHUHVRXUFHLWXVHVFRXSOLQJZLOOHVVHQWLDOO\EHDIXQFWLRQRIKRZ
RIWHQWKHUHVRXUFHLV XVHG)RULQVWDQFHWKHGHSHQGHQFHRIDVHUYLFHRQWKHQHW



6RXUFLQJ6WUDWHJLHVIRU9LUWXDOL]HG6HUYLFHV$Q,QWXLWLRQLVWLF)X]]\5LVNEDVHG$SSURDFK

ZRUN OD\HU PLJKW EH PHDVXUHG E\ KRZ RIWHQ LW LV PDNLQJ D VRFNHW FDOO RU KRZ
PXFKGDWDLWLVWUDQVIHUULQJ>@)RUZHEVHUYLFHVZHFDQH[DPLQHHQYLURQPHQWDO
FRXSOLQJZKLFKLVFDXVHGE\FDOOLQJDQGEHLQJFDOOHG0RUHDGYDQFHGDUHFRXSOLQJ
PHDVXUHV WR HYDOXDWH WKH FRXSOLQJ OHYHO UHDOWLPH E\ UXQWLPH PRQLWRULQJ LQWUR
GXFHGDV G\QDPLFFRXSOLQJPHWULFV:LWKLQ DQLQGXFWLYHDSSURDFKWR LQYHVWLJDWH
IRU FRXSOLQJ GHSHQGHQFLHV EHWZHHQ LQIUDVWUXFWXUH FRPSRQHQWV DQG WKHLU UHO\LQJ
VHUYLFHV KLVWRULFDO GDWD LV FROOHFWHG IURP WKH ZKROH DSSOLFDWLRQ HQYLURQPHQW
QHWZRUNDQGWKHSHUIRUPDQFHEHKDYLRURIUHODWHGFRPSRQHQWVLVDQDO\]HG

)LJXUH,QGXFWLYH&RPSDULVRQRI8VHU5HVSRQVH7LPHWR$SSOLFDWLRQ6HUYHU/RDG
$VRSSRVLWHXVLQJDGHGXFWLYHPHWKRGGHSHQGHQFLHVDUHQRWFDOFXODWHGEDVHGRQ
GDWDWKHV\VWHPSURGXFHVEXWUDWKHUWKHV\VWHPLWVHOI>@>@
$ NH\ SULQFLSOH RI UHDOLVWLF LPSDFW VLPXODWLRQV LV WKH LGHD RI FRQVLGHULQJ ERWK
SRVLWLYHDQGQHJDWLYHDVSHFWVRIGHSHQGHQF\UHODWLRQVDQGVLPXOWDQHRXVFRQVLGHUD
WLRQE\SXOOLQJWKHVHVWUHQJWKVWRJHWKHU7KHQHJDWLYHHIIHFWVDUHWKHGHSHQGHQFLHV
WKURXJK WUDQVDFWLRQDO LQWHUDFWLRQV LQ FDVH DQ LQFLGHQW KDSSHQV  WKH FRQWURYHUV\
PLWLJDWLRQDELOLW\DUHWKHEXLOWLQV\VWHPHUHVLOLHQFHFDSDELOLWLHV7KHVLPXOWDQHRXV
SOD\RIFRQWUDU\IRUFHVGHSHQGHQFHDQGUHVLOLHQFHWRJHWKHUFRQVLGHULQJGLUHFWDQG
DOVR LQGLUHFW LQWHUDFWLRQV ZLOO GHILQH WKH RYHUDOO V\VWHP EHKDYLRXU DQG H[SHFWHG
LPSDFWWRWKHHQGXVHUH[SHULHQFHDQGEXVLQHVVSURFHVVHV
$Q LQLWLDO JUDGXDO DQG ELSRODU FRQFHSW FDOOHG ,)6),$ ,QWXLWLRQLVWLF )X]]\ 6HU
YLFH)DLOXUH,PSDFW$QDO\VLV ZDVILUVWSXEOLVKHGLQ>@ZKLFKGHVFULEHVDVHYHQ
VWHS DSSURDFK IRU DVVHVVLQJ LPSDFWV E\ PHDQV RI IX]]\UHODWHG FRPSRQHQWV WR D
EXVLQHVVVHUYLFHDQGKDVEHHQGHYHORSHGDW8QLYHUVLW\)ULERXUJ6ZLW]HUODQG>@



5RODQG6FKW]H



0DWKHPDWLFDO%DFNJURXQGRQ,QWXLWLRQLVWLF)X]]\6HWV ,)6 

/HW(EHDIL[HGXQLYHUVHDQG$LVDVXEVHWRI(7KHVHW$  ^¢[ȝ$ [ Ȟ$ [ ²_[
 (` ZKHUH   ȝ$ [   Ȟ$ [    LV FDOOHG ,QWXLWLRQLVWLF )X]]\ 6HW ,)6  >@
(YHU\ HOHPHQW KDV D GHJUHH RI PHPEHUVKLS YDOLGLW\  ȝ$ [  ( ĺ >@  DQG D
GHJUHHRIQRQPHPEHUVKLSȞ$ [ (ĺ>@,QWXLWLRQLVWLF)X]]\6HWV ,)6 KDYH
RQO\ ORRVHO\ UHODWHG PHPEHUVKLS DQG QRQPHPEHUVKLS YDOXHV XQOLNH FODVVLFDO
>=DGHK@IX]]\VHWV$Q,)6LVDJHQHUDOL]DWLRQRIWKHFODVVLFDOIX]]\VHW>@ZKLFK
GHILQHVDQRWKHUGHJUHHRIIUHHGRPLQWRWKHVHWGHVFULSWLRQWKHLQGHSHQGHQWMXGJ
PHQWRIYDOLGLW\DQGQRQYDOLGLW\)RUHDFK,)6$LQ(ʌ$ [  ±ȝ$ [ ±Ȟ$ [ 
LV FDOOHG WKH LQWXLWLRQLVWLF LQGH[ RI [ LQ $ ZKLFK UHSUHVHQWV WKH WKLUG DVSHFW WKH
GHJUHHRIXQFHUWDLQW\RUOLPLWHGNQRZOHGJH
/HWQRZDEHWKHLQWXLWLRQLVWLFIX]]\ORJLFDOVWDWHPHQWRIFRXSOLQJZLWKPHPEHU
VKLSDQGQRQPHPEHUVKLS¢ȝDȞD²7KHFRXSOLQJGHJUHHRIWUXWKLV¢ȝD²DQGGHJUHH
RIIDOVLW\¢ȞD²ZLWKSRVVLEOHYDOXHVEHWZHHQ]HURDQGRQHRPLWWLQJWKDWWKHVXPRI
ERWK GHJUHHV RIWUXWK LVHTXDO RUOHVVWKDQRQH3XOOLQJWKHSRVLWLYHDQGQHJDWLYH
FRXSOLQJ DVSHFWV WRJHWKHU LQ RQH IX]]\ LQGH[ LV IXUWKHU FDOOHG WKH ,QWXLWLRQLVWLF
)X]]\'LUHFW&RXSOLQJ,QGH[ ,)'&, EHWZHHQWZRFRPSRQHQWV


&DOFXODWLRQRI,QGLUHFW&RXSOLQJ(IIHFWV

$SURSHUW\JUDSKLVDQDWWULEXWHGODEHOOHGPXOWLUHODWLRQDOJUDSKZKLFKFRQWDLQV
FRQQHFWHG HQWLWLHV DQG ZKLFK FDQ KROG DWWULEXWHV LQ WKH IRUP RI NH\YDOXH SDLU
>@7KLVJUDSKLVDSSOLHGWRPRGHOPXOWLOHYHOEXVLQHVVVHUYLFHGHSHQGHQFLHVWR
FRPSRQHQWVHUYLFHV$Q\ &RQILJXUDWLRQ,WHP &, FDQEHSUHVHQWHGDVDQRGHRI
WKHSURSHUW\JUDSKZKLFKKDVDGLUHFWHGDVVRFLDWLRQWRRQHRUHPRUHRWKHUQRGHV
ϭ

ϴ

Ϯ

LQGFSO &%
LQGFSO &%

LQGFSO &%

LQGFSO &%

ϳ

LQGFSO &%

ϲ

Ϭ

LQGFSO &%

LQGFSO &%

LQGFSO &%

ϱ


)LJXUH'LUHFWHG'HSHQGHQF\3URSHUW\*UDSK0RGHOZLWK,QGLUHFW&RXSOLQJV



ϯ

ϰ



6RXUFLQJ6WUDWHJLHVIRU9LUWXDOL]HG6HUYLFHV$Q,QWXLWLRQLVWLF)X]]\5LVNEDVHG$SSURDFK

7KHHGJHUHIOHFWV WKHUHODWLRQVKLSEHWZHHQWZRQRGHV ZKLFKDOZD\VKDV DGLUHF
WLRQDGHSHQGHQWDQGDQDQWHFHGHQW7KHHGJHFDQEHQDPHGDQGOLNHQRGHVFDQ
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FRXSOLQJDVLQYHQWHGE\ >@ZLWKLQD)DXOW7UHH$QDO\VLVFRQFHSWDQGH[WHQGHG
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Abstract
The Web of Things (WoT) uses Web technologies to engage connected objects
in applications. Building context-aware WoT applications requires modeling
and reasoning about context. In this paper, we overview diﬀerent context
modeling approaches related to the WoT, before studying the architecture
of WoT applications. We then propose a multi-level, multi-dimensional and
domain-independent context meta-model to help WoT applications identify,
organize and reason about context information.
Keywords: Web of Things, Context modeling

1. Introduction
The Web of Things (WoT) applies to various domains such as homes, enterprises, industry, healthcare, city or agriculture. It builds a Web-based
uniform layer on top of the Internet of Things (IoT) to overcome the heterogeneity of protocols present in the IoT networks. Today’s WoT applications
(WoT apps) need relevant context models to exhibit context-adaptive behavior. Basically, a WoT app provides added value by combining access
to connected objects and external data sources (i.e. Web services). It requires an accurate description and exploitation of WoT apps context, hence
Email addresses: mehdi.terdjimi@liris.cnrs.fr (Mehdi Terdjimi),
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justifying the need for context models. As a consequence of the diversity
of use-cases and applications, numerous domain-speciﬁc models relying on
diﬀerent formalisms and reasoning mechanisms have been designed (Perera
et al. (2014)). However, a single context modeling framework for WoT apps
is still missing. In this paper, we propose a context meta-model as a ﬁrst
building block for a framework that allows reusing the same reasoning tools
in the diversity of WoT use-cases. In Section 2, we study general deﬁnitions
for context and the major existing context models. In Section 3, we draw
conclusions on existing work and study the diﬀerent parts of WoT apps to
identify the elements that will contribute to build our meta-model. In Section 4, we discuss our solution according to a set of evaluation criteria. In
Section 5, we summarize our results and give perspectives for future work.

2. Describing Context: Related Work
While Schilit and Theimer (1994) deﬁne context-aware computing as “the
ability of applications to discover and react to changes in the environment”,
context can be seen as the information thats answers to the Where, Who,
When and What questions as discussed in Abowd et al. (1999). Dey (2001)
deﬁnes context as “any information that can be used to characterize the situation of an entity. An entity is a person, place, or object that is considered
relevant to the interaction between a user and an application, including the
user and applications themselves”. Chaari et al. (2005) deﬁne a situation as
an instance of a set of contextual attributes. Context information described
in Schilit et al. (1993) include environmental and geospatial information, such
as location, co-location (i.e. what is nearby), time, etc.. Most work Schmidt
(2003); Zimmermann et al. (2007); Abowd et al. (1999) structure context as
multi-dimensional views. Some work describe context with a speciﬁc focus,
such as privacy in Dey et al. (1999), or computing resources (availability,
remaining battery power) and network information (types of connection, services in reach, distances, disconnection rates) in Gold and Mascolo (2001);
Mascolo et al. (2002); Musolesi and Mascolo (2009).
Network context is often combined with other context elements such as user
proﬁle or preferences in Wei et al. (2006); Raverdy et al. (2006); Yu et al.
(2006). Users are of major importance in context-aware applications as shown
in Cao et al. (2008, 2009); Xiang et al. (2010). In Brézillon and Pomerol
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(1996); Brézillon (1999); Bucur et al. (2005) the user and its environment
have a central place in the context model together with its interaction and
domain-speciﬁc information. Brézillon and Pomerol (1999) use context for
helping users with decision making, later with diﬀerent knowledge sources
as in Brézillon (2003) and with the notion of situation as in Bazire and
Brézillon (2005). Context information may be domain-speciﬁc as mentioned
in Munnelly et al. (2007), or related to the application architecture as discussed in Truong et al. (2007, 2008); Kirsch-Pinheiro et al. (2004). More
recently Coppola et al. (2010) include meta-information about context (Probability, Importance, Description and Name).
3. Modeling Context for Web of Things applications
The related work presented above highlights the diversity and complexity of
context. Each work propose a unique combination of device, user, network,
and application context elements. The traditional semantic heterogeneities
can be found between context models, i.e. polysemy, heteronymy, and so on.
In the following, we discuss these approaches and then present our arguments
for a context meta-model.
3.1. A Context Meta-model for the Web of Things
In our work as part of the ANR ASAWoO project1 , physical object functionalities and applications are exposed as RESTful services. Based on the
context model and instances, the framework should be able to activate or
deactivate functionalities or applications. The latter might not be available
due to physical constraints, security, privacy, or other policies, which can
vary according to the use-case.
Hence, we design a context meta-model for WoT apps to control the instantiation of domain-speciﬁc models and to reuse the same reasoning mechanisms.
We rely on the diﬀerent context information studied in the literature to justify our choices, and organize our meta-model into levels that characterize
the diﬀerent parts of a WoT app. As depicted in Fig. 1, mobile and distributed clients communicate with the WoT app, which itself communicate
1

http://liris.cnrs.fr/asawoo/
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with physical objects and data sources. A client could be a user (via a smartphone or computer), or another software application to allow for composite
applications.
According to Fig. 1, we organize context information in four levels. The
Physical level (1) describes context information about physical objects, including their internal states and information coming from their sensors that
describe the objects’ environment. The Application (2) level describes the
application architecture, its state, its conﬁguration, as an application can
rely on diﬀerent architectural paradigms, such as components or services,
and can be either locally stored or distributed. The Communication (3)
level describes the context of links between the application and clients, physical objects and data sources. It includes information such as the state of
the network, bandwidth, latency, or the type of connection, such as wired
or wireless. The Social (4) level characterizes the client’s environment. It
includes cognitive aspects such as user roles withing an organization, user
behavior, and types of users (human, software).

Figure 1: A typical WoT app architecture and its context dimensions

Fig. 2 shows an UML representation of our meta-model. The Model class
aggregates the four levels presented above, which themselves compose the
dimensions. For each level, the Dimension class contains a name URI that
provides the ontological concept that describe the value object.

Figure 2: UML representation of our meta-model

Our meta-model presents the following advantages. First, it allows WoT app
developers for high ﬂexibility with an unrestricted numbers of dimensions to
be created. Second, all the models will follow the same description language
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(DL) thus allowing the reasoning process to always be eﬀective. Third, the
level/dimension view can be reused diﬀerently according to a WoT app settings, or even between several WoT apps. We illustrate the latter advantage
in the section below with two use cases that rely on diﬀerent models, and
one use case that uses diﬀerent combinations of levels/dimensions from the
same model.
3.2. Illustration with diﬀerent use-cases
We illustrate our meta-model with two use-cases that use speciﬁc context
models. The ﬁrst one is temperature regulation that needs to adapt to
the user presence and settings. Its context model involves four dimensions
that contains geolocation and network information, as well as time, actuator
states, and user home preferences as shown in Fig. 3. Depending on the
user settings, the application can rely diﬀerent combinations of levels and dimensions to enable context-awareness. Typical users would rely on a model
that includes both home and enterprise settings (plain squares in Fig. 3); children and elderly people would require diﬀerent levels and dimensions (dashed
squares in Fig. 3).

Figure 3: An example of Multi-level context model

The second use-case concerns agriculture. It involves drones that scatter
bugs on plantations to protect them from threatening insects, an automatic
watering system, and robots that pull oﬀ weeds from plantations. Each of
them have their own context model, to provide the whole system with safe
operation. According to the type of devices, level and dimension combinations to describe the context models can also diﬀer. For example, drones
robots only require a day/night granularity whereas the watering system requires hourly time slots. As well, the watering system do not use location
information due to its immobility.
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4. Evaluation
We build on the methodology proposed in Gómez-Pérez (1998) to evaluate
our meta-model according to the following steps: (S1) Purpose and scope,
(S2) Intended uses, (S3) Intended users, (S4) Requirements, (S5) Competency Questions (CQs), and (S6) Validation of CQs, as shown in Fig. 4. We
refer to the metrics proposed in Hlomani and Stacey (2014) in (S6).
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ŽŶƚĞǆƚŝŶĨŽƌŵĂƚŝŽŶĐŽǀĞƌĂŐĞ;>ŽĐĂƚŝŽŶ͕dŝŵĞ͕hƐĞƌWƌĞĨĞƌĞŶĐĞƐ͘͘͘Ϳ͘
;YϭͿŽĞƐƚŚĞŵŽĚĞůĐŽǀĞƌƌĞƋƵŝƌĞĚĐŽŶƚĞǆƚŝŶĨŽƌŵĂƚŝŽŶ͍
;YϮͿŽĞƐƚŚĞ>ůĂŶŐƵĂŐĞĂůůŽǁĨŽƌĐŽŵƉůĞƚĞĂŶĚƐŽƵŶĚƌĞƐƵůƚƐŝŶĂĨŝŶŝƚĞƚŝŵĞ͍
;YϯͿŽĞƐƚŚĞ>ůĂŶŐƵĂŐĞƉƌŽǀŝĚĞƚŚĞůŽŐŝĐĂůĐŽŶƐƚƌƵĐƚƐƌĞƋƵŝƌĞĚďǇƚŚĞƌĞĂƐŽŶĞƌ͍
;YϰͿƌĞƚŚĞŶƵŵďĞƌŽĨůĞǀĞůƐƐƵĨĨŝĐŝĞŶƚƚŽĚĞƐĐƌŝďĞĂtŽdĂƉƉĐŽŶƚĞǆƚ͍
;YϱͿƌĞƚŚĞůĞǀĞůƐƌĞĚƵŶĚĂŶƚŽƌŽǀĞƌůĂƉƉŝŶŐ͍
;YϭͿdŚĞŵĞƚĂͲŵŽĚĞůĂůůŽǁƐĂŶǇĚŝŵĞŶƐŝŽŶƚŽďĞĐƌĞĂƚĞĚĨŽƌĐŽŵƉůĞƚĞĐŽǀĞƌĂŐĞ͘
;YϮͿdŚĞ>ƵƐĞĚ;Kt>ͿƉƌŽǀŝĚĞƐϯƉƌŽĨŝůĞƐ;>͕Y>͕Z>ͿƚŚĂƚĂƌĞĂďůĞƚŽĂŶƐǁĞƌĂŶǇƌĞĂƐŽŶŝŶŐ
ƉƌŽďůĞŵ;ĐŽŶũƵŶĐƚŝǀĞƋƵĞƌǇĂŶƐǁĞƌŝŶŐ͕ĐůĂƐƐĞǆƉƌĞƐƐŝŽŶƐƵďƐƵŵƉƚŝŽŶ͘͘͘ͿŝŶĂĨŝŶŝƚĞƚŝŵĞ͘
;YϯͿKt>ƉƌŽǀŝĚĞƐĞǆƉƌĞƐƐŝǀĞƌĞůĂƚŝŽŶƐŚŝƉƐ;ŽďũĞĐƚ͕ĚĂƚĂƚǇƉĞƉƌŽƉĞƌƚŝĞƐͿĂŶĚĐŽŶĐĞƉƚƐ;ĐůĂƐƐĞƐ͕
ŝŶĚŝǀŝĚƵĂůƐ͕ĚĂƚĂǀĂůƵĞƐͿĂůůŽǁŝŶŐƚŚĞƌĞĂƐŽŶĞƌƚŽĐŽƌƌĞĐƚůǇĂŶƐǁĞƌƋƵĞƌŝĞƐ͘
;YϰͿ>ĞǀĞůƐĂƌĞďĂƐĞĚďŽƚŚŽŶƌĞůĂƚĞĚǁŽƌŬĂŶĚĂƚǇƉŝĐĂůtŽdĂƉƉĂƌĐŚŝƚĞĐƚƵƌĞ͕ƚŚƵƐĐŽǀĞƌŝŶŐƚŚĞ
ŶĞĞĚĞĚĐŽŶƚĞǆƚŝŶĨŽƌŵĂƚŝŽŶ͘
;YϱͿKƵƌůĞǀĞůƐĚŽŶŽƚŽǀĞƌůĂƉďǇĚĞƐŝŐŶ͘

Figure 4: Evaluation of our meta-model.

5. Conclusion and perspectives
In this paper, we build a meta-model that combines levels and dimensions
to help WoT apps identify, organize and reason about context information.
Our meta-model aims at enhancing the reusability of reasoning mechanisms
across application domains while leaving ﬂexibility for developers to design
their application-speciﬁc context models.
As future work, we aim at optimizing the reasoning process for WoT apps
to handle fast-paced data streams as context sources, as well as to provide
dynamic reconﬁguration and adaptation for their components.
Acknowledgement. This work is supported by the French ANR (Agence
Nationale de la Recherche) under the grant number <ANR-13-INFR-012>.
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7RZDUGV3HUFHLYHG6HUYLFH,QWHUDFWLRQ
3URGXFWLYLW\$3URSRVHG&RQFHSWXDO0RGHO
&KULVWRIHU)'DLEHUO$QJHOD5RWK .DWKULQ00|VOHLQ
FKULVWRIHUGDLEHUO#IDXGHDQJHODURWK#IDXGHNDWKULQPRHVOHLQ#IDXGH
)ULHGULFK$OH[DQGHU8QLYHUVLWlW(UODQJHQ1UQEHUJ
/HKUVWXKOIU:LUWVFKDIWVLQIRUPDWLNLQVE,QQRYDWLRQXQG:HUWVFK|SIXQJ

$EVWUDFW
8QGHUVWDQGLQJ KRZ WR HQKDQFH VHUYLFH SURGXFWLYLW\ LV YLWDO IRU DGYDQFLQJ WKH
VHUYLFH ILHOG DQG IRVWHULQJ HFRQRPLF JURZWK +RZHYHU WKH FRQFHSW RI VHUYLFH
SURGXFWLYLW\ LWVHOI SRVHV VHYHUH RSHUDWLRQDO FKDOOHQJHV DV LW LV XQFOHDU KRZ WR
RSHUDWLRQDOL]H LQSXWV DQG RXWSXWV LQ D VHUYLFH VHWWLQJ 'HVSLWH WKLV IX]]LQHVV
H[LVWLQJ PRGHOV RIWHQ FRQFHSWXDOL]H VHUYLFH SURGXFWLYLW\ EDVHG RQ IRUPDO
SURGXFWLYWL\ IXQFWLRQV 0RUHRYHU WKH\ QHJOHFW SURGXFWLYLW\ UHODWHG LQWHUDFWLRQV
ZLWKLQ WKH RYHUDOO VHUYLFH QHWZRUN DV WKH\ HLWKHU H[FOXVLYHO\ IRFXV RQ WKH
SHUVSHFWLYH RI WKH VHUYLFH SURYLGHU RU MXVW FRQVLGHU G\DGLF LQWHUDFWLRQV LH
SURYLGHUFXVWRPHU  ,Q RUGHU WR RYHUFRPH WKHVH OLPLWDWLRQV DQG SURYLGH
RSHUDWLRQDOO\UHOHYDQWLQVLJKWVIRUHQKDQFLQJVHUYLFHSURGXFWLYLW\WKLVVKRUWSDSHU
SURSRVHV DQ HDUO\ YHUVLRQ RI D FRQFHSWXDO PRGHO FRLQHG ³SHUFHLYHG VHUYLFH
LQWHUDFWLRQ SURGXFWLYLW\´ ,QVSLUHG E\ SUDFWLFDO FKDOOHQJHV RI PDQDJLQJ D PXOWL
VLGHGVHUYLFHSODWIRUPIRUHPRELOLW\WKLVSDSHUUHSUHVHQWVZRUNLQSURJUHVVDQG
VKDOOSURYLGHDIRXQGDWLRQIRUIXWXUHUHVHDUFK



7KH&KDOOHQJHRI(QKDQFLQJ6HUYLFH3URGXFWLYLW\

5HFHQWO\ HQKDQFLQJ VHUYLFH SURGXFWLYLW\ ZDV LGHQWLILHG DV RQH RI WKH WRS WKUHH
UHVHDUFK SULRULWLHV LQ RUGHU WR DGYDQFH WKH VHUYLFH ILHOG 2VWURP 3DUDVXUDPDQ
%RZHQ 3DWULFLR

 9RVV   +RZHYHU WKH FRQFHSW RI SURGXFWLYLW\ LWVHOI

ZKLFKLVRIWHQXQGHUVWRRGDVWKHUDWLRRIRXWSXWWRWKHLQSXWUHTXLUHGWRSURGXFHLW
-RKQVWRQ  -RQHV  7DQJHQ   SRVHV VHYHUH FKDOOHQJHV LQ D VHUYLFH
FRQWH[W $PRQJVW RWKHUV LW LV XQFOHDU KRZ WR RSHUDWLRQDOL]H LQSXWV DQG RXWSXWV


&KULVWRIHU)'DLEHUO$QJHOD5RWKDQG.DWKULQ00|VOHLQ

*U|QURRV 2MDVDOR  <DOOH\ 6HNKRQ 7KLV VWXG\LV LQVSLUHGE\
WKHFKDOOHQJHWRGULYHSURGXFWLYLW\LQ WKHFRQWH[W RIWKHQHZO\HVWDEOLVKHGZHE
EDVHG SODWIRUP H0RELOLVWHQ 6SRQVRUHG E\ WKH *HUPDQ )HGHUDO 0LQLVWU\ RI
(GXFDWLRQDQG5HVHDUFKWKHJRDORIH0RELOLVWHQLVWRIRVWHUORQJWHUPDFFHSWDQFH
RIHPRELOLW\LQVRFLHW\)RUWKLVSXUSRVHH0RELOLVWHQRIIHUVGLVWLQFWVHUYLFHVIRU
ERWK RUJDQL]DWLRQV HJ RQOLQH EURDGFDVWLQJ RI LQQRYDWLRQ FKDOOHQJHV WR EHQHILW
IURP H[WHUQDO LGHDV  DQG WKH SXEOLF HJ LQWHUDFWLYH FRPPXQLW\ SODWIRUP ZLWK
RQOLQH WXWRULDOV WR OHDUQ DERXW HPRELOLW\  )RU HIIHFWLYH DQG HIILFLHQW VHUYLFH
SURYLVLRQWKHSURYLGHUVRIH0RELOLVWHQDUHKHDYLO\GHSHQGHQWRQWKHSDUWLFLSDWLRQ
RIYDULRXVH[WHUQDODFWRUV HJFRPSDQLHVZLWKLQQRYDWLRQQHHGVDQGFRPPXQLW\
PHPEHUVDVFRSURGXFHUVRINQRZOHGJHDQGVROXWLRQV 7KHJRDORIWKLVVWXG\LVWR
GHYHORSDILUVWFRQFHSWXDOPRGHOZKLFKVKDOOLQVSLUHIXWXUHHPSLULFDOUHVHDUFKDQG
JXLGH WKH GHVLJQ RI VFLHQWLILFDOO\ VRXQG DQG SUDFWLFHRULHQWHG PHWKRGV IRU
HQKDQFLQJ WKH SURGXFWLYLW\ LQ WKH FRQWH[W RI PXOWLVLGHG VHUYLFH VHWWLQJV VXFK DV
H0RELOLVWHQ 1H[W D VKRUW RYHUYLHZ RI H[LVWLQJ FRQFHSWXDO DSSURDFKHV IRU
PDQDJLQJ VHUYLFH SURGXFWLYLW\ LV SUHVHQWHG $IWHU WKLV EDVHG RQ LGHQWLILHG
FKDOOHQJHVDQHZFRQFHSWXDOPRGHOLVLQWURGXFHG)LQDOO\DVKRUWGLVFXVVLRQDQG
DQRXWORRNIRUIXWXUHUHVHDUFKDUHSUHVHQWHG



&RQFHSWXDO)RXQGDWLRQVRI6HUYLFH3URGXFWLYLW\

7KURXJKRXWWKHODVWGHFDGHVVFKRODUVRIGLIIHUHQWILHOGVKDYHH[SORUHGWKHWRSLFRI
VHUYLFHSURGXFWLYLW\ /HKPDQQ ,QWKHFRQWH[WRIEXVLQHVVDGPLQLVWUDWLRQ
%DUWVFK'HPPHOPDLHUDQG0H\HU  LGHQWLI\IRXUFRQFHSWXDODSSURDFKHVIRU
RSHUDWLRQDOO\ PDQDJLQJ VHUYLFH SURGXFWLYLW\ ,QLWLDOO\ SURSRQHQWV RI WKH  
LQGXVWULDO SURGXFWLYLW\ DSSURDFK WU\ WR DGDSW H[LVWLQJ FRQFHSWV RI LQGXVWULDO


 $V GLVFXVVHG E\ 7DQJHQ   WKH WHUP SURGXFWLYLW\ ZDV XVHG RYHU WZR FHQWXULHV DJR LQ WKH
FRQWH[W RI DJULFXOWXUH 6LQFH WKHQ PXOWLSOH YHUEDO DV ZHOO DV PDWKHPDWLFDO GHILQLWLRQV IRU
H[SODQDWLRQDQGFDOFXODWLRQKDYHEHHQHODERUDWHG

ZZZHPRELOLVWHQGH

 ,Q DQ H[WHQVLYH OLWHUDWXUH UHYLHZ /HKPDQQ   LGHQWLILHG HLJKW VFKRODU\ SHUVSHFWLYHV RQ
VHUYLFHSURGXFWLYLW\  PDFURHFRQRPLF  SXEOLFPDQDJHPHQW  VWUDWHJLF  RUJDQL]DWLRQDO
  FXVWRPHU   WHFKQRORJLFDO   RSHUDWLRQV PDQDJHPHQW DQG   RSHUDWLRQV UHVHDUFK
SHUVSHFWLYH 7KLVSDSHUIRFXVHVRQDEXVLQHVVFRQWH[WWKXVLWGRHVQRWFRQVLGHUWKHPDFURHFQRPLF
RUSXEOLFPDQDJHPHQWSHUVSHFWLYHRQVHUYLFHSURGXFWLYLW\


7RZDUGV3HUFHLYHG6HUYLFH,QWHUDFWLRQ
3URGXFWLYLW\$3URSRVHG&RQFHSWXDO0RGHO

SURGXFWLRQWRHQKDQFHSURGXFWLYLW\LQDVHUYLFHFRQWH[W HJ&DUOERUJ.LQGVWU|P
 .RZDONRZVNL  /HYLWW  0XUSK\  6WDDWV %UXQQHU  8SWRQ
  ,Q FRQWUDVW SURSRQHQWV RI WKH   VHUYLFH SURGXFWLRQ DSSURDFK VWUHVV WKH
SDUWLFXODULWLHV RI WKH VHUYLFH GHOLYHU\ SURFHVVHV DQG DLP WR IRUPDOL]H VSHFLILF
GULYHUV RIVHUYLFHSURGXFWLYLW\ ,QWKLVFRQWH[W LWLV KLJKOLJKWHGWKDWSURGXFWLYLW\
FDQ EH FRQVLGHUHG DW GLIIHUHQW SURFHVV VWDJHV HJ &RUVWHQ  -RQHV 
6LJDOD -RQHV /RFNZRRG  $LUH\   1H[W FRQWULEXWLRQV IDOOLQJ XQGHU WKH
  FXVWRPHU LQWHJUDWLRQ DSSURDFK FRQVLGHU WKH PDQDJHPHQW RI FXVWRPHU
LQYROYHPHQWWKURXJKRXWVHUYLFHGHOLYHU\DVDNH\LVVXHIRUVHUYLFHSURGXFWLYLW\,Q
GRLQJ VR LW LV HPSKDVL]HG WKDW FXVWRPHUV KDYH WKHLU LQGLYLGXDO SURGXFWLYLW\
SHUVSHFWLYH ZKLFK PD\ EH GLIIHUHQW IURP WKH SURYLGHU¶V RQH HJ $QLWVDO
6FKXPDQQ  -RKQVWRQ
5DQJDUDMDQ )DON



 -RQHV  3DUDVXUDPDQ  :HLMWHUV

 6FKLOOHZDHUW   )LQDOO\ FRQWULEXWLRQV IURP WKH  

VHUYLFHPDUNHWLQJDSSURDFKGLVPLVVWKHFRQVWDQWTXDOLW\DVVXPSWLRQSRVWXODWHGLQ
WKH LQGXVWULDO SURGXFWLYLW\ DSSURDFK DQG VWUHVV WKH LQWHUGHSHQGHQFH RI VHUYLFH
SURGXFWLYLW\DQGTXDOLW\ HJ&KDVH +D\QHV*U|QURRV 2MDVDOR
5XVW +XDQJ9XRULQHQ-lUYLQHQ /HKWLQHQ $NH\FRQWULEXWLRQ
RIWKLVVWUHDPLV WKHVHUYLFHSURGXFWLYLW\PRGHO RI *U|QURRVDQG2MDVDOR  
ZKLFKGLIIHUHQWDXWKRUVUHFRJQL]HDVWKHPRVWHQFRPSDVVLQJFRQFHSWXDOPRGHORI
VHUYLFH SURGXFWLYLW\ %DUWVFK HW DO  %HFNHU %HYHUXQJHQ .QDFNVWHGW
5DXHU 6LJJH *U|QURRV 2MDVDOR  IRUPDOL]HVHUYLFHSURGXFWLYLW\
DV D IXQFWLRQ RI LQWHUQDO HIILFLHQF\ H[WHUQDO HIILFLHQF\ DQG FDSDFLW\ HIILFLHQF\
+RZHYHU WKH DXWKRUV DGPLW WKDW LW LV XQFOHDU KRZ WR DFWXDOO\ PHDVXUH WKHVH
HIILFLHQFLHV$VDUHPHG\WKH\VXJJHVWWKDWSURGXFWLYLW\PHDVXUHVVKRXOGEHEDVHG
RQWKHUDWLRRIUHYHQXHVIURPDJLYHQVHUYLFHGLYLGHGE\WKHFRVWRISURGXFLQJWKLV
VHUYLFH
1RWZLWKVWDQGLQJ WKH WKHRUHWLFDO FRQWULEXWLRQV RI H[LVWLQJ FRQFHSWXDO DSSURDFKHV
IURPDPDQDJHULDOSHUVSHFWLYHWKH\SRVHVHYHUHFKDOOHQJHV)LUVWLWLVDUJXHGWKDW
WKH\ DUH XQVXLWHG WR PHDVXUH WKH SURGXFWLYLW\ RI VHUYLFHV ZKLFK DUH EDVHG RQ
LQWHUDFWLYH LQSXWV DQG TXDOLWDWLYH RXWSXWV VXFK DV NQRZOHGJH DQG LQIRUPDWLRQ
%LHJH /D\ =DQNHU  6FKPDOO   0RUHRYHU H[LVWLQJ PRGHOV GR QRW WDNH
LQWR FRQVLGHUDWLRQ WKDW VHUYLFH SURFHVVHV RIWHQ FRQVLVW RI LQWHUDFWLRQV DPRQJ


&KULVWRIHU)'DLEHUO$QJHOD5RWKDQG.DWKULQ00|VOHLQ

PXOWLSOHHQWLWLHVEHVLGHVWKHIRUPDOVHUYLFHSURYLGHUDQGWKHFXVWRPHU 6DPSVRQ
  )LQDOO\ WKH\ QHJOHFW WKH LPSRUWDQFH RI DQ HQWLW\¶V LQGLYLGXDO VHUYLFH
REMHFWLYHV H[SHFWDWLRQV DQG OHDUQLQJ IRU HIIHFWLYHQHVV DQG HIILFLHQF\
FRQVLGHUDWLRQV
1H[WDQHZPRGHODGGUHVVLQJWKHVHLVVXHVLVLQWURGXFHG$VPHQWLRQHGEHIRUHLW
LVLQVSLUHGE\SUDFWLFDOFKDOOHQJHVRIPDQDJLQJH0RELOLVWHQ+RZHYHUWKHPRGHO
ZLOO EH GHVFULEHG RQ D JHQHUDO OHYHO LQ RUGHU WR GHPRQVWUDWH D EURDGHU UDQJH RI
SRVVLEOHDSSOLFDWLRQV



$0RGHORI3HUFHLYHG6HUYLFH,QWHUDFWLRQ3URGXFWLYLW\ 36,30RGHO 

7KHSURSRVHGPRGHOLVLQVSLUHGE\DQRSHUDWLRQDOYLHZRIVHUYLFHVDVSUHVHQWHGE\
WKH8QLILHG6HUYLFHV7KHRU\ 6DPSVRQ )URHKOH DQGWKHUHODWHG3URFHVV
&KDLQ1HWZRUNIUDPHZRUN 6DPSVRQ )ROORZLQJWKLVSHUVSHFWLYHVHUYLFHV
FDQ EH XQGHUVWRRG DV VSHFLDO W\SHV RI SURGXFWLRQ SURFHVVHV WKDW DUH GHILQHG E\
H[WHQVLYH SURYLGHUFXVWRPHU LQWHUDFWLRQV )OLH

 .OHLQDOWHQNDPS 

6DPSVRQ  )URHKOH   $V SUHVHQWHG LQ )LJXUH  DW PLQLPXP D VHUYLFH
SURFHVVLQWHJUDWHVDFWLYLWLHVDQGRUUHVRXUFHVRIWZRHQWLWLHVRQHIRUPDOSURYLGHU
DQG RQH FXVWRPHU LQ WKH ILJXUH WKHLU LQWHUDFWLRQ LV SUHVHQWHG E\ WKH VROLG OLQH 
+RZHYHUYDULRXVDGGLWLRQDOHQWLWLHVVXFKDVRWKHUFXVWRPHUVRUQHWZRUNSDUWQHUV
PD\ EH LQYROYHG DW FHUWDLQ VWDJHV RI WKH VHUYLFH SURFHVV DV ZHOO $OWHU 
0DJOLR 9DUJR &DVZHOO

 6SRKUHU  6DPSVRQ   7KHVH QHWZRUN

SDUWQHUV PD\ EH LQWHUDFWLQJ ZLWK WKH VHUYLFH SURYLGHU DQGRU ZLWK RQH RU PRUH
FXVWRPHUV LQGLFDWHG E\ WKH GDVKHG OLQHV  (DFK RI WKHVH SURFHVV HQWLWLHV KDV
FHUWDLQ REMHFWLYHV DQG H[SHFWDWLRQV ZK\ LW WDNHV SDUW LQ WKH VHUYLFH SURFHVV )RU
VRPHHQWLWLHVWKHSURFHVVPD\PHHWVSHFLILFQHHGV HJDFRPSDQ\UHFHLYLQJXVHU
IHHGEDFN IRU DQ LQQRYDWLRQ FKDOOHQJH  ZKHUHDV RWKHU HQWLWLHV PD\ UHFHLYH D
JHQHULFUHVRXUFH LHDVHUYLFHSURYLGHUUHFHLYLQJPRQH\IRUFDUU\LQJRXWFHUWDLQ
SURFHVV DFWLYLWLHV  WKDW FDQ EH XVHG WR HQJDJH LQ RWKHU VHUYLFH SURFHVVHV LQ WKH
IXWXUH 6DPSVRQ9DUJR /XVFK 


 $ VKRUW RYHUYLHZ RI H[LVWLQJ DSSURDFKHV DQG WKHLU PDQDJHULDO LPSOLFDWLRQV LV SRUWUD\HG LQ WKH
DWWDFKPHQW



7RZDUGV3HUFHLYHG6HUYLFH,QWHUDFWLRQ
3URGXFWLYLW\$3URSRVHG&RQFHSWXDO0RGHO

)RUIXOILOOLQJWKHVHREMHFWLYHVHQWLWLHVHQJDJHLQGLUHFWLQWHUDFWLRQV LHSHUVRQWR
SHUVRQ  DQGRU VXUURJDWH LQWHUDFWLRQV LH ZKHUH RQH HQWLW\ LQWHUDFWV ZLWK QRQ
KXPDQUHVRXUFHVRIDQRWKHUHQWLW\VXFKDVWHFKQRORJ\RULQIRUPDWLRQ  6DPSVRQ
  0RUHRYHU VHUYLFH SURFHVVHV DUH LQLWLDWHG DQG WHUPLQDWHG E\ VWDJHV RI
LQGHSHQGHQW SURFHVVLQJ )XUWKHUPRUH WKH GHJUHH RI FRQWURO RI WKH HQWLW\ XQGHU
FRQVLGHUDWLRQ FDQ EH GHSLFWHG ,W LV WKH KLJKHVW ZKHQ DQ HQWLW\ HQJDJHV LQ
LQGHSHQGHQW SURFHVVLQJ DV WKH UHVSHFWLYH HQWLW\ LV RQO\ ZRUNLQJ RQ LWV RZQ
UHVRXUFHV2QWKHFRQWUDU\GLUHFWLQWHUDFWLRQVDUHFKDUDFWHUL]HGE\WKHORZHVWOHYHO
RI FRQWURO )RU H[DPSOH WKHUH DUH YDULRXV DVSHFWV RI D SHUVRQDO LQWHUDFWLRQ WKDW
FDQQRW EH FRQWUROOHG E\ PDQDJHPHQW VXFK DV WKH PRRG RI WKH FXVWRPHU RU WKH
OHYHORIV\PSDWK\EHWZHHQFXVWRPHUVDQGIURQWOLQHHPSOR\HHV 6DPSVRQ 

)LJXUH
$FRQFHSWXDOPRGHORISHUFHLYHGVHUYLFHLQWHUDFWLRQSURGXFWLYLW\ 36,30RGHO 
6RXUFH2ZQLOOXVWUDWLRQ6HUYLFHSURFHVVGHSLFWHGEDVHGRQ6DPSVRQ  
7KURXJKRXW WKH VHUYLFH SURFHVV HDFK RI WKH SURFHVV HQWLWLHV SURYLGHV FHUWDLQ
TXDOLWDWLYH DQGRU TXDQWLWDWLYH LQSXWV DQG UHFHLYHV FHUWDLQ TXDOLWDWLYH DQGRU
TXDQWLWDWLYH RXWSXWV 9XRULQHQ HW DO   3DUWLFXODUO\ TXDOLWDWLYH VHUYLFH



&KULVWRIHU)'DLEHUO$QJHOD5RWKDQG.DWKULQ00|VOHLQ

RXWSXWV DUH VXEMHFW WR LQGLYLGXDO DVVHVVPHQWV )UH\ %D\RQ
*U|QURRV  =HLWKDPO %HUU\

 7RW]HN 

 3DUDVXUDPDQ   $GGLWLRQDOO\

H[SHFWDWLRQVPD\LQIOXHQFHUROHEHKDYLRUDQGVDWLVIDFWLRQ 2OLYHU6RORPRQ
6XUSUHQDQW &]HSLHO

 *XWPDQ   7KXV WKH SHUFHLYHG SURGXFWLYLW\ RI

LQWHUDFWLRQVLVIDUIURPEHLQJREMHFWLYHDQGVWDEOH,QIDFWLWLVRIG\QDPLFQDWXUH
DQG GHSHQGHQW RQ WKH H[SHFWDWLRQV RI WKH SURFHVV HQWLW\ XQGHU FRQVLGHUDWLRQ
)XUWKHUPRUHSURGXFWLYLW\SHUFHSWLRQVDUHEDVHGRQDPXWXDOOHDUQLQJH[SHULHQFH
DPRQJ WKH HQWLWLHV LQYROYHG 2YHU WLPH HQWLWLHV FDQ IDPLOLDUL]H ZLWK HDFK RWKHU
DQGWKHVHUYLFHSURFHVVZKLFKPD\OHDGWRDEHWWHUDZDUHQHVVDERXWZKDWWRH[SHFW
DQGKRZWRLQWHUDFWLQRUGHUWRLPSURYHRXWFRPHV *U|QURRV 2MDVDOR 
$OOLQDOOSHUFHLYHGVHUYLFHLQWHUDFWLRQSURGXFWLYLW\VKDOOEHFRQFHSWXDOL]HGDVDQ
HQWLW\¶V LQGLYLGXDOO\ SHUFHLYHG HIILFLHQF\ DQG HIIHFWLYHQHVV RI LQWHUDFWLRQ VWDJHV
PDNLQJXSWKHWRWDOVHUYLFHSURFHVV,QGRLQJVRLWLVLQOLQHZLWKWKHJHQHUDOWUHQG
WR GLVPLVV VHUYLFH SURGXFWLYWL\ DV D PHUH HIILFLHQF\ FRQFHSW 0DURWR6iQFKH]
  $OVR LQ OLQH ZLWK LGHDV RI WKH SURSRQHQWV RI WKH FXVWRPHU LQWHJUDWLRQ
DSSURDFKSURGXFWLYLW\FDQEHFRQVLGHUHGIURPGLIIHUHQWHQWLWLHV¶SRLQWVRIYLHZ



'LVFXVVLRQ )XWXUH5HVHDUFK

$VPHQWLRQHGEHIRUHWKLVSDSHUSUHVHQWVDQHDUO\YHUVLRQRIDFRQFHSWXDOPRGHO
IRUVHUYLFHLQWHUDFWLRQSURGXFWLYLW\,QFRQWUDVWWRSUHYLRXVFRQFHSWXDODSSURDFKHV
RIVHUYLFHSURGXFWLYLW\LWKLJKOLJKWVWKHLPSRUWDQFHRIORRNLQJEH\RQGDVLQJXODU
LHSURYLGHU RUG\DGLF LHSURYLGHUFXVWRPHU SHUVSHFWLYHDQGWDNHVWKHODUJHU
VHUYLFH QHWZRUN LQWR DFFRXQW 0RUHRYHU LW VWUHVVHV WKH LGLRV\QFUDV\ RI
SURGXFWLYLW\ DVVHVVPHQWV DQG WKH LPSRUWDQFH RI H[SHFWDWLRQ DQG LQWHUDFWLRQ
PDQDJHPHQW )URP D SURYLGHU¶V SRLQW RI YLHZ LW LV HVVHQWLDO WR JDLQ LQGHSWK
XQGHUVWDQGLQJ FRQFHUQLQJ LQWHUDFWLRQ GHPDQGV DQG GHYHORS PHDVXUDEOH
SURGXFWLYLW\ REMHFWLYHV WKDW EDODQFH DQG RUFKHVWUDWH WKH LQGLYLGXDOO\ SHUFHLYHG
SURGXFWLYLWLHVRIDOOLQWHUDFWLRQSDUWQHUVLQYROYHG
$ SRWHQWLDO VWDUWLQJ SRLQW IRU GHYHORSLQJ LQGLFDWRUV IRU PHDVXULQJ WKH VXEMHFWLYH
HIIHFWLYHQHVV RI VHUYLFH LQWHUDFWLRQV LV SURYLGHG E\ OLWHUDWXUH IURP WKH ILHOG RI
RUJDQL]DWLRQDO SV\FKRORJ\ 3ULWFKDUG +DUUHOO 'LD]*UDQDGRV  *X]PDQ 



7RZDUGV3HUFHLYHG6HUYLFH,QWHUDFWLRQ
3URGXFWLYLW\$3URSRVHG&RQFHSWXDO0RGHO

3ULWFKDUG :HDYHU  $VKZRRG   )XWXUH ZRUN VKRXOG DQDO\]H KRZ VXFK
PHDVXUHV FRXOG EH GHYHORSHG WDNLQJ WKH SHUVSHFWLYH RI H[WHUQDO LQWHUDFWLRQ
SDUWQHUV LQWR DFFRXQW ,Q RUGHU WR HQKDQFH HIILFLHQF\ WKH DSSOLFDWLRQ RI OHDQ
SULQFLSOHV WKURXJKRXW WKH GLIIHUHQW LQWHUDFWLRQ VWDJHV FRXOG EH D SURPLVLQJ
HQGHDYRU,QGRLQJVRDFWLRQVWKDWDUHQRWSHUFHLYHGDVYDOXDEOHE\WKHUHVSHFWLYH
LQWHUDFWLRQ SDUWQHUV PD\ EH UHGXFHG &DUOERUJ HW DO  6WDDWV HW DO 
6WDDWV 8SWRQ 
,QWKHIXWXUHLQGHSWKHPSLULFDOLQVLJKWVDUHUHTXLUHGLQRUGHUWRH[SORUHSHUFHLYHG
VHUYLFHLQWHUDFWLRQSURGXFWLYLW\)RUWKLVFDVHVWXG\UHVHDUFKZLOOEHFRQGXFWHGWR
HYDOXDWHLIHPSLULFDOREVHUYDWLRQVDUHLQOLQHZLWKWKHPRGHO¶VFODLPV <LQ 
$VDSLORWFDVH-26(3+6WKH6HUYLFH0DQXIDFWRU\ZLOOEHDQDO\]HG7KLVFDVH
LVFKRVHQDVLWUHSUHVHQWVDKLJKO\LQWHUDFWLYHPXOWLVLGHGVHUYLFHVHWWLQJZKLFKLV
OLNHO\ WR \LHOG ULFK GDWD $IWHU WKLV H0RELOLVWHQ DQG RWKHU FDVHV IURP GLIIHUHQW
ILHOGV ZLOO EH DQDO\]HG LQ RUGHU WR UHSHDWHGO\ GLV FRQILUP DQG H[WHQG SUHYLRXV
ILQGLQJV (LVHQKDUGW *UDHEQHU 
0RUHRYHU VHUYLFH VFKRODUV DQG SUDFWLWLRQHUV VKRXOG HYDOXDWH LI WKH SURSRVHG
PRGHO LV   H[KDXVWLYH   XQGHUVWDQGDEOH DQG   GRHV QRW KDYH XQQHFHVVDU\
FDWHJRULHV *UHJRU   %DVHG RQ WKHVH LQVLJKWV WKH PRGHO ZLOO EH DGDSWHG
DFFRUGLQJO\ %\ GRLQJ VR LW VKDOO SUHVHQW D WKHRUHWLFDOO\ VRXQG IRXQGDWLRQ IRU
FRQGXFWLQJ DFWLRQ GHVLJQ UHVHDUFK 6HLQ +HQIULGVVRQ 5RVVL  /LQGJUHQ  
LQ RUGHU WR HODERUDWH D SUDFWLFHRULHQWHG PHWKRG WR HQKDQFH SHUFHLYHG VHUYLFH
LQWHUDFWLRQSURGXFWLYLW\

$FNQRZOHGJHPHQWV
:HJUDWHIXOO\DFNQRZOHGJHVXSSRUWE\WKH*HUPDQ)HGHUDO0LQLVWU\RI(GXFDWLRQ
DQG5HVHDUFK SURMHFW&2',)H<&RPPXQLW\EDVLHUWH'LHQVWOHLVWXQJVLQQRYDWLRQ
IUH0RELOLW\).=)( 



&KULVWRIHU)'DLEHUO$QJHOD5RWKDQG.DWKULQ00|VOHLQ

5HIHUHQFHV
$OWHU6  0HWDPRGHOIRUVHUYLFHDQDO\VLVDQGGHVLJQEDVHGRQDQ
RSHUDWLRQDOYLHZRIVHUYLFHDQGVHUYLFHV\VWHPV6HUYLFH6FLHQFH  ±

$QLWVDO, 6FKXPDQQ'  7RZDUGDFRQFHSWXDOL]DWLRQRIFXVWRPHU
SURGXFWLYLW\7KHFXVWRPHU¶VSHUVSHFWLYHRQWUDQVIRUPLQJFXVWRPHUODERU
LQWRFXVWRPHURXWFRPHVXVLQJWHFKQRORJ\EDVHGVHOIVHUYLFHSSWLRQV7KH
-RXUQDORI0DUNHWLQJ7KHRU\DQG3UDFWLFH  ±
%DUWVFK6'HPPHOPDLU0) 0H\HU$  
'LHQVWOHLVWXQJVSURGXNWLYLWlW6WDQGGHU)RUVFKXQJXQG=XVDPPHQKDQJ]X
]HQWUDOHQYRU|NRQRPLVFKHQ*U|HQLP'LHQVWOHLVWXQJVPDUNHWLQJ,Q.
%UXKQ0+DGZLFK (G 'LHQVWOHLVWXQJVSURGXNWLYLWlW0DQDJHPHQW
SUR]HVVJHVWDOWXQJ.XQGHQSHUVSHNWLYH%DQG SS± :LHVEDGHQ
*DEOHU9HUODJ
%HFNHU-%HYHUXQJHQ'.QDFNVWHGW55DXHU+3 6LJJH'  2Q
WKHRQWRORJLFDOH[SUHVVLYHQHVVRIFRQFHSWXDOPRGHOLQJJUDPPDUVIRUVHUYLFH
SURGXFWLYLW\PDQDJHPHQW,QIRUPDWLRQ6\VWHPVDQG(%XVLQHVV
0DQDJHPHQW  ±
%LHJH6/D\*=DQNHU& 6FKPDOO7  &KDOOHQJHVRIPHDVXULQJ
VHUYLFHSURGXFWLYLW\LQLQQRYDWLYHNQRZOHGJHLQWHQVLYHEXVLQHVVVHUYLFHV
7KH6HUYLFH,QGXVWULHV-RXUQDO  ±
&DUOERUJ3.LQGVWU|P' .RZDONRZVNL&  $OHDQDSSURDFKIRU
VHUYLFHSURGXFWLYLW\LPSURYHPHQWVV\QHUJ\RUR[\PRURQ"0DQDJLQJ
6HUYLFH4XDOLW\  ±
&KDVH5% +D\QHV50  6HUYLFHRSHUDWLRQVPDQDJHPQW$ILHOG
JXLGH,Q76FKZDUW] ',DFREXFFL (GV +DQGERRNRI6HUYLFH0DUNHWLQJ
DQG0DQDJHPHQW SS± 7KRXVDQG2DNV6DJH3XEOLFDWLRQV
&RUVWHQ+  'LVNXVVRQVEHLWUlJHGHU:LUWVFKDIWVZLVVHQVFKDIWOLFKHQ
)DNXOWlW,QJROVWDGWhEHUOHJXQJHQ]XP3URGXNWLYLWlWVPDQDJHPHQWIU
'LHQVWOHLVWXQJVXQWHUQHKPHQGDUJHVWHOOWDP%HLVSLHOELODWHUDOHU
SHUVRQHQEH]RJHQHU'LHQVWOHLVWXQJHQ,QJROVWDGW
(LVHQKDUGW.0 *UDHEQHU0(  7KHRU\EXLOGLQJIURPFDVHV
2SSRUWXQLWLHVDQGFKDOOHQJHV$FDGHP\RI0DQDJHPHQW-RXUQDO  ±
 GRL



7RZDUGV3HUFHLYHG6HUYLFH,QWHUDFWLRQ
3URGXFWLYLW\$3URSRVHG&RQFHSWXDO0RGHO

)OLH6 .OHLQDOWHQNDPS0  %OXHSULQWLQJWKHVHUYLFHFRPSDQ\
0DQDJLQJVHUYLFHSURFHVVHVHIILFLHQWO\-RXUQDORI%XVLQHVV5HVHDUFK  
±
)UH\59%D\RQ7 7RW]HN'  +RZFXVWRPHUVDWLVIDFWLRQDIIHFWV
HPSOR\HHVDWLVIDFWLRQDQGUHWHQWLRQLQDSURIHVVLRQDOVHUYLFHVFRQWH[W
-RXUQDORI6HUYLFH5HVHDUFK  ±
*UHJRU6  7KHQDWXUHRIWKHRU\LQLQIRUPDWLRQV\VWHPV0,64XDUWHUO\
  ±
*U|QURRV&  $VHUYLFHTXDOLW\PRGHODQGLWVPDUNHWLQJLPSOLFDWLRQV
(XURSHDQ-RXUQDORI0DUNHWLQJ  ±
*U|QURRV& 2MDVDOR.  6HUYLFHSURGXFWLYLW\7RZDUGVD
FRQFHSWXDOL]DWLRQRIWKHWUDQVIRUPDWLRQRILQSXWVLQWRHFRQRPLFUHVXOWVLQ
VHUYLFHV-RXUQDORI%XVLQHVV5HVHDUFK  ±
-RKQVWRQ5 -RQHV3  6HUYLFHSURGXFWLYLW\7RZDUGVXQGHUVWDQGLQJWKH
UHODWLRQVKLSEHWZHHQRSHUDWLRQDODQGFXVWRPHUSURGXFWLYLW\,QWHUQDWLRQDO
-RXUQDORI3URGXFWLYLW\DQG3HUIRUPDQFH0DQDJHPHQW  ±
-RQHV3  4XDOLW\FDSDFLW\DQGSURGXFWLYLW\LQVHUYLFHLQGXVWULHV
,QWHUQDWLRQDO-RXUQDORI+RVSLWDOLW\0DQDJHPHQW  ±
/HKPDQQ&  ([SORULQJVHUYLFHSURGXFWLYLW\ࣟ6WXGLHVLQWKH*HUPDQ
DLUSRUWLQGXVWU\++//HLS]LJ*UDGXDWH6FKRRORI0DQDJHPHQW
/HYLWW7  3URGXFWLRQOLQHDSSURDFKWRVHUYLFH+DUYDUG%XVLQHVV5HYLHZ
6HSWHPEHU±
0DJOLR339DUJR6/&DVZHOO1 6SRKUHU-  7KHVHUYLFHV\VWHP
LVWKHEDVLFDEVWUDFWLRQRIVHUYLFHVFLHQFH,QIRUPDWLRQ6\VWHPVDQG(
%XVLQHVV0DQDJHPHQW  ±
0DURWR6iQFKH]$  3URGXFWLYLW\LQWKHVHUYLFHVVHFWRUFRQYHQWLRQDODQG
FXUUHQWH[SODQDWLRQV7KH6HUYLFH,QGXVWULHV-RXUQDO  ±
0XUSK\3  6HUYLFHSHUIRUPDQFHPHDVXUPHQWXVLQJVLPSOHWHFKQLTXHV
DFWXDOO\ZRUNV-RXUQDORI0DUNHWLQJ3UDFWLFH$SSOLHG0DUNHWLQJ6FLHQFH
  ±
2OLYHU5/  $FRJQLWLYHPRGHORIWKHDQWHFHQGHQWVDQGFRQVHTXHQFHVRI
VDWLVIDFWLRQGHFLVLRQV-RXUQDORI0DUNHWLQJ5HVHDUFK  ±



&KULVWRIHU)'DLEHUO$QJHOD5RWKDQG.DWKULQ00|VOHLQ

2VWURP$/3DUDVXUDPDQ$%RZHQ'(3DWULFLR/ 9RVV&$  
6HUYLFHUHVHDUFKSULRULWLHVLQDUDSLGO\FKDQJLQJFRQWH[W-RXUQDORI6HUYLFH
5HVHDUFK  ±
3DUDVXUDPDQ$  6HUYLFHTXDOLW\DQGSURGXFWLYLW\ௗDV\QHUJLVWLF
SHUVSHFWLYH0DQDJLQJ6HUYLFH4XDOLW\  ±
3ULWFKDUG5'+DUUHOO00'LD]*UDQDGRV' *X]PDQ0-  7KH
SURGXFWLYLW\PHDVXUHPHQWDQGHQKDQFHPHQWV\VWHP$PHWDDQDO\VLV7KH
-RXUQDORI$SSOLHG3V\FKRORJ\  ±
3ULWFKDUG5':HDYHU6- $VKZRRG(/  (YLGHQFHEDVHG
SURGXFWLYLW\LPSURYHPHQW$SUDFWLFDOJXLGHWRWKHSURGXFWLYLW\PHDVUXPHQW
DQGHQKDQFHPHQWV\VWHP 3UR0(6 1HZ<RUN5RXWOHGJH
5XVW57 +XDQJ0+  2SWLPL]LQJVHUYLFHSURGXFWLYLW\-RXUQDORI
0DUNHWLQJ 0DUFK ±
6DPSVRQ6(  9LVXDOL]LQJVHUYLFHRSHUDWLRQV-RXUQDORI6HUYLFH
5HVHDUFK  ±
6DPSVRQ6( )URHKOH&  )RXQGDWLRQVDQGLPSOLFDWLRQVRIDSURSRVHG
XQLILHGVHUYLFHVWKHRU\3URGXFWLRQDQG2SHUDWLRQV0DQDJHPHQW  
±
6HLQ0.+HQIULGVVRQ25RVVL0 /LQGJUHQ5  $FWLRQGHVLJQ
UHVHDUFK0,64XDUWHUO\  ±
6LJDOD0-RQHV3/RFNZRRG$ $LUH\'  3URGXFWLYLW\LQKRWHOVD
VWHSZLVHGDWDHQYHORSPHQWDQDO\VLVRIKRWHOV¶URRPVGLYLVLRQSURFHVVHV7KH
6HUYLFHV,QGXVWULHV-RXUQDO  ±
6RORPRQ056XUSUHQDQW&&]HSLHO-$ *XWPDQ(*  7KHRU\
SHUVSHFWLYHRQG\DGLFLQWHUDFWLRQV7KHVHUYLFHHQFRXQWHU-RXUQDORI
0DUNHWLQJ  ±
6WDDWV%5%UXQQHU'- 8SWRQ'0  /HDQSULQFLSOHVOHDUQLQJ
DQGNQRZOHGJHZRUN(YLGHQFHIURPDVRIWZDUHVHUYLFHVSURYLGHU-RXUQDORI
2SHUDWLRQV0DQDJHPHQW  ±GRLMMRP
6WDDWV%5 8SWRQ'0  /HDQNQRZOHGJHZRUN+DUYDUG%XVLQHVV
5HYLHZ  ±
7DQJHQ6  'HP\VWLI\LQJSURGXFWLYLW\DQGSHUIRUPDQFH,QWHUQDWLRQDO
-RXUQDORI3URGXFWLYLW\DQG3HUIRUPDQFH0DQDJHPHQW  ±



7RZDUGV3HUFHLYHG6HUYLFH,QWHUDFWLRQ
3URGXFWLYLW\$3URSRVHG&RQFHSWXDO0RGHO

9DUJR6/ /XVFK5)  (YROYLQJWRDQHZGRPLQDQWORJLFIRU
PDUNHWLQJ-RXUQDORI0DUNHWLQJ  ±
9DUJR6/ /XVFK5)  6HUYLFHGRPLQDQWORJLF&RQWLQXLQJWKH
HYROXWLRQ-RXUQDORIWKH$FDGHP\RI0DUNHWLQJ6FLHQFH  ±
GRLV
9XRULQHQ,-lUYLQHQ5 /HKWLQHQ8  &RQWHQWDQGPHDVXUHPHQWRI
SURGXFWLYLW\LQWKHVHUYLFHVHFWRU$FRQFHSWXDODQDO\VLVZLWKDQLOOXVWUDWLYH
FDVHIURPWKHLQVXUDQFHEXVLQHVV,QWHUQDWLRQDO-RXUQDORI6HUYLFH,QGXVWU\
0DQDJHPHQW  ±
:HLMWHUV%5DQJDUDMDQ')DON7 6FKLOOHZDHUW1  'HWHUPLQDQWV
DQGRXWFRPHVRIFXVWRPHUV¶XVHRIVHOIVHUYLFHWHFKQRORJ\LQDUHWDLOVHWWLQJ
-RXUQDORI6HUYLFH5HVHDUFK  ±
<DOOH\$$ 6HNKRQ+6  6HUYLFHSURGXFWLRQSURFHVV,PSOLFDWLRQ
IRUVHUYLFHSURGXFWLYLW\,QWHUQDWLRQDO-RXUQDORI3URGXFWLYLW\DQG
3HUIRUPDQFH0DQDJHPHQW  ±
<LQ5.  &DVHVWXG\UHVHDUFK7KRXVDQG2DNV6DJH
=HLWKDPO9$%HUU\// 3DUDVXUDPDQ$  7KHQDWXUHDQG
GHWHUPLQDQWVRIFXVWRPHUH[SHFWDWLRQVRIVHUYLFH-RXUQDORIWKH$FDGHP\RI
0DUNHWLQJ6FLHQFH  ±
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$WWDFKPHQW7DEOH

0DLQ
UDWLRQDOH

&RQFHSWXDO$SSURDFK
,QGXVWULDO
6HUYLFH
SURGXFWLYLW\
SURGXFWLRQ
0DQDJLQJ
0DQDJLQJ
VHUYLFH
VHUYLFH
SURGXFWLYLW\
SURGXFWLYLW\
ZLWKWKHKHOSRI EDVHGRQD
³OHVVRQV
GHWDLOHG
OHDUQHG´IURP
DQDO\VLVRIWKH
VHUYLFH
LQGXVWU\
GHOLYHU\
SURFHVV

3URGXFWLYLW\
SHUVSHFWLYH

6HUYLFHSURYLGHU 6HUYLFH
WRWDO
SURYLGHU
WRWDO
SURGXFWLYLW\ 
SURGXFWLYLW\ 

.H\
PDQDJHULDO
LPSOLFDWLRQV
IRU
SURGXFWLYLW\
PDQDJHPHQW

)DFWRU\OLNH
WKLQNLQJLV
EHQHILFLDOLQD
VHUYLFHVHWWLQJ
0DQDJHPHQW
VKRXOGLQYHVWLQ
VWDQGDUGL]DWLRQ
WHFKQRORJ\
DXWRPDWLRQHWF

3URGXFWLYLW\
VKRXOGEH
DQDO\]HGDQG
HQKDQFHGDW
GLIIHUHQW
VHUYLFH
VSHFLILFVWDJHV
HJFDSDFLW\
PDQDJHPHQW
DQGFXVWRPHU
LQWHJUDWLRQ 

&XVWRPHU
LQWHJUDWLRQ
)RUPDQDJLQJ
VHUYLFH
SURGXFWLYLW\LW
LVFULWLFDOWR
FRQVLGHUERWK
SURYLGHUDQG
FXVWRPHU
SURGXFWLYLW\

6HUYLFH
PDUNHWLQJ
)RUPDQDJLQJ
VHUYLFH
SURGXFWLYLW\
WKHTXDOLW\
GLPHQVLRQ
QHHGVWREH
FRQVLGHUHG

6HUYLFH
SURYLGHU 
FXVWRPHU
LQGLYLGXDO
SURGXFWLYLWLHV 
0DQDJHPHQW
VKRXOGORRN
EH\RQG
LQWHUQDOO\
IRFXVHG
SURGXFWLYLW\
PHDVXUHV

6HUYLFH
SURYLGHU
FXVWRPHU
WRWDO
SURGXFWLYLW\ 
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