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Can we detect participants’ expertise in a manual
assembly / disassembly scenario based on their gaze
behaviour?

An approach to weigh training data for roboftic

applications
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Work in progress - further analysis to be done, still open
guestions

 |dentify and contextualize hidden states

* What patterns differentiate novices from experts?

* What strategies can be derived from prevalent patterns?
» Test impact of derived expertise on training data

* One for high experience / training, one for low performance

experience / no training  Generalizability in other scenarios / other tasks
» 80/20 train/test split, 5 iterations
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