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REVIEW ARTICLE

Social media platforms and the spreading of hate speech 
targeting sexual and gender minorities: a scoping review
Anne Clausena, Lena Frischlicha and Peter Mayerb,c

aDigital Democracy Centre, University of Southern Denmark, Odense, Denmark; bDepartment of 
Mathematics and Computer Science, University of Southern Denmark, Odense, Denmark; cInstitute of 
Applied Informatics and Formal Description Methods, Karlsruhe Institute of Technology, Karlsruhe, Germany

ABSTRACT  
Today, social media users can access various social media platforms 
with different characteristics that offer distinct opportunity 
structures for the spread of hate speech. Yet little is known about 
the relationship between social media platforms with their unique 
characteristics, including content modalities and affordances, and 
the spreading of hate speech towards marginalized groups, 
including sexual and gender minorities (LGBTQIA+). This scoping 
review contributes to closing this gap. We conducted a scoping 
review according to the PRISMA Extension for Scoping Reviews 
(PRISMA-ScR). To account for the interdisciplinary nature of hate 
speech research, we searched communication-specific and broad 
academic databases (Communication Source, Scopus, Web of 
Science and Academic Search Premier). The full-text database 
includes n = 145 full-text papers. The analysis encompassed a 
mixed-methods approach: Texts were manually coded for social 
media platforms, content modalities and affordances, and a 
BERTopic model was trained to identify key topics across literature. 
Findings show that Twitter/X was the most researched platform, 
followed by YouTube, Facebook, and Instagram. Textual content 
was the most researched content modality, compared to visual 
and audiovisual content. Few publications explicitly mentioned 
platform affordances, while some pointed to anonymity and 
visibility as facilitators of the spreading of hate speech. Key topics 
revolved around the development of models and datasets for hate 
speech detection. Our findings call for future studies to investigate 
alternative platforms, visual and audiovisual content, platform 
affordances, and apply a research focus beyond the development 
of detection models to understand how platform dynamics 
contribute to the spreading of hate speech.
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Introduction

Social media users today have access to a large variety of different social media platforms 
with distinct characteristics (Bayer et al., 2020). The current social media environment 
not only includes different types of social media, such as microblogs, video streaming 
platforms, etc., but also offers various alternative platforms targeting extreme or fringe 
communities (Zeng & Schäfer, 2021). The average user nowadays uses 6.8 different plat
forms each month (Kemp, 2025).

Social media platforms differ from each other in terms of content modality (text, image, 
video), technical features (e.g., ‘like’ button), and affordances (e.g., anonymity). These differ
ences in platform characteristics create distinct opportunity structures for the spreading of 
intolerance and hate speech. Intolerance is the use of discriminatory or exclusionary speech 
towards others (Rossini, 2020), while hate speech is a specific subtype of intolerance aimed at 
people because of their perceived collective identity (e.g., sexual orientation, gender identity) 
(Rossini, 2020; United Nations, 2019). Hate speech may be harmful and lead to the discrimi
nation of specific individuals or groups (Siegel, 2020; United Nations, 2023) and trigger 
trauma responses in the targets (Leets, 2002). Hate speech can further harm democratic par
ticipation as exposure may scare people away from engaging in online public debate to avoid 
attacks (Amnesty International Danmark, 2025; Geschke et al., 2019). This review concen
trates on hate speech targeting sexual and gender minorities, who face disproportionate levels 
of targeting relative to other marginalized groups (ADL Center for Technology & Society, 
2024). This focus allows for an in-depth account of the interplay between platform charac
teristics and the spreading of hate speech towards a marginalized group, central to current 
societal debate. To our knowledge, no review has systematically synthesized the literature 
to report what is known about platform characteristics and the spreading of hate speech 
towards sexual and gender minorities. The current study employs a scoping review to address 
this gap. The article is structured as follows: First, we describe the conceptual background and 
scope of our work and present our research questions. We then explain our methodology, 
present results of our analysis, discuss findings and methodological limitations of our 
study, and lastly, we provide conclusions and distill recommendations for future research.

Conceptual background

Social media platforms

Social media platforms are interactive websites and apps where social media users can 
create and share content online (Bayer et al., 2020; Carr & Hayes, 2015). Examples of 
mainstream social media platforms include Facebook, Instagram, YouTube, TikTok 
and Twitter/X among many others. Examples of alternative social media platforms 
include Telegram, 8kun, Gab and 4chan.

Social media platforms can be characterized by their specific content modalities, fea
tures and affordances. Social media content can take different forms of modalities – text 
(e.g., posts, messages, comments), visual (e.g., images, memes) or audiovisual (e.g., 
videos, reels). Multimodality is understood as the use of different modes of communi
cation to express meaning (Adami, 2017), and in the context of social media platforms, 
content can be multimodal if it combines text, images, audio and video, such as a TikTok 
video with audio and text overlays. In an experimental study, different effects were 
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reported for text-based versus multimodal hate speech (Menini et al., 2020), indicating 
the need to account for different modalities. User interaction with social media content 
is based on the features of a platform. Features are technically embedded in the platform 
design and refer to the opportunities that platforms offer to their users to engage with the 
content, for example, the possibility to follow, share, comment (Schulze et al., 2024), like, 
repost, retweet, upvote, etc. (Bimber & Gil de Zúñiga, 2020). Affordances (often referred 
to as technological affordances (Kakavand, 2024; Schulze et al., 2024)) occur when users 
interact with the features of a platform and can be broadly described as ‘possibilities for 
action’ (S. K. Evans et al., 2017). An example of a feature and an affordance on the plat
form Twitter/X is the feature of a freely selectable handle and account name, which may 
afford anonymity for its users (Schulze et al., 2024). Each platform offers its own set of 
features and affordances (S. K. Evans et al., 2017; Schulze et al., 2024).

Specific affordances, including anonymity, visibility, collectivity and interactivity have 
been linked to online-radicalization processes (Schulze et al., 2024), a particularly extreme 
form of intolerance. Plausibly, the amount of hate speech also depends on the affordances 
of a platform (Ben-David & Matamoros Fernández, 2016). The affordance of anonymity 
eases hate speech by allowing users to disconnect online behavior from offline identity, 
which can lead to toxic disinhibition and the expression of hatred unlikely to occur in 
face-to-face interactions (see online disinhibition effect, Suler, 2004). Visibility impacts 
the reach of content, facilitated by digital means (external visibility) or social presence 
online (internal visibility) (Schulze et al., 2024). Hate speech achieves higher external visi
bility than non-hateful content via social media sharing mechanisms, evidenced by retweet 
dynamics on Twitter/X (Maarouf et al., 2024). For sexual and gender minorities, it has been 
demonstrated that content creators advocating for minority rights enact internal visibility 
by creating social media content claiming representativity (Badaoui, 2024); however, this 
can also attract hateful attacks. Collectivity arises from platform design enabling group for
mation (Schulze et al., 2024). Group norms and dynamics can legitimize hate speech, facil
itating coordination and escalation (Schmitz et al., 2022). This can ease the spread of ‘us 
versus them’ narratives, portraying minorities as threatening out-groups. The multilevel 
affordance interactivity is rooted in other affordances. For example, interactivity facilitates 
exchange and coordination within collectives through sharing and commenting (Schulze 
et al., 2024), thereby contributing to processes where hate speech can spread.

Intolerance and hate speech

Intolerance has been defined as the use of discriminatory or exclusionary speech towards 
others (Rossini, 2020). This scope is relatively broad and does not necessarily include the 
expression of hatred. Hate speech is a specific form of intolerance, as suggested by Rossini 
(2020), that can be understood as “any kind of communication in speech, writing or behav
ior, that attacks or uses pejorative or discriminatory language with reference to a person or a 
group on the basis of who they are, in other words, based on their religion, ethnicity, nation
ality, race, color, descent, gender or other identity factor” (United Nations, 2019). More 
specifically, hate speech is when discriminatory language or hateful expressions are targeted 
towards individuals because of their (ascribed) membership in a social group or category 
(Frischlich, 2023; Rieger et al., 2021). Explicit hate speech includes, for example, transphobic 
slurs, while implicit hate speech can include the transmission of negative stereotypes, subtle 
discrimination, or derogations disguised as humor (e.g., homophobic jokes).
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Sexual and gender minorities

Sexual and gender minorities (non-heterosexual orientations and gender identities out
side of the traditional gender-binary) are important groups to study in the context of 
social media and hate speech as such hostility intersects with broader issues of stigma 
and minority stress.

Sexual and gender minorities are frequent targets of hate speech on social media 
(ADL Center for Technology & Society, 2023, 2024; Analyse & Tal & Os & Data, 
2025; Luke, 2021; Paterson et al., 2018), and social media users perceive homophobic 
hate speech as ‘less uncivil’ and accordingly less worthy of counter speech than racist 
or misogynistic hate speech (Obermaier et al., 2023). This perception may intensify 
the harm experienced by victims, with hate speech targeting sexual minorities capable 
of triggering trauma-like responses similar to antisemitic hatred (Leets, 2002). Further, 
victims of transphobic hate speech are even overrepresented among those reporting 
suicidal intentions because of hateful attacks (Williams & Tregidga, 2014). Denying 
the severity of such hate speech can lead to secondary victimization and likely contrib
ute to underreporting of hate speech and discrimination (Vergani & Navarro, 2023; 
Weise et al., 2021; Williams & Tregidga, 2014). While this hostility occurs across plat
forms, platform policies can too exacerbate the problem, as seen in the sharp rise in 
transphobic and homophobic speech on X following Elon Musk’s acquisition of Twitter 
(Hickey et al., 2025).

Conceptual scope

Other studies have investigated literature on social media platforms and hate speech tar
geting sexual and gender minorities. One review provided a bibliometric overview (Sán
chez-Sánchez et al., 2024), another review reported on psychological consequences in 
victims (Stefanita & Buf, 2021), and a third review examined the impact on mental health 
and social inclusion in the setting of South Africa (Adekola, 2025). Accordingly, to the 
best of our knowledge, no review has systematically synthesized the literature to report 
what is known about platform characteristics (which platforms, content modalities, 
and affordances), and the spreading of hate speech towards sexual and gender minorities, 
nor has it reported on the key topics addressed in this body of literature. The current 
study employs a scoping review to address these gaps.

Objectives and research questions

The objectives of the scoping review are to provide a comprehensive overview of what is 
known from the scholarly literature about platform characteristics and the spreading of 
hate speech towards sexual and gender minorities, uncover topics discussed so far, ident
ify gaps in the literature and distill recommendations for future research.

Research questions

Guided by the objectives of the scoping review, we aim to answer the following Research 
Questions (RQs): 
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RQ1: Which social media platforms have been the focus of empirical investigations into hate 
speech targeting sexual and gender minorities?

RQ2: What do we know about the spreading of hate speech towards sexual and gender min
orities in different social media modalities (text, visual or audiovisual content)?

RQ3: What do we know about the association between platform affordances (anonymity, 
visibility, collectivity, interactivity) and the spread of hate speech towards sexual and gender 
minorities?

RQ4: What are the key topics addressed in research on hate speech directed at sexual and 
gender minorities on social media platforms?

Methods

To answer the research questions, we conducted a scoping review according to the 
PRISMA Extension for Scoping Reviews (PRISMA-ScR) (Tricco et al., 2018). The 
PRISMA-ScR Checklist is provided in: https://osf.io/sma4f/

The study was pre-registered at: https://osf.io/rfe4s/1

As this review was intended to map the state of evidence, we focused on the 
inclusion of empirical studies. Figure 1 provides an overview of the literature 
selection process using a PRISMA flow diagram. Overall, n = 2213 references 
were identified from the literature search. After duplicate removal, n = 1766 refer
ences were manually screened for eligibility for inclusion in the review, which 
ultimately included n = 145 research publications in the full-text database for 
further analysis. Citations for the full text database are provided in the OSF repo
sitory linked above.

Search strategy

We conducted a primary database search in relevant broad and communication- 
specific peer-reviewed databases to identify scientific literature. We performed a 
supplemental search in Google Scholar to identify complementary sources to get a 
broad understanding of the phenomenon. In the first step, we screened literature 
on the title/abstract level and included/excluded material for full text screening 
based on a set of predefined criteria (See Table 1). Afterwards, we assessed the 
material in full text for final inclusion/exclusion in the review. Finally, we conducted 
a snowball search/citation search by searching through the bibliographies of 
included literature.

Primary database search

The database search was performed as a Boolean search in the databases Scopus, Web 
of Science, Academic Search Premier, and Communication Source (includes Communi
cation and Mass Media Complete and Communication Abstracts). The primary data
base search was performed in July 2025. The search string included three search 
blocks: the first block included terms for social media platforms, the second block 
included terms for hate speech, and the third block included terms for sexual and 
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gender minorities. Search terms for blocks 1 and 2 drew inspiration from a search 
string by Strippel and colleagues (Strippel et al., 2023), and search terms for block 
3 drew inspiration from a search string by Vergani and colleagues (Vergani et al., 

Table 1. Inclusion and exclusion criteria.
Inclusion criteria Exclusion criteria

. Empirical investigations using actual social media data 
for analyses

. Non-empirical material, including theoretical papers, 
conceptual discussions, opinion pieces, and studies 
using synthetic/simulated data.

. Written in English language

. Full text available
. Non-English publications
. Material that has no available full text (e.g., abstracts 

from a conference without proceedings, unpublished 
B.Sc. theses)

. Peer-reviewed published articles, articles in conference 
proceedings, editorials, books and book chapters

. Grey literature that is not necessarily peer-reviewed, 
e.g., essays, dissertations, etc.

. Material that addresses all 3 search blocks from the 
Boolean search strategy. Material was included if it 
addressed social media platforms, hate speech and 
sexual and gender minorities according to the 
definitions provided in the ‘Conceptual background’ 
section.

. Material that addresses only 1 or 2 of the search blocks 
from the Boolean search strategy. For example, 
material that investigates online hate speech that is not 
directed at sexual or gender minorities or hate speech 
that has not occurred on a social media platform.

Figure 1. PRISMA flow diagram.
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2024). Search terms were adapted to fit the scope of this review. The search string 
used the Boolean search modifiers asterisk* for word truncations, and quotation 
marks “” for exact phrases of more than one word, e.g., “social media”. The search 
string with blocks 1–3 was further refined in collaboration with an information 
specialist from the library at the first author’s university and is presented in Table 
2. We did not apply any limits for publication year. The database search resulted 
in a total of n = 1028 publications for further processing (see Figure 1).

Supplementary Google Scholar search

Google Scholar has limited search capacities compared to the academic databases (Vergani 
et al., 2024), we thus applied an alternative strategy using the scholarly module in Python 
(pypi.org, 2023). We searched for each individual query from the search string (N = 7840 
query combinations) and obtained a maximum of 30 hits per query. The Google Scholar 
search was finished in September 2025. Duplicate records were excluded, and it was 
ensured that the remaining records were relevant for screening by application of regular 
expressions to titles and abstracts to check if they contained the search terms from the orig
inal Boolean search string. This resulted in a total of n = 1150 references for further proces
sing (See Figure 1).

Title/abstract screening

Search results were uploaded to the online tool Covidence, which is used to per
form literature reviews (covidence.org, 2025). The material was manually screened 
by the first author on the title/abstract level using Covidence and assessed for eli
gibility for inclusion, based on the set of pre-defined criteria outlined in Table 1. 
If it was unclear from the title and abstract whether the material addressed all 

Table 2. Boolean search string for database search.
BLOCK 1: 
Social media platforms (OR 
between search terms)

AND  BLOCK 2: 
Hate speech (OR between 

search terms)

AND  BLOCK 3: 
Sexual and gender minorities 

(OR between search terms)

Twitter, X, “Twitter/X”, “X/Twitter”, 
“Twitter (X)”, “X (Twitter)”, Twitter- 
X, X-Twitter, Facebook, Instagram, 
Youtube, Snapchat, TikTok, Twitch, 
Discord, WhatsApp, Signal, 
Threema, Telegram, Gab, Bitchute, 
Parler, “Truth Social”, 4Chan, 8kun, 
DLink, Rumble, Gettr, Linkedin, 
Tumblr, Pinterest, 9gag, “across 
platform*”, cross-platform*, “social 
platform”, “social media”, “online 
social media”, “online social 
network*”, “online discussion”, 
“social network*”, “digital social 
network*”, “social web”, “social 
network* site*”, “dark social”, 
“alternative social”, “fringe 
communit*”, “technological 
affordance*”, multimodal, 
“platform feature*”

“hate speech”, cyberhate, 
“harmful speech”, “violent 
speech”, “extreme speech”, 
“toxic speech”, incivil*, uncivil*

LGBT*, lesbian, gay, homosexual, 
bisexual, transgender, queer, 
asexual, intersex, nonbinary, non- 
binary, homophobi*, gender*, 
“sexual minorit*”, “gender 
minorit*”, lesbophobi*, 
gayphobi*, biphobi*, transphobi*, 
queerphobi*
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three search blocks from the search strategy, a precautionary principle was 
applied, meaning the material was included for full-text screening to finish the 
assessment. Decisions were validated by the second author. A total of n = 1766 
references were screened on the title/abstract level, of which n = 361 were 
included for further processing.

Full-text screening

Inclusions from the title/abstract screening were sought for retrieval in full text. Full 
texts could not be retrieved for n = 26 references, which left n = 335 full texts for 
screening. The inclusion criteria still applied; however, in the full text screening, it 
was reassured that the material addressed all three search blocks (in case of doubt, 
e.g., if the abstract was not fully informative). The first author performed the full- 
text screening manually. After exclusion of publications that did not meet the inclusion 
criteria a total of n = 145 studies were included in the full text database for further 
analysis (See Figure 1).

Analytical approach

The analysis comprised a mixed-methods approach. A combination of manual and com
putational methods allowed for detailed categorization and broader topical insights. 
First, each text was manually coded to extract key descriptive information, such as 
studied language(s), and examined social media platforms, content modalities, and affor
dances. For affordance coding, papers were keyword-searched for mentions of relevant 
terms: ‘affordance’, ‘anonymity’, ‘visibility’, ‘collectivity’ and ‘interactivity’. If mentioned, 
it was manually assessed if the affordance was referred to as an action possibility occur
ring due to platform design/features (aligned with the definition of affordances presented 
in Conceptual background). This manual coding enabled a structured overview of the 
scope and characteristics of included studies, necessary for answering RQs 1–3. Then 
we trained a BERTopic model (Grootendorst, 2022) to identify key topics discussed 
across the literature, answering RQ4.

Corpus preprocessing and topic modeling with BERTopic

All n = 145 research publications were converted into text files (.txt) for topic modeling 
analyses with BERTopic (Grootendorst, 2022). Each text file included all text from the 
publication, excluding author keywords and reference lists, to avoid bias in training 
the topic model. Text preprocessing included lowercasing, lemmatization, tokenization, 
removal of non-alphabetic tokens, years, punctuation, and standard as well as custom 
stop words. Removal of custom stop words and phrases included standalone mention 
of et, al., and al (pertains to academic referencing), as well as hate, hate speech and hs, 
as these were search criteria and thus non-informative for the topic modeling. Next, 
we trained a BERTopic model to identify topics in our corpus. BERTopic leverages trans
formers and class-based TF-IDF to create dense clusters, thereby providing readily inter
pretable topics (Grootendorst, 2022). Each text file’s semantic embedding was created 
using the sentence transformer model all-MiniLM-L6-v2. Dimensionality reduction 
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was applied to embeddings with UMAP and clustered with HDBSCAN, applying a 
minimum cluster size of 3. The latter meant that a cluster needed a minimum of 3 
research publications to form a topic. This relatively small cluster size was decided 
upon because texts were long (research publications), and manual inspection of initial 
results confirmed that it produced a fair number of topics while keeping the outlier clus
ter at a tolerable size. For each topic, 10 keyword representations were extracted, and 
topics were then manually labeled by the first author upon inspection of the 
representations.

Results

Descriptive analyses

Figure 2 provides an overview of the descriptive characteristics of the analyzed publi
cations. The first paper in our database was published in 2016. Since then, there has 
been an overall yearly increase in the number of publications within the subject and 
steep increases from 2021 to 2022, and from 2023 to 2024, respectively. The literature 
search was conducted mid-year, which explains the apparent 2025 decline as publi
cations from the second half of the year are not included. English was the most 
researched language (54% of publications; n = 79), followed by Spanish (26%; n = 37) 
and Tamil (24%; n = 35). Percentages reflect non-mutually exclusive inclusion of 
languages, meaning that one paper could have investigated hate speech in multiple 
languages. Most publications (74%; n = 108) used automated methods for the detec
tion/classification of hate speech in data from social media platforms. Publications 
focusing solely on sexual and gender minorities as hate targets constituted 63% (n =  
91) of our database, while 37% (n = 54) covered multiclass targets, meaning that 
besides sexual and gender minorities, other hate targets were also covered, e.g., hate 
targeted at race, ethnicity, religion, etc.

Main analyses

Figure 3 provides an overview of the platform characteristics identified in the analyzed 
publications. Percentages reflect non-mutually exclusive inclusion for platform coverage, 
content modalities and affordance coverage, meaning that one paper could, for instance, 
have investigated data from multiple platforms.

Social media platforms

RQ1 asked for the social media platforms studied so far. In our database, the microblog
ging service Twitter/X was the most researched platform, with 50% (n = 72) of publi
cations analyzing data from this platform, followed by YouTube with 37% (n = 53), 
Facebook with 13% (n = 19), and Instagram with 7% (n = 10). All other platforms were 
studied in less than 5% of publications. Notably, alternative social media platforms 
such as Gab or 4Chan, which have been described as particularly hateful contexts 
(e.g., Rieger et al., 2021; Zannettou et al., 2018), are understudied compared to the larger 
mainstream platforms.
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Content modalities

RQ2 asked which content modalities were investigated. Textual content, typically includ
ing comments, was analyzed by 96% (n = 139) of publications, whereas visual content 
was investigated in 8% (n = 11) of publications and audiovisual content in 2% (n = 3) 
of publications.

Visual content included text-embedded images such as memes (G. Kumar et al., 2021; 
R. Kumar et al., 2024; Mkhize et al., 2020; Oehmer-Pedrazzi & Pedrazzi, 2024; Shah et al., 

Figure 2. Descriptive characteristics of publications (n=145).
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2024; Venegas Carrasco et al., 2024; Yang et al., 2022), emojis and GIFs (Oliveira et al., 
2024; Venegas Carrasco et al., 2024), cartoons (Oehmer-Pedrazzi & Pedrazzi, 2024) and 
images (Brody et al., 2024; G. Kumar et al., 2021; Mkhize et al., 2020; Nguyen et al., 2025; 
Oehmer-Pedrazzi & Pedrazzi, 2024; Oliveira et al., 2024; Sívori & Zilli, 2022).

Audiovisual content included videos (W. Evans, 2024; Wang et al., 2024), and audio 
extracted from videos (R. Kumar et al., 2024).

Affordances

RQ3 tapped into platform design and the spreading of hate speech, focusing specifically 
on four affordances (anonymity, visibility, collectivity and interactivity) linked to online 

Figure 3. Platform characteristics in publications (n=145).
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radicalization in prior research (Schulze et al., 2024). Affordances were mentioned expli
citly in 1% (n = 2) of publications. Anonymity and visibility were mentioned as results of 
platform design and as elements essential to the spread of hate speech on platforms in 
18% (n = 26) respectively, 8% (n = 11) of publications. This finding indicates that publi
cations referring to anonymity or visibility did not necessarily label them as affordances. 
Notably, publications mentioning affordances, anonymity or visibility typically referred 
to the terms in the background or in the discussion but did not empirically examine the 
link between affordances and the spreading of hate speech. Exceptions include a few pub
lications (n = 2) measuring hate speech visibility through digital means, including likes 
and hashtags, respectively (Hickey et al., 2025; Santos Fernández, 2024). Engagement 
metrics (likes and reposts) of hate tweets were used as proxies of visibility on Twitter/ 
X, revealing a statistically significant rise in hate tweet visibility, as measured by weekly 
likes, before and after Elon Musk’s acquisition of Twitter (Hickey et al., 2025). Specific 
hashtags on Twitter were identified as amplification tools for the spreading of homopho
bic hate speech and the links between the top hashtags were analyzed in a co-occurrence 
network analysis (Santos Fernández, 2024). In the remainder of publications referring to 
visibility, the mentions were not supported by empirical analyses. They covered different 
aspects, for example, that sexual and gender minorities are easy targets of online hate 
speech, because they have a growing internal visibility on social media platforms 
(Arce-García & Menéndez-Menéndez, 2022; Hara et al., 2024; Klutse et al., 2023; Venegas 
Carrasco et al., 2024). Conversely, one Telegram study argued that gender minorities 
were difficult to study as hate targets in their data, possibly due to low internal visibility 
of this group in Telegram channels or because coded language was used to target them 
(Alvisi et al., 2025).

Anonymity was mentioned as a facilitator of the spread of hate speech because perpe
trators can stay anonymous when they create hateful content and avoid facing conse
quences, however these mentions were not backed by empirical analyses (examples: 
Chakravarthi et al., 2021; Rieger et al., 2021; Unlu et al., 2025). Collectivity and interac
tivity were not covered by any publications in the database. In general, our database 
revealed a lack of empirical data to demonstrate a causal relationship between affor
dances and the spreading of hate speech.

Topics discussed in research literature

RQ4 asked for the key topics addressed in research on social media platforms and hate 
speech directed at sexual and gender minorities. We discuss the results of the BERTopic 
model analysis in the following. In our corpus of n = 145 research publications, BERTo
pic identified 14 coherent topic clusters, and an outlier topic (−1) containing documents 
that did not align with a single topic. Table 3 provides an overview of the topics with pub
lication count and topic labels. The detailed output of the BERTopic analyses is provided 
in: https://osf.io/sma4f/

The larger part of topics centered around detection models and data analysis 
(topics 0, 1, 4, 5, 7, 8, 9, 11 and 12) and grouped together publications that trained 
and evaluated models for hate speech detection, specifically focusing on models for 
text classification, including BERT and RoBERTa and CLIP for visual data. Indicative 
of textual modality, a handful of topics referred to comments (topics 4, 12, 13), while 
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others referred to tweets (0, 5, 6, 10), of which the latter also indicated a focus on plat
form-specific analyses, heavily centered around Twitter/X. Other topics centered on 
language-specific data in Spanish (topic 5), Italian (topic 6), Tamil and English (topic 
9) and Portuguese (topic 10). Several topics focused on homophobia and/or transpho
bia (topics 1, 4, 7 and 8), indicating that studies paid attention to specific types of hate 
speech targeting sexual and gender minorities rather than treating it as an overall 
undifferentiated category. Ideology or politics appeared in a handful of topics (topics 
2, 3 and 13), which points to a broader contextual consideration of the hate speech con
text, specifically considering TERFs (Trans Exclusionary Radical Feminist) (topic 2) and 
right-wing ideology (topic 13). The outlier topic (topic −1) included around 20% of the 
publications that did not fit into specific topics. Even so, the representations for the out
lier topic indicated a focus on detection models and data analysis of comments and 
tweets in accordance with findings from the larger part of topics identified in the 
remaining publications in our full text database. Rather than constituting noise, this 
cluster reflected publications that discussed detection and data analysis with greater var
iety compared to the studies that were assigned specific topics. Overall, the topic mod
eling revealed that publications investigating social media platforms and hate speech 
targeted at sexual and gender minorities are heavily focused on detection models and 
data analysis for hate speech classification, often driven by specific datasets (e.g., for 
Tamil or Spanish language).

Table 3. Overview of key topics identified by BERTopic.
Topic Count Topic label Topic representations

−1 30 Datasets and language modeling on 
comments and tweets

dataset, model, data, comment, language, social, tweet, 
word, media, task

0 19 BERT models for detection in tweets model, toxic, dataset, data, detection, target, tweet, base, 
performance, bert

1 15 Language models for homophobia and 
transphobia

language, model, tamil, english, homophobia, transphobia, 
dataset, task, comment, data

2 14 Transgender rights and TERFs people, trans, transgender, social, gender, woman, group, 
user, terf, law

3 10 Minority groups in political posts post, muslim, group, political, party, topic, study, 
community, account, platform

4 8 Sentiment analysis of homophobic 
comments

model, sentiment, dataset, task, homophobic, language, 
comment, mix, analysis, english

5 8 Task-based detection with transformers 
for Spanish tweets

task, model, label, tweet, result, spanish, transformer, fine, 
subtask, detection

6 7 Italian online communities on Twitter 
and Telegram

italian, tweet, chat, term, community, word, telegram, gay, 
refer, stereotype

7 6 Transphobia analysis with language 
models

language, model, condition, data, task, tulu, transphobia, 
subword, macro, script

8 6 Homophobic language detection with 
BERT and RoBERTa

model, homophobic, bert, dataset, offensive, language, 
roberta, english, data, content

9 5 Models for data in Tamil and English 
language

tamil, model, english, dataset, layer, comment, indicbert, 
language, score, word

10 5 Twitter analysis of minority group targets 
in Portuguese

portuguese, group, target, aggressive, comment, social, 
tweet, annotator, roma, analysis

11 5 Multimodal image, text, meme analysis 
via CLIP

image, multimodal, model, text, meme, clip, dataset, 
sentiment, accuracy, task

12 4 Detection of aggressive comments with 
annotated data

dataset, aggression, comment, language, annotation, cue, 
model, tag, different, meitei

13 3 Right-wing channel topics and 
comments

channel, right, comment, topic, wing, video, word, court, 
amendment, caption
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Discussion

The current social media environment provides opportunity structures for the spreading 
of hate speech against sexual and gender minorities. We do, however, lack a systematic 
understanding of the interplay between platform characteristics and the spreading of hate 
speech towards sexual and gender diversity. In this work, we conducted a scoping review 
focusing on n = 145 empirical studies to contribute to closing this gap in the literature. 
We presented a comprehensive overview of the relationship between social media plat
forms with their unique characteristics, such as modalities, affordances, and the spread
ing of hate speech towards sexual and gender minorities, as well as uncovered topics 
addressed by this body of literature. In the following, we discuss our findings, outline 
opportunities for future research, and discuss methodological limitations of our research 
design.

In answering RQ1, we established that mainstream platforms, and particularly Twit
ter/X, was by far the most researched platform among publications in our database. Sán
chez-Sánchez et al. reported a similar finding in their bibliometric analyses of 
homophobia and transphobia on social media (2024). It is noteworthy in the interpret
ation of results that several datasets were reused across publications, which may skew the 
overall impressions of platform coverage. This is, for instance, the case for papers who 
analyzed the same publicly available dataset or for conference papers where participants 
analyzed the same dataset for a task and afterwards published individual papers of their 
analyses. Additionally, the fact that most empirical investigations rely on Twitter data 
may also be attributed to the platform’s historical data availability. Twitter was long con
sidered a ‘researcher-friendly’ platform due to its free and open API (Murtfeldt et al., 
2024), which facilitated academic studies. However, following Elon Musk’s acquisition 
of the platform (now called X), free API access was discontinued in 2023 (Murtfeldt et 
al., 2024). In the years ahead, it remains to be observed whether researchers shift their 
focus to alternative platforms that offer more accessible data for academic analyses. 
Besides larger mainstream platforms, including Twitter/X, YouTube, Facebook and 
Instagram, future studies could investigate hate speech targeting sexual and gender min
orities on alternative platforms, which were largely understudied in our database to cap
ture a more comprehensive picture of hate speech across diverse social media 
environments.

In answering RQ2, we found that textual content was the most researched content 
modality, leaving visual and audiovisual content comparatively under-researched. Ana
lyzing visual or audiovisual content is more complex than analyzing solely textual con
tent, because multiple elements (text, image and audio) require interpretation as 
individual elements and in combination with each other to account for multimodality 
(Hee et al., 2024). The complex nature of multimodal content makes it less suitable 
for automated methods and analysis, which aids in explaining why the current hate 
speech literature is predominantly centered on textual content, which requires fewer 
resources in data collection and analysis (Hee et al., 2024). In our findings, it is notable 
that n = 53 studies analyzed data from YouTube (video sharing platform), however only 
n = 2 studies analyzed audiovisual content (R. Kumar et al., 2024; Wang et al., 2024), 
while the remaining studies ignored the audiovisual content and focused solely on writ
ten comments to videos. However, since hate speech is not a text-only problem and 
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video-based platforms such as TikTok and YouTube are highly popular (Kemp, 2025), it 
is necessary to move beyond a textual focus and account for visual and audiovisual con
tent to understand hate speech dynamics in current social media environments.

In answering RQ3, we established that the concept of affordances was rarely men
tioned in publications in our database. The publications that did, focused on anonymity 
and visibility without necessarily labeling them as platform affordances or providing 
empirical analyses to demonstrate the relationship between affordances and the spread
ing of hate speech. Apart from anonymity and visibility, other affordances, including col
lectivity (the building and maintaining of online communities (Schulze et al., 2024)), 
have been linked to hate speech dynamics, however, without receiving attention by pub
lications in our database. For instance, in a study of anti-Islam Facebook groups, the 
group atmosphere and specifically the way group members used humor in their discus
sions legitimized spread of hateful sentiment (Fangen, 2020). The low uptake of the affor
dance concept in our database may also be ascribed to the criticism the concept has 
received due to the ambiguity of the term and its inconsistent use in research, which 
has made it difficult for scholars to translate the concept into usable methodology (Ronz
hyn et al., 2023). Even so, the concept offers a useful framework to study platform design 
in relation to hate speech dynamics, thus leaving potential for future studies to investigate 
platform affordances in greater depth, and particularly with empirical data. Alternative 
analytical lenses to the concept could add valuable nuances. Even though not covered 
by any publications in our database, the concept of gendered affordances, introduced 
by Schwartz and Neff (2019) and later expanded in other works (e.g., Díaz-Fernández 
& García-Mingo, 2024; Kettrey et al., 2024; Semenzin & Bainotti, 2020), may be relevant 
since sexual and gender minority identities inherently challenge heteronormative ideals 
and can become targets of hate speech for doing so. Research on non-consensual disse
mination of intimate images on Telegram shows how affordances such as anonymity and 
community formation facilitated the spread of harmful content and performances of 
toxic masculinity (Semenzin & Bainotti, 2020). This exemplifies how a gendered lens 
can provide insights into how affordances contribute to the spread of harmful content 
and the reproduction of gendered inequalities, providing a meaningful starting point 
for future research.

In answering RQ4, we found that key topics discussed in the research literature in our 
database primarily focused on the creation of datasets and hate speech detection. How
ever, the mere detection of hate speech does not necessarily solve its spread on platforms, 
as it is heavily dependent on subsequent moderation, which leaves room for reflection on 
the direction for future research. Future research could, besides detection, expand its 
focus to how platform design influences hate speech dynamics to provide insights into 
how we can create more tolerant digital environments. Important dimensions, therefore, 
remain unexplored with regard to how platform dynamics contribute to the spread of 
hate speech on social media platforms.

Findings from the descriptive analyses illustrated several further starting points for 
future research. For example, only n = 4 publications considered multiple or intersec
tional discrimination (Fortuna et al., 2019; Hara et al., 2024; Izzaddien et al., 2024; Sach
deva et al., 2022). Belonging to multiple vulnerable social groups can increase exposure to 
hate speech (Obermaier & Schmuck, 2022), which may result in cumulative effects and 
future research could explore this intersectionality and added burden on victims in 
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greater detail. Future studies could furthermore investigate hate speech in low-resource 
languages as publications in our database primarily focused on English, Spanish or 
Tamil.

Limitations

Our study had several methodological limitations which must be acknowledged. First, we 
focused solely on publications written in the English language, which may have excluded 
relevant publications written in other languages. Second, we acknowledge that the 
screening process may involve subjective interpretation, leading to inconsistent 
inclusion/exclusion, as it was conducted by the first author. Decisions of the title/abstract 
screening were, however, validated by the second author to ensure consistency in 
the application of selection criteria. Similarly, the labeling of topics was conducted manu
ally by the first author, which may also involve subjective interpretation. Third, we 
acknowledge that the manual coding of descriptive data, necessary to answer RQs 1–3, 
is an approach inherently dependent on researcher judgment, which may have intro
duced bias. Nevertheless, the manual coding provided detailed data which was unlikely 
to be captured by automated methods alone. Lastly, we did not provide an overview of 
the theoretical and methodological underpinnings of the analyzed publications. Future 
research that systematizes and integrates the scattered theoretical lenses would thus be 
a valuable conceptual contribution to the field.

Conclusion

The current study used a scoping review to answer what is known about the relationship 
between social media platforms and the spreading of hate speech towards sexual and gen
der minorities. The review focused on empirical evidence and identified n = 145 scholarly 
publications which were used as the basis for the analysis. Our findings call for future 
studies to investigate alternative platforms, visual and audiovisual content, more in- 
depth research on platform affordances and the application of a research focus beyond 
the development of detection models to understand how platform dynamics contribute 
to the spreading of hate speech targeting sexual and gender minorities.

Note

1. The final pre-registration includes refinements to the formulation of research questions to 
improve methodological coherence.
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